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ABSTRACT 

Essays on Chinese Corporate Issuers and Financial Markets 

Zigan Wang 

 

The first two chapters of my dissertation study the US-listed reverse merger firms. In the 

past decade, a growing number of foreign firms were listed in the United States through 

reverse merger, a non-IPO listing technique that requires less information disclosure. Using 

a hand-collected data set of US-listed Chinese firms, this paper answers three questions. 

First, are the foreign firms still of quality as the bonding theory suggests? No, I find 

widespread delistings in these firms and lawsuits related to their misconduct.  

Second, why do the bad firms list? I find that the firms’ directors profit from fast 

stock sales after listing. Moreover, these firms tend to be US-incorporated reverse mergers 

that are headquartered in small cities, are audited by small firms, and that change their 

auditors frequently. Third, how did they learn this technique? Using a social network 

analysis, I find that the firms are assisted by professionals to help them circumvent the US 

regulations. Further, I find that the social network of the linked directors facilitates the 

spread of their misconduct. During the wrongdoers’ listings, the investors in these firms 

lost at least $811 million. However, the penalties imposed on the wrongdoers only 

accounted for 4.19% of this loss. 

In the third chapter, I apply a rule-based textual analysis in the Chinese market to 

study how the textual information in the news and analyst reports affect the stock return. 

According to the literature, the market does not underreact to the public news, but the 

textual information in the analyst reports is not incorporated into the market price 



immediately in the US, where the analyst reports are not freely public. It remains unknown 

whether the analyst reports’ text information affects stock return instantly when it becomes 

freely public. Using a unique Chinese dataset of free and public analyst reports and 

applying the rule-based textual parsing technique, this chapter investigates the relationship 

between the abnormal stock return and the corresponding financial news and analyst 

reports.  

I find strong evidence that the textual information in the news affects the adjusted 

overnight return quickly after the news release and there is no effect after. It takes longer 

for the textual information in the analyst reports to affect the abnormal return; the reports 

do have significant predictability on a four-week horizon, but not immediately after the 

report release. The simulation shows that utilizing the market underreaction is a profitable 

trading strategy. I therefore reject the hypothesis that the underreaction to the analyst 

reports is because they are not public. 
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1. Introduction 

The dominant view in the financial world is that US regulations provide the strictest 

listing requirements and investor protections in the world (La Porta, Lopez-de-Silanes, 

Shleifer, and Vishny, 1997, 2000; Djankov, La Porta, Lopez-de-Silanes, and Shleifer, 

2008). Foreign firms list in the United States to “bond” themselves to a better regulatory 

framework that protects investors, which will enhance investors’ confidence (Stulz, 1999; 

Coffee, 2002; Benos and Weisbach, 2004). They also come to the United States to 

circumvent the weak regulations, poor accounting systems, unreasonable tax structures, 

and the other inferior factors in their domestic markets that discourage potential investors 

(Black, 1974; Errunza and Losq, 1985; Alexander, Eun and Janakiramanan, 1987; Stulz, 

1999; Pagano, Roell and Zechner, 2002). The belief is that US-listed foreign firms have 

better growth opportunities because the controlling shareholders’ ability gto expropriate 

the firms’ assets is limited (Merton, 1987; Doidge, Karolyi and Stulz, 2004). They are also 

expected to deliver a better quality signal by meeting higher requirements for information 

disclosure (Cantale, 1996; Fuerst, 1998; Moel, 1999; Lang, Lins and Miller, 2003).  

Do the US regulations really discourage listing attempts by weak firms? If not, how 

do weak issuers find out about and spread the word on how to bypass the rigorous listing 

process? These are the questions that I study in this and the next chapters. Specifically, I 

focus on a recently growing subset of foreign listings - reverse mergers. Also called reverse 

takeovers or backdoor listings, these foreign firms seek to be acquired by US-listed shell 

companies and to be listed on US exchanges in less time, at less expenditure, and with less 

information disclosure. Although there are some precedents, there were very few reverse 

mergers before 2000 but they became more popular afterwards.  



3 of 153 

 

In the last decade, cross-border listings have increased (Darrough, Huang and Zhao, 

2012). As of 2013, among the 6,000 firms listed on the NYSE1 and NASDAQ, nearly 1,000 

were foreign. China2 and Canada are the two equally largest and dominant sources of non-

US firms on US exchanges, much more so than Israel, the third largest. Over 200 of the 

foreign firms are Chinese and of these, half are reverse mergers. I use a comprehensive 

sample of Chinese firms in this study to facilitate an understanding of the director s’ 

identities and backgrounds in relation to the choice of reverse mergers.  

Why do these Chinese firms choose a reverse merger over an initial public offering 

(IPO)? Essentially, the reverse merger transaction is a merger between a publicly listed 

firm and a private unlisted firm. Therefore, there are different potential reasons for the 

transactions to occur. To answer this question, I test three hypotheses and find a new 

motivation for cross-border listings. The first is hypothesis the valuable assets hypothesis. 

Under this hypothesis, the US firms actively buy valuable foreign assets and use the assets 

as collateral to finance the merger. The prediction is that the foreign firms have good 

performance before the merger, and the US firms have good performance after merger. To 

justify this hypothesis, I need to test whether the reverse mergers maintain a good listing 

status and whether their earnings performance improves.  

The second is the thrift hypothesis. Under this hypothesis, sophisticated foreign 

firms have US legal and accounting experience. They utilize reverse mergers to circumvent 

domestic and the US regulations so that they can save the money and the time it takes to 

obtain a listing in order to enhance their value and their shareholders’ interests. If this is 

                                           
1 Including Amex, or NYSE MKT. 

2 Including over 40 state-controlled enterprises. 
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true, foreign firms should have good and improving performance after the listing. The 

projected test results are as follows: 1) a reverse merger has a US legal or accounting 

professional on its board; 2) domestic regulations for an overseas IPO are costly; 3) the 

cost of a US IPO is significantly higher than the reverse merger; 4) the reverse merger 

maintains a good listing status; and 5) the reverse merger’s earnings performance improves.  

The third is the fraud hypothesis. Under this hypothesis, poor quality foreign firms 

hide their low quality by listing via reverse mergers and thereby disclosing less information. 

The executives and directors list the unqualified firms to profit from a faster stock sale after 

the US listing. If this is true, I should be able to find 1) lawsuits against reverse mergers 

and evidence of fraudulent behaviors, 2) a high percentage of reverse mergers being 

confirmed as committing fraud, and 3) faster insider stock sales than in IPOs.  

My results show that the US regulations do not discourage the wrongdoers. The 

public regulators have been inefficient in uncovering misconduct before the listing, which 

is consistent with La Porta, Lopez-de-Silanes, and Shleifer (2006) and Djankov, La Porta, 

Lopez-de-Silanes, and Shleifer (2008). This inefficiency could be because the US 

regulators are understaffed3. The private enforcement of laws is also inefficient, which is 

consistent with the literature (Grundfest, 1994a, 1994b; Cox, Thomas, and Kiku, 2003; 

Romano, 2005).  

                                           
3 For example, the SEC has approximately 3,500 employees with the responsibility of overseeing over 

6,000 companies that are list on the NYSE and NASDAQ at the end of 2012. The Dodd-Frank law to 

reform Wall Street adds to the SEC’s responsibilities by requiring it to oversee an additional 30,000 

institutions. In comparison, the NYPD employs approximately 35,000 officers. The listed investment banks 

that are directly overseen by the SEC also have more employees. As of 2010, Goldman Sachs employs 

35,700, Morgan Stanley 62,542, JP Morgan 250,000, Citigroup 260,000, and Bank of America 288,000, 

according to their financial statements. 
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This study contributes to the literature of economics, finance, accounting and law 

in several ways. First, I discover a new motivation for cross-border listings: selling 

worthless stocks. These foreign firms use reverse mergers to list in the United States to 

hide their low quality, which is in contrast to the literature. Second, this chapter provides a 

new perspective on the debate on the effectiveness of US regulations. There is little 

research on this topic that uses such a comprehensive collection of misconduct cases that 

involve cross-border listings. Siegel (2005) records misconduct cases before 2002, but with 

much fewer observations. In addition, my research only focuses on firms from China; and 

the cases are more recent - all of them were exposed after 2006.  

The rest of this chapter is organized as follows. Section 2 reviews literature. Section 

3 introduces reverse mergers. Section 4 gives a thorough description of the data. Section 5 

briefs the history of Chinese government’s regulations on Chinese firms’ overseas listings. 

Section 6 details a case of a revealed wrongful firm. Section 7 present the main findings. 

Section 8 concludes.  

2. Literature Review 

This research is related to five branches of literature. These branches are regulations, 

reverse mergers, business misconducts, corporate governance, and delistings.  

The first branch is regulation and investor protection. La Porta, Lopez-de-Silanes, 

and Shleifer (2006) and Djankov, La Porta, Lopez-de-Silanes, and Shleifer (2008) 

highlight the significance of evaluating the relative importance of private enforcement 

versus public enforcement of the securities obligations that protect investors. Jackson and 

Roe (2009) do a comparison of the two enforcements’ defects.  Public regulators are 

considered to have weak incentives to do their jobs well and often suffer from poor 
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information on both the general market and specific firm conditions. But a private 

enforcement system is subject to collective action and free-rider effects among the 

dispersed investors and often does not penalize the relevant actors, distorts incentives, and 

is inefficacious. Jackson and Roe (2009) conclude that public enforcement is no less 

valuable than disclosure-based private enforcement 4, while La Porta et al. (2006) and 

Djankov et al. (2008) conclude that public enforcement is of limited value. Siegel (2005) 

finds that US-listed Mexican American Depositary Receipt (ADR) firms are not effectively 

regulated by the SEC and that Mexican firm insiders are not punished for their 

expropriation of corporate resources even after listing in the United States.  

Private securities lawsuits in the United States are criticized for often providing 

meager returns to wronged plaintiffs, failing to visit their costs on the accused inside the 

public firms, and transferring losses from one innocent group of shareholders to another 

innocent group, with large fees obtained by the lawyers for both sides (Grundfest, 1994a, 

1994b; Cox, Thomas, and Kiku, 2003; Romano, 2005; Coffee, 2006a, 2006b). This 

criticism arises because the dispersed ownership creates collective action problems that 

dilute the shareholders’ capacity to litigate effectively in order to control insider 

misbehavior (Berle and Means, 1932; Jensen and Meckling, 1976a, 1976b; Jensen, 1989).  

The second branch is the US-listed foreign reverse mergers. Chen, Lin and Lin 

(2012) and Givoly, Hayn and Lourie (2012) find that the quality of financial reporting in 

the US-listed Chinese reverse mergers is worse than that of American reverse mergers. He, 

Wong, and Young (2012) find that the corporate governance of the US-listed Chinese IPO 

firms is better than that of Chinese reverse mergers. However, Lee, Li and Zhang (2012) 

                                           
4 Jackson and Roe (2009) also emphasize that the results do not say that public enforcement is more 

important than private enforcement. 
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find no evidence showing that Chinese reverse mergers are riskier than American reverse 

mergers. Therefore, they argue that the “China” factor is not necessarily a negative 

indicator. Lee et al.’s (2012) data are up to year 2011, but more Chinese firms were 

discovered to be fraudulent and delisted in 2012. Moreover, the authors’ accounting data 

of the Chinese reverse mergers such as ROA may be severely overstated because many 

delisted Chinese reverse mergers fabricated their financial numbers to make their 

performance look better.  

The third branch relates to business misconduct. Researchers have analyzed the 

scandal of stock option backdating by corporate executives (Heron and Lie, 2007; Carow, 

Heron, Lie and Neal, 2009; Bernile and Jarrell, 2009). The backdating of stock options 

refers to the practice of altering the option grant date to a date in the past when the stock 

price was particularly low. Because stock options typically have an exercise price that is 

set to the market price of the stock on the grant date, backdating allows executives to 

receive in-the-money options, thereby enhancing the value of their option grants. In 2007, 

over 200 companies came under federal investigation by the SEC and the Justice 

Department, or were subject to inquiries from their own boards over possible backdating 

practices (Collins, Gong and Li, 2009).  

The fourth branch is whether a US-listing improves corporate governance. The 

bonding theory argues that a foreign firm chooses to list in the United States to “bond” 

itself to a better regulatory framework that protects investors, which will enhance the 

investors’ confidence and willingness to invest in the firm’s shares (Stulz, 1999; Coffee, 

2002; Benos and Weisbach, 2004). Compared to the firm’s domestic regulatory 

environment, the US legal structure reduces the diversion of corporate resources for private 
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gain and enhances the effectiveness of foreign firms’ corporate governance. By bonding a 

firm to an advanced corporate structure, a US listing prevents the firm’s insiders from 

expropriating corporate resources and harming outsider investors, which creates an 

enduring increase in a firm’s valuation.  

An inference of the bonding theory is that this effect should be particularly large 

for firms from countries with weak shareholder protection laws, like China. Reese and 

Weisbach (2002) find that firms from countries with poor legal protection are more likely 

to list in the United States. They also find that the firms cross-listed in the United States 

significantly increase their equity offerings, and firms from countries with poor legal 

protection increase more significantly. Doidge (2004) finds that cross-listed firms have a 

lower voting premium, which is consistent with the bonding hypothesis. Moreover, they 

find that the firms from countries with poor investor protection have higher growth and 

cross-listing premiums after listing in the United States.  

The segmentation theory argues that non-US firms list in the United States to 

circumvent the weak regulations, poor accounting systems, unreasonable tax structures, 

and the other inferior factors in their domestic markets that discourage investors from 

investing in their shares (Black, 1974; Errunza and Losq, 1985; Alexander, Eun and 

Janakiramanan, 1987; Stulz, 1999; Pagano, Roell and Zechner, 2002). The segmentation 

theory predicts a lower cost of capital that facilitates corporate expansion after a US listing 

compared to their counterparts in the domestic market. Unlike the bonding theory, the 

segmentation theory alone does not predict that a US listing will produce an enduring 

increase in the firm’s value.  
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Some studies find that firms listed overseas have better growth opportunities as the 

controlling shareholders’ expropriation of the firms’ assets is limited (Merton, 1987; 

Doidge, Karolyi and Stulz, 2004). Moreover, they deliver a  better quality signal by 

meeting higher information disclosure requirements (Cantale, 1996; Fuerst, 1998; Moel, 

1999; Lang, Lins and Miller, 2003), have an expanded and more diversified shareholder 

base (Foerster and Karolyi, 1999), and they have more analyst coverage and forecast 

accuracy (Nofsinger and Weaver, 2002; Lang, Lins and Miller, 2003, 2004).  

The research that challenges this view includes Licht (2001a, 2001b, 2003) and 

Pinegar and Ravichandran (2003) who argue that a US listing does not bond firms to 

improved corporate governance effectively. Chaplinsky and Ramchand (2008) find that 

US-listed foreign firms have a higher probability of failure; Fama and French (2004) argue 

that the higher probability of failure is because more poorly managed firms cross-list due 

to the reduced cost of a US listing.  

The fifth branch relates to the delistings of US-listed foreign firms. Fama and 

French (2004) and Chaplinsky and Ramchand (2008) find an increase in the delisting of 

US-listed firms over time. Fama and French (2004) suggest that this is due to a decline in 

the cost of equity as a greater number of less profitable foreign firms are able to access US 

markets. China and Canada are the two largest sources of US-listed foreign firms. Witmer 

(2008) finds that for most countries, less than 10% of their firms get delisted from a US 

exchange but over 25% of the US-listed Canadian firms get involuntarily delisted. This 

effect is more pronounced in NASDAQ-listed firms, where more than 40% of the Canadian 

firms get delisted, compared to about 15% of the other foreign firms. The percentage of 

Canadian delistings is very similar to that of the Chinese firms listed in the United States.  
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3. Reverse Merger 

There are four different ways in general that a foreign firm can access US equity 

markets (Pulatkonak and Sofianos, 1999). First, firms that do not want to raise capital in 

the United States and that do not want to register with the SEC may only be traded in an 

informal “non-public” OTC market like the Pink Sheets; unregistered foreign stocks traded 

as ADRs rather than ordinary shares in this situation are called Level 1 ADRs to denote 

their unregistered status. Second, firms that do not want to raise capital in the United States 

but want to register with the SEC may list their existing stocks (usually in ADR form) on 

any US exchange, including the NYSE and NASDAQ, merely for quotation purposes, 

which is called a Level 2 listing. Third, firms that want to raise capital in the United States 

without registering with the SEC can use Rule 144A, which is a semi-private offering, to 

achieve their purposes. Fourth, firms that seek both to raise capital and register with the 

SEC can list on any exchange, including the NYSE and NASDAQ, which is called a Level 

3 offering. An IPO falls under this situation.  

There is another channel for listing: a reverse merger, which is also called a reverse 

takeover or a backdoor listing. A reverse merger can be done in a number of ways, but the 

key is to make a private firm effectively merge with a publicly traded company, which is 

called a shell company. If a shell company has no operations but only cash reserves, it is 

called a Special Purpose Acquisition Company (SPAC). The SPAC is a blank check 

company5 with cash that acts like a private equity fund. For example, Chardan South China 

                                           
5 According to the provisions of Rule 419, a blank check company is “a development stage company that 

has no specific business plan or purpose or has indicated its business plan is to engage in a merger or 

acquisition with an unidentified company or companies, other entity, or person; and is issuing ‘penny 

stock’, as defined in Rule 3a51-1 under the Securities Exchange Act of 1934”. 
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Acquisition Corporation was the SPAC for purchasing A-Power Energy Generation 

Systems Ltd (APWR). The APWR had been listed on NASDAQ since 2007 but was 

involuntarily delisted in 2012. With the assistance of sponsors, lawyers, and auditors, the 

private firm finds a suitable shell company to merge with. After purchasing enough shares 

of the listed company to gain control or by obtaining an agreement with the shell 

company’s management, the private firm exchanges its shares for the shares of the public 

company.  

Through a reverse merger, the private firm bears much lower financial costs than 

arranging an IPO. In addition, the reverse merger saves the long waiting time for 

investigation at the price of giving up the right to raise new capital in the primary market 

at the time of listing. But this does not prevent the owners from selling stocks in the 

secondary market after the lock-up period.  

Different exchanges have different listing requirements and fee structures6. If the 

private firm has difficulty finding a shell company on the NYSE or NASDAQ, then it can 

first trade on the OTC market with that market’s lower requirements. When the firm 

exceeds the lower requirements, it can then file an application to transfer to a major public 

exchange. For example, firms originally quoted on OTCBB or NASDAQ’s Capital Market 

can transfer to NASDAQ’s Global Market if the financial statements show that the firm is 

larger and more profitable.  

                                           
6 Some of the listing requirements of NASDAQ’s Global Select, Global, and Capital Markets can be found 

at https://listingcenter.nasdaqomx.com/assets/initialguide.pdf; some of the NYSE’s listing standards can be 

found at http://usequities.nyx.com/regulation/listed-companies-compliance/listings-standards. 
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4. Data 

The study involves a unique data set that comprises data from various sources. The 

primary data is related to the Chinese firms listed on the US exchanges, which are defined 

as follows: To qualify as a US-listed Chinese firm, the firm must have its main operations 

in mainland China. In addition, the firm’s board should have a predominant number of 

directors of Chinese descent, no matter what citizenship they may have. The Chinese 

descent is found by investigating the director’s name and biography. Due to the relative 

opaqueness of the Chinese business culture, this definition guarantees that the firms in my 

sample are fully a part of the Chinese market. The Chinese owners’ probability of being 

discovered as fraudulent is lower, so is the punishment if discovered. It is more costly for 

the US regulators and investors to do a field investigation against a firm with its main 

operations in China, and it is more difficult for the US authorities to punish a Chinese 

wrongdoer. 

4.1. US-listed Chinese Firms 

In contrast to the concurrent related research that uses databases such as DealFlow 

Media, my data are largely hand-collected. I produce the list of the US-listed Chinese firms 

by merging a number of sources, including the databases used in other research such as 

Lee et al. (2012). Then I read each firm’s SEC filings to investigate its business background 

and its board of directors. Because Chinese family names are recognizable, firms with 

operations in China but run by Westerners are excluded. The firms with their main 

operations in Taiwan, Hong Kong, or Macau are also excluded. For example, Melco Crown 

Entertainment Ltd., a casino gaming and entertainment resort company in Macau, is not 

included in the sample.  
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The state-owned enterprises in the sample are identified through the list provided 

by the Chinese State-owned Assets Supervision and Administration Commission. The 

information is also cross-checked with the SEC filings.   

4.2. Lawsuits and Misconduct Allegations 

To investigate the reasons for delisting, all of the delisted firms’ alleged 

misconducts are hand-collected from the lawsuit filings. To collect the lawsuit filings, I go 

through the filing database of the SEC, different courts7, Justia lawsuit database, Stanford 

Securities Class Action Clearinghouse database, and the Shareholders Foundation lawsuit 

database.  Data sources are summarized in Table 1.1. 

 

 

 

 

 

 

 

 

 

 

 

 

                                           
7 Including S.D. New York, W.D Washington, C.D. California, E. D. Pennsylvania, S.D. Florida, M.D. 

Tennessee, D. Delaware, D. Nevada, D. Massachusetts, D. Virgin Islands, D. New Jersey, D. District of 

Columbia, D. Wyoming, Delaware Court of Chancery, Circuit Courts Florida, Federal Court Louisiana, 

New York Supreme Court and California Supreme Court. 
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Table 1.1 Data Source 

Data Source 

Stock List SEC Edgar, Compustat, Bloomberg, CSRP, Nasdaq, NYSE 

Company Name SEC Edgar, Compustat, Bloomberg 

State-owned Enterprises  

SEC Edgar, Chinese State-owned Assets Supervision and Administration 

Commission 

  

Non-financial Data  

Reverse Merger  SEC Edgar, Interactive Brokers, DealFlow Media 

Listing Exchange  SEC Edgar, Bloomberg, Google Finance 

Incorporation Country SEC Edgar 

Headquarter  SEC Edgar 

Audit Firm SEC Edgar 

Delisting 

SEC Edgar, Compustat, Bloomberg, CRSP, Nasdaq, NYSE, Yahoo 

Finance, Google Finance 

Directors’ Ownership SEC Edgar 

Suspected/Accused Firms Google, Ang, Jiang and Wu (2012)  

Alleged Fraud/Delisting 

Reason 

S.D. New York, W.D Washington, C.D. California, E. D. Pennsylvania, 

S.D. Florida, M.D. Tennessee, D. Delaware, D. Nevada, D. Massachusetts, 

D. Virgin Islands, D. New Jersey, D. District of Columbia, D. Wyoming, 

Delaware Court of Chancery, Circuit Courts Florida, Federal Court 

Louisiana, New York Supreme Court, California Supreme Court, the SEC, 

Justia lawsuit database, Stanford Securities Class Action Clearinghouse 

database, Shareholders Foundation lawsuit database 

  

Financial Data  

Market capitalization Compustat, Bloomberg 

Industry Sector Bloomberg 

 

 

4.3. Data Description 

The original sample has 265 US-listed Chinese firms; 15 of them are state-owned 

enterprises. The state-owned enterprises are typically large and listed via IPO. None of the 

state-owned enterprises has been suspected of misconduct or been involuntarily delisted. 

The aggregate directors’ ownership in every state-owned enterprise is below 1%. Since the 

incentives of the state-owned enterprises and their directors are different from the private 

firms, they are excluded from the sample.  

 



15 of 153 

 

Table 1.2 Number of US-listed Chinese Firms in Sample by Year 

Year 

Total 

Number 

New 

Listed 

New 

IPO 

New 

Reverse 

Merger 

New 

Delisted 

Accum 

Delisted 

New 

Invol 

Delisted 

Accum 

Invol 

Delisted 

1998 1 1 1      

1999 1 1 1      

2000 5 5 5      

2001 1 1 1      

2002 0 0 0      

2003 5 5 1 4     

2004 14 14 6 8     

2005 20 20 8 12     

2006 26 26 8 18     

2007 53 53 28 26     

2008 72 20 4 17 1 1 1 1 

2009 96 24 10 15 0 1 0 1 

2010 141 46 39 7 1 2 1 2 

2011 122 12 11 1 31 33 26 28 

2012 89    33 66 19 47 

2013 88       1 67 1 48 

 

 

Observations with unavailable directors’ ownership data are excluded to facilitate 

the analysis in Chapter Two. That is, if a firm was listed in 2002 but the directors’ 

ownership was only available from 2005 on, the firm would be excluded. After this 

exclusion, the sample is left with 228 US-listed Chinese firms. Among those firms, 108 

were reverse mergers, 76 had been suspected of misconduct by media reports at least once, 

67 had been delisted from the exchanges by May 2013, and 48 of those were delisted 

involuntarily. Other delistings were voluntary privatization through mergers and 

acquisitions. There is one exception: Cleantech Innnovation was wrongly delisted by 

NASDAQ; it sued NASDAQ and won the case, but did not list again.  
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Figure 1.1 Chinese Firms: Listings and Delistings by Year 

 

 

The aggregate delisting percentage is 29%, and the involuntary delisting percentage 

is 21%. Among the 48 involuntary delistings, there are 41 reverse merger cases, or 85%. 

The 41 involuntarily delisted reverse mergers account for 38% of all of the reverse mergers. 

As Table 1.2 and Figure 1.1 shows, most delistings occurred in 2011 and 2012. The 

summary statistics are presented in Table 1.3.  

The average number of years after listing is not significantly different between 

reverse mergers and IPOs, between delistings and listings, and between involuntary 

delistings and others. In my sample, reverse mergers have an average (median) life of 3.9 

(4) years and IPOs 3.66 (3) years. Delisted firms have an average (median) life of 3.82 (4) 

years and the listed 3.75 (4) years. Involuntary delistings have an average (median) life of 

3.73 (3) years and others 3.78 (4) years.  
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Table 1.3 Summary Statistics of US-listed Chinese Firms 

Variable Obs Number Percentage Std. Dev. 

  

Skewness 

Reverse Merger 228 108 47.37% 0.500 0.105 

Delisted 228 67 29.39% 0.457 0.905 

Involuntarily Delisted 228 48 21.05% 0.409 1.420 

Number of Auditor Change 228 113 49.56% 0.724 1.376 

Audited by Big Four 228 119 52.19% 0.501 -0.088 

Audited by non-Big Four 228 125 54.82% 0.499 -0.194 

US Incorporation 228 102 44.74% 0.498 0.212 

Headquartered in Beijing or 

Shanghai 228 99 43.42% 0.497 0.265 

 

There are 56 audit firms that provide auditing services to the 228 Chinese firms. 

Besides the Big Four, some auditors are also popular. They include Crowe Horwath, Moore 

Stephens International, BDO International, Friedman, Frazer Frost, and Sherb & Company 

among others. There are 119 Chinese firms that are audited by one of the Big Four auditors 

at least once. There are 125 firms that receive auditing services from non-Big Four 

accounting firms at least once. Notice that the number of firms audited by all of the Big 

Four auditors (119) is smaller than the sum of the firms audited by each of the Big Four 

(21, 57, 31, 23). This is because some Chinese firms hired two Big Four auditors when 

they were listed. Similarly, the sum of the clients of the Big Four (119) and non-Big Four 

(125) is greater than the total number of Chinese firms (228). This is because some Chinese 

firms hired both Big Four and non-Big Four auditors.  

5. The History of Chinese Regulations on Overseas Listings 

In the history of overseas listings of Chinese firms, the Chinese regulations have 

evolved and have experienced changes. The regulations and their changes have been 

affected by a particular historical background. Besides the China Securities Regulatory 

Commission (CSRC), the regulators also included other government agencies such as the 
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National Development and Reform Commission (NDRC) and the State Administration of 

Foreign Exchange (SAFE). Since many private Chinese firms obtained their US listings 

through shell companies incorporated overseas, the Special Provisions8 released in 1994 

failed to apply to them anymore. The Special Provisions was drafted to regulate the 

Chinese state-owned enterprises that sought overseas IPOs. In 2012, one of the main 

regulations on overseas listings in China now is the Notice of SAFE9 while the State Council 

reserves the right to make changes. The history of regulations on foreign incorporated firms’ 

overseas listings, including reverse mergers, can be divided into four periods.  

Before June 2000, there was little effective regulation on overseas non-IPO listings 

(including listing in Hong Kong). Though there were government regulatory documents on 

the overseas listings (released on April 9, 1993; February 4, 1994; August 4, 1994; March 

17, 1997; June 20, 1997; July 14, 1999 respectively), they were drafted for the potential 

overseas IPOs of firms that incorporated in China. Overseas non-IPO listings were not 

regulated until the case of Yuxing InfoTech Investment Holdings. The owners of Yuxing 

incorporated a firm in Bermuda to control their operating company in China and attempted 

to list the Bermuda firm in Hong Kong via IPO. This was a detour to avoid the Chinese 

regulations that only regulated overseas IPOs of firms that incorporated in China. The 

firm’s expected Hong Kong listing was suspended by the CSRC, and the CSRC for the 

first time required a private firm to submit filings before listing overseas even through a 

non-IPO channel.  

                                           
8 Special Provisions of the State Council on Issuing and Listing of Shares Abroad by Companies Limited by 

Shares, August 4, 1994. 
9 Notice of the State Administration of Foreign Exchange on Relevant Issues concerning Foreign Exchange 

Administration for Domestic Residents to Engage in Financing and in Return Investment via Overseas 

Special Purpose Companies, October 21, 2005. 
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From June 2000 to October 2004 was known as the “No Comment Letter” 

regulation period. The CSRC released the Circular of CSRC 10  on June 9, 2000. The 

document required all Chinese firms that attempted to list overseas, whether incorporated 

in China or not, to obtain the Legal Opinion Approval11 from the CSRC before the listing 

application. In this document, the CSRC mostly uses the term “no comment” to suggest its 

approval in different situations. Therefore it was known as the “No Comment Letter” 

among Chinese lawyers. The Circular of CSRC expired and was replaced by the Notice of 

the China Securities Regulatory Commission on Abolishing Some of the Securities and 

Futures Regulations (IV) that was released on November 20, 2003. After that the CSRC 

had no jurisdiction on the foreign incorporated firms that sought non-IPO listings.  

From October 2004 to October 2005, there was little effective regulation. Though 

the CSRC had no jurisdiction on the foreign incorporated firms and reverse mergers, the 

NDRC released the Verification and Approval of Overseas Investment Projects Tentative 

Administrative Procedures on October 9, 2004, to regulate Chinese legal entities’ foreign 

investment. The investment includes Chinese firms’ setup as foreign incorporated parent 

firms. Four months later, the SAFE released the Notice of the SAFE12, which was supposed 

to prevent the capital outflow. However, it accidently made reverse mergers impossible. 

The Notice of the SAFE and two other regulatory documents released by the Ministry of 

Finance combined required a citizen’s foreign investment to be regulated. But none of the 

                                           
10 Circular of China Securities Regulatory Commission on Issues Concerning Stock Issuance and Public 

Offering Abroad of Overseas Corporations which Involve Domestic Equity (No. 72 (2000)) [Expired], June 

9, 2000. 
11 Legal Opinion Approval of Stock Issuance and Public Offering Abroad of Overseas Corporations which 

Involve Domestic Equity Released by Chinese Lawyer. 
12 Notice of the State Administration of Foreign Exchange on Issues Concerning Improvement in the 

Administration of Foreign Exchange in Connection with Mergers and Acquisitions by Foreign Investors 

(No.11 (2005)) [Expired], January 24, 2005. 
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documents specified the steps for the submission of filings. Therefore, there was no way 

to go through the process, and therefore the channel of legally establishing foreign 

incorporated firms was effectively blocked.  

After October 2005 is the fourth period in which the regulation is loose. The SAFE 

released the Notice on Relevant Issues13 on October 21, 2005, to replace the Notice of the 

SAFE. The listing of foreign incorporated Chinese firms has been under this regulation of 

the Notice on Relevant Issues ever since.  

6. A Misconduct Case: China MediaExpress  

China MediaExpress Holdings Inc. is a firm incorporated in Delaware and 

headquartered in Fujian, China. The firm runs the business of posting advertisements in 

intercity buses. It claims to own over 25,000 automobiles and releases excellent financial 

reports. Its stock listing on NASDAQ (ticker: CCME) was completed on October 15, 2009, 

via a reverse merger. The audit firms of CCME’s shell company TM Entertainment and 

Media were Eisner LLP and AJ Robbins PC. On December 4, 2009, the company dismissed 

AJ Robbins PC from its engagement. Its audit firm changed to Deloitte & Touche after the 

listing. The firm gained a substantial increase in visibility after the NASDAQ listing.  

6.1. Corporate Structure 

The business was operated through Fujian Fenzhong Media Co. Ltd (“Fujian 

Fenzhong”), a company incorporated in China and owned by Zheng Cheng (80%) and 

Chunlan Bian (20%). Zheng Cheng was the founder, chairman of the board of directors, 

and chief executive officer. Chunlan Bian was a director and Zheng Cheng’s mother. Fujian 

                                           
13 Notice on Relevant Issues concerning Foreign Exchange Administration for Domestic Residents to 

Engage in Financing and in Return Investment via Overseas Special Purpose Companies, October 21, 2005. 
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Fenzhong had contractual arrangements with Fujian Across Express Information 

Technology Co. Ltd. (“Fujian Across”), a company incorporated in China. While Fujian 

Across had no direct equity ownership in Fujian Fenzhong, it actually received all the 

profits from Fujian Fenzhong’s operations through contractual agreements. Fujian Across 

was wholly owned by Hong Kong Mandefu Holding Limited (“HKMDF”), a company 

incorporated in Hong Kong.  

Suspiciously, it shared the same office address and phone number with a Hong 

Kong-listed company, Wuyi International Pharmaceutical Company Limited (“Wuyi”). 

Wuyi’s major shareholders were the brothers Ou Wen Lin and Qing Ping Lin. The Lin 

brothers also controlled Thousand Space Holding Limited (“TS”) and Bright Elite 

Management Limited (“BE”), both incorporated in the British Virgin Islands. The Lin 

brothers were from the same hometown as Zheng Cheng, Fuzhou City in Fujian.  

The shell company in the reverse merger transaction was a blank check company 

incorporated in Delaware on May 1, 2007, named TM Entertainment and Media (“TM”). 

On October 15, 2009, pursuant to the terms of a Share Exchange Agreement (dated as of 

May 1, 2009, and amended on September 30, 2009), TM acquired all of the issued and 

outstanding capital stock of HKMDF, and as a result, HKMDF became its direct wholly 

owned subsidiary. In addition, at the Special Meeting of Stockholders of TM on the same 

day of the acquisition, October 15, 2009, the firm name was changed to “China 

MediaExpress Holdings Inc.”, and since then HKMDF had been wholly owned by 

Delaware-incorporated CCME and had been effectively controlled by Zheng Cheng.  
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Figure 1.2 Corporate Structure of China MediaExpress as of October 15, 2009 (10-K 

filed on March 31st, 2010) 

 

According to the firm’s 10-K filed in 2010, 40.5% shares of HKMDF were 

transferred to Ou Wen Lin’s TS on February 16, 2007. Zheng Cheng and Chunlan Bian 

own the remaining 59.5% interest in HKMDF. Fujian Fenzhong holds the licenses and 

permits necessary to operate CCME’s businesses and provide CCME’s advertising services 

in China. As of October 15, 2009, Zheng Cheng beneficially owned 59.5% of CCME’s 

equity, Ou Wen Lin beneficially owned 30.5% of CCME through TS, and Qing Ping Lin 

beneficially owned the remaining 10% through BE. In order to induce shareholders to enter 

into the reverse merger transaction, TM reported in its October 2009 Proxy that HKMDF 
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had the “largest television advertising network in inner-city express buses in China,” which 

proved to be an exaggerative misrepresentation.  

6.2. Suspect of Misconduct 

Some investors felt suspicious of the profitability. They pointed out that the 

performance that CCME’s balance sheets showed was far better than its Chinese 

competitors. In 2009, when the whole advertisement industry in China was in a downturn 

after the financial crisis, CCME was still growing fast. The investors also pointed out that 

there was only a little increase in the firm’s sales personnel, but 20 times the increase in its 

revenue.  

As a response to the suspicions, CCME invited representatives from security 

research institutes and firms in the bus industry to its investor meeting in Fujian in 

September 2010. The representatives were invited to endorse its business operation and 

financial performance. After the meeting, the third quarter’s financial statements again 

looked excellent: operating revenue increased by 142%, net profit by 150%, and cash 

accounts were 77% of the total assets. At the same time, the P/E ratio was below ten even 

with the great performance, making the firm look undervalued. The stock price rose to 

above $22 per share after these statements.  

Few of its American shareholders read Chinese or could afford a field investigation, 

so investors relied on the reports that CCME provided to the SEC. Therefore, it was 

difficult for them to find out whether the information in the SEC filings was true or 

fabricated. Even sophisticated investors might be fooled.  

The investment company C.V. Starr was registered in Panama in 1943, its chairman 

and CEO is Maurice “Hank” Greenberg, former chairman and CEO of American 
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International Group (AIG). After its professional investigators completed a four month 

long due diligence report for CCME, C.V Starr bought one million convertible preferred 

shares for $30 million to become the company’s third largest shareholder on January 12, 

2010. The purchase substantially improved CCME’s reputation and credibility. On October 

14, 2010, Forbes released an article describing the firm as one of “Buffett Next Door Picks.” 

Forbes China published another article on January 28, 2011, on its website claiming that 

this firm was “a value stock in Wall Street.”  

However, months after the release of Forbes’ articles, the firm’s misconduct was 

exposed to the public. Among the investigators’ reports, the most famous two were from 

Muddy Waters and Citron Research14 On January 30, 2011, Citron Research released the 

first investigation report targeted at CCME titled “The China Reverse Merger Stock that is 

‘Too Good to be True.’” About a month later, Muddy Waters released “CCME: Irrefutable 

Evidence of Misconduct” on March 2, 2011. The reports induced massive short selling of 

the firm’s stocks. The SEC finally became involved in the investigation, leading to its stock 

trade suspension and delisting from NASDAQ. The stock price fell to below 5 cents per 

share after it was added to the Pink Sheets on May 19, 2011. C.V. Starr also sued CCME 

for misconduct.  

According to CCME’s Form DEF 14A filing on December 13, 2010, Zheng Cheng 

owned 36% of its shares, Ou Wen Lin owned  13.6% through TS, and Qing Ping Lin owned 

4.9% through BE. These percentages mean that in 2010, Zheng Cheng effectively sold 

23.5%, Ou Wen Lin 16.9%, Qing Ping Lin 5.1% of CCME’s shares. Part of their sales 

                                           
14 Citron Research’s coverage and covered stocks’ performances after the release of Citron’s investigation 

reports can be found at: http://www.citronresearch.com/citron-knows-china 
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went to C.V. Starr. Because the highest level of the firm’s market capitalization was over 

$700 million, the three insiders’ sales probably gained $200 to $300 million in total.  

7. Do the US Regulations Discourage Listing Attempts by 

Weak Firms? 

To examine whether the regulations discourage listing attempts by weak firms, this 

section summarizes all of the cases of involuntary delistings and finds that most of them 

are involved with business misconduct. As Table 1.2 shows, most of the Chinese firms 

were listed in the United States between 2004 and 2010, and most of the delistings occurred 

in 2011 and 2012. In the sample of 228 firms, 67 were delisted, of which 48 were delisted 

involuntarily. Table 1.4 summarizes all of the delisted firms’ alleged misconducts or other 

reasons provided by the exchanges’ or the SEC’s filings. Table 1.5 shows that 7 out of the 

8 voluntarily delisted firms that were sued in the United States were convicted of 

misconduct, and 38 out of the 41 involuntarily delisted firms that were sued in the United 

States were convicted of misconduct. Some firms were convicted of misconduct but they 

were not sued in the United States but in other markets like Hong Kong. Table 1.4 

comprises four more involuntarily delisted firms - they are not included in the sample 

because of missing data.  
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Table 1.4 Summary of Alleged Fraud of Delisted US-listed Chinese Firms 

 

 

 

No. Company Name Symbol
Year of 

Issuance

Year of 

Delisting
Listing Status

Sued in 

the US

Fraud is 

Confirmed
Settlement (USD)** Alleged Fraud/Reason of Delisting Other Consequences

1
Advanced Battery 

Technologies Inc
ABAT 2008 2011

Involuntarily 

Delisted
Yes Yes 275,000

The Company allegedly (1) paid $1.5 million to acquire another company that 

appears to be fake; (2) paid $20 million in 2010  to purchase a Shenzhen battery 

company that they had previously bought in 2008 for $1 million, but had not 

disclosed to public investors; (3) misrepresented that it owned a Company 

subsidiary when it did not, or the Company failed to disclose that the Company 

entered into a related party transaction with the Company’s Chairman and CEO 

Zhiguo Fu which resulted in the owner of that subsidiary being Fu, and not the 

Company. The Company allegedly reported significantly lower revenue and 

profit to the Chinese authorities. For example, Chinese regulatory filings in 2009 

showed less than $2 million of revenue, compared to $64 million in SEC filings. 

The Company also allegedly fabricated information about its customers.

2
HQ Sustainable Maritime 

Industries Inc
HQSM 2007 2011

Involuntarily 

Delisted
Yes Yes 2,750,000

The Company allegedly (1) overstated a substantial portion of revenues; (2) 

failed to file financial statements in time; (3) had material deficiencies in its 

system of internal control over its financial reporting; (4) fabricated the 

customer list and value-added tax invoices.

Chairman of audit committee, Andrew 

Intrader, resigned from the Board and 

the audit committee. Auditor Schwartz 

Levitsky Feldman resigned because it 

“could no longer rely upon the 

representations of HQ’s 

management.”

3 China Sky One Medical Inc CSKI 2008 2012
Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly (1) recorded fake sales, inflated revenues by millions of 

dollars and inflated earnings and gross margins; (2) lacked adequate internal and 

financial controls. CEO Yan-qing Liu certified the overstated financial results.

26 middle-management level 

employees, including 9 in accounting 

department, resigned in a single day. 

Audit firm Sherb & Co. LLP was 

charged by the SEC for its false 

representation in audit reports that 

they had conducted the audits in 

accordance with U.S. auditing 

standards when in fact they were 

riddled with failures and improper 

professional conduct.

4
China Shen Zhou Mining & 

Resources Inc
SHZ 2008 2013

Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly (1) fraudulently misrepresented and overstated its 

business; (2) exaggerated the size of key mines; (3) failed to file financial 

statements in time. Audit Committee Chairman Gene Michael Bennett, also 

directors of other 6 delisted US-listed Chinese companies, allegedly fabricated 

his resume and failed to comply with rules of the audit committee. Bennett did 

not work for the accounting firm and had no law degree from the University of 

Michigan listed in his resume.

Shing Mun Wong resigned as a 

director of the Board, chairman of the 

audit committee, a member of the 

Compensation Committee and the 

Nominating and Corporate 

Governance Committee.
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No. Company Name Symbol
Year of 

Issuance

Year of 

Delisting
Listing Status

Sued in 

the US

Fraud is 

Confirmed
Settlement (USD)** Alleged Fraud/Reason of Delisting Other Consequences

5
Jiangbo Pharmaceuticals 

Inc
JGBO 2010 2011

Involuntarily 

Delisted
Yes Yes

Issue 886,277 

common stocks as a 

payment

The Company allegedly made false and misleading statements. Two of the 

Company’s three person audit committee resigned and alleged that company’s 

senior management (1) were uncooperative with the internal investigation and 

failed to pay necessary legal and other professional fees in time; (2) refused to 

provide documents to the independent investigators, including employee 

information and bank statements and confirmations; (3) failed to provide 

information regarding a 200 million RMB transaction between the company and 

an entity of an apparent related party nature.

6 Yuhe International Inc YUII 2009 2011
Involuntarily 

Delisted
Yes Yes 2,700,000

The Company management admitted that its previously announced acquisition 

of 13 chicken breeding farms did not really take place. The Company allegedly 

lacked adequate internal and financial controls and released false and misleading 

statements and financial disclosures. Its auditor resigned because of 

“management’s misrepresentation and failure to disclose material facts 

surrounding certain acquisition transactions and off balance sheet related party 

transactions.” The auditor stated its audited financial statements should no 

longer be relied upon.

7 Sino Clean Energy Inc SCEI 2010 2012
Involuntarily 

Delisted
Yes Yes 2,000,000

The Company allegedly made materially false and misleading statements by 

vastly overstating the Company’s revenues and operations as a report with 

detailed Chinese tax filings showing that the Company had no or nearly no 

operations. The Company invited shareholders to view security camera footage 

of its factories in operation to prove its business, but later was discovered that 

the footage was fabricated.

8 China Natural Gas Inc CHNG 2009 2012
Involuntarily 

Delisted
Yes Yes 915,000

The Company allegedly failed to disclose that it improperly loaned a related 

party a material sum and that it obtained a bank loan in the amount of $17.7 

million and in connection therewith caused its variable interest entity to pledge 

its equipment and vehicles located within China to secure the loan and 

guaranteed its repayment. The Company also allegedly made materially false 

and misleading financial statements.

9 Puda Coal Inc PUDA 2009 2011
Involuntarily 

Delisted
Yes Yes Pending/Not Found

Chairman and major shareholder Ming Zhao allegedly transferred the Company’s 

90% interest, also the only revenue-producing operating subsidiary in Shanxi, to 

himself, made a second transfer of a portion of that interest to CITIC and 

pledged the remaining portion to CITIC to secure a loan. Then with the 

assistance of CITIC, Puda falsely portrayed to investors in Puda that the Company 

still possessed its operating subsidiary.

10 Harbin Electric Inc HRBN 2007 2011 Delisted Yes Yes Pending/Not Found

The Company allegedly overstated revenues from its three disclosed largest 

customers by over 90% and overstated its export revenue. The CEO and 

directors of Harbin are also alleged to breach fiduciary duties by attempting to 

sell the Company too cheaply via an unfair process.



28 of 153 

 

 

 

No. Company Name Symbol
Year of 

Issuance

Year of 

Delisting
Listing Status

Sued in 

the US

Fraud is 

Confirmed
Settlement (USD)** Alleged Fraud/Reason of Delisting Other Consequences

11
China Education Alliance 

Inc
CEAI 2009 2011

Involuntarily 

Delisted
Yes Yes 2,425,000

The Company allegedly fabricated financial statements and overstated revenue 

and profit by reporting significantly higher revenue ($24.9 million in 2008) and 

profit to the SEC than in its Chinese regulatory filings (less than $1 million). As an 

online education provider, the Company’s website allegedly did not work, 

especially the payment system. Field investigation alleged that its training center 

was barren of desks and teaching equipment.

Audit firm Sherb & Co. LLP was 

charged by the SEC for its false 

representation in audit reports that 

they had conducted the audits in 

accordance with U.S. auditing 

standards when in fact they were 

riddled with failures and improper 

professional conduct.

12
China Fire & Security 

Group Inc
CFSG 2007 2011 Delisted Yes Yes 575,000

In a merger agreement with Bain Capital stating that the Company’s 

shareholders would receive $265.5 million in the aggregate, the Company 

allegedly breached the fiduciary duties by imposing preclusive deal protections 

that prohibited maximizing shareholder value. For example, the Company 

assented to provide Bain with the identity of any unsolicited third party bidders 

and a right to match any competing offers and the agreement included an $8.5 

million termination fee. The Company also allegedly filed a materially misleading 

Preliminary Proxy Statement in an attempt to secure shareholder approval. The 

proxy lacked any discussion of the free cash flow projections for the Company in 

connection with the financial forecasts. 

13 China Agritech Inc CAGC 2009 2011
Involuntarily 

Delisted
Yes Yes

$1,000,000+1,745,00

0 restricted stocks 

The Company allegedly overstated its revenues and concealed related-party 

transactions on purpose. The Company’s US financial statements were materially 

different than the statements filed with Chinese regulators. For example, 

revenue reported in its SEC filings for 2009 was ten times larger than in the 

Chinese regulatory filings. The Company purchased 15% and 12% of its raw 

materials from Shenzhen Hongchou Technology Company Ltd in 2009 and 2008, 

respectively but it failed to disclose that during that time, China Agritech’s CEO 

owned 90% of Shenzhen Hongchou.

14 China-Biotics Inc CHBT 2008 2011
Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly fabricated (1) a false sales contract; (2) a false bank 

website; (3) a false bank advice in furtherance of its scheme to fraudulently 

create the appearance of having achieved a 50% growth in 2011 revenue. 

15
China Integrated Energy 

Inc
CBEH 2009 2011

Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly (1) misrepresented the number of buses in its advertising 

network; (2) misrepresented the nature and extent of its business relationships; 

(3) overstated financial results.

16
A-Power Energy 

Generation Systems Ltd
APWR 2008 2011

Involuntarily 

Delisted
Yes Yes 3,675,000

The Company allegedly (1) reported significantly lower revenue and profit to 

Chinese authorities than in its SEC filings; (2) issued materially false and 

misleading statements regarding the company’s business and financial results; 

(3) failed to file SEC filings in time; (4) improperly accounted and misstated its 

revenues, income and related-party transactions in violation of GAAP.

Auditor MSCM resigned

17 Duoyuan Printing Inc DYNP 2006 2011
Involuntarily 

Delisted
Yes Yes 4,300,000

The Company allegedly made false and misleading statements, where it failed to 

disclose (1) that the authenticity of advertising and tradeshow expenses could 

not be verified; (2) that the Company had improper relationships with certain 

vendors and distributors; (3) that it lacked adequate internal and financial 

controls.

The Company dismissed auditor 

Deloitte. CEO Christopher Holbert, 

CFO William Suh, and four directors 

including audit committee chairman 

James Zhang resigned after the 

dismissal.
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18
Wonder Auto Technology 

Inc
WATG 2006 2011

Involuntarily 

Delisted
Yes Yes 3,000,000

The Company allegedly (1) recognized revenue in incorrect financial reporting 

periods improperly; (2) engaged in several transactions without properly 

disclosing their related-party nature; (3) lacked adequate internal and financial 

controls; The Company disclosed that its statements were misleading and should 

not be relied upon. 

19 Fushi Copperweld Inc FSIN 2008 2012 Delisted Yes Yes 3,250,000

The Company disclosed that its financial statements should not be relied upon 

due to errors in the application of US GAAP regarding the ability to realize 

deferred income tax assets, qualification of cash flow hedge for cross-currency 

interest swap, and bargain purchase gains recognized in 2010 acquisitions.

20

China Security & 

Surveillance Technology 

Inc

CSR 2007 2011 Delisted Yes Yes Pending/Not Found

The Company allegedly overstated its financial performance in its offering 

documents. CEO Guoshen Tu and several directors allegedly breached their 

fiduciary duty to investors in CSR shares arising out of their proposal of buyout 

at an unfair price via a flawed process.

21
Xinhua Sports & 

Entertainment Ltd
XSELY 2007 2011

Involuntarily 

Delisted
Yes Yes Pending/Not Found

CEO Loretta Fredy Bush, director Dennis L. Pelino and director Shelly S. Singhal 

allegedly committed conspiracy, mail fraud, and made false statements to 

defraud the SEC, investors and others and to enrich themselves by $50 million 

through a series of undisclosed and disguised self-dealing transactions and 

insider trading. Bush and Pelino allegedly sold Xinhua Finance stocks and 

concealed the fact from investors with the help of Singhal, who made it appear 

the shares were pledged as loan collateral. They also allegedly misrepresented 

the Company’s financial condition to secure loans from the Patriarch funds, 

Zohar CDO 2003-1 Ltd and Zohar II 2005-1 Ltd.

22 SmartHeat Inc HEAT 2009 2012
Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly omitted to reveal information that rendered materially 

false and misleading statements the company had previously made to investors 

with regard to a lock-up agreement that the Company had announced to boost 

shareholder confidence. The Company allegedly failed to disclose a secret 

amendment to the lock-up agreement that permitted insiders to sell SmartHeat 

shares, effective January 1, 2010. In addition, it allegedly failed to disclose pre-

2012 sales of 380,000 of the purportedly locked-up shares.

23
Deer Consumer Products 

Inc
DEER 2009 2012

Involuntarily 

Delisted
Yes Yes 2,100,000

The Company allegedly misrepresented its financial performance, business 

prospects, and financial condition to investors, citing inconsistent Chinese 

regulatory filings. Its auditor Goldman Kurland and Mohidin, LLP allegedly made 

untrue statements of material fact and omitted to state material facts necessary 

and overstated Deer’s performance. 

24 RINO International Corp RINO 2009 2010
Involuntarily 

Delisted
Yes Yes 7,000,000

The Company allegedly overstated the revenue by reporting significantly higher 

revenue in its SEC filings ($193 million) than in its Chinese regulatory filings ($11 

million). The Company admitted that its financial statements should not be 

relied upon. The Company also allegedly fabricated customer list and 

transactions which did not exist. Moreover, CEO Dejun Zou and Chairwoman 

Jianping Qiu allegedly diverted millions of dollars of investors’ funds for personal 

use.  Zou and Qiu used $3.5 million of company funds to purchase a home in 

Orange County, California.
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25 Fuqi International Inc FUQI 2007 2011
Involuntarily 

Delisted
Yes Yes 1,150,000

Chairman and CEO Yu Kwai Chong allegedly directed and authorized but failed to 

disclose cash transfers of approximately $134 million to three purportedly 

unknown entities without the awareness and approval of the Company’s full 

board of directors or any written agreement or repayment terms. Though 

internal company records indicate that the transferred funds were returned, the 

funds, however, were not returned to the same bank accounts or in the same 

amounts as the initial transfers of cash. The Company incorrectly recorded the 

cash transfers in its books and records as increases or decreases in “other 

payables” or “prepaids” accounts. Moreover, the Company allegedly (1) 

misrepresented its financial performance, business prospects, and financial 

condition to investors; (2) artificially inflated financial results by misstating 

inventory and cost of sales; (3) had deficient internal and disclosure controls 

with respect to its inventory and cost of sales.

26 SinoHub Inc SIHI 2008 2012
Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company disclosed that its accounting procedures were improper and its 

financial statements and future earnings potential were overstated due to 

material misstatements of liabilities and expenses. The Company’s auditors 

resigned citing potentially inaccurate financial data, as did several members of 

its board of directors. The Company allegedly concealed and later admitted that 

its internal control had significant deficiencies.

The Company’s auditors resigned.

27
CD International 

Enterprises Inc
CDII 2007 2012

Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly breached an agreement for the charter of a vessel 

owned by Sunskar and caused damages. NASDAQ Global Market delisted it 

based on “public interest concerns”.

28
NIVS IntelliMedia 

Technology Group Inc
NIVS 2009 2011

Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly engaged in fraudulent schemes to raise and divert 

offering proceeds from company bank accounts and then attempted to hide the 

diversions by lying to auditors and reporting false and materially misleading and 

inflated financial results by (1) inaccurately recording certain transactions, 

accounts receivables and cash balances; (2) falsifying bank statements, 

accounting records and customer confirmations. The resigned auditor 

MaloneBailey accused that the Company’s financial results were not in 

compliance with GAAP and should not be relied upon. The Company was also 

unable to submit required filings in time.

29 ZST Digital Networks Inc ZSTN 2009 2012
Involuntarily 

Delisted
Yes Yes 1,700,000

The Company allegedly reported revenues hundreds of times higher in SEC 

filings than in its Chinese regulatory filings. Filings showed that the Company 

paid zero tax in China but reported substantial amounts to the SEC. The 

Company also allegedly misled investors about its customers and transactions.

30 China Electric Motor Inc CELM 2010 2011
Involuntarily 

Delisted
Yes Yes 3,700,000

The Company allegedly issued materially false and misleading documents and 

SEC filings. It was unable to timely issue its fiscal year 2010 financial results 

because of “possible discrepancies concerning the Company’s banking 

statements that were very recently identified by the Company’s auditors in the 

course of their audit of the consolidated financial statements.”
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31
China MediaExpress 

Holdings Inc
CCME 2010 2011

Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly misrepresented and overstated its financial condition in 

SEC filings and press releases. For example, the Company falsely claimed in its 

2009 annual report that it had $57 million in cash when it only had a cash 

balance of $141,000; the Company falsely reported its 2010 third-quarter-end 

balance at $170 million, later verified at $10 million. Auditor Deloitte stated that 

relevant bank confirmations and statements could not be verified and the 

Company was uncooperative with Deloitte’s investigation. The SEC alleged that 

the Company repeatedly failed to file required filings and CEO Zheng Cheng tried 

to bribe the accountant with $1.5 million.

CCME’s CFO, Jackie Lam, quitted, 

frustrated with management’s 

response to the allegations. Starr 

International, an investment entity run 

by former AIG head Hank Greenberg, 

and had been CCME’s largest outside 

investor, sues CCME and Deloitte for 

fraud.

32 Keyuan Petrochemicals Inc KEYP 2010 2011
Involuntarily 

Delisted
Yes Yes 1,025,000

The Company was alleged by its audit committee for failing to properly disclose 

material related party transactions that rendered the Company’s SEC filings false 

and misleading. The Company allegedly operated a secret off-balance sheet cash 

account to pay for cash bonuses to senior officers, travel and entertainment 

expenses and an apartment rental for the CEO.

33 ShengdaTech Inc SDTHQ 2007 2011
Involuntarily 

Delisted
Yes Yes

5,000,000 (paid by 

Morgan Stanley)

The Company allegedly overstated its financial performance in its offering 

documents and failed to file an annual financial report. It reported far lower 

revenues to the Chinese regulator than in SEC filings. President and CEO Chen 

Xiangzhi allegedly made several unexplained transactions and obstructed an 

internal fraud investigation. The company’s executives and largest shareholders 

allegedly looted the company of tens of millions of dollars.

Auditor resigned. Underwritter 

Morgan Stanley agreed to shell out $5 

million to settle claims that it 

negligently sold securities in 

ShengdaTech after failing to properly 

investigate the company's shady 

financial results. 

34 Chinacast Education Corp CAST 2007 2012
Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly failed to disclose material weaknesses in the Company’s 

internal controls and wrongly transferred $120 million in cash by Chairman and 

CEO Ron Chan Tze Ngon from bank accounts of the Company’s subsidiaries.

35 Longtop Financial Tech LFT 2007 2011
Involuntarily 

Delisted
Yes Yes

882,300,000 (not 

enforced)

The Company allegedly (1) fabricated some transactions and bank statements; 

(2) falsified financial records in relation to cash at bank, loan balances and 

possibly sales revenue; (3) concealed an alleged bank loan of a large amount; (4) 

deliberately interfered audit process; (5) unlawfully detained audit files. Former 

auditor Deloitte stated that the Company’s financial statements should not be 

relied upon. According to Deloitte, Chairman Ka Hiu Kung (Xiaogong Jia) told a 

Deloitte partner that there was “fake cash recorded on the books” because 

there had been “fake revenue in the past.”

CFO Derek Palaschuk and auditor 

Deloitte resigned.

36
China North East 

Petroleum
NEP 2009 2012

Involuntarily 

Delisted
Yes Yes 2,500,000

The SEC alleged that the Company’s offering proceeds were fraudulently 

diverted from  the bank accounts of the Company and its subsidiaries to the 

personal accounts of CEO Hongjun Wang and Guizhi Ju, a Company director and 

mother of Wang. Insiders allegedly made $59 million without proper disclosures.

CFO and a director resigned.

37
Qiao Xing Universal 

Resources
XING 1999 2012

Involuntarily 

Delisted
Yes Yes

Settled with 2.4 

million in 2008 

lawsuit, but only 0.3 

million was paid

The Company allegedly failed to disclose that CEO and Chairman Rui Lin Wu 

transferred Company funds to a bank account under his control. 
CFO Jiujiu Jiang resigned.

38
China Shenghuo 

Pharmaceutical Holdings
KUN 2007 2012 Delisted Yes Yes 200,000

The Company’s SEC filings and other public statements allegedly contained 

materially false and misleading statements.
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39 AutoChina International AUTC 2009 2011
Involuntarily 

Delisted
Yes Yes 4,350,000

The Company’s senior executives and directors allegedly conducted a market 

manipulation scheme by engaging in hundreds of fraudulent trades, including 

matched orders and wash trades, to artificially inflate the stock’s trading volume 

to make it easier for the company to get financing. The Company was also 

unable to submit required filings in time.

40 Universal Travel Group UTA 2009 2012 Delisted Yes Yes 935,000

The Company allegedly defrauded investors by transferring the proceeds of $41 

million from one public and two private stock offerings in the U.S. to 34 

unknown entities in Hong Kong and China between September 2008 and March 

2011. The Company failed to disclose the transfer. Moreover, the Company is 

alleged to highly exaggerate the revenue, cash reserve and profit and provide  

materially false and misleading business documents to the U.S. regulatory 

agencies.

CEO Jiangping Jiang and CFO Jing Xie 

was ordered to pay a $6, civil money 

penalty and was barred for five years 

from serving as an officer or director 

of a company with securities 

registered with the Commission. Audit 

firm EFP Rotenberg LLP was prohibited 

by the SEC to provide auditing service 

to the US-listed Chinese firms as the 

SEC believed that it conducted 

irregularities during its auditing for the 

Company.

41
China Medical 

Technologies
CMED 2005 2012

Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Chairman and CEO Xiaodong Wu allegedly embezzled money through sham 

acquisitions and the Company allegedly failed to disclose that (1) the acquisition 

of the target company Beijing Bio-Ekon Biotechnology (BBE) was from a third 

party seller connected to Wu; (2) the Company overpaid approximately $20 

million to acquire BBE; (3) the acquisition involved the use of fraudulent shell 

companies; (4) BBE was suffering operating losses prior to the acquisition. 

Besides the acquisition, the Company allegedly (1) overstated accounts 

receivables in order to inflate sales revenue and net income; (2) inflated 

reported profit margins; (3) failed to pay $9.6 million interest of issued 

convertible bonds.

42 SinoTech Energy* 2010 2012
Involuntarily 

Delisted
Yes Yes 20,000,000

The Company allegedly lied about how it used its IPO proceeds. It bought less 

equipment than it claimed in its listing document and overstated the value of its 

purchases by nearly fivefold in its financial statements. Chairman Qingzeng Liu 

allegedly stole $40 million from a company bank account and lying about it to 

investors.

Auditor Ernst & Young Hua Ming 

resigned.

43 Telestone Technologies* TSTC 2003 2013
Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly falsified customer list and contracts, failed to comply 

with GAAP and overstated revenue and earnings growth.

44 Agfeed* FEED 2008 2012 Delisted Yes Yes
239,000,000 (not 

enforced)

The Company allegedly failed to disclose to investors material adverse facts that: 

(1) the Company’s collection efforts and credit dealings with its animal nutrition 

customers were not working because the “formula based analysis” the Company 

relied on in determining accounts receivable and reserves for doubtful accounts 

was flawed; (2) allowances for doubtful accounts were wildly undervalued; (3) 

accounts were overvalued and bad debts were undervalued, causing reported 

asset values to be overstated and expenses to be understated; and (4) the 

Company exaggerated its market edge as the combination of overstated assets 

and understated expenses resulted in creating an illusion of heightened 

profitability and failed to provide a “long-term picture” of the Company’s value. 
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45
China Intelligent Lighting 

and Electronics*
2011

Involuntarily 

Delisted
Yes Yes Pending/Not Found

The Company allegedly engaged in fraudulent schemes to raise and divert 

offering proceeds from company bank accounts and then attempted to hide the 

diversions by lying to auditors and reporting false and materially misleading and 

inflated financial results by (1) inaccurately recording certain transactions, 

accounts receivables and cash balances; (2) falsifying bank statements, 

accounting records and customer confirmations. The resigned auditor 

MaloneBailey accused that the Company’s financial results were not in 

compliance with GAAP and should not be relied upon. The Company was also 

unable to submit required filings in time.

46
China Botanic 

Pharmaceutical Inc
CBP 2010 2013

Involuntarily 

Delisted

Not 

Found
Yes

The Company failed to file financial statements in time and failed to maintain at 

least one member of the audit committee, after the resignation of Zack Zibing 

Pan from the company's board of directors, audit chair and committees. The 

Company also allegedly made false and misleading statements.

47 Wowjoint Holdings Ltd BWOW 2010 2012
Involuntarily 

Delisted

Not 

Found
Yes

The Company allegedly misrepresented its financial statements with improper 

professional conduct of its audit firm. It was delisted because its stock price was 

below 1 dollar.

Audit firm Sherb & Co. LLP was 

charged by the SEC for its false 

representation in audit reports that 

they had conducted the audits in 

accordance with U.S. auditing 

standards when in fact they were 

riddled with failures and improper 

professional conduct.

48 New Dragon Asia Corp NDAC 2001 2011
Involuntarily 

Delisted
Yes No 560,418

The Company allegedly breached its obligations to pay dividends and to redeem 

convertible preferred stock under the terms of a shareholder agreement.

49
China TransInfo 

Technology Corp
CTFO 2008 2012 Delisted Yes No Pending/Not Found

Chairman and CEO Shudong Xia and several directors allegedly breached their 

fiduciary duty to investors in CTFO shares arising out of their proposal of buyout 

at an unfair price via a flawed process.

50 Shiner International Inc BEST 2008 2012
Involuntarily 

Delisted
Yes No Pending/Not Found

No alleged fraud is found. The Company was sued by its law firm but unrelated 

with fraud accusation.

51 CleanTech Innovations Inc CTEK 2010 2011
Involuntarily 

Delisted
Yes No Pending/Not Found

Wrongly delisted. The SEC reversed Nasdaq’s decision to delist the company. SEC 

determined that the Company had not intentionally withheld crucial information 

from Nasdaq.

52 Winner Medical Group Inc WWIN 2009 2012 Delisted
Not 

Found
No No alleged fraud is found. 

53
China Technology 

Development Group CP
CTDC 2000 2012

Involuntarily 

Delisted

Not 

Found
No No alleged fraud is found. 

54 PacificNet Inc PACT 2006 2008
Involuntarily 

Delisted

Not 

Found
No

The Company announced a settlement agreement binding it to pay off $6.2 

million it owed to bondholders that filed an involuntary Chapter 11 bankruptcy 

petition.

55 China Ritar Power Corp CRTP 2009 2011
Involuntarily 

Delisted

Not 

Found
No

The Company was suspended trading and delisted because of repeated failure to 

file required periodic reports with the SEC.

56
Wuhan General Group 

(China) Inc
WUHN 2008 2012

Involuntarily 

Delisted

Not 

Found
No The Company was delisted because its stock price was below 1 dollar.

57
Tiens Biotech Group USA 

Inc.
TBV 2005 2011 Delisted

Not 

Found
No No alleged fraud is found. 
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58 Yucheng Technologies Ltd YTEC 2007 2012 Delisted
Not 

Found
No No alleged fraud is found. 

59 Lotus Pharmaceuticals Inc LTUS 2006 2012
Involuntarily 

Delisted

Not 

Found
No No alleged fraud is found. 

60
New Oriental Energy & 

Chemical Corp
NOEC 2007 2011

Involuntarily 

Delisted

Not 

Found
No The Company was delisted because its stock price was below 1 dollar.

61 China GrenTech Corp Ltd GRRF 2006 2012 Delisted
Not 

Found
No The Company voluntarily delisted as a result of merger with other firms.

62
Tongjitang Chinese 

Medicines Co
TCM 2007 2011 Delisted

Not 

Found
No The Company voluntarily delisted as a result of merger with other firms.

63
China Infrastructure 

Investment Corp
CIIC 2008 2011

Involuntarily 

Delisted

Not 

Found
No No alleged fraud is found. 

64 China CGame Inc RCH 2007 2012
Involuntarily 

Delisted

Not 

Found
No

The Company was sued in Hong Kong for not fulfilling its agreement of stock 

repurchase with Galaxy Master Fund (GMF). The Court ordered the Company to 

repurchase the stocks that GMF held.  It was delisted because the stock price 

was below 1 dollar.

65 VanceInfo Technologies Inc VIT 2007 2012 Delisted
Not 

Found
No No alleged fraud is found. 

66
Gushan Environmental 

Energy Ltd
GU 2007 2012 Delisted

Not 

Found
No

The Company is alleged by the Chinese media that it overstated its profits by 

reporting significantly lower cost of raw materials. But the allegation was not 

verified. 

67 Pansoft Co Ltd PSOF 2008 2012 Delisted
Not 

Found
No No alleged fraud is found. 

68 China Mass Media Corp CMMCY 2008 2012
Involuntarily 

Delisted

Not 

Found
No

The Company did not meet the listing requirement of a minimum average global 

market capitalization and was therefore delisted.

69
China Real Estate 

Information Corp
CRIC 2009 2012 Delisted

Not 

Found
No No alleged fraud is found. 

70 China Kanghui Holdings KH 2010 2012 Delisted
Not 

Found
No No alleged fraud is found. 

71 Lizhan Environmental Corp LZEN 2010 2012 Delisted
Not 

Found
No The Company failed to file required SEC filings in time.

72
Shanda Interactive 

Entertainment Ltd
SNDA 2004 2012 Delisted

Not 

Found
No No alleged fraud is found. 

* Not in the sample because of missing data; ** Does not include interests that should be paid besides settlement
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Moreover, among the 48 involuntary delistings, 41 or 85% are reverse mergers. 

This result rejects the valuable assets hypothesis and the thrift hypothesis. Although there 

are not enough instances of this type to use a multivariate analysis, the important 

observation is that the delisted firms, including both the voluntarily and the involuntarily 

delistings, would very likely be convicted of misconduct once they were sued. For the firms 

that were not sued, I am unable to confirm them but I also cannot rule out the possibility 

of there being misconduct. Therefore in this and the next chapters, I use both involuntary 

and voluntary delistings as indicators of potential misconduct.  

 

 Table 1.5 Summary of Delistings, Frauds and Lawsuits 

  No. 

Sued in 

the US 

Court 

Fraud is 

Confirmed % 

Lawsuit 

not 

Found 

Fraud Not 

Confirmed 

Sued in the 

Court and Fraud 

is Confirmed 

Voluntarily 

Delisted 20 8 7 87.50% 12 13 7 

Involuntarily 

Delisted 52 41 40 97.56% 11 12 38 

 

 

7.1. Common Types of Misconduct 

Table 1.4 shows four kinds of major misconducts. First, the wrongdoers transfer 

firm assets for personal use. For example, Universal Travel Group allegedly transferred 

proceeds worth $41 million from one public and two private stock offerings in the United 

States to 34 unknown entities in Hong Kong and China, and the firm failed to disclose these 

transfers. Another example is that the former CEO of RINO International Corp allegedly 

diverted millions of dollars of investors’ funds to purchase a house in Orange County, 
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California. The chairman of Puda Coal allegedly transferred the firm’s 90% interest, which 

represented the only revenue-producing subsidiary in Shanxi, to himself.  

Second, the wrongdoers fabricate financial documents and overstate business 

performance. Their US financial statements are usually materially different from the 

statements filed with Chinese regulators. For example, China MediaExpress Holdings Inc. 

falsely claimed in its 2009 annual report that it had $57 million in cash when it only had a 

cash balance of $141,000. It also falsely reported its 2010 third-quarter-end balance at $170 

million, later verified at $10 million. Another example is that Harbin Electric Inc. 

overstated revenues from its three disclosed largest customers by over 90%. HQ 

Sustainable Maritime Industries Inc. even fabricated its customer list and value-added tax 

invoices. A-Power Energy Generation Systems Ltd. reported significantly lower revenue 

and profits to Chinese authorities than in its SEC filings. ZST Digital Networks Inc. 

allegedly reported revenues hundreds of times higher in its SEC filings than in its Chinese 

regulatory filings.  

Third, the wrongdoers fail to file financial statements on time. They are 

uncooperative with internal investigations and refuse to provide documents to the 

independent investigators, including employee information, bank statements, and 

confirmations. China Shen Zhou Mining & Resources Inc. and China Botanic 

Pharmaceutical Inc. are in this category.  

Fourth, after cashing out the stocks at a high price, the wrongdoers privatize the 

firms at a lower price. These privatizations often occur after the media’s suspicion of their 

potential misconducts. Also, these transactions usually do not completely follow the proper 

legal procedure. For example, the CEO and several directors of China Security & 
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Surveillance Technology Inc. allegedly breached their fiduciary duty by buying out the 

firm at an unfair price via a flawed process.   

7.2. Lawsuits 

Misconducts are often uncovered or suspected by the private sector first. 

Regulatory agencies, including the SEC, usually respond shortly thereafter. The overall 

supervisory framework in the US market is in general effective at probing for misconduct. 

To the best of my search capability, I find 101 lawsuits against 48 delisted firms, as shown 

in Table 1.6. There are other firms that are not involved in court lawsuits but charged by 

the SEC: 29 cases had already been closed through settlement as of June 2014. Others are 

pending or still in the process. A majority of the wrongdoers were sued, and 8 class action 

lawsuits were initiated by the SEC.  
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Table 1.6 Summary of Lawsuit Cases 

 

 

 

 

 

No. Company Name Filing Date Court Case No. Case Cause of Action Plaintiff Counsel Defense Counsel

4/1/2011 S.D. New York 11-CV-02279
In re Advanced Battery 

Technologies, Inc.
§§ 10(b), 20(a)

Pomerantz, Grossman, Hufford, 

Dahlstrom & Gross LLP

McLaughlin & Stern, LLP - Advanced Battery 

Technologies, Inc. and individuals; Hiscock & 

Barclay, LLP - EFP Rotenberg, LLP; Wilson, Elser, 

Moskowitz, Edelman & Dicker LLP - Bagell, 

Josephs, Levine & Co., LLC and Friedman LLP

6/28/2011 S.D. New York 11-CV-04383 Braun v. Fu Derivative action Levi & Korinsky, LLP

McLaughlin & Stern, LLP - Individuals and 

nominal defendant Advanced Battery 

Technologies, Inc

2 HQ Sustainable Maritime Industries Inc 4/28/2011 W.D Washington 11-CV-00726
Moomjy v. HQ Sustainable 

Maritime Industries, Inc.

§§ 11, 2(a)(2),15; §§ 

10(b), 20(a)

Keller Rohrback LLP; Cohen Milstein 

Sellers & Toll, PLLC

Cozen O'Connor - Company; Yarmuth Wilsdon 

Calfo PLLC - Individuals; Chadbourne & Parke LLP 

- Individuals; Savitt Bruce & Willey LLP - 

Ladenburg Thalmann & Co. Inc. and Roth Capital 

Partners, LLC (Underwriters)

2/24/2012 S.D. New York 12-CV-01418

Rasoul Akhmatov, et al. v. 

China Sky One Medical, Inc., et 

al.

Pomerantz Grossman Hufford 

Dahlstrom & Gross LLP; Pomerantz 

Haudek Block Grossman & Gross LLP

No counsel of record

9/4/2012 C.D. California 12-CV-07543
SEC v. China Sky One Medical, 

Inc.

§ 17(a)(2); §§ 10(b), 13, 

20(a); aiding and 

abetting

SEC No counsel of record

3/23/2012 C.D. California 12-CV-02552
Brandon Muhammad v. China 

Sky One Medical, Inc.
§§ 10(b), 20(a)

Pomerantz Grossman Hufford 

Dahlstrom & Gross LLP; Glancy 

Binkow & Goldberg LLP

No counsel of record

4 China Shen Zhou Mining & Resources Inc 3/26/2014 Charged by the SEC
Release No. 

71802/71803

7/15/2011 S.D. Florida 11-CV-22556
In re Jiangbo Pharmaceuticals, 

Inc.
§§ 10(b), 20(a) Milberg LLP; Wohl & Fruchter, LLP

Holland & Knight LLP - Individual; Law Offices of 

Mark C. Perry, P.A. - CFO Oncall, Inc.; Cole Scott 

& Kissane, P.A. - Frost, PLLC and Frazer, LLP 

(Auditors); No counsel of record - Company; 

Carlton Fields, P.A. - National Union Fire 

Insurance Company of Pittsburgh, PA.

10/26/2011 S.D. Florida 11-CV-23876
Lindquist v. Jiangbo 

Pharmaceuticals, Inc.
Derivative action

The Rosen Law Firm, P.A.; Rigrodsky 

& Long, P.A.; The Law Offices of 

Bruce G. Murphy, P.C.

Holland & Knight, LLP - Individual; Cole Scott & 

Kissane, P.A. - Frazer Frost, LLP

1 Advanced Battery Technologies Inc

3 China Sky One Medical Inc

5 Jiangbo Pharmaceuticals Inc
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No. Company Name Filing Date Court Case No. Case Cause of Action Plaintiff Counsel Defense Counsel

6/24/2011 C.D. California 11-CV-22305
Adam Wilson, et al. v. Yuhe 

International Inc., et al.

§§ 11, 12(a)(2), 15; §§ 

10(b), 20(a)
The Rosen Law Firm, PAPC

Sidley Austin LLP - Yuhe International, Inc.; 

Stroock & Stroock & Lavan LLP - Roth, Brean 

Murray and Global Hunter; William E. Stoner, PC - 

CVB

7/1/2011 C.D. California 11-CV-05511
Jeff Feyko v. Yuhe 

International Inc.

§§ 11, 12(a)(2), 15; §§ 

10(b), 20(a)
Gold Bennett Cera & Sidener LLP

Sidley Austin LLP - Company; Stroock & Stroock 

& Lavan LLP - Roth Capital Partners, LLC , Brean 

Murray, Carret and Co., LLC, and Global Hunter 

Securities, LLC (Underwriters); Dongell Lawrence 

Finney LLP - Rodman & Renshaw LLP; Wilk 

Auslander LLP - Rodman & Renshaw LLP; Wilson 

Elser, Moskowitz, Edelman & Dicker LLP - Child, 

Van Wagoner & Bradshaw, PLLC

7 Sino Clean Energy Inc 5/6/2011 C.D. California 11-3936-PA-SS
Redwen v. Sino Clean Energy

Inc.
§§ 11, 15 Gold Bennett Cera & Sidener LLP Loeb & Loeb LLP

8/26/2010 D. Delaware
10-CV-00728

(RGA)

Skeway et al. v. China Natural 

Gas Inc.
§§ 10(b), 20(a)

Rigrodsky & Long, P.A.; The Rosen 

Law Firm, P.A.

Shearman & Sterling LLP and Morris, Nichols, 

Arsht, Tunnell LLP - Company and certain 

individuals

5/22/2012
Delaware Court of 

Chancery
7559-VCL Kousa v. Ji Breach of fiduciary duty

Montgomery, McCracken, Walker & 

Rhoads, LLP

DLA Piper LLP - Individual; Cozen O'Connor - 

Company and individuals

12/5/2011 D. Delaware 11-1202-RGA In re China Natural Gas, Inc.
Appt. of receiver; breach 

of fiduciary duty

Liebesman Law, LLC; Wohl & 

Fruchter LLP; Chapin Fitzgerald 

Sullivan & Bottini LLP

Prickett, Jones & Elliott, P.A. - NASDAQ Stock 

Market LLC; Blank Rome LLP - Company

11/7/2011
Delaware Court of 

Chancery
7022-VCP

Kousa v. China Natural Gas, 

Inc.

Inspection of Books and 

Records

Liebesman Law, LLC; Wohl & 

Fruchter LLP
No counsel of record

4/20/2012 S.D. New York 12-CV-03166 Hanson v. Frazer Frost, LLP § 10(b)
Gainey & McKenna, LLP; Egleston 

Law Firm

Morvillo LLP - Friedman; Eaton & Van Winkle LLP 

- Frazer

5/14/2012 S.D. New York 12-CV-03824
SEC v. China Natural Gas, Inc. 

et al.

§ 17(a)(2); §§ 10(b), 13, 

14; SOX § 304
SEC

Cozen O'Connor - Company and

individual

4/14/2011 S.D. New York 11-CV-03177
Yanli Lin, et al. v. Puda Coal 

Inc., et al.

§§ 11, 12(a)(2), 15; §§ 

10(b), 20(a)

The Rosen Law Firm,P.A.; Glancy, 

Binkow & Goldberg LLP

Goodwin Procter LLP - Individuals; Weil, Gotshal 

& Manges LLP - Macquarie Capital US Inc.; Moses 

& Singer LLP - Brean Murray, Carret & Co.; 

Barrata, Barrata & Aidala LLP - MSPC Certified 

Public Accountants and Advisors, P.C.; Mayer 

Brown LLP - Moore Stephens Hong Kong; 

Robbins, Russell, Englert, Orseck, Untereiner & 

Sauber LLP - Moore Stephens International Ltd

2/22/2012 S.D. New York 12-CV-01316 SEC v. Zhao

§ 17(a); §§ 10(b), 

13(b)(5), 14(a), 20(a), 

20(e)

SEC No counsel of record

10 Harbin Electric Inc 7/26/2011 D. Nevada
3:10-CV-00685-

RCJ-VPC

Patrick Sweeney v. Harbin 

Electric Inc

Securities Litigation 

Uniform Standards Act 

(“SLUSA”), 15 U.S.C. § 

78bb(f)(3)(A)(i)

No counsel of record No counsel of record

6 Yuhe International Inc

8 China Natural Gas Inc

9 Puda Coal Inc
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No. Company Name Filing Date Court Case No. Case Cause of Action Plaintiff Counsel Defense Counsel

12/3/2010 C.D. California 10-CV-09239
In re China Education Alliance, 

Inc.
§§ 10(b), 20(a) The Rosen Law Firm P.A.

Shearman & Sterling LLP - Company and 

individuals

10/28/2011 C.D. California 11-CV-08973 Benjamin L Padnos v. Xiqun Yu Derivative action
Ball Law Firm; Federman & 

Sherwood

Shearman & Sterling LLP - Company and 

individuals

6/22/2011 S.D. Florida 11-CV-61400
Fuller v. China Fire & Security 

Group, Inc.

§§ 14(a), 20(a); state law 

claims
Faruqi & Faruqi LLP

Shearman & Sterling LLP and Bilzin Sumberg 

Baena Price & Axelrod LLP - Company and head 

of special committee; Kirkland & Ellis LLP and 

Carlton Fields, P.A - Amber Parent Ltd., Bain 

Capital Partners, LLC, and Amber Mergerco, Inc.

5/27/2011
15th Circuit Court 

Florida

50-2011 CA 

007884xxxxMB

Kashef v. China Fire & Security 

Group, Inc.

Breach of fiduciary duty; 

Injunctive relief
Saxena White P.A.

Shearman & Sterling LLP and Gunster, Yoakley & 

Stewart, P.A. - Company and head of special 

committee; Kirkland & Ellis LLP and Carlton 

Fields, P.A. - Amber Parent Ltd., Bain Capital 

Partners, LLC, and Amber Mergerco, Inc.

7/11/2011
17th Circuit Court 

Florida
11-7749 (07)

In re China Fire & Security 

Group, Inc.

Breach of fiduciary duty; 

Injunctive relief
Robbins Geller Rudman & Dowd LLP

Shearman & Sterling LLP and Bilzin Sumberg 

Baena Price & Axelrod LLP - Company and head 

of special committee; Kirkland & Ellis LLP and 

Carlton Fields, P.A. - Amber Parent Ltd., Bain 

Capital Partners, LLC, and Amber Mergerco, Inc.

2/11/2011 C.D. California 11-CV-01331
Theodore E Dean v. China 

Agritech, Inc.
§§ 11, 15; §§ 10(b), 20(a) The Rosen Law Firm, P.A.

O'Melveny & Myers LLP - Company and 

individuals; Wilk Auslander LLP & Dongell 

Lawrence Finney LLP - Underwriter; Mayer 

Brown LLP - Auditor

5/23/2011 C.D. California 11-CV-04417
Michael Gearing et al v. China 

Agritech Inc.

§§ 10(b), 20(a); state law 

claims
The Law Offices of Thomas J. Gearing

O'Melveny & Myers LLP - Company and 

individuals

10/4/2012 C.D. California 12-CV-01262
Kevin Smyth, et al. v. Yu 

Chang, et al.
§§ 10(b), 20(a) Rigrodsky & Long, P.A. No counsel of record

7/15/2011
Delaware Court of 

Chancery
6667-VCL Rish v. China Agritech, Inc.

Inspection of Books and 

Records

Prickett, Jones & Elliott, P.A.; Kessler 

Topaz Meltzer & Check, LLP
Ashby & Geddes, P.A. - China Agritech, Inc.

9/17/2010 S.D. New York 10-CV-06954
Sarbeswar Mohapatra, et al. v. 

China-Biotics, Inc., et al.
§§ 10(b), 20(a) The Rosen Law Firm, P.A. No counsel of record

10/13/2012 S.D. New York 10-CV-07838 Hill v. China-Biotics, Inc. §§ 11, 15; §§ 10(b), 20(a)
Saxena White, P.A.; Ryan & Maniskas 

LLP; Curtis V. Trinko LLP

Shearman & Sterling LLP - Company and 

individuals; DLA Piper US LLP - Underwriters

5/25/2012 S.D. New York 12-CV-04202
David Casper, et al. v. Jinan, et 

al.
§§ 10(b), 20(a)

Egleston Law Firm; Gainey & 

McKenna, LLP
No counsel of record

4/25/2011 S.D. New York 10-CV-07838
John Hill, et al. v. China-Biotics, 

Inc., et al.
§§ 10(b), 20(a)

Ryan & Maniskas, LLP; Saxena White 

PA
No counsel of record

11/18/2010
D. District of 

Columbia
10-CV-01983 Marteney v. Jinan Derivative action

Murphy Anderson PLLC; Barroway, 

Topaz, Kessler, Meltzer & Check, LLP

Shearman & Sterling LLP - Company; DLA Piper 

US LLP - Underwriters

14 China-Biotics Inc

11 China Education Alliance Inc

12 China Fire & Security Group Inc

13 China Agritech Inc
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No. Company Name Filing Date Court Case No. Case Cause of Action Plaintiff Counsel Defense Counsel

3/25/2011 C.D. California 11-CV-02559
Larry Brown v. China 

Integrated Energy, Inc.
§§ 11,15; §§ 10(b), 20(a) Abraham Fruchter & Twersky LLP

Loeb & Loeb LLP- Company and individual; Fox 

Rothschild LLP - Individual; Lewis Brisbois 

Bisgaard & Smith LLP - Auditor

7/7/2011
Delaware Court of 

Chancery 
6645-VCL Pick v. Gao Derivative action

Young Conway Stargatt & Taylor, 

LLP; Robbins Umeda LLP
No counsel of record

6/30/2011
Delaware Court of 

Chancery
6625-VCL Newton v. Gao Derivative action

Cooch and Taylor, P.A.; The Law 

Offices of Marc S. Henzel
No counsel of record

2/21/2013
Delaware Court of 

Chancery
7163-VCL

In re China Integrated Energy, 

Inc.
Derivative action

Prickett, Jones & Elliott, P.A.; Kessler 

Topaz Meltzer & Check, LLP

Richards, Layton & Finger, P.A. and Loeb & Loeb 

LLP - China Integrated Energy, Inc.; Wilks, Lukoff 

& Bracegirdle, LLC - Individuals; Morris James LLP 

- Individuals; Fox Rothschild LLP - Individuals

7/5/2011 C.D. California 11-CV-10395

Elliot Greenberg, et al. v. A-

Power Energy Generation 

Systems, Ltd., et al.

§§ 10(b), 20(a) Robbins Geller Rudman & Dowd LLP No counsel of record

12/16/2011 C.D. California
11-ml-02302 

(GWCW)

In Re A-Power Energy 

Generation Systems Ltd.
§§ 10(b), 20(a)

Lieff Cabraser Heimann & Bernstein 

LLP

Wilson Sonsini Goodrich & Rosati, P.C. - 

Company; Barnes & Thornburg LLP - Individual; 

Duane Morris LLP - Individual; Garrett & Tully, 

P.C. - MSCM LLP (Auditor)

12/27/2012 C.D. California 11-CV-10695 C. Walter Ries v. Jinxiang Lu Derivative Action

Robbins Geller Rudman & Dowd LLP; 

Law Offices of Debra S. Goodman, 

P.C.

Wilson Sonsini Goodrich and Rosati, P.C. - 

Company; Barnes & Thornburg LLP - Individual

9/20/2010 S.D. New York 10-CV-07235
Perry et al v. Duoyuan 

Printing, Inc.

§§ 11, 12(a)(2), 15; §§ 

10(b), 20(a)

The Rosen Law Firm, P.A.; Pomerantz 

Haudek Block Grossman & Gross LLP

Sidley Austin LLP - Company and individuals; 

Mayer Brown LLP - Individual; Crowe & Dunlevy, 

P.C. and Leventhal, Sliney & Mullaney, LLP - 

Individual; Faegre Baker Daniels LLP - 

Underwriters; Eaton & Van Winkle LLP - Auditor

4/27/2011 D. Wyoming 11-CV-00157 Schmitz et al. v. Diao Derivative action
Barroway, Topaz, Kessler, Meltzer & 

Check, LLP; Terry W. Mackey

Sidley Austin LLP - Company and individuals; 

Davis & Cannon LLP - Company and individuals

10/26/2011 C.D. California 11-CV-08859
Robert J Filiatreaux v. Duoyuan 

Printing Inc.

§ 10(b); breach of 

contract, conversion
Hand & Hand No counsel of record

18 Wonder Auto Technology Inc 5/31/2011 S.D. New York 11-CV-03687
In re Wonder Auto 

Technologies, Inc.
§§ 10(b), 20(a)

Gold Bennett Cera & Sidener LLP; 

Klafter Olsen & Lesser LLP
Morrison Foerster LLP

5/6/2011 S.D. New York 11-CV-03104
Brian Levy, et al. v. Fushi 

Copperweld, Inc., et al.
§§ 10(b), 20(a) Kaplan Fox & Kilsheimer, LLP No counsel of record

6/20/2011 M.D. Tennessee 11-CV-00595

North Port Firefighters' 

Pension-Local Option Plan v. 

Fushi Copperweld, Inc.

§§ 10(b), 20(a)

Robbins Geller Rudman & Dowd LLP; 

Barrett Johnston, LLC; Sugarman & 

Susskind, P.A.

Loeb & Loeb LLP - Company and individuals; 

Bradley Arant Boult Cummings LLP - Company 

and individuals

17 Duoyuan Printing Inc

19 Fushi Copperweld Inc

15 China Integrated Energy Inc

16 A-Power Energy Generation Systems Ltd
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No. Company Name Filing Date Court Case No. Case Cause of Action Plaintiff Counsel Defense Counsel

7/21/2011 D. Delaware 11-CV-00646
Strum v. China Security & 

Surveillance Technology Inc.
§§ 14(a), 20(a) O'Kelly & Ernst, LLC; Weiss & Lurie

Morris Nichols Arsht & Tunnell LLP - Company 

and individual; Shearman & Sterling LLP and 

Richards, Layton & Finger, P.C. - Individuals; 

Skadden, Arps, Slate, Meagher & Flom LLP - 

Rightmark Merger Sub Ltd. and Individual

3/15/2011
Delaware Court of 

Chancery
6279-CS

In re China Security & 

Surveillance Technology, Inc.
Derivative action Rigrodsky & Long, P.A.

Skadden, Arps, Slate, Meagher & Flom LLP - 

Rightmark Sub Limited and certain individual; 

Richards, Layton & Finger, P.A. - Certain 

individuals; Morris, Nichols, Arsht & Tunnell LLP - 

Company and certain individual

21 Xinhua Sports & Entertainment Ltd 5/27/2011
New York Supreme 

Court

22 SmartHeat Inc 8/31/2012 S.D. New York 12-CV-06682 Leshinsky v. SmartHeart et al.
§§ 10(b), 20(a); 15 U.S.C. 

§ 78j(b)
The Rosen Law Firm, P.A.

Sperling & Slater, P.C. and Tannenbaum Helpern 

Syracuse & Hirschtritt LLP

3/8/2013 C.D. California 13-CV-01682

Antoine de Sejournet, et al. v. 

Goldman Kurland Mohidin LLP, 

et al.

§§ 10(b), 20(a) The Rosen Law Firm, P.A. No counsel of record

4/29/2011 C.D. California 11-CV-03701
Rose v. Deer Consumer 

Products, Inc.
§§ 10(b), 20(a) The Rosen Law Firm, P.A.

Scheper Kim & Harris LLP - Deer Consumer 

Products, Inc. and individuals

11/12/2010 C.D. California 10-CV-08695
Susan Hufnagle v. Rino 

International Corp.
§§ 10(b), 20(a) The Rosen Law Firm, P.A.

Shearman & Sterling LLP - Company; Davis Polk 

& Wardwell LLP - Individual; Cooley Godward 

Kronish LLP - Individual; Klinedinst PC - Auditor

12/20/2010 D. Nevada 10-CV-02209 Weinstock et al v. Dejun Derivative action
The Weiser Law Firm, P.C.; Shuman 

Law Firm; Aldrich Law Firm

Shearman & Sterling LLP and Snell & Wilmer LLP - 

Company; Davis Polk & Wardwell LLP - 

Individual; Ballard Spahr LLP - Individual; Cooley 

Godward LLP - Individual; Gordon Silver - 

Individual

1/21/2011 C.D. California 11-CV-00655 Morningstar et al v. Jianping Derivative action
Kessler, Meltzer & Check, LLP; 

Rosman & Germain LLP

Shearman & Sterling LLP - Company; Orrick 

Herrington & Sutcliffe LLP - Individual; Quinn 

Emanuel Urquhart Oliver & Hedges LLP - 

Individual; Cooley Godward Kronish LLP - 

Individual; Davis Polk & Wardwell LLP - Individual

3/19/2010 S.D. New York 10-CV-02515 In re Fuqi International, Inc. §§ 11, 12(a)(2); § 10(b)

Abraham, Fruchter & Twersky, LLP; 

Rigrodsky & Long, P.A.; Glancy 

Binkow & Goldberg LLP

DLA Piper US LLP - Company; Sidley Austin - 

individuals

11/13/2012 D. Delaware 12-CV-1457 Fuqi International Inc. v. Rich
Declaratory and 

injunctive relief
DLA Piper LLP

Prickett, Jones & Elliott, P.A. and Kessler Topaz 

Meltzer & Check, LLP

26 SinoHub Inc 11/20/2012 S.D. New York 12-CV-08478

Ellsworth Investments Limited, 

et al. v. Sinohub, Inc., et al.
§21D(a)(3)(B) Scott & Scott LLP No counsel of record

4/12/2011 S.D. New York

3/8/2012 S.D. Florida
27 CD International Enterprises Inc

23 Deer Consumer Products Inc

24 RINO International Corp

25 Fuqi International Inc

20 China Security & Surveillance Technology Inc
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No. Company Name Filing Date Court Case No. Case Cause of Action Plaintiff Counsel Defense Counsel

3/29/2011 C.D. California 11-CV-02647

Awaaz Baksh, et al. v. NIVS 

Intellimedia Technology 

Group, Inc., et al.

§§ 10(b), 20(a)
Glancy Binkow & Goldberg LLP; Law 

Offices of Howard G. Smith
No counsel of record

4/12/2011 S.D. New York 11-CV-02484
Schuler v. NIVS Intellimedia 

Technology Group, Inc.

§§ 11, 12(a)(2), 15 §§ 

10(b), 20(a)

Saxena White, P.A.; Law Offices of 

Curtis V. Trinko, LLP

Wilson, Elser, Moskowitz, Edelman &

Dicker LLP - MaloneBailey LLP; Wilk Auslander 

LLP - Rodman & Renshaw, LLC; Cozen O'Connor - 

WestPark Capital, Inc.

10/13/2011 C.D. California 11-CV-08472
Yee v. NIVS Intellimedia 

Technology Group Inc.

California Corporations 

Code §§ 25401

25501, 25504, 25504.1

The Rosen Law Firm, P.A.

Cozen O'Connor - WestPark Capital, Inc., Richard 

Rappaport, and Anthony

Pintsopoulos

4/25/2011 C.D. California 11-CV-03531
Scott v. ZST Digital Networks, 

Inc.
§§ 11, 15; §§ 10(b), 20(a)

Glancy Binkow & Goldridge LLP; 

Murray Frank LLP

Shearman & Sterling LLP - Company and certain 

individuals; Wilk Auslander LLP - Rodman & 

Renshaw, LLC; Dongell Lawrence Finney LLP - 

Rodman & Renshaw, LLC; McAfee & Taft P.C. - 

Kempisty and Company Certified Public 

Accountants, P.C.

; Reed Smith LLP - Kempisty and

Company Certified Public Accountants, P.C.; 

Cozen O' Connor - WestPark Capital, Inc. and 

certain individuals

4/18/2012
California Supreme 

Court
BL483050

De Sejournet v. ZST Digital 

Networks, Inc.

California Corporations 

Code §§ 25501 25504
The Rosen Law Firm, P.A.

Shearman & Sterling LLP - Company

; Cozen O'Connor - WestPark Capital, Inc. and 

certain individuals

4/1/2011 C.D. California 11-CV-02794
McGee v. China Electric 

Motor, Inc.
§§ 11, 15 The Rosen Law Firm, P.A.

Shearman & Sterling LLP - China Electric Motor, 

Inc.; Dai & Associates, P.C. and Bird, Marella, 

Boxer, Wolpert, Nessim, Drooks & Lincenberg, 

P.C. - Individuals; Stroock & Stroock & Lavan - 

Roth Capital Partners, LLC, WestPark Capital, 

Inc., and Richard Rappaport; Wilson, Elser, 

Moskowitz, Edelman & Dicker LLP - 

MaloneBailey LLP; McAfee & Taft, P.C. - 

Kempisty & Co., P C and Phillip Kempisty

6/27/2011
Delaware Court of 

Chancery
6613-CS Bajpai v. Wang Derivative action

Young Conaway Stargatt & Taylor, 

LLP; Robbins Umeda LLP; Ryan & 

Maniskas, LLP

Morris, Nichols, Arsht & Tunnell LLP and 

Shearman & Sterling LLP - China Electric Motor, 

Inc.; Potter Anderson & Corroon LLP and Paul 

Hastings LLP - Individuals; Richards, Layton & 

Finger, P.A. - Individuals

30 China Electric Motor Inc

28 NIVS IntelliMedia Technology Group Inc

29 ZST Digital Networks Inc
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No. Company Name Filing Date Court Case No. Case Cause of Action Plaintiff Counsel Defense Counsel

2/4/2011 S.D. New York 11-CV-00804
McIntire v. China Media 

Express Holdings, Inc.
§§ 10(b), 20(a)

Hagens Berman Sobol Shapiro LLP; 

Cohen Milstein Sellers & Toll PLLC

Loeb & Loeb LLP - Company; Morrison Cohen 

Singer & Weinstein LLP - Individuals; Michael E. 

Marr - Auditor; Latham & Watkins LLP - Auditor; 

Kramer Levin - Auditor; Hughes Hubbard & Reed 

LLP - Auditor; Sidley Austin LLP - Auditor

3/18/2011 D. Delaware
11-CV-00233

(RGA)

Starr Investments Cayman II 

Inc. v. China MediaExpress 

Holdings Inc.

§§ 10(b), 20(a); state law 

claims

Boies Schiller & Flexner LLP; 

Bouchard Margules & Friedlander 

LLP

Loeb & Loeb LLP and Wiks, Lukoff &

Bracegirdle, LLC - Company; Morrison Cohen LLP 

and Morris James LLP - Certain individuals; 

Richards Layton & Finger, P.A. and Sidley Austin 

LLP - DTT; Michael E. Marr and Martin D. Haverly 

- A.J. Robbins, P.C.; Potter Anderson Cooper LLP - 

Thousand Space Holdings Ltd., Bright Elite 

Management Ltd., and certain individuals

6/8/2011
Delaware Court of 

Chancery
6552-VCP Olsen v. Cheng, Inc. Derivative action

Cooch and Taylor, P.A.; Robbins 

Umeda, LLP; Prickett, Jones & Elliott, 

P.A.: Attorneys for interested party 

Marc Paul

Loeb & Loeb LLP - China MediaExpress; Ballard 

Spahr LLP - Cheng, Huang and Zhou; Ashby & 

Geddes, P.A. and Dechert LLP - Dong

Delaware Court of 

Chancery
7535-VCP

In re China MediaExpress 

Holdings, Inc.
Derivative action

Prickett, Jones & Elliott, P.A.; Kessler 

Topaz Meltzer & Check, LLP

Wilks, Lukoff & Bracegirdle, LLC and Loeb & Loeb 

LLP - China MediaExpress; No counsel of record 

for Individuals

6/16/2011
Delaware Court of 

Chancery
6570-VCP

Paul v. China MediaExpress 

Holdings, Inc.

Inspection of Books and 

Records

Prickett, Jones & Elliott, P.A.; Kessler 

Topaz Meltzer & Check, LLP
Pepper Hamilton LLP - China MediaExpress

32 Keyuan Petrochemicals Inc 11/15/2011 C.D. California
11-CV-09495 

(PSGJCG)

Vanleeuwen et al v. Keyuan 

Petrochemicals Inc.
§§ 10(b), 20(a) The Rosen Law Firm, P.A.

DLA Piper (US) LLP - Company; Law Office of Ho-

El Park, P.C. - Individual; Hunter Taubman Weiss 

LLP - Individual

8/2/2011 D. Nevada 11-CV-01250 Johnson v. Chen Derivative action

Cooksey Toolen Gage Duffy & Woog 

PC; Kessler Topaz Meltzer & Check 

LLP

Greenberg Traurig LLP - Company and 

individuals; Snell & Wilmer LLP - Company and 

individuals

3/18/2011 S.D. New York 11-CV-01918 In re ShengdaTech, Inc. §§ 10(b), 20(a) Robbins Geller Rudman & Dowd LLP

Greenberg Traurig LLP - Company; Fulbright & 

Jaworski LLP - Individuals; Williams & Connolly 

LLP- Auditor

12/1/2011 D. Massachusetts 11-CV-12126
Miller Investment Trust v. 

Morgan Stanley & Co.

Blue-sky law mirroring § 

12(a)(2); negligent 

representation

The Rosen Law Firm, P.A. and 

Shapiro Haber & Urmy LLP - Miller 

Investment Trust

Ropes & Gray, LLP - Morgan Stanley & Co. LLC 

(f/k/a Morgan Stanley & Co. Incorporated); 

Bingham McCutchen LLP - KPMG Hong Kong

34 Chinacast Education Corp 5/25/2012 C.D. California 12-CV-04621
In re Chinacast Education 

Corp.
§§ 10(b), 20(a)

Pomerantz Haudek Grossman & 

Gross LLP; The Rosen Law Firm, P.A.

Fried, Frank, Harris, Shriver, & Jacobson LLP; 

Hirschmann Law Group

31 China MediaExpress Holdings Inc

33 ShengdaTech Inc
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No. Company Name Filing Date Court Case No. Case Cause of Action Plaintiff Counsel Defense Counsel

5/23/2011 C.D. California 11-CV-04402

Joe Mikus, et al. v. Longtop 

Financial Technologies 

Limited, et al.

§§ 10(b), 20(a) The Rosen Law Firm, P.A. No counsel of record

9/8/2011
D. District of 

Columbia
11-mc-00512

SEC v. Deloitte Touche 

Tohmatsu CPA Ltd.
SOX §§ 106(b), 106(e) SEC

Latham & Watkins LLP and Sidley Austin LLP - 

Deloitte Touche Tohmatsu CPA Ltd.

5/27/2011 S.D. New York 11-CV-03658
In Re: Longtop Financial 

Technologies Ltd.
§§ 10(b), 20(a)

Kessler Topaz Meltzer & Check, LLP; 

Grant & Eisenhofer P.A.

Kramer, Levin, Naftalis & Frankel LLP - Deloitte 

Touche Tohmatsu Ltd.; Nixon Peabody LLP - 

Individual; Individual defendant Derek Palaschuk - 

appearing pro se; Sidley Austin LLP - Deloitte 

Touche Tohmatsu (DTT) CPA Ltd.

6/11/2010 S.D. New York 10-CV-04577
Rosado v. China North East 

Petroleum Holdings Ltd.
§§ 10(b), 20(a)

Pomerantz Haudek, Grossman & 

Gross LLP

Crone Law Group: Company and individuals; 

Debevoise & Plimpton LLP: Individual; K & L 

Gates LLP and Dunn Neal & Gerger LLP: Ralph E. 

Davis Associates, Inc.

11/29/2012 S.D. New York 12-CV-08696
SEC v. China North East 

Petroleum Holdings Ltd. et al.

§§ 17(a); §§ 10(b), 13, 

20(a); aiding & abetting
SEC

Coffino Law Group - Company; Cozen O'Connor - 

Individuals

4/27/2012 D. Virgin Islands 12-CV-00045
Fayun Luo , et al. v. Qiao Xing 

Universal Resources, Inc., et al.
§§ 10(b), 20(a)

Law Offices Of Joel Holt; The Rosen 

Law Firm P.A. 

5/10/2012 S.D. New York 12-CV-03745
Kaszovitz v. Qiao Xing 

Universal Resources, Inc.
§§ 10(b), 20(a)

Pomerantz Haudek Block Grossman 

& Gross, LLP
No counsel of record

38 China Shenghuo Pharmaceutical Holdings 8/21/2008 S.D. New York 08-CV-07422

Beno Varghese, et al. v. China 

Shenghuo Pharmaceutical 

Holdings, Inc., et al.

§§ 10(b), 20(a) The Rosen Law Firm P.A. No counsel of record

39 AutoChina International 4/11/2012 D. Massachusetts 12-CV-10643
SEC v. AutoChina International 

Ltd.
§§ 17(a); §§ 9(a), 10(b) SEC

Goulston & Storrs, P.C. - Company; Loeb & Loeb 

LLP - Company

4/15/2011 D. New Jersey 11-CV-02164
Snellink v. Universal Travel 

Group, Inc.
§§ 10(b), 20(a) The Rosen Law Firm, P.A.

Katten Muchin Rosenman LLP and Sichenzia Ross 

Friedman Ference LLP - Universal Travel Group, 

Inc. and individuals

10/2/2013
D. District of 

Columbia
13-CV-1492

SEC v. Universal Travel Group, 

et al.

§§ 13(a), 13(b)(2)(A) & 

(B), and 13(b)(5); §§ 

10(b); §§ 17(a)

0

41 China Medical Technologies 12/19/2011 S.D. New York 11-CV-9297
In re China Medical 

Technologies, Inc.
§§ 10(b) and 20(a)

Pomerantz Haudek, Grossman & 

Gross LLP

Shearman & Sterling LLP - China Medical 

Technologies, Inc. and individual

4/24/2012 Fed Court Louisiana 12-CV-00960 SEC v. Sinotech Energy Ltd.
§17(a)(2); §§ 10(b), 13; 

20(a)
SEC ; US Attorneys Office (LAF) Wilson, Sonsini, Goodrich & Rosati, P.C.

8/19/2011 S.D. New York 11-CV-5831 Athale v. Sinotech Energy Ltd. §§ 11, 15; §§ 10(b), 20(a)
Robbins Geller Rudman & Dowd LLP; 

The Weiser Law Firm, P.C.

Wilson Sonsini Goodrich & Rosati, P.C. - 

Company; Gibson, Dunn & Crutcher, LLP - UBS 

AG, UBS Securities LLC, Citigroup Global Markets 

Inc., and Lazard Capital Markets LLC

43 Telestone Technologies* 7/10/2013
Delaware Court of 

Chancery
8513-VCG

Barnes v. Telestone Tech. 

Corp.

40 Universal Travel Group

42 SinoTech Energy*

35 Longtop Financial Tech

36 China North East Petroleum

37 Qiao Xing Universal Resources
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No. Company Name Filing Date Court Case No. Case Cause of Action Plaintiff Counsel Defense Counsel

10/18/2011 M.D. Tennessee 11-CV-00992 Blitz v. AgFeed Industries, Inc. §§ 10(b), 20(a)

Pomerantz Haudek Grossman & 

Gross LLP; The Rosen Law Firm, P.A.; 

Bramlett Law Offices

Latham & Watkins LLP - Company and 

individuals; Bass Berry & Sims PLC - Company 

and individuals

11/14/2011 M.D. Tennessee 11-CV-1087 Arshi v. Stadler Derivative action

Gilman Law LLP - Colead Counsel; 

Harwood Feffer LLP - Co-lead 

Counsel; Glancy Binkow & Goldberg 

LLP, Levi & Korsinky LLP, and Powers 

Taylor LLP - Members of Executive 

Committee; Bramlett Law Offices 

and Wade B. Cowan - Coliaison 

counsel

Latham & Watkins LLP - Company and 

individuals; Bass Berry & Sims PLC - Company 

and individuals

45 China Intelligent Lighting and Electronics* 4/1/2011 C.D. California 11-CV-02768
In re China Intelligent Lighting 

and Electronics, Inc.
§§ 11, 12(a)(2), 15

Gold, Bennett, Cera & Sidener LLP; 

The Rosen Law Firm, P.A.

McKenna, Long & Alridge LLP - China Intelligent 

Lighting and Electronics, Inc.; Wilk Auslander LLP - 

Rodman & Renshaw, LLC, John Borer, Edward 

Rubin, and David Horin; Winget, Spadafora & 

Schwartzberg - WestPark Capital, Inc., Richard 

Rappaport, Anthony Pintsopoulos; Wilson, Elser, 

Moskowitz, Edelman & Dicker LLP - 

MaloneBailey LLP; Reed Smith LLP - Kempisty & 

Co., P.C.

46 China Botanic Pharmaceutical Inc

47 Wowjoint Holdings Ltd

48 New Dragon Asia Corp 8/7/2012 S.D. New York 11-CV-8190
Midsummer Investment, Ltd. 

v. New Dragon Asia Corp. 

49 China TransInfo Technology Corp 2/24/2012 D. Nevada A-12-657022-B
In re China Transinfo 

Technology Corp.
Derivative action

Berman Devalerio; Levi & Korsinsky; 

Wolf Popper LLP; Pomerantz 

Grossman Hufford Dahlstrom & 

Gross LLP

Pillsbury Winthrop Shaw Pittman LLP - Company; 

Shearman & Sterling LLP - Special Committee 

Members; Skadden, Arps, Slate, Meagher, & 

Flom LLP - Individual

50 Shiner International Inc 6/12/2012 E. D. Pennsylvania 12-CV-03311
Stevens & Lee, PC v. Shiner 

International Inc
Stevens & Lee, PC

51 CleanTech Innovations Inc 12/20/2011 S.D. New York 11-CV-9358
Cleantech Innnovations, Inc. v. 

NASDAQ Stock Market, LLC

Equal protection (racial 

discrimination); selective 

prosecution; and 

intentional breach of 

attorney-client privilege 

in connection with 

NASDAQ's delisting of 

company

Fensterstock & Partners LLP Gibson, Dunn & Crutcher LLP - NASDAQ

* Not in the sample because of missing data

No Lawsuits Found

No Lawsuits Found

44 Agfeed*
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Therefore, the US regulatory framework is in general effective; especially, because 

investors have the right to file class action lawsuits. Although only a small portion of the 

lost money can be retrieved through a settlement penalty, the wrongdoers are not free from 

punishment. Most of the class action lawsuits occurred between 2010 and 2013, and most 

of the cases closed through settlement were initiated in 2010 or 2011, which is fairly fast 

prosecution. Lawsuits usually take years because of a lot of evidence collection and 

procedural activities. There are some cases that have not closed yet and investors have not 

been compensated financially, but these should make progress in the near future.  

Siegel (2005) claims that derivative lawsuits “do not apply to cross-listed firms.” 

This is not true. A derivative suit allows the minority investor to sue on behalf of the firm 

against a law-breaking officer, and, thus, force the officer to pay the firm back. Because in 

reverse mergers, foreign firms are incorporated into the US shell companies, they are 

recognized as domestic firms and are subject to derivative lawsuits. In fact, at least 14 of 

my delisted firms were involved in 17 derivative lawsuits, as shown in Table 1.6. The firms 

that were sued are all reverse mergers, including firms such as Advanced Battery 

Technologies Inc., Jiangbo Pharmaceuticals Inc., and RINO International Corp.  

The severity of the misconducts supports the fraud hypothesis. Although the weak 

firms are not deterred before listing, the overall US regulatory framework, including 

government agencies, independent research institutes, and short sellers, can effectively 

discover the crimes. 
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8. Conclusion 

This chapter uses a unique data set and presents the widespread misconduct of 

Chinese firms on the US exchanges. On the motivation of reverse mergers, my results reject 

the valuable assets hypothesis and the thrift hypothesis, but do not reject the fraud 

hypothesis. This chapter provides a new perspective on the debate on the effectiveness of 

the US regulations. Very few studies use such a comprehensive collection of cross-border 

misconduct cases. Siegel (2005) records misconduct cases before 2002, but with much 

fewer observations. In addition, my research only focuses on firms from China, and the 

cases are more recent - all of them are exposed after 2006.  
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The Role of the Director Social Networks in Spreading Misconduct: The 

Case of Reverse Mergers 
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1. Introduction 

In the past decade, a growing number of foreign firms were listed in the United 

States through reverse merger, a non-IPO listing technique that requires less information 

disclosure. Chapter One finds widespread delistings in these firms and lawsuits against 

their misconduct.  

Why do the bad firms list? The good firms list in the US to “bond” themselves 

under a strict regulatory framework to signify that they are good (Stulz, 1999; Benos and 

Weisbach, 2004; Pagano, Roell and Zechner, 2002). But for the firms described in Chapter 

One, what is their incentive to list in the US? 

Another important questions is how do so many firms learn of a reverse merger in 

such a short time, and how do the foreign managers, who commit misconduct by forging 

financial documents and being uncooperative with the auditors, deceive the US regulators 

without being uncovered for years? There were no Chinese firms listed through reverse 

mergers before 2003, but from 2005 to 2009 there were over 100 Chinese reverse mergers. 

Misconduct is not uncommon in the United States, but it usually comes from the financial 

misrepresentation (Karpoff, Lee and Martin, 2008) and the stock option backdating (Heron 

and Lie, 2007; Carow, Heron, Lie and Neal, 2009; Bernile and Jarrell, 2009) of US 

executives.  

To answer this question, I raise another two hypotheses. The first is the independent 

learning hypothesis. Under this hypothesis, each foreign firm learns the technique of 

reverse mergers independently. The prediction is that the reverse mergers should be 

randomly distributed in the firm network. The second is the network learning hypothesis. 

Under this hypothesis, foreign firms learn the technique from interconnected reverse 
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mergers. The prediction is that the reverse mergers will cluster together with some links 

between them.  

The results I find show that the unqualified firms choose to list in the US in order 

to profit from faster stock sales. They commit fraud by hiding their low quality through 

reverse mergers that allow for less information disclosure. Of the US-listed Chinese firms 

that were accused of misconduct in 2011 and 201215, 67 of them were delisted. The delisted 

firms tended to be reverse mergers with US-incorporated shell companies, to be 

headquartered in small cities, to be audited by small audit firms, and to change auditors 

frequently. On average, the directors of the involuntarily delisted firms cashed out 5.44% 

of their ownership every year - 3.34% higher than the directors of listed firms.  

According to my estimate, investors lost at least $811 million dollars during the 

fraudulent firms’ listings, but settlements charged to the wrongdoers only accounted for 

4.19 % of this loss. The consequences have been severe16. Moreover, I find that the media’s 

suspects were inaccurate, and that the firms that were accused in the media were not 

significantly riskier than others. 

                                           
15 Citron Research pioneered the investigation against the US-listed Chinese firms in February 2006, 

accusing the then-called China Technology Development Group Corporation (now Renewable Energy 

Trade Board Corp) for financial statement irregularities. Its stock price was nearly $10 before the report 

release and dropped sharply to $3 in July 2006. In May 2013 its price was below 50 cents. In February 

2007, Citron Research attacked the China VoIP Digital (now China Intelligence Information System) that 

was traded on the Over-The-Counter Bulletin Board (OTCBB). Its stock price plummeted and the firm was 

finally delisted. In May 2007, the short seller attacked Xinhua Financial Media (now Xinhua Sports and 

Entertainment) that was later confirmed as misconduct and delisted. The delisted firms are often transferred 

to the Pink Sheets and changed names. 
16 Even sophisticated investors suffered losses when the misconducts were exposed and the firms were 

delisted. They include John Paulson’s Paulson & Co. and the private equity group Carlyle. Paulson & Co. 

invested in Sino Forest that was a Chinese firm that claimed to own much more forest assets in China than 

it actually owned. The firm was accused of misconduct and delisted from the Toronto Stock Exchange. 

Carlyle had made investments in China Forestry, a Hong Kong-listed plantation operator, and China 

Agritech, a NASDAQ-listed fertilizer maker. Before the two firms were accused of misconduct and 

suspended from trading in 2011, Carlyle held an 11% stake in China Forestry and a 22% stake in China 

Agritech. 
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My results conclude that some Chinese firms get assistance from Western 

professionals. Moreover, the secret of misconduct is spread through the social network of 

the interlocked directors. A board interlock is created between firms when an executive or 

director at one firm joins the board of another (Burt, 1980; Mizruchi, 1996). Although  the 

spread of illegal activities through social networks is well-known, like financial 

misrepresentation and restatement (Fich and Shivdasani, 2007) and stock option 

backdating (Colvin, 2006), it is still surprising to know that a Chinese social network can 

spread misconduct in US markets too.  

This study contributes to the literature of finance, accounting, management, and 

sociology in several ways. I highlight the importance of social networks in spreading 

misconduct and suggest a new approach for research related to business frauds. Because 

the wrongdoers’ accounting numbers may be forged, their financial data are unreliable. 

The social network analysis primarily uses nonfinancial data. Last but not least, my 

findings have policy implications. Wrongdoers have similar patterns and gather in 

misconduct groups. These facts facilitate the probe of undiscovered misconducts. 

The rest of this chapter is organized as follows. Section 2 reviews literature. Section 

3 describes the data. Section 4 to 9 present the main findings. Section 10 concludes.  

 

2. Literature Review 

This chapter is related to several branches of literature. Besides those described in 

Chapter One, another branch of related literature is the social network of linked directors. 

Board links are believed to provide firms with critical social capital (Borgatti and Cross, 

2003) and to facilitate trust and cooperative exchange (Coleman, 1988). The directors’ 
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social networks affect corporate governance (Barnea and Guedj, 2007), promote 

information flow (Haunschild, 1993), facilitate acquisitions (Chikh and Filbien, 2011), 

enhance shareholder value (Ferris, Kim, Nishikawa and Unlu, 2011), and reduce 

underpricing in IPOs (Certo, Daily and Dalton, 2001). Chiu, Teoh and Tian (2012) find 

that economic behavior, such as earnings management, spreads through shared directors’ 

social network. Shropshire (2010) summarizes that linked firms share similar strategies 

and behaviors that include acquisitions (Haunschild, 1993), diversification (Chen, Dyball 

and Wright, 2009), poison pills and golden parachutes (Davis, 1991; Davis and Greve, 

1997), defections between stock exchanges (Rao, Davis, and Ward, 2000), and decision 

processes (Westphal, Seidel, and Stewart, 2001).  

 

3. Data 

The study involves a unique data set that comprises data from various sources. The 

primary data is related to the Chinese firms listed on the US exchanges, which are defined 

as in Chapter One. Data that are not described in Chapter One are as follows. 

3.1. Nonfinancial Data 

During the research, I find that most existing databases contain inaccurate records 

on the US-listed Chinese firms. In some databases, even reputable ones, I find over 40% 

of the data are incorrect after cross-checking with the SEC filings. Therefore in this paper, 

most of the information on the US-listed Chinese firms is hand-collected from 1,086 Form 

10-Ks and Form 20-Fs from year 1998 to 2013 and augmented with other financial 

statements.  
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The information on the registering name, country of incorporation, headquarter city, 

and listing exchange is obtained from Compustat and cross-checked with the SEC filings. 

A significant portion of the records on the country of incorporation are inconsistent with 

the records in the SEC filings. For the inconsistencies, I use the location in the “Jurisdiction 

of Incorporation or Organization” item in Form 10-K or Form 20-F as the incorporation 

country.  

Since the auditor information in Compustat is incomplete, I hand-collect the list of 

each firm’s audit firms from different years of the firms’ SEC filings. For the audit firms 

that changed names because of mergers, I combine the data by matching each of them 

under the same name. For example, the successor of Grobstein, Horwath & Company LLP 

and Crowe Chizek & Company LLC is Crowe Horwath LLP. All of the firms audited by 

the former two firms are recorded as clients of Crowe Horwath LLP. Although a member 

of Crowe Horwath International, I record GHP Horwath P.C. as Crowe Horwath LLP. 

Similar treatments apply to BDO International, Moore Stephens International, EFP 

Rotenberg LLP, Marcum Bernstein & Pinchuk LLP among others. This careful check of 

the data avoids mistakes. For instance, if a firm has an audit firm under a different name 

but did not change the auditor - then it is just the auditor’s name that changed. Therefore, 

the number of auditor changes, an independent variable in this study, is more accurate.  

The information on the status of the reverse merger is primarily compiled from the 

“Table of Chinese Reverse Mergers on US Exchanges” released by Bloomberg and the 

“List of Reverse-Merger Stocks Subject to Increased Margin Requirements” released by 

Interactive Brokers. Each firm’s reverse merger status is cross-checked with the IPO 

information from Compustat and the SEC filings, mainly Form 10-K, Form 20-F, Form 
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DEF 14A, and Form DEF 14C. The data on the reverse merger’s year or date are obtained 

from the SEC filings and cross-checked with various sources. The IPO dates are from 

Compustat. If a firm experienced a market transfer from OTCBB to an exchange, the listing 

year is recorded as the first day it was listed on the NYSE or NASDAQ. For example, 

Sinovac Biotech Ltd was first quoted on OTCBB in 2003 and then transferred to the NYSE 

MKT in 2004 and to NASDAQ in 2009. The year 2004 is recorded as the listing year. 

Some firms, most of them the shell companies in reverse mergers, have been listed for 

years as non-Chinese firms but later became Chinese because of mergers and acquisitions. 

An example is Zoom Technologies Inc. that was listed in 2003. In September 22, 2009, a 

Chinese company Jiangsu Leimeng Electric Technologies Ltd completed the purchase of 

Zoom. Therefore, I record the listing year of Zoom Technologies Inc. as 2009.  

Delisting information is primarily hand-collected from the announcements of 

exchanges, and the SEC Form 25-NSE. It is cross-checked with Compustat, CRSP, Yahoo 

Finance, Google Finance, and Bloomberg.  

In this research, I also shed light on the accuracy of media suspicion, that is, whether 

the firms that were suspected of fraud by the media are truly fraudulent. The term media 

here include all publications online, in newspapers, or in the form of research reports. I 

compile the list of firms that were suspected by stock analysts and investors from various 

sources. The concurrent research such as Ang, Jiang and Wu (2012) provides incomplete 

lists, therefore I supplement these lists with additional searches of media reports and 

analysts’ articles.  
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3.2. Financial Data 

The firm-level financial data that includes the market capitalization and the industry 

sector are obtained from Bloomberg. The market capitalization is denominated in US 

dollars after adjustment.  

The yearly average market capitalization for some firms is obtained from 

Bloomberg. For the others, I calculate the yearly average by averaging the quarterly market 

capitalizations obtained from Compustat. A list of data sources is attached in Appendix 8.1.  

3.3. Directors’ Ownership 

The data on ownership are carefully processed after being hand-collected from the 

SEC filings: mainly Form 10-K, Form 20-F, Form DEF 14A, Form DEF 14C, and their 

corresponding amendments. The information on changes in stock ownership is cross-

checked with the SEC filings’ Form 3, Form 4, and Form 5. Each firm’s aggregate 

ownership is calculated from adding up each director’s ownership share if the aggregate 

ownership is not provided explicitly in the filings. The calculation of the aggregate 

directors’ ownership considers the shareholding of all of the current directors, former 

directors who are still beneficial owners in the filing year, and the directors’ relatives.  

The stock split, company name change, and indirect ownership of directors through 

(usually offshore) other firms are also considered in the calculation. I check the firm’s 

board of directors to determine if a firm with a name change is the same firm as before. 

Only common stocks and options are included in the calculation of ownership; preferred 

stocks are not included. Because of directors’ turnover on the board, if a director appears 

in the previous years’ financial statements and still holds shares in the current year’s filings, 

his/her ownership is included in the calculation.  
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For example, according to Form 20-F that China GrenTech Corp Ltd. filed in 2007 

(which records the operating information of the firm in 2006), the firm’s major 

shareholders included Guoren Industrial, Heng Xing Yue Investments, and Drag 

Investments. These three major firm shareholders were all incorporated in the British 

Virgin Islands. Guoren Industrial owned 24% of China GrenTech’s shares, Heng Xing Yue 

Investments owned 18.3%, and Drag Investments owned 10.3%. Thus, the firm’s directors 

did not have ownership of China GrenTech directly, but they own the shares through these 

offshore firms.  

Guoren Industrial was 65% owned by Yingjie Gao and 35% owned by Fan Zhang. 

Yingjie Gao was the Chairman of the Board and the CEO. Fan Zhang was not a director. 

The form claimed that Fan Zhang was not related to or otherwise affiliated with Yingjie 

Gao. Heng Xing Yue Investments was 27.78% owned by Guang Shi, 18.055% by Yin 

Huang, 18.055% by Rong Yu, 18.055% by Qi Wang, and 18.055% by Jin Wan. Rong Yu 

was the CFO and Qi Wang was the vice president. Both Rong and Qi were directors of 

China GrenTech. The other three shareholders were not on the board and not affiliated with 

any directors. Drag Investments was wholly owned by Kunjie Zhuang, a director and the 

chief technology officer of China GrenTech.  

Therefore, the aggregate directors’ ownership of China GrenTech in the 2007 

filings is calculated as 24%×65%+18.3%×(18.055%+18.055%)+10.3% = 32.5%.  

Over 50% of the financial statements provide the aggregate directors’ ownership 

explicitly. The aggregate ownership is double checked by adding up each director’s 

ownership. Very rarely, there are situations like the inaccurate calculation of aggregate 

ownership and typos in the financial statements; these mistakes are corrected in my sample. 
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For example, the Form 20-F filed in 2013 by JinkoSolar Holding Co Ltd. showed that the 

aggregate stock ownership of all of the directors as a group was 6.7%; but the correct 

ownership number calculated according to the information in the financial statements 

should be 46.7%. The number in the 2012 filings was 49.6%.  

3.4. Shared Directors 

For each one of the 228 US-listed Chinese firms in my sample, I collect its directors 

from each year’s financial statements, mainly from Form 10-K, Form 20-F, and some 

quarterly reports. Because old directors leave and new directors join, I compile old and 

new directors in all of the years and construct a list for each firm. I find that 79% of the 

firms share directors, that is, they have directors who are also on the boards of other firms. 

There are in total 2,449 directors in the 228 firms, and 202 directors from 180 firms sit on 

another firm’s board. To warily avoid that different directors may have the same name, 

which is common when Chinese names are Latinized, I cross-check each of the 202 

directors’ resumes and find no repeated names.  

 

4. Director Stock Ownership and Stock Sale 

Table 2.1 presents the evolution of director stock ownership in the US-listed 

Chinese firms. Before the first year’s filing, there is a lock-up period for both IPOs and 

reverse mergers, usually 90-180 days. As shown in Row 1 of Panel A, the reverse mergers’ 

average and median initial director ownership is higher than IPOs. Row 2 shows that the 

listed reverse mergers have a higher average (median) of 53% (54%) in the first year; the 

listed IPOs have a lower average (median) of 46% (47%). The difference also holds for 

voluntary delistings and involuntary delistings - the voluntarily and involuntarily delisted 
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reverse mergers also have higher average and median initial ownership, as shown in Rows 

3 and 4. The IPOs’ average initial ownership is lower because they sell stocks to raise new 

capital, and reverse mergers do not. The average and median initial ownership is higher in 

delisted firms than in listed, perhaps because many of the delisted firms are reverse mergers. 

The average (median) initial directors’ ownership is 54% (56%) for all of the voluntarily 

delisted firms and 58% (61%) for all of the involuntarily delisted firms.  

 

Table 2.1 Directors' Ownership After Listing by Reverse Merger, Delisting and Suspect 

 

Row 1

Year No. Mean Accum Sale Median Accum Sale No. Mean Accum Sale Median Accum Sale No. Mean Accum Sale Median Accum Sale

1st 123 47% 49% 105 56% 56% 228 51% 52%

2nd 123 44% 3% 45% 4% 105 50% 6% 47% 9% 228 47% 4% 47% 5%

3rd 105 41% 6% 40% 9% 102 46% 10% 46% 10% 207 44% 7% 43% 9%

4th 67 35% 12% 34% 15% 80 41% 15% 40% 16% 147 38% 13% 37% 15%

5th 57 34% 13% 30% 19% 63 39% 17% 37% 19% 120 37% 14% 35% 17%

6th 32 27% 20% 24% 25% 31 36% 20% 33% 23% 63 32% 19% 29% 23%

7th 22 27% 20% 25% 24% 15 43% 13% 35% 21% 37 34% 17% 29% 23%

8th 14 24% 23% 26% 23% 7 48% 8% 50% 6% 21 32% 19% 27% 25%

9th 9 16% 31% 21% 28% 3 40% 16% 42% 14% 12 22% 29% 21% 31%

Row 2

Year No. Mean Accum Sale Median Accum Sale No. Mean Accum Sale Median Accum Sale No. Mean Accum Sale Median Accum Sale

1st 104 46% 47% 57 53% 54% 161 49% 51%

2nd 104 43% 3% 42% 5% 57 47% 6% 47% 7% 161 45% 4% 45% 6%

3rd 89 40% 6% 38% 9% 57 44% 9% 43% 11% 146 42% 7% 40% 11%

4th 55 32% 14% 31% 16% 47 41% 12% 40% 14% 102 36% 13% 35% 16%

5th 47 32% 14% 28% 19% 36 39% 14% 39% 15% 83 35% 14% 33% 18%

6th 26 23% 23% 21% 26% 19 36% 17% 34% 20% 45 29% 20% 29% 22%

7th 17 22% 24% 22% 25% 10 41% 12% 40% 14% 27 29% 20% 27% 24%

8th 10 27% 19% 26% 21% 5 46% 7% 50% 4% 15 33% 16% 27% 24%

9th 5 19% 27% 22% 25% 3 40% 13% 42% 12% 8 27% 22% 22% 29%

Row 3

Year No. Mean Accum Sale Median Accum Sale No. Mean Accum Sale Median Accum Sale No. Mean Accum Sale Median Accum Sale

1st 8 43% 48% 10 63% 64% 18 54% 56%

2nd 8 40% 3% 42% 6% 10 57% 6% 56% 8% 18 50% 4% 47% 9%

3rd 6 46% -3% 46% 2% 10 53% 10% 49% 15% 16 51% 3% 48% 8%

4th 5 36% 7% 41% 7% 9 49% 14% 40% 24% 14 44% 10% 41% 15%

5th 5 40% 3% 47% 1% 9 46% 17% 35% 29% 14 44% 10% 37% 19%

6th 1 50% -7% 50% -2% 5 50% 13% 31% 33% 6 50% 4% 40% 16%

7th 1 55% -12% 55% -7% 3 67% -4% 75% -11% 4 64% -10% 65% -9%

Row 4

Year No. Mean Accum Sale Median Accum Sale No. Mean Accum Sale Median Accum Sale No. Mean Accum Sale Median Accum Sale

1st 11 56% 62% 38 59% 59% 49 58% 61%

2nd 11 53% 3% 62% 0% 38 51% 8% 48% 11% 49 52% 6% 53% 8%

3rd 10 49% 7% 55% 7% 35 47% 12% 48% 11% 45 48% 10% 49% 12%

4th 7 54% 2% 53% 9% 24 38% 21% 38% 21% 31 42% 16% 41% 20%

5th 5 50% 6% 47% 15% 18 36% 23% 37% 22% 23 39% 19% 38% 23%

6th 5 43% 13% 44% 18% 7 28% 31% 24% 35% 12 34% 24% 28% 33%

7th 4 39% 17% 47% 15% 2 18% 41% 18% 41% 6 32% 26% 30% 31%

8th 4 19% 37% 19% 43% 1 13% 46% 13% 46% 5 17% 41% 13% 48%

9th 4 12% 44% 12% 50% 4 12% 46% 12% 49%

Involuntarily Delisted IPO Invol Delisted Reverse Merger

Voluntarily Delisted IPO

Listed Reverse MergerListed IPO

Vol Delisted Reverse Merger

All Listed

All Voluntarily Delisted

All IPO All Reverse Merger All

Panel A

Column 1 Column 2 Column 3

All Involuntarily Delisted
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Figure 2.1 is constructed from the data in Table 2.1 to provide a better picture of 

the data. As shown in Part 1, the involuntarily delisted firms have faster sales of director 

ownership than the listed firms up to their sixth year. On average, the former 

accumulatively sell 20% in the sixth year while the latter sell 24% (Column 3). After the 

seventh year the difference quickly enlarges. However, only a small number of firms 

survive to the eighth or ninth year. Therefore, the average ownership in these years may be 

affected by outliers and may not be consistent with the trend. 

 

Figure 2.1 Average Directors' Sales of Firm Ownership Over Time 

 

Part 1 

 

Year No. Mean Accum Sale Median Accum Sale No. Mean Accum Sale Median Accum Sale No. Mean Accum Sale Median Accum Sale

1st 34 59% 57% 7 59% 59% 76 55% 56%

2nd 34 51% 8% 47% 10% 7 53% 6% 51% 8% 76 49% 6% 47% 9%

3rd 31 47% 12% 44% 13% 7 49% 10% 47% 12% 71 45% 10% 44% 12%

4th 20 40% 19% 38% 19% 6 42% 17% 38% 21% 54 37% 18% 36% 20%

5th 17 37% 22% 37% 20% 6 37% 22% 33% 26% 48 37% 18% 35% 21%

6th 9 29% 30% 24% 33% 2 28% 31% 28% 31% 24 30% 25% 29% 27%

7th 3 25% 34% 20% 37% 1 30% 29% 30% 29% 11 28% 27% 27% 29%

8th 2 23% 36% 23% 34% 8 30% 25% 27% 29%

9th 1 24% 35% 24% 33% 3 34% 21% 24% 32%

Involuntarily Delisted Suspected Vol Delisted Suspected All Suspected

Panel B

10%
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40%

50%
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1 2 3 4 5 6 7 8 9
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Part 4 

 

Compared to the IPOs’ directors, the reverse mergers’ directors sell stocks 4% 

faster in the first five years, or 0.8% more per year (Part 2). Up to the sixth year, the average 

speeds of their sales are the same because of two effects. First, the directors in listed reverse 

mergers sell stocks more slowly than in listed IPOs (Part 3). But second, the directors in 

both voluntarily and involuntarily delisted reverse mergers sell stocks faster (Part 4). 

Therefore the two components’ effects cancel each other out.  

As Table 2.2 shows, the reverse mergers’ directors sell an average (median) of 4.33% 

(3.49%) of their stocks per year, compared to 1.55% (1.13%) in the IPOs. The delisted 

firms’ directors sell an average (median) of 4.58% (3.49%) of their stocks per year, 

compared to 2.1% (1.93%) in the listed firms. The involuntarily delisted firms’ directors 

sell an average (median) of 5.44% (4.63%) stocks per year, 3.34% (2.7%) higher than the 

listed firms. To put it another way, the directors in the involuntarily delisted firms on 

average cash out 8-10% more of their ownership over three years.  
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Table 2.2 Average Sales of Directors' Ownership per Year by Reverse Merger and 

Delisting Status 

 

Average Sales of Directors’ Ownership per Year by Reverse Merger and Delisting 

    Quantiles 

 No. Mean Std. Dev Min Q1 Median Q3 Max 

Involuntarily 

Delisted         

Yes 49 5.44% 5.75% -7.74% 1.92% 4.63% 8.76% 23.50% 

No 179 2.11% 4.22% -16.80% -0.13% 1.90% 4.25% 15.65% 

Delisted         

Yes 67 4.58% 5.54% -7.74% 0.42% 3.49% 7.70% 23.50% 

No 161 2.10% 4.23% -16.80% -0.12% 1.93% 4.25% 15.65% 

Reverse 

Merger          

Yes 105 4.33% 5.06% -10.28% 1.25% 3.49% 6.50% 23.50% 

No 123 1.55% 4.13% -16.80% -0.45% 1.13% 3.25% 15.61% 

 

5. Commonalities of Delisted Firms 

This section investigates the similar patterns of the delisted firms, which is useful 

in a probe of potential misconduct. A reasonable conjecture is that firms with less 

information disclosure may have a higher probability of involuntary delisting. This section 

presents that firms headquartered in small cities and audited by smaller audit firms have a 

significantly higher probability of involuntary delisting. Moreover, the involuntarily 

delisted firms change their auditors more frequently than listed ones.  

5.1. Audit Firms 

Reverse mergers significantly prefer non-Big Four audit firms. As shown in Table 

2.3, while 80.8% of the non-Big Four’s clients are reverse mergers, only 13.33% of the Big 

Four’s clients are. Among the Big Four’s 16 reverse merger clients, 12 hire small audit 
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firms at the same time. For the firms only audited by the Big Four, only 3.85% are reverse 

mergers; for the firms only audited by the non-Big Four, 81.65% are reverse mergers.  

 

Table 2.3 List of Audit Firms 

 

Auditing Firm N of Clients

Reverse 

Mergers % Delisted %

Involuntarily 

Delisted %

Reverse Mergers 

& Invol Delisted %

All Big Four 120 16 13.33% 19 15.83% 11 9.17% 4 3.33%

Only Big Four 104 4 3.85% 14 13.46% 7 6.73% 2 1.92%

Ernst & Young 21 2 9.52% 2 9.52% 0 0% 0 0%

Deloitte & Touche 57 6 10.53% 9 15.79% 6 10.53% 2 3.51%

PWC 31 1 3.23% 5 16.13% 3 9.68% 0 0%

KPMG 23 8 34.78% 6 26.09% 3 13.04% 2 8.70%

All Non-Big Four 125 101 80.80% 53 42.40% 42 33.60% 36 28.80%

Only Non-Big Four 109 89 81.65% 49 44.95% 39 35.78% 34 31.19%

Crowe Horwath 23 8 34.78% 7 30.43% 4 17.39% 2 8.70%

Moore Stephens International 20 19 95.00% 12 60% 7 35.00% 7 35.00%

BDO International 18 17 94.44% 5 27.78% 2 11.11% 2 11.11%

Friedman 11 7 63.64% 3 27.27% 3 27.27% 2 18.18%

Frazer Frost 11 10 90.91% 5 45.45% 3 27.27% 3 27.27%

Sherb & Co 9 7 77.78% 6 66.67% 6 66.67% 5 55.56%

Marcum Bernstein & Pinchuk 8 5 62.50% 1 12.50% 0 0% 0 0%

Kabani & Co 7 6 85.71% 3 42.86% 2 28.57% 2 28.57%

Goldman Kurland & Mohidin 7 7 100% 4 57.14% 4 57.14% 4 57.14%

EFP Rotenberg 6 6 100% 3 50% 2 33.33% 2 33.33%

Hansen, Barnett & Maxwell 6 4 66.67% 2 33.33% 1 16.67% 1 16.67%

Weinberg & Co 5 5 100% 4 80% 4 80% 4 80%

Grant Thornton 4 3 75.00% 0 0% 0 0% 0 0%

Albert Wong & Co 4 4 100% 1 25.00% 1 25.00% 1 25.00%

Schwartz Levitsky Feldman 4 4 100% 2 50% 2 50% 2 50%

Child, Van Wagoner & Bradshaw 4 4 100% 2 50% 2 50% 2 50%

Pannell Kerr Foster 4 4 100% 1 25.00% 1 25.00% 1 25.00%

UHY Vocation HK CPA Ltd 4 3 75.00% 2 50% 2 50% 1 25.00%

Jimmy C.H. Cheung & Co 4 4 100% 3 75.00% 2 50% 2 50%

Baker Tilly Hong Kong Ltd 4 3 75.00% 4 100% 4 100% 3 75.00%

Bagell, Josephs, Levine & Co 3 3 100% 1 33.33% 1 33.33% 1 33.33%

Samuel H. Wong & Co 3 2 66.67% 2 66.67% 2 66.67% 1 33.33%

Kempisty & Co 3 3 100% 3 100% 3 100% 3 100%

Arthur Andersen 2 0 0% 1 50% 1 50% 0 0%

AGCA 2 2 100% 1 50% 1 50% 1 50%

Mazars CPA Ltd 2 1 50% 0 0% 0 0% 0 0%

Stonefield Josephson 2 2 100% 1 50% 1 50% 1 50%

AJ. Robbins, P.C. 2 2 100% 2 100% 2 100% 2 100%

Marcum Bernstein & Pinchuk 2 2 100% 0 0% 0 0% 0 0%

MaloneBailey 2 2 100% 2 100% 2 100% 2 100%

Morison Cogen 1 1 100% 0 0% 0 0% 0 0%

Windes & McClaughry 1 1 100% 1 100% 1 100% 1 100%

WWC 1 1 100% 1 100% 1 100% 1 100%

Simon & Edward 1 1 100% 1 100% 0 0% 0 0%

Morgenstern, Svoboda & Baer 1 1 100% 1 100% 0 0% 0 0%

Acquavella, Chiarelli, Shuster, Berkower & Co 1 1 100% 1 100% 0 0% 0 0%

Paritz & Co 1 1 100% 0 0% 0 0% 0 0%

Farber Hass Hurley & McEwen 1 1 100% 0 0% 0 0% 0 0%

Patrizio & Zhao 2 2 100% 0 0% 0 0% 0 0%

Murrell, Hall, McIntosh & Co 2 2 100% 0 0% 0 0% 0 0%

ZYCPA Company Ltd 2 2 100% 0 0% 0 0% 0 0%

KCCW Accountancy Corp 1 1 100% 0 0% 0 0% 0 0%

Li & Co 1 1 100% 0 0% 0 0% 0 0%

Anderson Bradshaw 1 1 100% 0 0% 0 0% 0 0%

The Hall Group, CPAs 1 1 100% 0 0% 0 0% 0 0%

Spear,  Safer,  Harmon & Co 1 0 0% 1 100% 1 100% 0 0%

Parker Randall CF (HK) CPA 1 0 0% 1 100% 1 100% 0 0%

Rothstein Kass & Co 1 0 0% 0 0% 0 0% 0 0%

Mao & Co 1 0 0% 0 0% 0 0% 0 0%

Coopers & Lybrand 1 0 0% 0 0% 0 0% 0 0%

Jewett, Schwartz, Wolfe & Associates 1 0 0% 0 0% 0 0% 0 0%

Daszkal Bolton 1 0 0% 0 0% 0 0% 0 0%
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Some small audit firms’ clients have a high delisting percentage. Nearly or over 

half of the clients of Frazer Frost, Sherb & Co, Goldman Kurland & Mohidin, and EFP 

Rotenberg were delisted by May 2013. None of the four firms are top auditors in the United 

States17. For all of the Big Four’s clients, the delisting (involuntary delisting) percentage is 

15.83% (9.17%); for all of the non-Big Four’s clients, the delisting (involuntary delisting) 

percentage is 42.4% (33.6%). The numbers are lower for the firms only audited by the Big 

Four and higher for the firms only audited by the non-Big Four.  

Some audit firms like Frazer Frost were accused by the media for assisting the 

wrongdoers, intentionally or unintentionally18. A list of Frazer Frost’s clients is presented 

in Table 2.4. Those firms are small, remotely located, and young. It is not reasonable for 

small regional audit firms to have clients from remote Chinese cities. Given these firms’ 

small size and the different Chinese accounting standard19, it is likely that those firms do 

not have enough expertise and experience to understand Chinese business.  

In fact, at least six audit firms 20  set up their “wholly foreign owned Chinese 

subsidiaries,” or WFOE. However, under the Chinese regulations, foreign audit firms, 

except for the Big Four, are not allowed to set up offices in China. Foreign audit firms may 

be issued a “temporary audit practice certificate,” or TAPC, that allows them to audit 

clients in China. However, they are not allowed to hire staff or rent office space.  Only 

                                           
17 For a list of the top US accounting firms, see http://www.statista.com/statistics/188849/25-leading-us-

accounting-firms-2011/ and http://www.accountingmajors.com/accountingmajors/articles/top100.html 
18 Examples of accusations of Frazer Frost can be found at http://goingconcern.com/2010/11/all-those-

frazer-frost-christmas-cards-will-go-to-waste-now and http://china.fixyou.co.uk/2010/12/troubled-frazer-

frost.html 
19 Chinese accounting standard is neither GAAP nor IFRS but more similar to IFRS given the recent years’ 

changes 
20 The six firms are Marcum Bernstein & Pinchuk (headquartered in New York), Friedman (New York), 

GHP Horwath, a member of Crowe Horwath International (Denver), Kabani & Co. (Los Angeles), 

MaloneBailey (Houston) and Sherb & Co. (New York). 
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licensed Chinese CPAs are legally allowed to own an interest in a Chinese CPA firm. 

Therefore, what the audit firms might do is to outsource the auditing services to local 

Chinese CPAs, which are not supervised by the Public Company Accounting Oversight 

Board (PCAOB). Therefore, the risk of moral hazard is greater with outsourcing.  

 

Table 2.4 Frazer Frost's Clients 

This table lists the 11 companies that were audited by the auditing firm Frazer Frost. 6 of the 11 

companies have been delisted by October 2012. 

   

Company Name Symbol Delisted 

Jiangbo Pharmaceuticals Inc JGBO Yes 

China Valves Technology Inc CVVT Yes 

Skystar Bio-pharmaceutical SKBI No 

China Natural Gas Inc CHNG Yes 

Harbin Electric Inc HRBN Yes 

General Steel Holdings Inc GSI No 

China Fire & Security Group Inc CFSG Yes 

RINO International Corp RINO Yes 

China Advanced Construction Materials Group Inc CADC No 

China Jo-jo Drugstores Inc CJJD No 

SinoCoking Coal and Coke Chemical Industries Inc SCOK No 

 

As shown in Panel A of Table 2.5, 142 Chinese firms never changed their auditors, 

63 changed once, 19 changed twice, and 4 changed three times. Among the firms that did 

not change auditors, 16.90% were involuntarily delisted, 23.24% were delisted, and 30.99% 

were reverse mergers. The three numbers are higher for the firms that changed auditors 

once of which 25.4% were involuntarily delisted, 36.51% were delisted, and 71.43% were 

reverse mergers. The numbers are even higher for the firms that changed auditors twice of 

which 31.58% were involuntarily delisted, 47.37% were delisted, and 84.21% were reverse 

mergers. Fifty percent of the firms that change auditors three times were involuntarily 

delisted, and 75% were reverse mergers.  
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Table 2.5 Auditor Change by Delisting Status and Reverse Merger 

 

Panel B presents the same data in a different way. Of all of the firms in the sample, 

62.28% never changed auditors. For the reverse mergers, the percentage is only 40.74%; 

while 27.63% of the firms in the full sample changed auditors once of which 33.33% were 

involuntarily delisted firms, 34.33% were delisted firms, and 41.67% were reverse mergers. 

Higher percentages of involuntarily delisted firms, delisted firms, and reverse mergers 

changed auditors twice compared to the full sample.  

The numbers capture the fact that involuntarily delisted firms, delisted firms, and 

reverse mergers change auditors more frequently. Panel C shows that the reverse mergers 

on average change 0.8 times while IPOs only change 0.23 times. The average auditor 

change is also higher for the delistings and the involuntarily delistings.  

  

Number of Auditors Change N Yes No Yes No Yes No Yes No

0 142 16.90% 83.10% 23.24% 76.76% 30.99% 69.01% 12.68% 87.32%

1 63 25.40% 74.60% 36.51% 63.49% 71.43% 28.57% 22.22% 77.78%

2 19 31.58% 68.42% 47.37% 52.63% 84.21% 15.79% 31.58% 68.42%

3 4 50.00% 50.00% 50.00% 50.00% 75.00% 25.00% 0.00% 100.00%

N % N % N % N % Sum

Involuntarily Delisted 24 50.00% 16 33.33% 6 12.50% 2 4.17% 48

Delisted 33 49.25% 23 34.33% 9 13.43% 2 2.99% 67

Reverse Mergers 44 40.74% 45 41.67% 16 14.81% 3 2.78% 108

RM & Invol Delisted 20 48.78% 14 34.15% 6 14.63% 1 2.44% 41

Total 142 62.28% 63 27.63% 19 8.33% 4 1.75% 228

N Mean N Mean N Mean

Yes 48 0.71 67 0.70 108 0.80
No 180 0.44 161 0.41 120 0.23

Panel A: Type and Percentage by Number of Auditors Change

RMDelistedInvol Delisted RM & Invol Delisted

Invol Delisted Delisted Reverse Merger

Panel C: Average Auditor Change by Type

Panel B: Number of Auditors Change and Percentage by Type

Change = 0 Change = 1 Change = 2 Change = 3
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5.2. Incorporation and Headquarters 

Panel A of Table 2.6 shows that none of the US-listed Chinese firms is incorporated 

in mainland China. Except for one firm incorporated in Hong Kong, the others are either 

in the United States or in the two offshore tax shelters: the Cayman Islands and the British 

Virgin Islands. The main reason that the Chinese firms did not register in China is to avoid 

unnecessary Chinese regulations on overseas IPOs and capital flows. Most of the reverse 

mergers and involuntary delistings incorporate in the United States, especially in Nevada 

and Delaware. Compared to the firms that incorporate in the United States, the firms that 

incorporate in the Cayman Islands have a significantly lower involuntary delisting 

percentage.  

 

Table 2.6 Reverse Mergers and Delistings by Incorporation and Headquarter 

 

 

Among the 228 US-listed Chinese firms, 102 or 44.73% of them are incorporated 

in the United States. Among them, 97.06% are reverse mergers. This is not surprising 

because the shell companies in reverse merger transactions are US-incorporated firms. Of 

the shell companies, 108 or 47.37% of them are incorporated in the Cayman Islands, and 

Incorporation Country Total N % N % N % N %

United States 102 99 97.06% 48 47.06% 39 38.24% 39 38.24%

Cayman Islands 108 3 2.78% 14 12.96% 6 5.56% 1 0.93%

British Virgin Islands 17 6 35.29% 5 29.41% 3 17.65% 1 5.88%

Hong Kong 1 0 0.00% 0 0.00% 0 0.00% 0 0.00%

Total 228 108 47.37% 67 29.39% 48 21.05% 41 17.98%

Panel A: Reverse Mergers and Delistings by Incorporation Country

Reverse Mergers Delisted Invol Delisted RM & Invol Delisted

Headquarter City Total N % N % N % N %

Beijing 72 21 29.17% 13 18.06% 8 11.11% 4 5.56%

Shanghai 27 2 7.41% 4 14.81% 2 7.41% 2 7.41%

Other Cities 129 85 65.89% 50 38.76% 38 29.46% 35 27.13%

Total 228 108 47.37% 67 29.39% 48 21.05% 41 17.98%

Panel B: Reverse Mergers and Delistings by Headquarter City

Reverse Mergers Delisted Invol Delisted RM & Invol Delisted
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17 or 7.46% of them are incorporated in the British Virgin Islands. The firms that are 

incorporated in the United States and the British Virgin Islands have a higher than average 

percentage of delistings and involuntary delistings. This is partly because those firms have 

a higher percentage of reverse mergers - there are 39 reverse mergers, or 81.25%, among 

the 48 involuntary delistings.  

Panel B shows that the reverse mergers are more likely to be headquartered in small 

cities. These firms also have a higher percentage of delistings and involuntary delistings. 

Of the firms headquartered in Beijing, 18.06% and 11.11% are delisted and are 

involuntarily delisted respectively. The percentages are 14.81% and 7.41% for firms in 

Shanghai. Comparatively, 38.76% and 30.23% of all of the other firms are delisted and 

involuntarily delisted respectively.  

  

5.3. Multivariate Analysis 

In Table 2.7, I perform Logit analyses. I use the Logit STATA command to generate 

these analyses, with a robust option for estimating the standard errors using the Huber-

White sandwich estimators. These robust standard errors can deal with a collection of 

minor concerns about the failure to meet assumptions, such as normality, heteroscedasticity, 

or some observations that exhibit large residuals, leverage, or influence. With the robust 

option, the point estimates of the coefficients are exactly the same as in an ordinary OLS, 

but the standard errors take into account issues concerning heterogeneity and the lack of 

normality21.  

 

                                           
21 http://www.ats.ucla.edu/stat/stata 
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Table 2.7 Logit Regression on Involuntary Delistings 

 

The dependent variable in Models 1-8 is the Involuntary Delisting Dummy that 

equals one if the observation is involuntarily delisted and zero otherwise. Models 1-6 have 

only one explanatory variable. Reverse Merger, Audited by Big Four, Headquartered in 

Beijing or Shanghai, and US Incorporation are dummy variables that equal one if the 

condition is satisfied and zero otherwise. Sales of Ownership per Year is the yearly 

percentage of ownership sold by directors. In these models, the dependent variable is 

significantly associated with each of the explanatory variables. The reverse mergers are 

more likely to be involuntarily delisted. The firms with more sales of ownership are more 

likely to be involuntarily delisted. The firms audited by the Big Four are less likely to be 

involuntarily delisted. The firms with more changes of auditors are more likely to be 

involuntarily delisted. The firms headquartered in Beijing or Shanghai are less likely to be 

involuntarily delisted. And the firms with US incorporation are more likely to be 

involuntarily delisted, partly because most US incorporated firms are reverse mergers.  

Logit Regression

(1) (2) (3) (4) (5) (6) (7) (8)

Reverse Merger 2.290*** 2.024*** 1.306

(0.438) (0.453) (0.708)

Sale of Ownership Per Year 0.158*** 0.111** 0.113**

(0.0402) (0.0410) (0.0425)

Audited by Big Four -1.764*** -0.556

(0.388) (0.605)

Number of Auditor Change 0.467* -0.0524

(0.207) (0.302)

Headquartered in Beijing or Shanghai -1.313*** -0.435

(0.386) (0.480)

US Incorporation 2.085*** 0.206

(0.402) (0.709)

Constant -2.781*** -1.897*** -0.625** -1.585*** -0.873*** -2.565*** -3.022*** -2.300***

(0.390) (0.245) (0.201) (0.210) (0.194) (0.347) (0.409) (0.668)

Obs 228 228 228 228 228 228 228 228

Pseudo R-squared 0.1616 0.0867 0.1068 0.0209 0.0574 0.1455 0.1978 0.2101

Dependent Variable: Involuntary Delisting Dummy

* p<0.05, ** p<0.01, *** p<0.001

Standard errors in parentheses
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Due to severe multicollinearity, the coefficients in Models 8 are not significant. 

This is because most of the reverse mergers were not audited by the Big Four, had 

significantly more changes in auditors, were headquartered in small cities, and were 

incorporated in the United States.  

 

Table 2.8 Logit Regression on Involuntary Delistings with Network Variables 

Panel A 

 

In Table 2.8 Panel A, I use the Involuntary Delisting Dummy as the dependent 

variable for the Logit model regressions. I only include the Reverse Merger dummy and 

the Sale of Ownership per Year from Models 7 in Table 2.7 to avoid the multicollinearity. 

To estimate the network effects, the list of independent variables is augmented with the 

eigenvector centrality, the clustering coefficient and the interaction term of the two 

variables. I also introduce the variable Fraud Modularity Class that equals one if the 

observation falls into the aforementioned misconduct groups and zero otherwise. Models 

Logit Regression

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12)

Reverse Merger 2.208** 2.475*** 1.940** 1.975* 1.734** 1.107 2.198** 2.442*** 1.784* 1.826* 1.517* 0.852

(0.691) (0.651) (0.717) (0.768) (0.670) (0.753) (0.696) (0.656) (0.740) (0.783) (0.671) (0.765)

Sale of Ownership Per Yr 0.160** 0.179*** 0.192*** 0.190*** 0.196*** 0.220*** 0.151** 0.183*** 0.204*** 0.202*** 0.187*** 0.233***

(0.0513) (0.0494) (0.0555) (0.0553) (0.0471) (0.0520) (0.0545) (0.0532) (0.0598) (0.0589) (0.0481) (0.0590)

Eigenvector Centrality -6.671* -9.823* -7.774 -10.33 -8.442* -12.18* -8.639 -8.489

(3.259) (4.216) (7.742) (8.503) (4.062) (5.390) (8.611) (8.665)

Clustering Coefficient 1.355* 1.768** 1.856* 1.433 1.516* 2.026** 2.220* 2.029*

(0.618) (0.623) (0.757) (0.800) (0.696) (0.673) (0.872) (0.971)

Centrality*Clustering Coef -3.833 -1.755 -7.023 -8.384

(12.11) (15.52) (14.38) (16.98)

Fraud Modularity Class 1.792*** 1.585** 2.012*** 1.644**

(0.518) (0.537) (0.587) (0.571)

Constant -3.296*** -4.481*** -3.766*** -3.826*** -4.399*** -3.947*** -3.032*** -4.495*** -3.598*** -3.706*** -4.384*** -4.034***

(0.670) (0.739) (0.806) (0.900) (0.677) (0.868) (0.695) (0.788) (0.871) (0.979) (0.728) (1.006)

Obs 180 180 180 180 180 180 162 162 162 162 162 162

Pseudo R-squared 0.3202 0.3265 0.3706 0.3709 0.3625 0.4133 0.3347 0.3330 0.3943 0.3952 0.3689 0.4329

162 Interconnected Firms

Standard errors in parentheses

* p<0.05, ** p<0.01, *** p<0.001

Dependent Variable: Involuntary Delisting Dummy

180 Firms that are not Isolated



72 of 153 

 

1-6 include the 180 firms that are not isolated and Models 7-12 only include the 162 

interconnected firms in modularity classes 1-12.  

 

Table 2.8 Panel B 

 

In all of the regressions, the coefficients of the Sale of Ownership per Year are 

always significantly positive. The coefficients of the Reverse Merger dummy are 

significantly positive in 10 models. The coefficients of the eigenvector centrality are 

negative, the coefficients of the clustering coefficient are positive, and the coefficients of 

the interaction term are negative. The results say that the clustered firms in periphery area 

of the network are more likely to be involuntarily delisted. The coefficients of the Fraud 

Modularity Class are significantly positive, confirming the previous results.  

Logit Regression

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)

Percentage of Reverse 2.447*** 2.327*** 1.873* 2.654*** 2.743*** 2.225**

Mergers in Linked Firms (0.511) (0.668) (0.810) (0.567) (0.749) (0.832)

Percentage of Delistings 1.934*** 2.244***

in Linked Firms (0.558) (0.616)

Percentage of Involuntary 1.505** 1.883**

Delisting in Linked Firms (0.576) (0.617)

Reverse Merger 0.872 0.589 0.714 0.220

(0.590) (0.721) (0.611) (0.684)

Sale of Ownership Per Yr 0.211*** 0.237*** 0.213*** 0.264***

(0.0445) (0.0544) (0.0463) (0.0610)

Eigenvector Centrality -6.864 -8.488

(6.846) (7.727)

Clustering Coefficient 1.837* 2.237*

(0.761) (0.889)

Centrality*Clustering Coef 0.672 -1.263

(9.621) (11.95)

Constant -2.841*** -2.144*** -1.853*** -4.263*** -4.247*** -2.888*** -2.230*** -1.940*** -4.269*** -4.225***

(0.388) (0.294) (0.247) (0.646) (0.969) (0.418) (0.318) (0.268) (0.663) (1.033)

Obs 180 180 180 180 180 162 162 162 162 162

Dependent Variable: Involuntary Delisting Dummy

180 Firms that are not Isolated 162 Interconnected Firms

Standard errors in parentheses

* p<0.05, ** p<0.01, *** p<0.001
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In Table 2.8 Panel B, I use another set of models to examine the network effect. 

The dependent variable of the Logit regressions is the Involuntary Delisting Dummy. I add 

a new independent variable, the Percentage of Reverse Mergers in Linked Firms. It is 

defined as the percentage of the reverse mergers in an observation’s directly linked firms. 

The list of independent variables is also augmented by the Percentage of Delistings in 

Linked Firms and the Percentage of Involuntary Delistings in Linked Firms, which are 

defined similarly. Models 1-5 include the 180 firms that are not isolated and Models 6-10 

only include the 162 interconnected firms in modularity classes 1-12.  

The coefficients are significantly positive, which means that if a firm’s direct 

connections have a higher proportion of the reverse mergers, or the delistings, or the 

involuntary delistings, the firm is more likely to be involuntarily delisted. The other 

variables are insignificant because of multicollinearity.  

 

6. How Do the Reverse Merger and Misconduct Spread? 

  

6.1. Social Network Analysis and Misconduct Groups 

One of the finest results in this study is the commonalities in the misconducts found 

in the director networks. This result could not be discovered if each firm was treated as an 

individual rather than a member of a network. A prominent feature of the US-listed Chinese 

firms is that 79% of them are connected through linked directors. There are 2,449 directors 

in the 228 firms. Among them, there are 202 directors linked to 180 additional firms. In 

the network, most delisted firms cluster together to form communities. These communities 

barely connect with the listed firms. I call these communities “misconduct groups”.  
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In the rest of this section, I use data visualization techniques to present the US-

listed Chinese firms’ network in a colored graph, with misconduct groups marked. 

Moreover, this study uses network indicators as regression variables, including eigenvector 

centrality and clustering coefficients.  I will first introduce some key measures of the 

network, and then describe how the network is constructed that is followed by the results.  

  

6.2. Network Measures 

Social network analysis, which has its roots in a book written by Barnes (1954), is 

a strategy for investigating social structures. The traditional individualistic theory and data 

analysis considers individual members that make choices without considering the social 

context of the individual. The social network analysis, however, conceptualizes the social 

structure as a network with ties linking members and channeling resources. This analysis 

focuses on the characteristics of the ties rather than on the characteristics of the individual 

members (Wetherell et al., 1994). The relationships between the actors are the first priority 

and individual properties become secondary. The relational data are the focus of the 

investigations. This network study is a topic that has gained increasing importance in recent 

years (Scott, 1991; Piette and Ross, 1992; Wasserman and Faust, 1994; Katz and Martin, 

1997; Snijders and Bosker, 1999; Newman, 2001; Barab ¢̈si et al., 2002; Moody, 2004).  

In network theory, a network consists of two types of elements, namely nodes and 

edges. A node is a vertex in a network graph that represents an individual person, firm, or 

country. An edge is a line that ties two nodes together, which indicates that the two nodes 

are adjacent. An edge is either directed or undirected, which depends on the relationship 

between the two nodes. The degree of a node is the number of edges adjacent to it. The 
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concept of modularity describes how the network is compartmentalized into subnetworks, 

or modular communities. A high modularity score indicates a sophisticated internal 

structure, given the same set of parameters.  

A path in a graph is a finite or infinite sequence of edges that connect a sequence 

of nodes. In an undirected network graph, two nodes are called connected if the graph 

contains a path from one node to the other. Otherwise, they are called disconnected. If the 

two nodes are additionally connected by a path of length 1, that is, by a single edge, the 

nodes are called adjacent. A graph is said to be connected if there are paths containing 

every pair of nodes. The distance between two vertices in a graph is the length of the 

shortest path between them if one exists, and the distance is infinity otherwise.  

Centrality refers to a group of metrics that aim to quantify the importance or 

influence of a particular node within a network. A higher centrality measure indicates that 

the node is at a more central position in terms of influence. Centrality can be measured by 

different methods. Different from betweenness centrality and closeness centrality, this 

paper uses eigenvector centrality that considers the centrality of the adjacent nodes when 

measuring a particular node’s influence. It assigns relative scores to all of the nodes in the 

network based on the concept that connections to high-scoring nodes contribute more to 

the score of the node in question than equal connections to low-scoring nodes. For example, 

compared to a person whose friends have no other friends, a person whose friends have 

many connections has a higher eigenvector centrality score.  

For a given graph 𝐺 ≔ (𝑉, 𝐸) with |𝑉| number of nodes, let 𝐴 = (𝑎𝑖,𝑗) be the adjacency 

matrix in which 𝑎𝑖,𝑗 = 1 if node 𝑖 is linked to node 𝑗 and 𝑎𝑖,𝑗 = 0 otherwise. Given 𝑀(𝑖) 
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is a set of the neighbors of 𝑖 and 𝜆 is a constant, the eigenvector centrality score is 

defined as: 

𝑥𝑖 =
1

𝜆
∑ 𝑥𝑗 =

1

𝜆
∑ 𝑎𝑖,𝑗𝑥𝑗𝑗∈𝐺𝑗∈𝑀(𝑖) . 

This formula can be rewritten in vector notation as the eigenvector equation with 𝜆 as the 

eigenvalue: 

𝐀𝐱 = 𝜆𝐱 

The local clustering coefficient of a node in a network quantifies how close its neighbors 

are to being a clique (Watts and Strogatz, 1998). The neighborhood 𝑁𝑖 for a node 𝑖 is 

defined as its immediately linked neighboring nodes: 

𝑁𝑖 = {𝑗: 𝑎𝑖,𝑗 ∈ 𝐸 ∧ 𝑎𝑗,𝑖 ∈ 𝐸}. 

Defining 𝑘𝑖 as the number of nodes of node 𝑖 in the neighborhood 𝑁𝑖, the local clustering 

coefficient 𝐶𝑖 for node 𝑖 is then given by the proportion of links between the nodes within 

its neighborhood divided by the number of links that could possibly exist between them. 

In an undirected network, 𝑎𝑖,𝑗 and 𝑎𝑗,𝑖 are identical. Therefore, if node 𝑖 has 𝑘𝑖 neighbors, 

then 𝑘𝑖(𝑘𝑖 − 1)/2 edges could exist among the nodes within the neighborhood. Thus, the 

local clustering coefficient for undirected graphs can be defined as: 

𝐶𝑖 =
2|{𝑎𝑗,𝑘:𝑗,𝑘∈𝑁𝑖,𝑎𝑗,𝑘∈𝐸}|

𝑘𝑖(𝑘𝑖−1)
. 
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6.3. Network of the US-listed Chinese Firms 

Among the 228 firms in my sample, 180 of them are connected through linked 

directors. I call the remaining 48 firms “isolated” in the rest of this paper. In the 48 isolated 

firms, 41.67% of them were delisted by May 2013, and 35.42% of them were involuntarily 

delisted. When the network is visualized in Figure 2.2, it only contains the 180 firms that 

share directors. Within the 180 firms, 162 of them construct a connected graph. The 

remaining 18 firms are divided into 8 groups. Six groups contain two firms each, and two 

groups contain three firms each. 

 

Figure 2.2 Director Network of US-listed Chinese Firms with Delisted Firms Marked 

(Next Page) 

 

Figure 2.2 shows the director network of the 180 firms. Each node represents a firm 

with its stock symbol labeled. Each node is labeled with the corresponding firm’s stock 

symbol and its delisting/involuntary delisting status. Each edge represents that the two 

connected nodes share a director. The edge indicates that the two nodes are connected 

through one linking director, whose name is labeled on the edge. Because of many 

connections and edges, readers need to enlarge the PDF file to read the labels clearly. Table 

2.9 presents the summary statistics of the directors most shared by the firms. These 

statistics comprise the number and percentages of reverse mergers, delistings, involuntary 

delistings, and media suspicion; and the number of board seats.  
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Table 2.9 Most Shared Directors 

 

 

In Figure 2.2, the relative positions of each node in the graph are determined by a 

specific force-directed algorithm. With the assistance of Gephi in the graph generation, I 

employ the ForceAtlas2 layout that is similar to Noack’s edge-directed force layout. In this 

layout, the pattern of attraction and repulsion is similar to the “Fr¨¹chtermann Rheingold” 

layout plus gravity, which is used to spatialize small-world and scale-free networks. Figure 

2.2 is compatible with a LinLog layout. With this layout, the distances between the nodes 

are larger under the same gravity and scaling, which facilitates labeling the directors’ 

names on the edge. Some indicators of the network with explanations are presented in 

Table 2.10.  

 

 

 

 

Director Name

Number 

of Firms 

on Board

No. % No. % No. % No. %

Neil Nanpeng Shen 9 0 0% 1 11% 0 0% 2 22%

Sean Shao 8 3 38% 0 0% 0 0% 2 25%

Gene Michael Bennett 7 7 100% 5 71% 3 43% 5 71%

Ying Han 5 0 0% 0 0% 0 0% 1 20%

Denny Lee 5 0 0% 1 20% 0 0% 1 20%

Andrew Yan 4 0 0% 0 0% 0 0% 1 25%

Arnold Staloff 4 4 100% 4 100% 4 100% 2 50%

Charles Chao 4 0 0% 1 25% 0 0% 1 25%

JP Gan 4 1 25% 0 0% 0 0% 1 25%

Kin Kwong Peter Mak 4 2 50% 3 75% 1 25% 2 50%

Larry Goldman 4 4 100% 3 75% 2 50% 3 75%

Li-Lan Cheng 4 0 0% 0 0% 0 0% 1 25%

Louis T Hsieh 4 0 0% 0 0% 0 0% 1 25%

Michael Marks 4 4 100% 1 25% 1 25% 1 25%

Shujun Li 4 0 0% 1 25% 0 0% 0 0%

Reverse Merger Delisted Involuntarily Delisted Suspected by Media
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Table 2.10 Indicators of Director Network 

Indicator Value Notes 

Average Degree 4.056  

Modularity 0.654 

Resolution is 1.0. Lower resolution to get more (and smaller) 

communities and higher to get fewer (and bigger) 

communities 

Graph Density 0.023 
Measures how close the network is to complete. A complete 

graph has all possible edges with density equal to 1 

Average Clustering 

Coefficient 
0.423  

Network Diameter 11 
The longest graph distance between any two nodes in the 

network, i.e., how far apart are the two most distant nodes 

Average Path Length 4.472 
The average graph-distance between all pairs of nodes. 

Adjacent nodes have graph distance 1 

Average Neighborhood 

Overlap 
0.196 

Neighborhood Overlap of an edge connecting node A and B 

is the number of nodes neighbors of both A and B divided by 

neighbors of at least A or B 

 

I compute the modularity with resolution equal to 1.022, and the 180 firms are 

automatically compartmentalized into 20 modularity classes. Among them, the 18 firms 

that are not connected to the other 162 firms are compartmentalized into 8 modularity 

classes as explained above. The 162 connected firms are compartmentalized into 12 

modularity classes. In Figure 2.2, each node is colored based on the modularity class it 

belongs to. In addition, the size of each node is determined by its degree. Nodes with a 

higher degree are larger. For the isolated 48 firms, each one of them is a modularity class, 

                                           
22 Lower resolution generates more and smaller communities, and higher resolution generates fewer and 

bigger communities. The 1.0 is a default setting. 
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totaling 48 modularity classes. In sum, the 228 firms comprise 68 modularity classes, and 

the 12 modularity classes include the 162 connected firms. The modularity classes 1-68 are 

ranked by the number of members. For example, modularity class 1 has the most member 

firms with 27, and modularity class 2 has 21.  

Part 1 of Table 2.11 presents the statistics of the 162 connected firms in modularity 

classes 1-12. There is a great variety between the modularity classes. Modularity class 1 

has 27 connected firms with no delistings. Modularity classes 2 and 5 have a small 

percentage of delisted firms but no involuntary delistings. They are law-abiding 

communities. Modularity classes 7 and 8 have one firm that is delisted involuntarily, but 

the percentage is lower than 10%. Modularity classes 3, 4, 6, 9, 10, and 11 have a high 

percentage of involuntary delistings, which makes their still listed members potentially 

suspect of undiscovered misconduct. Especially, the four member firms in modularity class 

11 are all involuntarily delisted. The average percentages of the delistings and the 

involuntary delistings for the 162 connected firms are 25.31% and 17.28% respectively. 

For all of the 228 firms, the numbers are 29.39% and 25.01% respectively.  

In Section 6.4, I test whether the high concentration of the involuntary delistings in 

a number of specific modularity classes is due to randomness. I simulate 100 networks with 

random connections as follows and reject the hypothesis that the concentration is due to 

randomness. I find that in the simulated random networks, the involuntary delistings more 

averagely distributed among modularity classes.  
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Table 2.11 Summary Statistics by Modularity Class 

Part 1 (Top) and Part 2 (Bottom) 

 

 

Modularity Class 1 2 3 4 5 6 7 8 9 10 11 12 1~12 1~68

# Involuntarily Delisted 0 0 4 7 0 6 1 1 3 1 4 1 28 48

% Involuntarily Delisted 0.00% 0.00% 25.00% 43.75% 0.00% 42.86% 7.14% 7.69% 25.00% 20.00% 100.00% 33.33% 17.28% 21.05%

# Delisted 0 2 8 9 1 8 2 1 4 1 4 1 41 67

% Delisted 0.00% 9.09% 50.00% 56.25% 6.25% 57.14% 14.29% 7.69% 33.33% 20.00% 100.00% 33.33% 25.31% 29.39%

% Reverse Merger 18.52% 4.55% 68.75% 87.50% 12.50% 78.57% 28.57% 53.85% 8.33% 80.00% 100.00% 66.67% 40.74% 47.37%

% Audited by Big Four 88.89% 100.00% 43.75% 12.50% 93.75% 14.29% 85.71% 53.85% 91.67% 0.00% 0.00% 0.00% 62.96% 52.19%

% Audited by non-Big Four 14.81% 4.55% 68.75% 93.75% 18.75% 92.86% 28.57% 53.85% 16.67% 100.00% 100.00% 100.00% 44.44% 54.82%

% US Incorporation 14.81% 4.55% 75.00% 75.00% 0.00% 78.57% 28.57% 61.54% 16.67% 80.00% 100.00% 33.33% 38.89% 44.74%

% Headquartered in Beijing or Shanghai 70.37% 63.64% 43.75% 12.50% 62.50% 50.00% 64.29% 30.77% 50.00% 0.00% 0.00% 0.00% 48.15% 43.42%

Average Number of Auditor Change 0.30 0.05 0.63 0.69 0.13 0.79 0.43 0.54 0.75 0.60 0.00 0.00 0.42 0.50

Average Sale of Ownership Per Year 2.58 1.88 3.35 4.15 2.98 -3.63 3.10 2.73 2.98 2.02 1.76 -3.84 2.15 2.38

Clustering Coefficient 0.22 0.43 0.40 0.40 0.14 0.44 0.31 0.36 0.17 0.30 0.88 0.78 0.34 0.25

Eigenvector Centrality 0.08 0.41 0.04 0.04 0.07 0.07 0.13 0.32 0.06 0.01 0.03 0.02 0.13 0.09

Size/Obs 27 22 16 16 16 14 14 13 12 5 4 3 162 228

Modularity Class 13 14 15 16 17 18 19 20 21~68 13~20 13~68 1~68

# Involuntarily Delisted 1 0 0 0 1 0 0 1 17 3 20 48

% Involuntarily Delisted 33.33% 0.00% 0.00% 0.00% 50.00% 0.00% 0.00% 50.00% 35.42% 16.67% 30.30% 21.05%

# Delisted 1 1 1 0 1 0 0 2 20 6 26 67

% Delisted 33.33% 33.33% 50.00% 0.00% 50.00% 0.00% 0.00% 100.00% 41.67% 33.33% 39.39% 29.39%

% Reverse Merger 66.67% 0.00% 100.00% 100.00% 100.00% 0.00% 50.00% 100.00% 64.58% 61.11% 63.64% 47.37%

% Audited by Big Four 0.00% 66.67% 0.00% 0.00% 0.00% 100.00% 0.00% 0.00% 27.08% 22.22% 25.76% 52.19%

% Audited by non-Big Four 100.00% 33.33% 100.00% 100.00% 100.00% 0.00% 100.00% 100.00% 81.25% 77.78% 80.30% 54.82%

% US Incorporation 66.67% 0.00% 100.00% 100.00% 100.00% 0.00% 50.00% 50.00% 60.42% 55.56% 59.09% 44.74%

% Headquartered in Beijing or Shanghai 66.67% 0.00% 50.00% 0.00% 50.00% 100.00% 50.00% 50.00% 27.08% 44.44% 31.82% 43.42%

Average Number of Auditor Change 1.67 0.33 0.50 0.50 1.00 0.00 1.00 0.00 0.69 0.67 0.68 0.50

Average Sale of Ownership Per Year 9.77 -0.80 1.20 5.58 6.09 -0.91 1.66 4.49 2.74 3.51 2.95 2.38

Clustering Coefficient 1.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.17 0.05 0.25

Eigenvector Centrality 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.09

Size/Obs 3 3 2 2 2 2 2 2 48 18 66 228
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For modularity classes 3, 4, 6, 10, and 11, their member firms’ profiles are 

consistent with the results in Section 5, that is, the commonalities in discovered 

misconducts. For them, their average percentage of reverse mergers is above the average 

of the 228 firms, and their average percentage of Big Four auditing is below the average of 

the 228 firms. However, modularity class 9 is different from the other modularity classes 

with potential suspects. Its average percentage of reverse mergers is 8.33% that is well 

below the overall average of 47.37%; its average percentage of Big Four auditing is 91.67% 

that is well above the overall average of 52.19%. This class’ characteristics are not similar 

to the wrongdoers’ common features.  

Part 2 of Table 2.11 presents the statistics of the other 66 firms. Modularity classes 

13, 17, and 20 have member firms involuntarily delisted while modularity classes 14, 15, 

16, 18, and 19 do not. It is important to notice that the 48 isolated firms’ average percentage 

of involuntary delisting is 35.42%, over twice the 17.28% average percentage of the 162 

connected firms. The average percentage of delistings is 41.67% for the 48 isolated firms 

but only 25.31% for the 162 connected firms.  

The construction of the network graph and the computation of modularity do not 

involve the delisting data, but the interconnections between the firms due to the share of 

directors indeed have influence on their delisting statuses, as the above findings indicate. 

The first influence is that the connected firms have lower average percentages of delistings 

and involuntary delistings than the isolated firms. The second influence is that involuntarily 

delisted firms tend to cluster together to form small communities (the modularity classes) 

within the network of connected firms.  



83 of 153 

 

In addition, within the network of connected firms, involuntarily delisted firms also 

tend to stay far away from the network’s center. By using the clustering coefficients and 

eigenvector centrality as measures of the degree of clustering and the centrality position in 

the network, the relationships are clearer in the scatter plots in Figure 2.3.  

 

Figure 2.3 Relationship between Delisting Percentage and Clustering 

Coefficient/Eigenvector Centrality among Modularity Classes 

 

Involuntary delisting percentage (horizontal axis) and clustering coefficient (vertical axis) 

 

 

Involuntary delisting percentage (horizontal axis) and eigenvector centrality (vertical 

axis) 
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Delisting percentage (horizontal axis) and clustering coefficient (vertical axis) 

 

 

Delisting percentage (horizontal axis) and eigenvector centrality (vertical axis) 

 

In the four scatter plots, each observation is a modularity class. The horizontal axis 

indicates the average delisting percentage or the average involuntary delisting percentage. 

The vertical axis indicates the value of the clustering coefficient or eigenvector centrality. 

Clearly, the average delisting/involuntary delisting percentage is positively correlated with 

the clustering coefficient but negatively correlated with the eigenvector centrality.  
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6.4. Randomness Test of the Misconduct Groups 

I test whether the high concentration of the involuntary delistings in a number of 

specific modularity classes is due to randomness. I simulate 100 networks with random 

connections as follows and reject the hypothesis that the concentration is due to 

randomness. I find that in the simulated random networks, the involuntary delistings more 

averagely distributed among modularity classes.  

In Figure 2.2, there are 180 firms (the nodes in the graph) connected through the 

interlocking directors. The other 48 firms are isolated and not in the graph. If all the 180 

firms were connected between every other, then there would be 𝐶180
2 = 16110 links in the 

network, or 16110 edges in the graph. Theoretically, each link could break and there could 

be 216110 possible networks. But in Figure 2.2, there are only 365 edges that connect the 

180 firms. Therefore the probability that two firms can connect is 365/16110 = 2.26%.  

In my simulated networks, any two firms are connected with the probability 2.26%. 

That is, for the 16110 pairs of possible connections, the algorithm randomly assigns 1 

(connected) with probability 2.26% or 0 (not connected) with (1- 2.26%) for each pair. 

Each of the 100 simulations generates a different network, and I visualize the network with 

the force-directed algorithm. 

For each of the simulated network k, the algorithm computes its number of 

modularity classes in the network, denoted as 𝑀𝑘. That is, the 180 firms in the network k 

are categorized into 𝑀𝑘  groups according to their network properties. For each of the 

modularity class  𝑚 ∈ [1, 𝑀𝑘] , I calculate the percentage of the delistings 𝑝𝑚
𝑑  and the 

percentage of the involuntary delistings 𝑝𝑚
𝑖𝑑. Then I calculate the standard deviations of the 

percentages across modularity classes:  
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𝑆𝐷𝑘 = √
1

𝑀𝑘
∑ (𝑝𝑚 − 𝑝̅)2

𝑀𝑘

𝑚=1
 

where 𝑆𝐷𝑘 is 𝑆𝐷𝑘
𝑑 or 𝑆𝐷𝑘

𝑖𝑑, 𝑝𝑚 is 𝑝𝑚
𝑑  or 𝑝𝑚

𝑖𝑑, and 𝑝̅ is the average of percentages:  

𝑝̅ =
1

𝑀𝑘
∑ 𝑝𝑚

𝑀𝑘

𝑚=1
 

Therefore, I have two standard deviations, 𝑆𝐷𝑘
𝑑  and 𝑆𝐷𝑘

𝑖𝑑, for each network k. For 

k from 1 to 100, I generate 100 simulated networks and have 100 𝑆𝐷𝑘
𝑑s and 100 𝑆𝐷𝑘

𝑖𝑑s. 

𝑆𝐷𝑘
𝑑 and 𝑆𝐷𝑘

𝑖𝑑 measures how averagely the delistings and the involuntary delistings are 

distributed in the network k.  To compare the simulated network with the real network, let’s 

denote the corresponding standard deviations of the percentages of the delistings and the 

involuntary delistings in Figure 2.2 as 𝑆𝐷𝑟𝑒𝑎𝑙
𝑑  and 𝑆𝐷𝑟𝑒𝑎𝑙

𝑖𝑑 , respectively.  

The data in Table 2.12 shows that  𝑆𝐷𝑟𝑒𝑎𝑙
𝑑 =  30.58%  and  𝑆𝐷𝑟𝑒𝑎𝑙

𝑖𝑑 =  26.29% . 

The mean of 𝑆𝐷𝑘
𝑑 is 10.65% and the mean of 𝑆𝐷𝑘

𝑖𝑑  is 7.99%, both significantly smaller than 

that in the real network. In fact, the standard deviations of 𝑆𝐷𝑘
𝑑 and 𝑆𝐷𝑘

𝑖𝑑  are 3.22% and 

2.05%, respectively, denoted as 𝜎𝑑 and 𝜎𝑖𝑑. 𝑆𝐷𝑟𝑒𝑎𝑙 is greater than the average of 𝑆𝐷𝑘 by 

at least six 𝜎s.  
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Table 2.12 Variance of Delisting Rate in Simulated Networks 

 

Part 1: Examples of Three Simulated Networks’ Variance Calculation 

 

 

Part 2: Mean of 100 Simulated Networks’ Variances and Variance of the Real Network  

 

Therefore, the delistings and the involuntary delistings in the simulated networks 

are distributed significantly more averagely than the real network. In the real network, 

some modularity classes have no delistings and some have all members delisted. My test 

proves that it is not due to randomness.   

MC # Delist Delist %
Invol 

Delist

Invol 

Delist %
# Delist Delist %

Invol 

Delist

Invol 

Delist %
# Delist Delist %

Invol 

Delist

Invol 

Delist %

MC 1 28 8 28.57% 6 21.43% 32 11 34.38% 7 21.88% 30 9 30.00% 5 16.67%

MC 2 28 10 35.71% 6 21.43% 26 5 19.23% 3 11.54% 22 6 27.27% 5 22.73%

MC 3 26 7 26.92% 5 19.23% 24 6 25.00% 5 20.83% 22 6 27.27% 4 18.18%

MC 4 21 6 28.57% 3 14.29% 18 6 33.33% 4 22.22% 18 3 16.67% 1 5.56%

MC 5 17 3 17.65% 2 11.76% 17 1 5.88% 1 5.88% 17 3 17.65% 2 11.76%

MC 6 16 2 12.50% 2 12.50% 17 3 17.65% 1 5.88% 17 4 23.53% 3 17.65%

MC 7 16 4 25.00% 3 18.75% 15 5 33.33% 3 20.00% 16 6 37.50% 4 25.00%

MC 8 15 3 20.00% 2 13.33% 14 7 50.00% 4 28.57% 15 4 26.67% 2 13.33%

MC 9 11 3 27.27% 1 9.09% 12 1 8.33% 1 8.33% 11 3 27.27% 2 18.18%

MC 10 11 2 18.18% 2 18.18%

StDev 6.24 2.76 6.92% 1.87 4.53% 6.52 3.12 14.06% 2.05 8.32% 5.67 2.12 6.42% 1.41 5.50%

# Delist Delist %
Invol 

Delist

Invol 

Delist %

1 6.24 2.76 6.92% 1.87 4.53%

2 6.52 3.12 14.06% 2.05 8.32%

3 5.67 2.12 6.42% 1.41 5.50%

4 5.14 2.33 7.41% 1.51 7.04%

5 3.51 1.85 9.19% 1.94 10.60%

6 5.29 3.11 12.22% 2.01 7.54%

7 3.92 2.01 11.33% 1.45 7.33%

8 7.13 3.50 16.41% 2.83 10.99%

9 7.47 2.12 10.99% 2.25 9.26%

10 6.45 3.56 11.54% 2.60 8.80%

Mean StDev 5.65 2.55 10.55% 1.92 7.90%

Real StDev 7.81 2.81 30.58% 2.11 26.29%

StDev

……
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6.5. Potential Misconduct Groups 

 

Table 2.13 List of Then-listed Firms in Fraudster Groups 

 

 

The above subsection finds that modularity classes 3, 4, 6, 9, 10, and 11 have a high 

percentage of involuntary delistings. Since each modularity class is grouped by a number 

of closely related firms, there are reasons to suspect the still listed members of these 

modularity classes of having undiscovered misconducts. One potential reason is that, if a 

director is on the board of a firm that is convicted of misconduct, and he or she is still 

No.

Modularity 

Class Symbol Company Name

Listing 

Exchange

Stock Price on 

8/12/2014

Stock 

Price on 

1/8/2010 

or Listing 

Date

Stock Price 

Date % Change

1 CGA China Green Agriculture Inc NYSE 2.04 16.88 1/8/2010 -87.91%

2 KUTV Ku6 Media Co Ltd NGM 1.21 4.24 1/8/2010 -71.42%

3 ONP Orient Paper Inc AMEX 2.17 13.58 1/8/2010 -84.02%

4 CADC China Advanced Construction Materials Group Inc NCM 4.38 7.1 1/8/2010 -38.38%

5 BSPM Biostar Pharmaceuticals Inc NCM 1.53 4.19 1/8/2010 -63.48%

6 GAME Shanda Games Ltd NNM 6.59 10.59 1/8/2010 -37.77%

7 SCOK SinoCoking Coal and Coke Chemical Industries Inc NCM 2.06 0.74 1/8/2010 178.38%

8 RENN Renren Inc NYSE 3.23 16.8 5/6/2011 -80.77%

9 CLNT Cleantech Solutions International Inc NCM 5.56 6.98 1/8/2010 -20.34%

10 SUTR Sutor Technology Group Ltd NCM 0.89 4 1/8/2010 -77.75%

11 CNYD China Yida Holding Co NCM 3.25 14.15 1/8/2010 -77.03%

12 CHLN China Housing & Land Development Inc NCM 1.64 4.49 1/8/2010 -63.47%

13 VALV Shengkai Innovations Inc

14 CHOP China Gerui Advanced Materials Group Ltd NNM 0.55 7.2 1/8/2010 -92.36%

15 OSN Ossen Innovation Co Ltd NCM 0.91 4.22 12/23/2010 -78.44%

16 SHZ China Shen Zhou Mining & Resources Inc

17 CPHI China Pharma Holdings Inc AMEX 0.33 3.87 1/8/2010 -91.58%

18 EFUT e-Future Information Technology Inc NCM 4.15 6.71 1/8/2010 -38.15%

19 CXDC China XD Plastics Co Ltd NGM 6.55 7.91 1/8/2010 -17.19%

20 TRIT Tri-Tech Holding Inc

21 LAS Lentuo International Inc NYSE 2.23 8.38 12/10/2010 -73.39%

22 SOHU Sohu.com Inc NNM 57.73 59.2 1/8/2010 -2.48%

23 YGE Yingli Green Energy Holdings Co Ltd NYSE 3.43 18.1 1/8/2010 -81.05%

24 SPRD Spreadtrum Communications Inc

25 WH WSP Holdings Ltd NYSE 0.72 3.38 1/8/2010 -78.70%

26 XIN Xinyuan Real Estate Co Ltd NYSE 4.01 4.59 1/8/2010 -12.64%

27 DL China Distance Education Holdings Ltd NYSE 16.73 6.68 1/8/2010 150.45%

28 ZOOM Zoom Technologies Inc NCM 2.70 6.78 1/8/2010 -60.18%

29 JKS JinkoSolar Holding Co Ltd NYSE 25.07 11.01 5/14/2010 127.70%

30 HOGS Zhongpin Inc

31 CALI China Auto Logistics Inc NGM 1.82 5.77 1/8/2010 -68.46%

32 GPRC Guanwei Recycling Corp NCM 0.58 4.26 1/8/2010 -86.27%

33 XNY China Xiniya Fashion Ltd NYSE 0.81 10.7 11/26/2010 -92.43%

Average -30.74%

3

4

Involuntarily Delisted from NASDAQ

6

Involuntarily Delisted from NYSE MKT

Involuntarily Delisted from NASDAQ

9

Accused of being a fraud, acquired by Tsinghua Unigroup, 

voluntarily delisted from NASDAQ

10

Accused of being a fraud, acquired by Chairman and CEO Zhu 

Xianfu, voluntarily delisted from NASDAQ

NGM: NASDAQ Global Market; NNM: NASDAQ National Market; NCM: NASDAQ Capital Market
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enjoying the benefits, then he or she probably knew the techniques of committing 

misconduct; and the firms where he or she also serves as a director may not have a board 

with good moral standards. The other possibility is that the firms that share a director want 

him or her on the board because he or she is an expert on committing misconduct because 

of his or her knowledge of the regulations and the work involved in listing on an exchange 

in the United States. And he or she may also have expertise on the loopholes to deceive the 

regulators and investors. Either possibility makes the listed members suspect. In the rest of 

this subsection I will analyze each one of the suspected modularity classes. Table 2.13 

spells out all of the firm names for reference.  

 

6.5.1. Modularity Class 3 

Modularity class 3 has 16 members of which 8 were delisted and 4 were 

involuntarily delisted. This group has five well-connected directors. Yizhao Zhang was a 

director in the involuntarily delisted CEAI, the delisted UTA, and the CGA that was listed 

on the NYSE in May 2013. As presented in Table 2.13, CGA’s stock price dropped by 

87.91% from January 2010 to August 2014. The CEAI director Zibing Pan served at BSPM 

whose stock price also dropped by 63.48% during this period. The involuntarily delisted 

CBEH, the delisted FSIN, and ONP that was listed on the NYSE MKT in May 2013, were 

connected by their shared director Wenbing Christopher Wang. ONP’s stock price dropped 

by 84.02% during the above 2010-2014 period.  

The involuntarily delisted CBEH, the involuntarily delisted WATG, the delisted 

WWIN, and CADC that was listed on the NASDAQ Capital Market in May 2013 were 

connected by Larry Goldman. CADC’s stock price dropped by 38.38% during the 2010-
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2014 period. The involuntarily delisted PACT, CADC, and KUTV were connected by 

Shaojian Sean Wang. KUTV’s stock price dropped by 71.42% during the same period. 

KUTV also relates to the delisted SNDA and GAME via Tianqiao Chen. GAME’s stock 

price dropped by 37.77% during the same period.  

The SNDA was connected with RENN that ran a famous social network website in 

China. RENN is connected with SCOK. RENN’s stock price dropped by 80.77%, and 

SCOK’s stock price increased by 178.38% during 2010-2014.  

 

6.5.2. Modularity Class 4 

Modularity class 4 has 9 delisted and 7 involuntarily delisted firms among the 16 

members in the group. This group has four well-connected directors. Three delisted firms, 

APWR, GRRF, and CSR were connected by Kin Kwong Peter Mak. CSR was also 

connected with another involuntarily delisted firm SDTHQ that was linked with SUTR. 

SUTR’s stock price dropped by 77.75% from January 2010 to August 2014. APWR’s 

director Edward Meng was its connection to CHOP and CHLN. CHOP’s stock price 

dropped by 92.36%, and CHLN’s dropped by 63.47% during the same period.  

The CHLN was well connected. Heung Sang Fong linked it with CELM and FUQI, 

both involuntarily delisted. Michael Marks linked it with CNYD, VALV, and the 

involuntarily delisted JGBO. CNYD’s stock price dropped by 77.03% from January 2010 

to August 2014. The stock of VALV was suspended on July 11, 2013, and was 

involuntarily delisted from NASDAQ on July 18, 2013.  

FUQI was connected with the involuntarily delisted CDII, which was linked with 

the involuntarily delisted RINO and the listed CLNT, whose stock price dropped by 
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20.34%. CELM was linked with OSN whose stock price dropped by 78.44% from January 

2010 to August 2014.  

 

6.5.3. Modularity Class 6 

In this group, 8 of 14 firms were delisted, 6 were involuntarily delisted. Gene 

Michael Bennett was better connected than any of the other directors. He was the director 

in seven firms, among which five were delisted, making him suspect. The remaining two 

are SHZ, which was involuntarily delisted from the NYSE MKT on May 23, 2013, and 

CPHI whose stock price dropped by 91.58% to only 33 cents from January 2010 to August 

2014. The CPHI is linked with the involuntarily delisted CHNG, and the CHNG is linked 

with CXDC, whose stock price dropped by 17.19% over the same time period.  

Brian Lin connected the delisted CFSG with the involuntarily delisted WUHN and 

EFUT, whose price was $4.15 in August 2013 and experienced a drop of 38.15%. EFUT 

was linked with TRIT, which was later involuntarily delisted from NASDAQ, and the listed 

LAS, whose stock price dropped by 73.39% from January 2010 to August 2014.  

 

6.5.4. Modularity Class 9 

4 of the 12 firms were delisted, 3 being involuntarily delisted in this group. Unlike 

modularity class 6, there is no dominating director well connected with the firms here. 

Except for Thomas Gurnee and Carol Yu who sat on three firms’ boards, the other shared 

directors did not link more than two firms. SOHU, one of the three biggest news portals in 

China, has been doing fine even it is connected with the involuntarily delisted LFT via 

Thomas Gurnee. Another Thomas Gurnee-linked firm, XIN, experienced a stock price drop 
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of 12.64% to $4.01 from January 2010 to August 2014. Linked with the XIN and the 

involuntarily delisted CTDC, WH’s stock price also dropped by 78.70% to only 72 cents.  

Carol Yu was a director of SOHU, DL, and SPRD. DL’s stock price increased by 

150.45% from January 2010 to August 2014. SPRD was accused of misconduct but was 

later acquired by Tsinghua Unigroup, a well-known group in China. Therefore Carol Yu 

does not seem like a wrongdoer. The stock prices and the changes in other firms are listed 

in Table 2.13.  

In sum, some of the members in this group, such as WH, are still suspect. But this 

group looks “safer” than other modularity classes in this section.  

 

6.5.5. Modularity Class 10 

This group has five firms. Only NOEC is involuntarily delisted. Howard S. Barth 

linked it with GPRC and CALI. GPRC’s stock price dropped by 86.27% to 58 cents, and 

CALI’s stock price dropped by 68.46% to $1.82 from January 2010 to August 2014. GPRC 

was linked with HOGS, which was accused of misconduct and was later voluntarily 

delisted from NASDAQ after being acquired by its chairman and CEO Zhu Xianfu. CALI 

was linked with XNY, whose stock price dropped by 92.43% to 81 cents over the same 

time period.  

 

6.5.6.  Modularity Class 11 

The four firms in this group were all involuntarily delisted. They were all linked by 

Arnold Staloff, who was inevitably the man responsible for the misconducts.  
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6.6.  Identification of Good Directors and Wrongdoers 

This subsection briefly discusses the potential wrongdoers based on the findings 

and suggests that the regulators may want to pay more attention to them. Table 2.14 

summarizes all of the 15 directors that were shared by 4 or more firms. As shown in Table 

2.14, most directors are directors of different firms because they serve on the firms’ audit 

committees. Sean Shao, Ying Han, Andrew Yan, JP Gan, Li-Lan Cheng, Louis T Hsieh, 

and Shujun Li had perfect records because none of the firms that they audited or served on 

was delisted. The capital market therefore may trust them for their professionalism.
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Table 2.14 Details of Most Shared Directors 

 

Director Name (No. of 

Firms on Board)

Firms on 

Board
Firm Name

Was 

Independent 

Director

Was CFO or 

in Audit 

Committee

Reverse 

Merger
Delisted

Involuntarily 

Delisted

Suspected 

by Media
Positions that the Director Used to Hold

CTRP Ctrip.com International Yes Yes - - - - Co-Founder, Independent Director and Member of Audit Committee

FMCN Focus Media Holding Yes - - - - Yes Independent Director and Chairman of Nominations Committee

HMIN Home Inns & Hotels Management - - - - - - Co-Founder, Co-Chairman and Member of Compensation Committee

EJ E-House (China) Holdings Yes - - - - - Independent Director

CRIC China Real Estate Information - - - Yes - - Director

NKBP China Nuokang Bio-Pharmaceutical - - - - - - Director

MCOX Mecox Lane - - - - - Yes Chairman

GAGA Le Gaga Holdings - - - - - -
Director, Chairman of Compensation Committee and Member of Corporate Governance & 

Nominating Committee

QIHU Qihoo 360 Technology - - - - - - Director and Chairman of Compensation Committee

ASIA AsiaInfo-Linkage Yes Yes - - - -
Independent Director, Chairman of Compensation Committee, Member of Audit Committee 

and Member of Nominating & Corporate Governance Committee

CREG China Recycling Energy - Yes Yes - - -
Director, Chairman of Audit Committee and Member of Corporate Governance & Nominating 

Committee

CBPO China Biologic Products - Yes Yes - - Yes
Director, Chairman of Audit Committee, Chairman of Compensation Committee and Member 

of Governance & Nominating Committee

CNIT China Information Technology Yes Yes Yes - - -
Former Independent Director, Chairman of Audit Committee, Member of Compensation 

Committee and Member of Corporate Governance & Nominating Committee

TSL Trina Solar - Yes - - - - Chief Financial Officer and Principal Accounting Officer

GRO Agria Yes Yes - - - Yes

Independent Director, Chairman of Corporate Governance & Nominating Committee, 

Member of Audit Committee, Member of Compensation Committee, Member of Selection 

Committee and Member of Transition Committee

NKBP China Nuokang Bio-Pharmaceutical Yes Yes - - - -

Independent Director, Chairman of Audit Committee, Chairman of Compensation 

Committee, Chairman of Independent Committee and Member of Corporate Governance & 

Nominating Committee

XUE Xueda Education Group Yes Yes - - - - Independent Director and Chairman of Audit Committee

CPHI China Pharma Holdings Yes Yes Yes - - -
Director, Independent Director, Chairman of Audit Committee and Member of Nominating & 

Compensation Committee

CFSG China Fire & Security Group Yes Yes Yes Yes - Yes Independent director and Chairman of Audit Committee

CAGC China Agritech - Yes Yes Yes Yes Yes
Director, Member of Audit Committee, Member of Compensation Committee, Member of 

Nominating & Governance Committee and Member of Special Committee

DYNP Duoyuan Printing - Yes Yes Yes Yes Yes Chief Financial Officer and Principal Accounting Officer

RCH China CGame - Yes Yes Yes Yes - Chief Financial Officer and Principal Accounting Officer

KUN China Shenghuo Pharmaceutical Holdings - Yes Yes Yes - Yes Director and Member of Audit Committee

SHZ China Shen Zhou Mining & Resources Yes Yes Yes - - Yes Independent Director and Chairman of Audit Committee

ASIA AsiaInfo-Linkage - Yes - - - - Chief Financial Officer and Executive Vice President

NCTY The9 - Yes - - - Yes Director, Member of Audit Committee and Member of Compensation Committee

CNTF
China Techfaith Wirelessmmunication 

Technology
Yes Yes - - - - Independent Director and Member of Audit Committee

WX WuXi PharmaTech (Cayman) - Yes - - - -
Director, Chairman of Audit Committee and Member of Corporate Governance & 

Nominations Committee

NQ NQ Mobile Yes Yes - - - -
Independent Director, Chairman of Audit Committee, Member of Compensation Committee 

and Member of Corporate Governance & Nominating Committee

Neil Nanpeng Shen (9)

Sean Shao (8)

Gene Michael 

Bennett (7)

Ying Han (5)
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Director Name (No. of 

Firms on Board)

Firms on 

Board
Firm Name

Was 

Independent 

Director

Was CFO or 

in Audit 

Committee

Reverse 

Merger
Delisted

Involuntarily 

Delisted

Suspected 

by Media
Positions that the Director Used to Hold

NTES Netease - - - - - - Director

EDU New Oriental Education & Technology Group Yes Yes - - - -

Independent Director, Chairman of Audit Committee, Member of Nominating & Corporate 

Governance Committee, Member of Compensation Committee and Member of Independent 

Special Committee

ATV Acorn International - Yes - - - - Director and Member of Audit Committee

GU Gushan Environmental Energy Yes Yes - Yes - Yes
Independent Director, Chairman of Audit Committee, Member of Corporate Governance & 

Nominating Committee and Member of Compensation Committee

CCM Concord Medical Services Holding Yes - - - - - Independent Director

ATV Acorn International - - - - - -
Director, Chairman of Compensation Committee and Member of Corporate Governance & 

Nominating Committee

STV China Digital TV Holding - - - - - - Director

GA Giant Interactive Group Yes Yes - - - Yes
Independent Director, Chairman of Corporate Governance & Nominating Committee, 

Chairman of Compensation Committee and Member of Audit Committee

ATAI ATA Yes - - - - -
Independent Director, Chairman of Compensation Committee and Member of Nominations 

Committee

BEST Shiner International - Yes Yes Yes Yes -
Director, Chairman of Audit Committee, Member of Nominating Committee and Member of 

Compensation Committee

HEAT SmartHeat - Yes Yes Yes Yes -
Director, Chairman of Audit Committee, Member of Nominating & Corporate Governance 

Committee and Member of Compensation Committee

DEER Deernsumer Products - Yes Yes Yes Yes Yes
Director, Chairman of Audit Committee, Member of Compensation Committee and Member 

of Nominating & Corporate Governance Committee

CTEK CleanTech Innovations - - Yes Yes Yes Yes Advisor To Chairman

SINA Sina - - - - - - Chairman and Chief Executive Officer

FMCN Focus Media Holding - - - - - Yes Director

EJ E-House (China) Holdings - - - - - - Co-Chairman

CRIC China Real Estate Information - - - Yes - - Co-Chairman

COGO Cogo Group - Yes Yes - - -
Director, Chairman of Audit Committee, Member of Compensation Committee and Member 

of Nominating & Corporate Governance Committee

CTRP Ctrip.com International Yes Yes - - - -
Independent Director, Member of Audit Committee and Member of Compensation 

Committee

DATE Jiayuan.com International Yes - - - - -
Independent Director, Chairman of Nominating & Corporate Governance Committee and 

Member of Compensation Committee

TAOM Taomee Holdings - - - - - Yes
Director, Chairman of Compensation Committee and Member of Corporate Governance & 

Nominating Committee

APWR A-Power Energy Generation Systems - Yes Yes Yes Yes Yes Chief Financial Officer

CSR China Security & Surveillance Technology Yes - Yes Yes - Yes Independent Director and Member of Nominating & Governance Committee

GRRF China GrenTech Yes Yes - Yes - -
Independent Director, Member of Audit Committee, Member of Compensation Committee 

and Member of Corporate Governance & Nominating Committee

TSL Trina Solar Yes Yes - - - -

Chairman of Audit Committee, Independent Director, Member of Compensation Committee, 

Member of Corporate Governance and Nominating Committee and Member of Corporate 

Governance and Nominating Committee

JP Gan (4)

Kin Kwong Peter Mak 

(4)

Charles Chao (4)

Andrew Yan (4)

Denny Lee (5)

Arnold Staloff (4)
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Director Name (No. 

of Firms on Board)

Firms on 

Board
Firm Name

Was 

Independent 

Director

Was CFO or 

in Audit 

Committee

Reverse 

Merger
Delisted

Involuntarily 

Delisted

Suspected 

by Media
Positions that the Director Used to Hold

WWIN Winner Medical Group Yes Yes Yes Yes - -
Independent Director, Chairman of Audit Committee, Member of Governance & Nominating 

Committee and Member of Compensation Committee

CBEH China Integrated Energy Yes Yes Yes Yes Yes Yes
Independent Director, Chairman of Audit Committee, Member of Compensation Committee 

and Member of Nominating & Corporate Governance Committee

WATG Wonder Auto Technology Yes Yes Yes Yes Yes Yes
Independent Director, Chairman of Audit Committee, Member of Compensation Committee 

and Member of Governance & Nominating Committee

CADC China Advancednstruction Materials Group Yes Yes Yes - - Yes Independent Director and Chairman of Audit Committee

JOBS 51job Yes Yes - - - Yes
Independent Director, Member of Audit Committee, Member of Compensation Committee 

and Member of Nominating & Corporate Governance Committee

EJ E-House (China) Holdings - Yes - - - - Chief Operating Officer, Chief Financial Officer and Principal Accounting Officer

CCSC Country Styleoking Restaurant Chain Yes Yes - - - -
Independent Director, Chairman of Audit Committee, Member of Compensation Committee 

and Member of Corporate Governance & Nominating Committee

GAGA Le Gaga Holdings Yes Yes - - - - Independent Director and Member of Audit Committee

EDU New Oriental Education & Technology Group - Yes - - - - President, Chief Financial Officer and Director

LDK LDK Solar. - Yes - - - Yes

Chairman of Audit Committee, Independent Director, Member of Corporate Governance 

and Nominating Committee, Member of Corporate Governance and Nominating Committee 

and Member of Compensation Committee

PWRD Perfect World Yes Yes - - - -
Independent Director, Member of Audit Committee and Member of Compensation 

Committee

STV China Digital TV Holding Yes Yes - - - -
Independent Director, Member of Audit Committee, Member of Corporate Governance & 

Nominations Committee and Member of Compensation Committee

JGBO Jiangbo Pharmaceuticals - - Yes Yes Yes Yes Director

CNYD China Yida Holding Yes Yes Yes - - - Independent Director and Chairman of Audit Committee

CHLN China Housing & Land Development Yes Yes Yes - - -
Independent Director, Chairman of Compensation Committee, Member of Nominating & 

Governance Committee and Member of Audit Committee

VALV Shengkai Innovations Yes Yes Yes - - -
Independent Director, Chairman of Audit Committee, Member of Nomination Committee 

and Member of Compensation Committee

ATV Acorn International Yes Yes - - - -
Independent Director, Chairman of Compensation Committee and Member of Audit 

Committee

YGE Yingli Green Energy Holdings - - - - - - Director and Director of Tianwei Yingli New Energy Resources Co Ltd

QIHU Qihoo 360 Technology - Yes - - - - Director and Chairman of Audit Committee

SNDA Shanda Interactive Entertainment - - - - - - Director

Shujun Li (4)

Larry Goldman (4)

Li-Lan Cheng (4)

Louis T Hsieh (4)

Michael Marks (4)
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Five directors served in firms that had a high percentage of delisting:  Gene Michael 

Bennett, Arnold Staloff23, Kin Kwong Peter Mak, Larry Goldman, and Michael Marks. 

Except for Kin Kwong Peter Mak, a Hong Kong name, the others are non-Chinese names. 

Although not reported, the five directors’ resumes24 show that they used to work at the SEC 

and the Big Four audit firms. It is possible that the wrongdoers hired them to help bypass 

the US regulations.  

7. Firms Suspected by Media 

The above analysis portrays a typical involuntarily delisted firm that is very 

probably a wrongdoer. The typical firm should be a reverse merger incorporated in the 

United States, headquartered in a small city, audited by a small firm, frequently changed 

auditors, and sold stocks at approximately 5% per year. Moreover, the firm should rarely 

file the required insider transaction forms after the sales. The suspected firms should match 

the above portrait, and investigators should pay more attention to these “stereotypical” 

firms.  

The media, including all publications online, in newspapers, or in the form of 

research reports, had accused 76 firms of misconduct from 2006 to May 2013. However, 

41 or 54% had not been involuntarily delisted and 34 or 45% had not even been delisted. 

The accusations were inaccurate and random.  

RINO International (RINO) and ZST Digital Networks (ZSTN), among others, 

were accused by the media correctly. Both fall into the “stereotype” and both were 

                                           
23 Arnold Staloff also held positions in another delisted Chinese firm, AgFeed Industries Inc. (not in my 

sample but included in Table 4 and Table 6). Arnold Staloff was a former chairman of the Audit Committee 

and the Compensation Committee, an independent director, and a member of the Nominating and 

Corporate Governance Committee at AgFeed Industries Inc. 
24 Their resumes are obtained from Bloomberg Businessweek, Forbes, as well as a Google search. 
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involuntarily delisted. RINO International is US-incorporated, headquartered in Dalian, 

listed through a reverse merger, and audited first by Moore Stephens and then by Frazer 

Frost (Table 2.4). The directors’ ownership dropped from 71.50% to 62.59% in a single 

year right before its delisting. ZST Digital Networks is US-incorporated; headquartered in 

Zhengzhou; listed through reverse merger; and audited by Kempisty & Co., BDO 

International, and AJ. Robbins, PC. The directors’ ownership dropped from 70.54% to 

44.20% in its short listing life of merely three years.  

Focus Media Holding (FMCN) and New Oriental Education & Technology Group 

(EDU), among others, were accused incorrectly. Both were accused by short seller Muddy 

Waters but were proved to be innocent. They do not fall into the “stereotype.” Focus Media 

is incorporated in the Cayman Islands, headquartered in Shanghai, listed through an IPO, 

and audited by Deloitte & Touche only. Jason Nanchun Jiang, the chairman of the board 

and CEO, owned 16.63% of firm stocks in 2005. He increased his holdings to 19.33% in 

2009 and his ownership was 17.9% in 2011. Other directors’ ownerships are unavailable 

in the financial statements because they are below 1%. Therefore, an insider at Focus Media 

did not cash out his or her stock from 2005 to 2011, and there was no reasonable financial 

incentive for him or her to take a risk by committing misconduct. New Oriental is also 

incorporated in the Cayman Islands, headquartered in Beijing, listed through an IPO, and 

audited by Deloitte & Touche only. Its directors and officers as a group owned 24.04% of 

the firm’s stock in 2006 when it was listed. The ownership in 2011 was 19.00%. The sale 

of ownership was slow, about 1% per year.  

Figure 2.4 is constructed from the data in Panel B of Table 2.1 to provide a clearer 

picture. As shown in Part 1, the directors in suspected firms sell stocks faster than all of 
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the listed firms up to the sixth year, by about 0.8% per year. After the first six years, the 

trends are reversed. Part 2 shows that among the suspect firms, the directors of 

involuntarily and voluntarily delisted firms sell stocks at approximately the same pace.  

 

Figure 2.4 Directors’ Stock Sale in Suspected Firms 
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8. Discussion of the SEC Actions 

The major actions taken by the SEC, among others, include 1) launching 

investigations against the suspected firms; 2) blocking the listings from China; and 3) 

requiring the Big Four’s Sino-foreign cooperative audit firms (Ernst and Young Hua Ming, 

KPMG and Huazhen, Deloitte Touche Tohmatus, and PWC and Zhongtian) to submit audit 

documentation. The SEC has investigated many accused firms, including New Oriental 

Education & Technology Group that proved to be innocent. Compared to the nearly 50 

new listings in 2010, there were only three new listings in 2012 and only one in the first 

five months of 2013. The Big Four’s Chinese affiliates were sued25 for refusing to follow 

the SEC’s requirement.  

Based on my findings, I suggest that the regulators focus on the following: First, it 

is more important to investigate the reverse mergers that are audited by small firms. Second, 

the SEC could place more attention on reducing the wrongdoers’ incentives. The potential 

actions could include setting an annual upper limit to insiders’ stock sales and launching a 

full investigation if the insiders’ sales of stocks exceed that threshold.  

 

9. Consequences 

9.1. Investors’ Loss 

The estimation of the value of the shares cashed out by the directors and officers is 

difficult for at least two reasons. First, clarifying the relationship between the beneficial 

                                           
25 “SEC Charges China Affiliates of Big Four Accounting Firms with Violating U.S. Securities Laws in 

Refusing to Produce Documents”, SEC Press Release, 2012-249; “Big Four Audit Firms in China in 

Settlement Talks With SEC Enforcers”, the Wall Street Journal, June 2, 2014. 



101 of 153 

 

owners and directors is important. Without it, the directors’ gains from other related parties’ 

accounts would not be included and their cash-out benefits would be underestimated. 

However, it is difficult to know whether a beneficial owner with over 10% of the stock is 

actually related to the directors and officers. Even though the financial statements deny any 

relationship between a beneficial owner and a director, it is still possible for a wrongdoer 

to cash out stocks through his or her friend’s holding company. For example, in the case 

of China MediaExpress, the media accused Ou Wen Lin and Qing Ping Lin, both with over 

10% of the stock, of being closely related to Zheng Cheng, the firm’s chairman of the board 

and CEO - in fact, they were doing business together. However, the financial statements 

did not mention their relationship. Moreover, it is incorrect to classify all beneficial owners 

of over 10% ownership as accomplices to dishonest directors. Also in the case of China 

MediaExpress, the third largest shareholder C.V. Starr, an investment firm, was a victim 

of the misconduct.  

Second, the data of a complete transaction record of the insider are unavailable for 

most firms. Although the SEC requires all the beneficial owners to report their holdings 

and transactions by filing Forms 3, 4, and 5 and Form SC 13D, only a few firms abide by 

the law. In the case of China MediaExpress documented in Appendix 8.4, the filings 

showed that on October 15, 2009, Zheng Cheng beneficially owned 59.5% of the firm. 

According to the firm’s Form DEF 14A filing on December 13, 2010, Zheng Cheng owned 

36%. However, Zheng Cheng only filed one Form 3 and one Form SC 13D in October, 

2009, stating that he owned 13,266,684 shares. No filings of transactions were submitted 

to the SEC.  
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Table 2.15 Estimated Investor Loss 

 

 

No. Company Name Symbol

Cash-out 

Proceeds 

(million)

Settlement 

(million)

Settlement/

Gain

1 Puda Coal Inc PUDA 66.418

2 China MediaExpress Holdings Inc CCME 61.924

3 China CGame Inc RCH 55.440

4 China North East Petroleum NEP 52.844 2.500 4.73%

5 Wonder Auto Technology Inc WATG 51.188 3.000 5.86%

6 China Agritech Inc CAGC 45.451 1.000* 2.20%

7 Fuqi International Inc FUQI 45.442 1.150 2.53%

8 Sino Clean Energy Inc SCEI 42.601 2.000 4.69%

9 China Integrated Energy Inc CBEH 38.116

10 China Sky One Medical Inc CSKI 35.789

11 HQ Sustainable Maritime Industries Inc HQSM 35.744 2.750 7.69%

12 Advanced Battery Technologies Inc ABAT 34.997 0.275 0.79%

13 CD International Enterprises Inc CDII 33.087

14 ZST Digital Networks Inc ZSTN 27.190 1.700 6.25%

15 RINO International Corp RINO 25.174 7.000 27.81%

16 A-Power Energy Generation Systems Ltd APWR 25.111 3.675 14.63%

17 SinoHub Inc SIHI 20.594

18 China Education Alliance Inc CEAI 19.025 2.425 12.75%

19 New Dragon Asia Corp NDAC 16.434 0.564 3.43%

20 Qiao Xing Universal Resources XING 15.417 2.400** 15.57%

21 Wuhan General Group (China) Inc WUHN 14.922

22 China Natural Gas Inc CHNG 14.444 0.915 6.33%

23 Lotus Pharmaceuticals Inc LTUS 12.159

24 NIVS IntelliMedia Technology Group Inc NIVS 11.971

25 Yuhe International Inc YUII 11.494 2.700 23.49%

26 Deer Consumer Products Inc DEER 11.200 2.100 18.75%

27 Jiangbo Pharmaceuticals Inc JGBO 11.088

28 China Ritar Power Corp CRTP 7.944

29 PacificNet Inc PACT 7.253

30 Chinacast Education Corp CAST 5.453

31 SmartHeat Inc HEAT 4.106

32 Shiner International Inc BEST 1.349

33 New Oriental Energy & Chemical Corp NOEC 1.327

34 Keyuan Petrochemicals Inc KEYP 0.447 1.250 279.95%

35 CleanTech Innovations Inc CTEK -0.149

36 China Medical Technologies CMED -0.766

37 ShengdaTech Inc SDTHQ -10.296

38 China-Biotics Inc CHBT -20.034

39 China Infrastructure Investment Corp CIIC -20.350

Sum 811.547 34.004 4.19%

* Settlement also includes 1,745,000 restricted stocks . ** Only 0.3 million was paid by 2013.
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In this paper, I take the most conservative estimate by assuming that the beneficial 

owners with over 10% of the stock are not related to the directors, and their sales of stocks 

did not benefit the directors. Therefore, my methodology of estimating the total amount 

that directors cashed out is to multiply the yearly percentage reduction in ownership by the 

yearly average market capitalization. Only 39 of the involuntarily delisted firms have 

available historical market capitalization. The yearly data of five firms are incomplete - 

there are only data available for a couple of years. Then I aggregate each firm’s total 

amount that all directors cashed out to obtain their financial gain. As Table 2.15 shows, the 

sum of the total gain is $811 million, and the average is $20 million for each of the firm’s 

directors.  

Only 17 of the 39 involuntarily delisted firms have settled their cases after being 

sued. Except for Keyuan Petrochemicals Inc, the amount of each settlement is much less 

than what the directors gained from the involuntarily delisted firms. The settlement-to-gain 

ratio is below 10% in 10 firms. Overall, the involuntarily delisted firms only received 

penalties totaling $34 million, or 4.19% of the directors’ total gain.  

 

10. Conclusion 

Chapter One and Chapter Two use a unique data set and presents the widespread 

misconduct of Chinese firms on the US exchanges. On the motivation of reverse mergers, 

my results reject the valuable assets hypothesis and the thrift hypothesis, but do not reject 

the fraud hypothesis. On the spread of reverse mergers and misconducts, my results reject 

the independent learning hypothesis but do not reject the network learning hypothesis. I 

suggest a new motivation for cross-border listings and find that the wrongdoers profit from 
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faster stock sales after listing. Moreover, the Chinese are assisted by Western professionals 

to help them circumvent the US regulations, and the social network of the linked directors 

facilitates the spread of misconduct. The firms of misconduct cluster as small groups that 

sparsely link with good firms’ social networks. The firms of misconduct tend to be reverse 

mergers, headquarter in small cities, incorporate in the United States, are audited by small 

firms, and change auditors more frequently. Investors lost at least $811 million, and the 

penalty charged to the wrongdoers only accounts for 4.19% of that loss. In addition, the 

US-listed Chinese firms have a lower average Tobin’s q compared to the China-listed, 

which is in contrast to the prior research’s findings.  

This study contributes in several ways. First, I discover a new motivation for cross 

listings through a new channel. The foreign firms that list in the United States with this 

motivation are of low quality, in contrast to the literature. Second, this chapter provides a 

new perspective on the debate on the effectiveness of the US regulations. Very few studies 

use such a comprehensive collection of cross-border misconduct cases. Siegel (2005) 

records misconduct cases before 2002, but with much fewer observations. In addition, my 

research only focuses on firms from China, and the cases are more recent - all of them are 

exposed after 2006. Third, I highlight the importance of social networks in spreading 

misconduct and suggest a new approach for research related to business frauds. Because 

any of the wrongdoers’ accounting numbers may be forged, their financial data are 

unreliable. The social network analysis primarily uses nonfinancial data. Last but not least, 

my findings have policy implications. Wrongdoers have similar patterns, and there are 

misconduct groups. These facts facilitate the probe of undiscovered misconducts.  
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This chapter also has an obvious contribution to the concurrent literature on 

Chinese reverse mergers. The existing papers often compare reverse mergers to IPOs. They 

are based on the firms’ financial indicators, like the earnings. However, my findings reveal 

that these numbers are not reliable, and then neither are the results of these studies.  
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1. Introduction 

A strong or semi-strong efficient market requires unlimited attention for investors 

to acquire all relevant information, process information instantly and make wise decisions. 

Failure of meeting this assumption leads to market anomaly and a profitable trading 

strategy. Literature studies quantitative information, including stock return, trading volume, 

earnings, accounting data, etc. and studies timeliness of market reaction to such 

information. Despite the quantitative information, investors are also influenced by textual 

content and make decisions based on such qualitative information, such as news, analyst 

reports and discussions with other investors.  

Little literature investigates textual information of news and analyst reports 

together. There are two main differences between these two sources. Firstly, while news is 

supposed to be objective, most analyst reports contain subjective opinion. More 

importantly, while news is publicly available to all investors, most analyst reports are paid 

services to subscribed clients in the U.S. 

Asquith, Mikhail and Au (2005) find that analyst report text provides new 

information that stock price does not instantly incorporate, therefore analyst reports may 

be useful in obtaining abnormal return. Moreover, within a mutual fund’s portfolio, the 

stocks covered by the fund’s brokers outperform the uncovered stocks by an average of 

6.3% per year in the U.S. (Xie, 2012). Though mutual fund clients indeed benefit from the 

information provided by sell-side report, the inefficiency may vanish if analyst reports 

become public. 

In this chapter, we discuss how textual information of news and analyst reports 

affects the corresponding stock price when the information is publicly available to all 
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investors with no cost. Using a unique Chinese dataset of free and public analyst reports 

and applying the rule-based text mining technique, this chapter investigates the relationship 

between stock return and textual information of corresponding financial news and analyst 

reports. 

In China, almost all analyst reports are public. Several mainstream financial 

information websites, including the two largest ones hexun.com and hibor.com.cn, collect 

and publish all analyst reports, as well as most financial news. News text and hyperlinks 

on listed firms are collected and published online shortly after release. Moreover, analyst 

reports produced by brokerage firms and investment banks are also freely available on the 

websites. Anyone can browse and download the reports and news without restriction. 

Analyst reports and news receive tens of millions of page views every day, indicating that 

the information receives enough attention from investors. The fact that analyst report in 

China is public provides a unique tool to test whether the two information sources, 

objective and subjective, affect the investors differently. 

This chapter documents two main findings. Firstly, the market price absorbs the 

news information quickly and responds to firm-specific news instantly and accurately. In 

this chapter, we collect and analyze about 70,000 pieces of news that are released during 

market close. We find a significant correlation between events identified by text-mining 

methodology and overnight return, defined as the percentage change from today’s closing 

price to next day’s opening price. Moreover, for most events, the coefficient is statistically 

significant and the sign is consistent with our prior expectation. For example, event “Profits 

increase” leads to a positive overnight return, while event “Lawsuit” results in a negative 

overnight return. However, the overall relationship becomes weaker and coefficients of 
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many events change signs after the market opens on the next day, indicating that there is 

no systematic underreaction or overreaction after the market opens. 

Secondly, textual content in analyst report contains more information in predicting 

future return compared to news, though the market reacts to analyst report information 

more slowly. We run regression on the one-week, two-week and four-week adjusted return 

after analyst report release, and find that the longer the period is, the higher the R-square 

is. This means that the analyst reports are useful in predicting future return and the effect 

lasts at least four weeks, indicating that either the investors who read the reports respond 

slowly on the information, or they underreact to the information after reading it; and the 

information itself is incorporated into the price through other channels after weeks. 

Compared to the market anomalies found by market trading statistics, such as 

volume premium (Gervais, Kaniel and Mingelgrin, 2001) or liquidity premium (Pastor and 

Stambaugh, 2001), incorporation of textual information into price is more straightforward, 

which is almost a direct reaction of investors after reading news or reports. In efficient 

markets, investors’ reactions are fast and statistically unbiased, making the price adjust to 

the new equilibrium instantly without arbitrage opportunities left. Unbiasedness means that 

investors do not statistically overreact or underreact. Investors underreact after the 

information release only when the information is not fully understood or is not widely 

accessible. 

Though making decisions based on objective news such as “KFC’s profit falls 26% 

to $5.37 billion in the third quarter” is comparatively straightforward, investors are 

generally more cautious when reading a subjective assertion such as “the urbanization has 

already reached the level that enables the future boom of food chain industry”. Our results 
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find that investors respond more instantly to news information compared to analyst reports, 

despite the fact that neither of the above news is useful for sure in predicting future return 

because the price already absorbs the news information when most people read it in 

strongly efficient markets. We raise an alternative reason to explain the underreaction to 

analyst reports, arguing that investors are not confident with or do not entirely trust the 

opinion of the reports. If this argument is true, the subjective information like sell-side 

reports is incorporated into the price more slowly. 

The rest of this chapter is organized as follows. Section 2 reviews literature and 

gives a brief introduction of analyst report industry in China. Section 3 describes data and 

sample. Section 4 describes the text-mining techniques that we use to extract identified 

events in text content. Section 5 discusses the empirical results. Section 6 presents 

simulated trading results. Section 7 concludes. 

 

2. Literature and Background of Chinese Market 

2.1. Literature Review 

Information is one of the concepts that stand in the very central position in finance. 

Other core concepts, such as Efficient Market Hypothesis, also closely relate to information. 

Financial economists have done a great amount of empirical investigation to study the 

effect of information release on financial variables, such as stock return. 

However, most of the existing literature only examines the quantitative information 

that can be quantified into numerical data, such as release of earnings and recommendation 

level. Parsing natural language is more difficult compared to numerical data and was not 

popular until the recent decade. Since natural language information such as news and text 
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of analyst reports are qualitative, computer technology was not good enough to make 

understanding and categorization. Researchers who do not trust computer analysis have to 

use human reading methodology by employing analysts to read and categorize the texts 

(Asquith, Mikhail and Au, 2005; Yuan, 2014). 

However, human reading can only analyze a very limited number of news, articles 

or reports compared to proper computer algorithm. To our knowledge, no research using 

human reading has a sample with over 1,000 observations. Financial economists, linguists 

and computer scientists, like Seo, Giampapa and Sycara (2004), have been using text 

mining and processing techniques to extract more information from the text content. 

Moreover, the advanced analyzing techniques make it possible to improve the 

predictability of individual stocks and market indices with the additional information 

obtained from qualitative texts, together with available quantitative data. 

To the best of our knowledge, Antweiler and Frank (2004) are the earliest financial 

economists to explore natural language analysis of textual information. They analyze 

messages and talks on internet stock message boards posted on Yahoo! Finance and find 

that the textual information increases the predictability of market volatility while the effect 

on stock returns is statistically significant but economically small. 

Previous literature of textual analysis heavily relies on dictionary-based 

methodology, which counts predefined positive and negative words to decide the tone of 

news and articles. Dictionary-based research include Tetlock (2007), one of the earliest and 

best known, among others such as Tetlock, Saar-Tsechansky and Macskassy (2008), 

Engelberg (2008), Kothari, Li and Short (2009), Feldman, Govindaraj, Livnat and Segal 

(2010), Demers and Vega (2010) and Loughran and McDonald (2011). For example, 

http://scholar.google.com/citations?user=dzvywqYAAAAJ&hl=en&oi=sra
http://scholar.google.com/citations?user=TuacnBkAAAAJ&hl=en&oi=sra
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Tetlock (2007) calculates the fraction of negative words in the daily content of Abreast of 

the Market column in the Wall Street Journal to measure the interactions between the media 

and the stock market. 

In terms of methodology, Feldman, Rosenfeld, Bar-Haim and Fresko (2011) and 

Boudoukh, Feldman, Kogan and Richardson (2013) are closely related to this chapter. 

Feldman at al. (2011) is one of the earliest works that go beyond the word-level analysis. 

They integrate sentiment dictionaries, phrase-level compositional patterns, and predicate-

level semantic events to develop a novel hybrid approach that improves the understanding 

of textual information’s tone. Their approach “generates precise in text sentiment tagging 

as well as sentiment-oriented event summaries for a given stock, which are also aggregated 

into sentiment scores”. 

Boudoukh, et al. (2013) employ phrase-level rule-based information extraction 

approach to analyze the relationship between stock prices and information by extracting 

event instances out of the text based on a set of predefined rules. They find that rule-based 

methodology substantially increases R-square on identified news days. Moreover, in 

contrast to most previous literature on stock prices and news, they find a much closer link 

between stock prices and information. 

There are more recent papers investigating the relationship between textual 

information and stock price movements. An interesting one is Bollen, Mao and Zeng (2011) 

that uses a computational linguistics algorithm to analyze the market’s mood states by 

parsing the text content of millions of daily Twitter feeds. Their results indicate that the 

accuracy of the Dow Jones Industrial Average (DJIA) predictions can be significantly 
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improved by the inclusion of specific public mood dimensions. They find an accuracy of 

87.6% in predicting the daily up and down changes in the closing values of the DJIA. 

While Antweiler and Frank (2006) see how the textual information affects the 

predictability of market and stock characteristics, Das and Chen (2007) extract small 

investor sentiment from stock message boards to find out a reversed relationship - they find 

that market activity influences small investor sentiment. They develop five distinct 

classifier algorithms coupled by a voting scheme that are found to perform well against 

human and statistical benchmarks.  

2.2. Background of Chinese Market 

In China, a majority of revenues of brokerage firms and investment banks, where 

sell-side analysts work, come from trading transaction fees and underwriting commission 

fees. Since services provided by those firms are almost homogeneous in the highly 

competitive market, it is important to provide additional services, including insightful 

analyst reports and convincing road shows, to attract investors especially like large clients 

like mutual funds.  

Security research divisions of brokerage firms email reports to their clients every 

morning before the market open at 9:30 am. These reports are collected by large public 

websites and published only a few hours later. Reports that mutual funds read is public 

information to the whole market in China. Some buy-side fund managers believe that sell-

side reports provide a specific aspect of insight and are helpful in making investment 

decision. In addition, fund managers and buy-side analysts can email or call the author of 

a report for a detailed explanation. 
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Chinese New Fortune, one of the most famous magazines in China’s finance 

industry, publishes a rank of all brokerage firms’ research teams every year, based on votes 

from public funds26. Like in the U.S., funds with larger trading volume have more weight 

in their vote. The champion research team receives much more attention than their 

competitors in the next year, which brings a lot of potential benefits for their brokerage 

firm. Reasonably, members from the star research team earn a considerable amount of 

bonus, which is usually ten times more than an average analyst’s annual salary. 

Unlike in the U.S. where analyst reports are privately sent to clients as a paid service, 

it is commonly a free service in China to exhibit brokerage firms’ professional capabilities. 

Analyst reports are like advertisements of brokerage firms in China. It is beyond the scope 

of this chapter to discuss how this structure affects the incentive of analysts to provide 

accurate reports. It looks like given the reports are informative and public, their information 

should be incorporated into the price faster than in the U.S. where reports are privately 

subscribed, but our results show that it is not the case. 

 

3. Data description 

3.1. News 

Like analyst reports, the news data are also acquired from hibor.com.cn with a 

similar web crawling algorithm. Similarly, the website itself does not produce news but 

collects and provides hyperlinks of listed firms’ news from various sources. We identify 

62,815 pieces of news released after the market close, from 3:00 pm to 9:00 am on the next 

                                           
26 Public funds in China are similar to mutual funds in the U.S. except for minor differences. 



115 of 153 

 

trading day, which are a majority in the original dataset. News dataset spans from August 

9th, 2006 to April 13th, 2013. 

3.2. Analyst Report 

Our text content data is obtained from hibor.com.cn through a customized web 

crawling algorithm. Stock-tickers, uploading time, author names, brokerage firm names, 

recommendation level and its change, and the introduction part of each report are collected. 

207,758 reports from August 9th, 2006 to April 13th, 2013 are fetched and 169,735 of them 

are successfully analyzed. Since we focus on the cumulative abnormal return (CAR) of the 

reports, we exclude reports of stocks whose trading were temporarily suspended within 1 

month after the report release, leaving 144,402 available reports. The distribution of the 

number of reports in each six-month is presented in Figure 3.1. Notice that the reports 

before 2008/06 are not complete in this dataset. 

 

Figure 3.1 Number of Available Reports in Each Six-month Interval 
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3.3. Stock Return 

To examine the appropriate risk factors in the Chinese market similar to Fama-

French three factors model in order to determine the abnormal return, we run regressions 

of individual stock’s weekly return on combinations of seven risk factors and present R-

squares in Table 3.1. The seven risk factors include weekly market return (China Shanghai 

Shenzhen CSI 300 index return), size (small minus big or SMB), individual stock volatility, 

turnover, revenue, book-to-market ratio (BM) and inverse price/earnings ratio 

(earnings/price, or EP). 

 

Table 3.1 R-squares of Seven Regressions to Determine the Appropriate Risk Factors 

  

The market return alone explains 83.9% variations of the stock return. After adding 

the SMB, the R-square rises to 89.4%, and other additional factors make little contribution 

to the R-square. Therefore we conclude that the appropriate form of the risk factor model 

should be a two-factor model of market return and size in the following form. 

Ri = Mi β1 + SMBi β2 + ϵi 

where Ri is the raw return of individual stock, Mi is the market return and SMBi is 

the size. 

The two-factor adjusted return is obtained as 

Market Return Yes Yes Yes Yes Yes Yes Yes

SMB Yes Yes Yes Yes Yes Yes

Volatility Yes

Turnover Yes

Revenue Yes

BM Yes

EP Yes

R Square 0.8388 0.8942 0.9138 0.9046 0.9052 0.9152 0.9043

Dependent Variable: Individual Stock's Weekly Return
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ARi = Ri − Mi β1 − SMBi β2 

Similarly, the one-factor model is 

Ri = Mi β1 + ϵi 

and the one-factor adjusted return is obtained as 

ARi = Ri − Mi β1 

We apply two-factor adjusted return as abnormal return in Section 5 and in Section 

6. 

 

4. Methodology 

Analyzing Chinese textual information needs new techniques that researchers do 

not need when analyzing Latin languages; therefore we develop a set of Chinese textual 

processing techniques that do not exist in existing literature. To our knowledge, this chapter 

is the first to investigate the relationship between individual stock return and news as well 

as analyst reports in the Chinese market using text mining techniques. 

Chinese written language is different from English, French and other Latin 

languages in several aspects, some of which simplify the textual analysis while some make 

the parsing more difficult. From the perspective of textual analysis, there are two main 

differences. First, Chinese languages are not alphabetical and written in characters but not 

letters27. Moreover, unlike English or French, there is no space between different words in 

a sentence. Like Japanese, this feature of Chinese is also different from other Asian 

                                           
27 Though there are at least seven dialect groups (Mandarin, Wu, Cantonese, Min, Hakka, Xiang, Gan) and 

hundreds of dialects in different regions of mainland China, all dialects share the same writing system with 

the same grammar and two different character system – traditional character system used in Taiwan, Hong 

Kong and Macau and simplified character system used in mainland China, Singapore and Malaysia. In 

mainland China, almost every qualified news writer and stock analyst speaks Mandarin. 
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languages like Korean and Vietnamese which have space to separate words. Therefore to 

meaningfully separate words in Chinese texts is a challenge of natural language analysis 

that researcher of English texts do not experience.  

Second, Chinese is one of a few tenseless languages that do not have grammatical 

tense (Comrie, 1985). For example, the words “increase”, “increasing” and “increased” are 

the same in Chinese (pinyin28: zēng jiā); the words “be”, “am”, “are”, “is”, “was”, “were” 

are also the same in Chinese (pinyin: shì). In Chinese, the way to make a sentence in past 

tense or future tense different from the present tense sentence is to add special indicating 

words (or “particles”) at the end of the sentence, without changing verbs in different tenses. 

This feature simplifies the analysis because we do not need to consider the complexity 

resulted from different tenses. Similarly, Chinese does not have grammatical number (like 

in English), gender (like in French or Spanish) or case (like in Greek or Russian). For 

example, the plural form of “stock” is “stocks” in English, but in Chinese the singular and 

the plural form are the same (pinyin: gǔ piào). Like Japanese, Chinese lacks any significant 

grammatical number at all but use indicating words called numerical classifiers to indicate 

the plurality.  

Our rule-based methodology differs significantly from most textual analysis 

literatures that apply dictionary-based sentiment measure or the papers that vectorize texts 

as a set of tokens (words) and apply some machine-learning algorithm to categorize “good 

news” or “bad news”. Rather, we apply different rules to identify a set of pre-specified 

events. The rule-based methodology is enlightened from the logical operations in computer 

programming. A rule to identify a certain type of event is simply a set of key words (or 

                                           
28 Chinese pinyin is the official phonetic system for transcribing the Mandarin pronunciations of Chinese 

characters into the Latin alphabet in China. 
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strings in text-mining computer programming) matching conditions jointed by “and”, “or” 

or “not”.  

The rules that we actually use for programming are much more complicated than 

the following example and include many more words, phrases and their combinations. The 

following example is a simple one for explanation. For example, the rule to identify 

“positive comment on the firm’s product (or service) quality” is that there exists at least 

one sentence in the text that satisfies the following conditions: 

(1) Contains any one of the following words: chǎn pǐn29 (product), fú wù 

(service) 

And (2) contains any one of the following words: zhì liàng (quality), xìng 

néng (performance), pǐn zhì (quality) 

And (3) contains any one of the following words: yōu (great), liáng (nice), 

hǎo (good) 

And (4) does not contain any one of the following words: liè (bad), chà 

(bad), xū jiǎ (false), bù hǎo (not good), wèn tí (problematic) 

The rule to identify “negative comment on the firm’s product (or service) quality” 

is that there exists at least one sentence in the text that satisfies the following conditions: 

(1) Contains any one of the following words: chǎn pǐn (product), fú wù 

(service) 

And (2) contains any one of the following words: zhì liàng (quality), xìng 

néng (performance), pǐn zhì (quality) 

                                           
29 Instead of writing in Chinese characters, here we only provide the Chinese pinyin of the word. Each 

word’s meaning in English is provided in the bracket that follows the word. 
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And (3) does not contain any one of the following words: yōu (great), liáng 

(nice), hǎo (good)  

And (4) contains any one of the following words: liè (bad), chà (bad), xū 

jiǎ (false), bù hǎo (not good), wèn tí (problematic) 

To develop the rule set, we began with a coarse rule, ran the program to collect all 

the texts that satisfy the rule, and highlighted the key sentence. Then we manually checked 

a sample of the key sentences and revised the rule. We iterated this procedure until over 

90% highlighted key sentences expressed correct and accurate meaning. If we could not 

obtain the accurate meaning by 10 iterations, we discarded that particular rule and worked 

with others until we obtained the above rules. 

Compared to the traditional dictionary-based sentiment measure and machine-

learning-based method, this rule-based methodology improves the accuracy dramatically 

for two reasons.  

Firstly, the rule-based algorithm allows more flexible conditions of judgment. In 

natural language, especially in the Chinese language, the meaning of a word highly depends 

on its context. For example, “quality is higher” is a good signal in news and reports, but 

“cost is higher” is not. However, “higher” is the keyword in both sentences. But it is 

impossible for the dictionary-based measure or the single-word machine learning 

methodology to recognize the correct meaning because the nature of the two methodologies 

do not allow different meanings of the same word in different contexts. In fact, the first 

step of these methodologies is to summarize the contexts into a word frequency histogram, 

which intentionally ignores the information of the contexts. As a result, only a few 

adjective and subjective words with very clear positive or negative meaning, no matter 
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what the context is, can be identified as valid sentiment measures, such as “enthusiastic” 

and “attractive” for the positive or “unwelcome” and “frustrated” for the negative. 

However, in both news and analyst reports, authors are supposed to present their ideas in 

an objective manner and words with strong subjective attitude seldom appear. Therefore, 

the nature of the two methodologies inevitably loses a great size of important, useful and 

concrete information that is relevant. 

Secondly, the rule-based algorithm utilizes our human understanding of the text 

content by manual check and reduces the so-called data sparseness problem to a large 

extent. Data sparseness is the problem that the frequency of desired words or word 

combinations, or features that we call, is too low to make statistic inference effective. 

Specifically, methodologies that try to capture the same word’s different implications in 

different contexts need to model the word in different contexts as different features, which 

will make the number of different features much larger than using the single-word model 

but each feature’s frequency is reduced.  

A simple example of feature extraction methodologies is the so-called “word 

combination”, which extracts all two-word combinations as different features. For example, 

C5
2 = 10 different combinations or features can be extracted from a sentence with 5 words 

“one plus two equals three”. As a result, the frequency of any specific feature (word 

combination) is lower. For example, the specific word combination (quality, poor) only 

appears 30 times in 150,000 reports because there are many other ways, such that (quality, 

lower) or (quality, bad), to express the same meaning. Those 30 observations may not be 

enough to make this feature stands out if there are many other features appearing with 30 

or more times. In fact, the feature (quality, poor) is only a small one of the many word 
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combinations that express the negative meaning of low quality; therefore this feature may 

not stand out statistically. However, a real reader knows that the combination (quality, poor) 

is indeed an alarming signal even it does not have a high frequency, and this signal should 

be treated as in the same category with (quality, bad), (quality low), (quality lower), 

(service, bad), (customer, complain) among many others. The rule-based methodology, as 

described above, can combine the different word combinations with the same meaning in 

the same category and reduce the data sparseness problem. 

 

5. Empirical Results 

5.1. Relationship between News and Corresponding Stock Return 

Using the methodology described in Section 4, we identify 29 different events in 

the news dataset; each of them is identified through a certain rule. The news events are 

summarized in Table 3.2. Notice that these events are not mutually exclusive and a single 

piece of news may include multiple events. Therefore we generate a set of dummy variables 

to describe each of the events. The dummy variable equals one when a piece of news 

includes the particular event and it equals zero when it is not included. After parsing all the 

news, each piece of them is represented as a vector of 29 elements with binary value. For 

example, if the events “Compensation obtained” and “Profit increase” are identified from 

the news by the rule-based methodology, the vector would have two ones for the 

corresponding events and 27 zeros for others. 

 

 

Table 3.2 Explanation of 29 Identified Events in the News 
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Number Explanatory variables Notes

Expected 

Sign

N1 Acquisition The company makes an acquisition of another business +

N2 Challenge

The company is facing a challenge or crisis that investors 

should be aware of -

N3 Coorperate

The company makes a coorperation deal with another 

company +

N4 Compensation obtained

The company is compensated after winning a lawsuit or 

negotiation +

N5 Orders The company has new orders from its clients +

N6 Gov't support The company obtains support from the government policies +

N7 Insider trading The company is involved in a insider trading investigation -

N8 Stocks issuance The company issues stocks +

N9

Approved or planned 

bond issuance

The company announces that it is approved to issue or is 

planning to issue new bonds ?

N10 Acquire land The company successfully acquires new land in an auction +

N11 Lawsuit The company is involved in a new lawsuit -

N12 Loss announcement The company announces expected loss -

N13

Management 

stockholding decreases The company's management decreases stockholding -

N14

Management 

stockholding increases The company's management increases stockholding +

N15 Negative comments The company suffers from negative public comments -

N16 New investment The company makes new investment +

N17 No identified events

The news does not include identified events or 

announcements ?

N18 Other announcements

The news includes announcements that cannot be 

categorized into the identified events and cannot be 

classified as positive or negative to the company ?

N19 Resume paused trading The company's previously paused stock trading is resumed ?

N20 Profits decrease The company's profits decrease -

N21 Profits increase The company's profits increase +

N22 Profit announcement

The company announces its profit but does not mention 

whether it increases or decreases ?

N23 Profit word

The news has the word "profit" but it is not the company's 

announcement ?

N24 Quality problems The company's products have quality problems -

N25

Expected revenues 

decrease The company's revenues are expected to decrease -

N26

Expected revenues 

increase The company's revenues are expected to increase +

N27 PIPE

The company receives private investment in public equity 

(PIPE) +

N28 Rumor

The company suffers from groundless allegation, negative 

rumors and gossips -

N29 Stockholder meeting The company holds stockholder meeting ?

29 identified events in the news



124 of 153 

 

The correlation coefficients of the event dummies show how the events are related 

to each other. We have C29
2 = 406 different coefficients and the distribution is summarized 

in Table 3.3. Correlation matrix is too large to be presented here. High correlation 

coefficient indicates that some events tend to appear together in the same news. Low 

correlation coefficient indicates that different news tends to focus on different events. 89.41% 

of coefficients are below 0.05, so most pairs of events are almost uncorrelated. 

 

Table 3.3 The Distribution of Correlation Coefficients of Different Events in News 

 

We firstly investigate the correlation between the adjusted overnight return and the 

set of event dummies by running the following regression: 

ARi = α + Xiβi + ϵi 

where ARi is the two-factor adjusted overnight return of the corresponding stock 

after the news release. Overnight return is defined as the percentage change of the market 

opening price compared to the last trading day’s closing price. For example, if a piece of 

news is released on Monday after market close, then the intraday return would be the 

percentage change from Monday closing price to Tuesday opening price. Calculation of 

ARi, the adjusted overnight return, is described in Section 3.3. Xis are the dummy variables 

describing each of the identified events. 

Range Number of Coefficients Percentage

0 - 0.05 363 89.41%

0.05 - 0.1 24 5.91%

0.1 - 0.3 12 2.96%

0.3 - 0.5 3 0.74%

0.5 - 1.0 4 0.99%

Total 406 100%
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The regression results are presented in Table 3.4. We have three findings. Firstly, 

the 29 events explain 2.86% variations of the adjusted overnight return, a comparatively 

large number given the sample size of 62,185 observations. Secondly, 21 out of 29 events 

are statistically significant and 20 of them are with p-values less than 0.01, indicating that 

the news with identified events significantly affects the adjusted overnight return. Last but 

not least, among the statistically significant events, all the 14 events that we had a prior 

expectation on their signs turn out to empirically have the same signs as we expected. For 

example, we expected that if there was only event “Insider trading” identified in a piece of 

news, the news would have a negative impact on the company and the abnormal return 

would decrease; empirically, the adjusted overnight return does significantly drop by 0.537% 

on average.  

The regression coefficients represent marginal effect of events. Because the 

independent variables are dummies with binary value, the effect of a piece of news with 

multiple events is simply a sum of the coefficients. For example, if there were only three 

events identified in a piece of news, namely “Acquisition”, “Profit decrease” and 

“Expected revenues increase”, then the marginal effect of the news on the adjusted 

overnight return would be 14.06+(-46.22)+102.01=69.85 basis points, or 0.6985%. 

 

Table 3.4 The Regression Results of Two-factor Adjusted Overnight Return on Event 

Dummies 

Overnight return is defined as the percentage change of the market opening price compared to the last trading 

day’s closing price. For example, if a piece of news is released on Monday after market close, then the 

intraday return would be the percentage change from Monday closing price to Tuesday opening price. The 

unit of coefficient is basis point, or 0.01%. For example, if the coefficient equals 14, it indicates that the 

adjusted return is on average 0.14% higher when the event is identified in the news than it is not. 



126 of 153 

 

 

 

To see how the news affects the abnormal return on the next day after news release, 

we calculate two-factor adjusted next day intraday return as described in Section 3.3 and 

Event Obs Coefficient t - value p - value Significance

Expected 

Sign

Acquisition 6980 14.0621 3.7121 0.0002 *** +

Challenge 2504 -13.3683 -3.1497 0.0016 *** -

Coorperate 3179 5.2397 1.4017 0.1610 +

Compensation obtained 555 45.2117 5.1126 0.0000 *** +

Orders 1073 7.6299 1.2046 0.2284 +

Gov't support 2084 6.5370 1.4190 0.1559 +

Insider trading 214 -53.7120 -3.7299 0.0002 *** -

Stocks issuance 3252 7.1071 1.4387 0.1502 +

Approved or planned bond 

issuance 1092 -1.5370 -0.2455 0.8060 ?

Acquire land 521 -1.4262 -0.1578 0.8746 +

Lawsuit 4849 -47.7703 -14.9859 0.0000 *** -

Loss announcement 14187 -23.3771 -8.4965 0.0000 *** -

Management stockholding 

decreases 3396 -50.2002 -13.8354 0.0000 *** -

Management stockholding 

increases 3012 11.2689 2.9200 0.0035 *** +

Negative comments 2845 -7.0741 -1.7847 0.0743 * -

New investment 9089 4.2623 1.2631 0.2066 +

No identified events 1585 -18.1092 -3.4224 0.0006 *** ?

Other announcements 333 -35.7110 -3.0378 0.0024 *** ?

Resume paused trading 1998 -34.9426 -7.3984 0.0000 *** ?

Profits decrease 3661 -46.2193 -10.9324 0.0000 *** -

Profits increase 12084 17.2105 6.3330 0.0000 *** +

Profit announcement 25451 10.8069 4.8192 0.0000 *** ?

Profit word 9479 -28.1128 -8.9393 0.0000 *** ?

Quality problems 318 -46.2829 -3.9830 0.0001 *** -

Expected revenues decrease 815 -96.2250 -12.0817 0.0000 *** -

Expected revenues increase 410 102.0101 9.8712 0.0000 *** +

PIPE 2011 3.0467 0.4858 0.6271 +

Rumor 779 -64.6508 -8.7166 0.0000 *** -

Stockholder meeting 1631 -25.3235 -4.8443 0.0000 *** ?

Constant 15.6156 13.4556 0.0000

R-square 0.02857

Obs 62815

Dependent Variable: Two-factor Adjusted Overnight Return 
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use it as the dependent variable ARi  to replace two-factor adjusted overnight return in 

Table 3.4. Intraday return is the intraday return of the next day after news release, which is 

defined as the percentage change of the market closing price of the next day compared to 

that trading day’s market opening price. For example, if a piece of news is released on 

Monday after market close, then the intraday return would be the percentage change from 

Tuesday opening price to Tuesday closing price. We run the regression again and obtain 

Table 3.5. 

If a significant relationship was still found, we would statistically profit from 

trading after the news release. However, we find that the R-square of 0.0018 in Table 3.5 

is much less than in the overnight return regression Table 3.4, which is 0.0286. Among the 

event dummies with significant coefficients, five events are empirically with the same signs 

as expected and seven events turn out to have different signs than expected. In other words, 

there is no statistical underreaction or overreaction on an event after the market opens, 

indicating that the market price moves quickly to absorb the news textual information 

shortly after the market opens. 

To investigate whether the market overreacts or underreacts after an even longer 

period, we replace two-factor adjusted intraday return with two-factor adjusted 5-day 

return as the dependent variable and run the regression again to obtain Table 3.6. The 5-

day return is the return from the second day after news release to the sixth day after news 

release. For example, if a piece of news is released on Monday after market close, then the 

5-day return would be the percentage change from Tuesday closing price to next week’s 

Tuesday closing price. 
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Table 3.5 The Regression Results of Two-factor Adjusted Next Intraday Return on Event 

Dummies 

Intraday return is the intraday return of the next day after news release, which is defined as the percentage 

change of the market closing price of the next day compared to that trading day’s market opening price. For 

example, if a piece of news is released on Monday after market close, then the intraday return would be the 

percentage change from Tuesday opening price to Tuesday closing price. The overall insignificance shows 

that intraday trading in response to the overnight news hardly earns abnormal return. The unit of coefficient 

is basis point, or 0.01%. For example, if the coefficient equals 15.63, it indicates that the adjusted return is 

on average 0.1563% higher when the event is identified in the news than it is not. 

 

 

 

Event Obs Coefficient t-value p-value Significance Expected Sign

Acquisition 6980 -12.2261 -2.1602 0.0308 ** +

Challenge 2504 15.6304 2.4649 0.0137 ** -

Coorperate 3179 12.1264 2.1512 0.0315 ** +

Compensation obtained 555 -26.3898 -1.9968 0.0459 ** +

Orders 1073 3.0544 0.3225 0.7471 +

Gov't support 2084 -3.8570 -0.5595 0.5758 +

Insider trading 214 20.6832 0.9617 0.3362 -

Stocks issuance 3252 -13.1620 -1.7786 0.0753 * +

Approved or planned bond issuance 1092 -28.0420 -2.9856 0.0028 *** ?

Acquire land 521 10.2240 0.7538 0.4510 +

Lawsuit 4849 13.2188 2.7224 0.0065 *** -

Loss announcement 14187 10.2287 2.4604 0.0139 ** -

Management stockholding decreases 3396 -16.3801 -2.9688 0.0030 *** -

Management stockholding increases 3012 11.9881 2.0674 0.0387 ** +

Negative comments 2845 -1.6763 -0.2825 0.7776 -

New investment 9089 1.9943 0.3928 0.6944 +

No identified events 1585 -5.9031 -0.7362 0.4616 ?

Other announcements 333 4.8210 0.2742 0.7840 ?

Resume paused trading 1998 14.3088 2.0229 0.0431 ** ?

Profits decrease 3661 -15.1802 -2.3959 0.0166 ** -

Profits increase 12084 -0.7550 -0.1849 0.8533 +

Profit announcement 25451 -10.4336 -2.9940 0.0028 *** ?

Profit word 9479 -15.5531 -3.3086 0.0009 *** ?

Quality problems 318 -10.4563 -0.6023 0.5470 -

Expected revenues decrease 815 -35.3968 -2.9753 0.0029 *** -

Expected revenues increase 410 3.9539 0.2562 0.7978 +

PIPE 2011 -5.0319 -0.5371 0.5912 +

Rumor 779 -2.6916 -0.2422 0.8086 -

Stockholder meeting 1631 -2.7298 0.3437 0.7310 ?

Constant -3.9612 -0.3 0.63773

R-square 0.00181

Obs 62815

Dependent Variable: Two-factor Adjusted Next Day Intraday Return 
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Table 3.6 The Regression Results of Two-factor Adjusted 5-day Return on Event 

Dummies 

The 5-day return is the return from the second day after news release to the sixth day after news release. For 

example, if a piece of news is released on Monday after market close, then the 5-day return would be the 

percentage change from Tuesday closing price to next week’s Tuesday closing price. Except for events of 

acquiring land on auction, loss notice and pause resume trading, no other events’ coefficients are significant, 

indicating that the market does not respond to the news information even in the longer period. The unit of 

coefficient is basis point, or 0.01%. For example, if the coefficient equals 647, it indicates that the adjusted 

return is on average 6.47% higher when the event is identified in the news than it is not. 

 

Event Obs Coefficient t-value p-value Significance

Expected 

Sign

Acquisition 6980 -0.8628 -0.0445 0.9645 +

Challenge 2504 -16.7550 -0.7734 0.4393 -

Coorperate 3179 2.1527 0.1129 0.9101 +

Compensation obtained 555 -63.8206 -1.4180 0.1562 +

Orders 1073 -2.3858 -0.0745 0.9406 +

Gov't support 2084 -7.2931 -0.3130 0.7543 +

Insider trading 214 -35.1286 -0.4483 0.6539 -

Stocks issuance 3252 -4.3933 -0.1735 0.8622 +

Approved or planned bond issuance 1092 -16.7071 -0.5297 0.5963 ?

Acquire land 521 647.2948 14.3032 0.0000 *** +

Lawsuit 4849 -0.6990 -0.0426 0.9660 -

Loss announcement 14187 -28.7640 -2.0592 0.0395 ** -

Management stockholding decreases 3396 23.2963 1.2700 0.2041 -

Management stockholding increases 3012 -19.9257 -1.0137 0.3107 +

Negative comments 2845 11.3924 0.5587 0.5764 -

New investment 9089 2.6268 0.1527 0.8787 +

No identified events 1585 -26.9060 -1.0046 0.3151 ?

Other announcements 333 -9.1024 -0.1539 0.8777 ?

Resume paused trading 1998 52.8844 1.9480 0.0514 * ?

Profits decrease 3661 1.4410 0.0672 0.9464 -

Profits increase 12084 -5.0495 -0.3681 0.7128 +

Profit announcement 25451 10.8915 0.9543 0.3400 ?

Profit word 9479 2.2513 0.1415 0.8875 ?

Quality problems 318 -49.9879 -0.8398 0.4010 -

Expected revenues decrease 815 -7.6555 -0.1916 0.8481 -

Expected revenues increase 410 -40.1415 -0.7736 0.4392 +

PIPE 2011 37.8787 1.1693 0.2423 +

Rumor 779 27.1496 0.7257 0.4680 -

Stockholder meeting 1631 -28.1810 -1.0699 0.2847 ?

Constant 37.0927 6.0749 0.0000

R-square 0.00367

Obs 62815

Dependent Variable: Two-factor Adjusted 5-day Return 
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Except for events of “Acquire land”, “Loss announcement” and “Resume paused 

trading”, no other events have significant coefficients, indicating that the market does not 

respond to the news information even in the longer period.  

We also use one-factor adjusted return, which only controls the market return factor, 

to replicate Table 3.4 and 3.5 and obtain the same results. Since the news information is 

reflected by market price in a short time, it is expected that news information should not 

predict abnormal return in a longer period after 5 days. We also test the longer periods and 

find consistent results.  

In sum, the textual information contained in the news released after market is 

absorbed into the market price shortly after the market opening and no statistical 

overreaction or underreaction is found after the overnight price jump.  

 

5.2. Relationship between Analyst Reports and Corresponding Stock 

Return 

Similar to the news, we perform an analysis on analyst reports in this section. As 

shown in Table 3.7, we specify 16 different events in the analyst report text content; each 

of them is identified through a certain rule. We have C16
2 = 120 different correlation 

coefficients; the correlation matrix and the distribution are presented in Table 3.8. High 

correlation coefficient indicates that some events tend to appear together in the same report. 

Low correlation coefficient indicates that different reports tend to focus on different events. 

25% of pairs of events are slightly negatively correlated with correlation coefficients 

between -0.05 and 0. 64.16% of pairs are slightly positively correlated with correlation 

coefficients between 0 and 0.1. Most event pairs have low correlation with coefficients 
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smaller than 0.3 except for the two event pairs (Revenues increase, Profits increase) with 

coefficient of 0.624 and (Revenues decrease, Profits decrease) with coefficient of 0. 509. 

 

Table 3.7 Explanation of 16 Identified Events in the Analyst Reports 

 

 

 

 

 

Number

Explanatory 

variables Notes

Expected 

Sign

R1 Cost efficient The company is more efficient in reducing costs +

R2 Cost increase The company's costs increase -

R3

Fail to meet 

expectation

The company's performance does not meet 

analysts' expectation -

R4 Meet expectation

The company's performance meets or goes 

beyond analysts' expectation +

R5 Top in industry The company is in the first place in its industry +

R6

Negative industry 

perspective The company's industry has a bad perspective -

R7

Positive industry 

perspective The company's industry has a good perspective +

R8 Merger The company merges or is merged with another ?

R9 Bad new project The company's new project is expected to fail -

R10 Good new project The company's new project is expected to be +

R11 Bad product

The company's products are not good in quality 

or not expected to be popular in the future -

R12 Good product

The company's products are good in quality or 

expected to be popular in the future +

R13 Profits decrease The company's profits decrease -

R14 Profits increase The company's profits increase +

R15 Revenues decrease The company's revenues decrease -

R16 Revenues increase The company's revenues increase +

16 identified events in the analyst reports
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Table 3.8 The Correlation Coefficients Matrix and the Distribution of the Coefficients 

Most event pairs have low correlation with coefficients smaller than 0.3 except for the two event pairs (Revenues increase, Profits increase) with coefficient of 

0.624 and (Revenues decrease, Profits decrease) with coefficient of 0. 509 

 

  

Number Explanatory variables R1 R2 R3 R4 R5 R6 R7 R8 R9 R10 R11 R12 R13 R14 R15 R16

R1 Cost efficient 1.000

R2 Cost increase 0.240 1.000

R3 Fail to meet expectation 0.014 0.057 1.000

R4 Meet expectation 0.017 0.020 -0.005 1.000

R5 Top in industry 0.009 0.010 -0.013 0.000 1.000

R6 Negative industry perspective 0.069 0.062 0.040 0.015 0.085 1.000

R7 Positive industry perspective 0.031 0.039 0.017 0.041 0.144 0.157 1.000

R8 Merger 0.007 0.000 -0.013 -0.013 0.016 -0.031 -0.014 1.000

R9 Bad new project 0.000 0.000 0.012 0.002 0.023 0.018 0.011 0.005 1.000

R10 Good new project 0.011 0.005 0.015 0.034 0.062 0.031 0.050 0.024 0.081 1.000

R11 Bad product 0.007 0.002 -0.007 0.000 0.015 0.003 0.005 -0.004 0.041 0.004 1.000

R12 Good product 0.017 0.007 -0.010 -0.005 0.046 0.006 0.017 -0.003 0.015 0.065 0.030 1.000

R13 Profits decrease 0.075 0.063 0.194 0.002 -0.027 0.113 0.019 -0.011 0.008 -0.015 -0.005 -0.017 1.000

R14 Profits increase 0.016 0.055 -0.008 0.151 0.009 0.021 0.067 -0.006 0.004 0.118 -0.008 -0.004 -0.027 1.000

R15 Revenues decrease 0.076 0.059 0.193 0.011 -0.024 0.134 0.023 -0.034 0.011 -0.008 -0.002 -0.018 0.509 0.005 1.000

R16 Revenues increase 0.009 0.068 0.031 0.137 0.013 0.038 0.069 -0.020 0.005 0.119 -0.011 -0.002 -0.007 0.624 0.060 1.000

Range Number of Coefficients Percentage

-0.05 - 0 30 25.00%

0 - 0.05 61 50.83%

0.05 - 0.1 16 13.33%

0.1 - 0.3 11 9.17%

0.3 - 0.5 0 0.00%

0.5 - 1 2 1.67%

Total 120 100%
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We analyze the two-factor adjusted one-week, two-week and four-week cumulative 

abnormal returns after the analyst report release. We apply the formula in Section 3.3 to 

obtain the two-factor adjusted return as the abnormal return. Price fluctuation of stocks 

with small market value is statistically greater than stocks with large market value. 

Therefore it is important to rule out this factor when examining the effectiveness of mean 

reversion strategies. Mean reversion strategies that are profitable without considering size 

(SMB) factor may be unprofitable after controlling this factor.  

The results of three regressions are summarized in Table 3.9-3.11, respectively. 

Table 3.9 presents the regression with the dependent variable of two-factor adjusted one-

week return, which is the abnormal return after controlling market return and the SMB. 

Similarly, Table 3.10 presents the regression with the dependent variable of two-factor 

adjusted two-week abnormal return; Table 3.11 presents the regression with the dependent 

variable of two-factor adjusted four-week abnormal return. 

In Table 3.9, we have three findings. Firstly, the 16 events explain only 0.13% 

variations of the adjusted one-week return, which is not a large number even given the 

sample size of 144, 402 observations. Secondly, 8 out of 16 events are statistically 

significant and 5 of them are with p-values less than 0.01. Last but not least, among the 

statistically significant events, 7 out of the 8 events (except for “Revenues increase”) that 

we had a prior expectation on their signs turn out to empirically have the same signs as we 

expected. For example, we expected that if there was only event “Profits decrease” 

identified in a report, the news would have a negative impact on the company and the 

abnormal return would decrease; empirically, the adjusted one-week return does 

significantly drop by 0.1557% on average.  
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Table 3.9 The Regression Results of Two-factor Adjusted One-week Abnormal Return 

on the Set of Event Dummies Variables 

The unit of coefficient is basis point, or 0.01%. For example, if the coefficient equals 10.63, it indicates that 

the return is on average 0.1063% higher when the adjusted event is identified in the analyst report than it is 

not. 

 

To see how the reports affect the abnormal return in a longer period, we calculate 

two-factor adjusted two-week return as described in Section 3.3 and use it as the dependent 

variable ARi to replace adjusted one-week return in Table 3.10. If a significant relationship 

was still found, we would statistically profit from trading within two weeks after the report 

release. Indeed, we find that the R-square (0.0031) is higher than in the two-factor adjusted 

one-week abnormal return regression (0.0013). Results express more significance. 10 out 

of 16 events are statistically significant and 6 of them are with p-values less than 0.01. 

Among the event dummies with significant coefficients, 9 out of the 10 events (except for 

“Revenues increase”) empirically have the same signs as expected. 

Event Obs Coefficient t-value p-value Significance Expected Sign

Cost efficient 11288 10.6257 2.2026 0.0276 ** +

Cost increase 12231 -1.5467 -0.3321 0.7398 -

Fail to meet expectation 9548 -36.1781 -6.9863 0.0000 *** -

Meet expectation 7521 20.3068 3.5549 0.0004 *** +

Top in industry 12032 3.3200 0.7213 0.4707 +

Negative industry perspective 14349 -14.3085 -3.3250 0.0009 *** -

Positive industry perspective 17358 8.3971 2.1271 0.0334 ** +

Merger 19469 4.6523 1.2670 0.2052 ?

Bad new project 3495 -6.4810 -0.7921 0.4283 -

Good new project 28524 -3.5429 -1.1078 0.2679 +

Bad product 259 -30.5366 -1.0307 0.3027 -

Good product 1866 0.4606 0.0414 0.9670 +

Profits decrease 22297 -15.5696 -3.8281 0.0001 *** -

Profits increase 63421 0.9793 0.3014 0.7631 +

Revenues decrease 23587 -9.2025 -2.3055 0.0211 ** -

Revenues increase 67153 -15.1865 -4.6903 0.0000 *** +

Constant 20.6536 9.7887 0.0000

R-square 0.0013

Obs 144402

Dependent Variable: Two-factor Adjusted One-week Return
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Table 3.10 The Regression Results of Two-factor Adjusted Two-week Abnormal Return 

on the Set of Event Dummies Variables 

The R-square is larger than one-week regression.  The unit of coefficient is basis point, or 0.01%. For 

example, if the coefficient equals 22.36, it indicates that the return is on average 0.2236% higher when the 

adjusted event is identified in the analyst report than it is not. 

 

To investigate the effects on a four-week time horizon, we replace two-factor 

adjusted two-week abnormal return with adjusted four-week abnormal return as the 

dependent variable and run the regression again to obtain Table 3.11. Results are even more 

significant. We find that the R-square (0.0172) is much higher than in the two-factor 

adjusted two-week abnormal return regression (0.0031). 15 out of 16 events are statistically 

significant and 13 of them are with p-values less than 0.01. Among the event dummies with 

significant coefficients, 14 out of the 15 events (except for “Revenues increase”) 

empirically have the same signs as expected. 

 

Event Obs Coefficient t-value p-value Significance Expected Sign

Cost efficient 11288 22.3580 3.3441 0.0008 *** +

Cost increase 12231 -7.8313 -1.2134 0.2250 -

Fail to meet expectation 9548 -82.8693 -11.5472 0.0000 *** -

Meet expectation 7521 42.1430 5.3234 0.0000 *** +

Top in industry 12032 14.6511 2.2970 0.0216 ** +

Negative industry perspective 14349 -44.4095 -7.4466 0.0000 *** -

Positive industry perspective 17358 9.8259 1.7960 0.0725 * +

Merger 19469 12.7003 2.4957 0.0126 ** ?

Bad new project 3495 -4.1039 -0.3619 0.7174 -

Good new project 28524 3.8406 0.8666 0.3862 +

Bad product 259 -20.6262 -0.5023 0.6154 -

Good product 1866 21.3010 1.3813 0.1672 +

Profits decrease 22297 -33.3129 -5.9101 0.0000 *** -

Profits increase 63421 4.8670 1.0807 0.2798 +

Revenues decrease 23587 -10.0932 -1.8246 0.0681 * -

Revenues increase 67153 -30.8779 -6.8814 0.0000 *** +

Constant 43.4027 14.8432 0.0000

R-square 0.00311

Obs 144402

Dependent Variable: Two-factor Adjusted Two-week Return 
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Table 3.11 The Regression Results of Two-factor Adjusted Four-week Abnormal Return 

on the Set of Event Dummies Variables 

The R-square is larger than two-week regression. The unit of coefficient is basis point, or 0.01%. For example, 

if the coefficient equals 38.79, it indicates that the adjusted return is on average 0.3879% higher when the 

event is identified in the analyst report than it is not. 

 

Therefore unlike news textual information, which affects market price immediately 

after news release, it takes longer for the textual information in analyst reports to affect the 

abnormal return. In other words, the reports do have significant predictability on a four-

week horizon, and the opportunity to profit under this market anomaly was not taken by 

average investors in a shorter period. Unlike what we find in the case of news, the adjusted 

return does not change enough to quickly reflect all the report information after the report 

release. 

Moreover, the fact that most dummies’ signs are consistent with our prior 

expectation in all three regressions implies that the identified events indeed capture the 

correct tune of the text content and our rule-based textual parsing methodology is accurate. 

Event Obs Coefficient t-value p-value Significance Expected Sign

Cost efficient 11288 38.7890 3.9526 0.0001 *** +

Cost increase 12231 -57.8913 -6.1112 0.0000 *** -

Fail to meet expectation 9548 -273.9430 -26.0057 0.0000 *** -

Meet expectation 7521 200.9941 17.2972 0.0000 *** +

Top in industry 12032 35.0815 3.7470 0.0002 *** +

Negative industry perspective 14349 -129.1120 -14.7494 0.0000 *** -

Positive industry perspective 17358 25.0319 3.1171 0.0018 *** +

Merger 19469 53.4746 7.1589 0.0000 *** ?

Bad new project 3495 -35.0782 -2.1075 0.0351 ** -

Good new project 28524 17.2178 2.6467 0.0081 *** +

Bad product 259 -75.2221 -1.2481 0.2120 -

Good product 1866 55.8981 2.4695 0.0135 ** +

Profits decrease 22297 -112.8590 -13.6410 0.0000 *** -

Profits increase 63421 30.1819 4.5660 0.0000 *** +

Revenues decrease 23587 -68.4049 -8.4245 0.0000 *** -

Revenues increase 67153 -84.2265 -12.7880 0.0000 *** +

Constant 180.7472 42.1122 0.0000

R-square 0.01724

Obs 144402

Dependent Variable: Two-factor Adjusted Four-week Return
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Furthermore, the signs of all events do not change across the three regressions and the 

significance of each coefficient and the R-square are increasing from Table 3.9 to Table 

3.11, indicating that investors underreact to the report information for at least four weeks 

and the information is not fully understood by the market until weeks later. 

 

6. Simulated Trading Results 

There are two remaining questions that the regressions in Section 5 have not 

answered.  The first question is how much an investor can profit from the underreaction to 

textual information of the analyst reports? The second question is how frequently those 

analyst reports with market underreaction and profit potential are released? To address 

these two questions, we perform a set of simulated trading. 

Trading costs are not included in the reported results. However, we replicate the 

results with single-side trading cost of 5 basis points and find smaller but still significantly 

positive profits. Moreover, we use all the information, including future information, when 

fitting the regressions, while in reality one can only use a rolling window of past 

information to fit the equations. In other words, we use all the reports from 2006 to 2013 

to find out the coefficient of each event and hence whether a specific report positively or 

negatively affects the adjusted return. However, we were unable to know that when we 

were in 2007 without information in the future. Therefore in reality, we need to constantly 

update the regression coefficients with update report information and adjust our trading 

strategy.  

The annualized returns and Sharpe ratios for different models are reported in Table 

3.12. We have three strategies. The long-only strategy only longs stocks when there are 
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positive reports and the long triggering threshold is reached; the short-only strategy only 

shorts stocks when there are negative reports and the short triggering threshold is reached; 

and the long-short strategy combines both. We fit the regression in Table 3.11 by regressing 

the two-factor adjusted four-week return on the set of event dummies and obtain the 

coefficients. If the sum of multiple coefficients of identified events in a specific report is 

higher (lower) than the triggering threshold in the second column, we long (short) the 

corresponding stock for four weeks before closing its position. 

Again, the regression coefficients represent marginal effect of events in reports. 

The effect of a report with multiple events is simply a sum of the coefficients. For example, 

if there were only three events identified in a report, namely “Fail to meet expectation”, 

“Negative industry perspective” and “Profits decrease”, then the marginal effect of the 

news on the adjusted overnight return would be -36.18-14.31-15.57 =- 66.06 basis points, 

or -0.6606%. Therefore it is a report with negative tune. But it is not negative enough to 

trigger a short position because –66.06 basis points does not reach the lowest threshold of 

-100 basis points. 

The first column of Table 3.12 is different models. For the 1-factor return models, 

the annualized return in the fifth column is the market neutral return for the individual stock, 

which equals the four-week return from longing or shorting the stock minus the market 

return. For the 2-factor return models, the annualized return is the market and size neutral 

return for the individual stock, which equals the four-week stock return minus the market 

return and minus the SMB. The sixth column presents corresponding Sharpe ratio.  

 

Table 3.12 Performance of Simulated Long-only, Short-only and Long-short Strategies 
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The long-only strategy only longs stocks when there are positive reports and the long triggering threshold is 

reached; the short-only strategy only shorts stocks when there are negative reports and the short triggering 

threshold is reached; and the long-short strategy combines both. We fit the regression in Table 3.11 by 

regressing the two-factor adjusted four-week return on the set of event dummies and obtain the coefficients. 

If the sum of multiple coefficients of identified events in a specific report is higher (lower) than the triggering 

threshold in the second column, we long (short) the corresponding stock for four weeks before closing its 

position. For the 1-factor return models, the annualized return in the fifth column is the market neutral return 

for the individual stock, which equals the four-week return from longing or shorting the stock minus the 

market return. For the 2-factor return models, the annualized return is the market and size neutral return for 

the individual stock, which equals the four-week stock return minus the market return and minus the SMB. 

The third column records the maximum number of simultaneous holding stocks in the portfolio on some day 

under a specific model. The fourth column records the average number of daily holding stocks across the 

sample period under a specific model. 

 

Model Triggered threshold (bp) Max holding stocks Average holding stocks Annualized  return Sharpe ratio

Long-only

1-factor 250 405 176.80 13.10% 1.142

2-factor 250 405 176.80 0.85% 0.095

1-factor 300 268 89.49 22.11% 1.761

2-factor 300 268 89.49 9.52% 0.892

1-factor 350 114 40.12 19.79% 1.495

2-factor 350 114 40.12 8.87% 0.767

Short-only

1-factor -100 933 177.44 2.14% 0.190

2-factor -100 933 177.44 13.79% 1.613

1-factor -150 650 125.31 4.25% 0.364

2-factor -150 650 125.31 15.06% 1.642

1-factor -200 466 88.38 8.37% 0.660

2-factor -200 466 88.38 19.84% 1.895

Long-Short

1-factor 250,-100 354.24 7.62% 1.896

2-factor 250,-100 354.24 7.32% 1.883

1-factor 250,-150 302.11 8.68% 1.953

2-factor 250,-150 302.11 7.95% 1.851

1-factor 250,-200 265.17 10.74% 1.977

2-factor 250,-200 265.17 10.34% 1.987

1-factor 300,-100 266.93 12.13% 2.474

2-factor 300,-100 266.93 11.66% 2.422

1-factor 300,-150 214.81 13.18% 2.534

2-factor 300,-150 214.81 12.29% 2.405

1-factor 300,-200 177.87 15.24% 2.473

2-factor 300,-200 177.87 14.68% 2.471

1-factor 350,-100 217.56 10.97% 1.969

2-factor 350,-100 217.56 11.33% 2.063

1-factor 350,-150 165.44 12.02% 2.081

2-factor 350,-150 165.44 11.96% 2.098

1-factor 350,-200 128.50 14.08% 2.107

2-factor 350,-200 128.50 14.35% 2.219
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While the market return can possibly be hedged by shorting the index futures or 

ETF, it is almost impossible to hedge the SMB factor without short selling the stocks – but 

shorting stocks is either prohibited for most stocks or with very higher cost in China, except 

for a few stocks that the regulators allow short selling. However, during the backtest 

horizon, we have an average positive SMB, therefore the strategies’ alpha, or the 

annualized return, tends to be overestimated on the long leg and underestimated on the 

short leg. 

Because the average SMB is positive, the annualized return of 1-factor return 

models are greater than 2-factor return models in the long-only strategies and annualized 

return of 1-factor return models are smaller than 2-factor return models in the short-only 

strategies. The long-short strategies yield about 10 - 15% annualized return with Sharpe 

ratio around 2. 

The third column records the maximum number of simultaneous holding stocks in 

the portfolio on some day under a specific model. The fourth column records the average 

number of daily holding stocks across the sample period under a specific model. For 

example, for the long-only strategy with triggering threshold of 250 basis points, there is 

one day that the portfolio has 405 stocks and in no other days the portfolio has more stocks. 

To simplify the calculation, the portfolio is rebalanced everyday so that each 

triggered order has a constant weight, regardless of value change because of its stock price 

movement. But this does not necessarily mean that the portfolio always allocates the equal 

amount of capital on each different stock. If a stock is mentioned by two positive reports 

last month, its weight is twice as much as a stock that is mentioned by only one positive 

report. Indeed, this rebalance leads to many unnecessary trades when the number of holding 
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stocks swings up and down; therefore it is not desirable in practice when trading cost is 

nonzero. In addition, the time horizon of backtest is set from January 1st, 2009 to April 1st, 

2013 as the number of reports before 2009 is too small. 

 

7. Conclusion 

Market does not underreact to public news, but textual information in analyst 

reports is not incorporated into market price shortly in the U.S., where analyst reports are 

not freely public. It remains unknown whether analyst reports’ text affects stock return 

instantly when they become freely public. Using a unique Chinese dataset of free and 

public analyst reports and applying the rule-based textual parsing technique, this chapter 

investigates the relationship between abnormal stock return and corresponding financial 

news and analyst reports. We find strong evidence that news textual information affects 

adjusted overnight return quickly after news release and there is no effect after. It takes 

longer for the textual information in analyst reports to affect the abnormal return; the 

reports do have significant predictability on a four-week horizon, but not immediately after 

report release. The simulation shows that utilizing the market underreaction is a profitable 

trading strategy. We suggests that compared to news, the underreaction to analyst reports 

documented in literature is not because they are not public. 
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