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Abstract

Immigration Policy as Industrial Policy: Evidence from post-legalization occupational

upgrading, heterogeneous fiscal impact, and ethnic innovation.

Daniel Alejandro Di Martino Novo

Immigration policy determines who enters a country and under which conditions, yet the
economic consequences of selecting different immigrants remain insufficiently understood. How
does immigration policy affect immigrant labor market outcomes, public finances, and the level
and composition of innovation? This dissertation investigates that question through three empirical
chapters using Census and U.S. Patent and Trademark Office patent data. The methods employed
include a difference-in-differences estimation exploiting the quasi-random eligibility nature of
Temporary Protected Status, an immigrant legalization program, a descriptive fiscal simulation
projecting immigrant tax payments, benefits, and descendant outcomes over 30 years, and a Bartik
instrumental variable strategy leveraging the 1970 distribution of Indian immigrants to evaluate
the impact of the rapid arrival of highly-educated Indian immigrants on innovation. Three
conclusions emerge. First, legal work authorization raises earnings primarily through occupational
upgrading rather than within-job wage gains, especially among college-educated immigrants.
Second, fiscal and economic impact varies enormously by immigrant characteristics and
immigration policy can significantly change the national debt over the medium term. And third,
high-skilled immigration raises innovation, with the strongest and most robust effects for Indian-
origin inventors and suggestive evidence of broader spillovers, and the national-origin composition

of immigration affects which sectors benefit the most from increased innovation.
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Introduction

Immigration policy is often debated as though it were a single question, that of how many
people should be welcomed by a nation, when in fact it is several interrelated questions about
who is admitted, from where, and under what terms. This dissertation brings new evidence to
bear on several of the most important questions of immigration policy. Across three chapters, I
examine the heterogeneous value of legal status for immigrant workers of different
characteristics and origins, the fiscal consequences of the current immigrant flow to the United
States and alternative immigration systems, and the link between immigration-induced changes
in the skill and ethnic composition of the U.S population and innovation. These questions are
unified by one theme: Immigration policy functions as a form of industrial policy, shaping not
only who lives and works in the United States but also what kinds of economic activity the
country is best positioned to pursue.

Chapter 1 studies how the grant of legal work authorization affects the labor market
outcomes and occupational choices of more and less educated immigrants who already reside in
the United States. Using the Temporary Protected Status (TPS) designations for Haitians in 2011
and Venezuelans in 2021, the chapter exploits quasi-experimental variation in eligibility to
estimate the causal effect of legal status on wages, employment, occupational, and industry
selection. The central finding is that TPS eligibility is associated with significant occupational
upgrading such that beneficiaries move into more prestigious industries and occupations, and
that this shift is the primary channel through which legal status raises earnings and employment
in the United States. Importantly, the chapter documents that these effects are heterogeneous

across education levels. College-educated Venezuelan TPS recipients experienced especially



large occupational score gains, suggesting that the mismatch between immigrant skills and the
jobs available to illegal workers is most acute for higher-skilled individuals.

Chapter 2 constructs a comprehensive model of the 10- and 30-year fiscal and economic
impact of admitting immigrants of varying ages and education levels, and from that estimates the
impact of immigrants by legal status and countries of origin. Building on the methodology of the
National Academies of Sciences’ 2017 study but incorporating several improvements, I find
great heterogeneity in the fiscal and economic impact of immigrants of different characteristics.
While a 30-year-old immigrant with an advanced degree generates a net fiscal surplus exceeding
$2 million over 30 years, one without a high school diploma imposes a net cost of roughly
$130,000 over the same horizon. The chapter then simulates dozens of individual policy changes,
from ending the diversity visa lottery to wage-ranking H-1B petitions to changing the level of
illegal immigration, and I evaluate several comprehensive reform plans from across the political
spectrum. I find that, on a static basis, immigration policy changes can substantially increase or
decrease the national debt and expand or shrink the U.S. economy.

Finally, chapter 3 examines how the last major change in legal immigration policy, the
1990 Immigration and Nationality Act, altered the national-origin and skill composition of
immigrant inflows and, through that channel, not only increased U.S. patenting activity, but
shifted its industry composition. The reform studied nearly tripled the number of employment-
based permanent visas and expanded temporary high-skilled visa programs in ways that
disproportionately resulted in more immigrants from India. Using a Bartik instrumental variable
strategy based on the pre-existing state-level distribution of Indian immigrants, I show that states
more exposed to the post-1990 growth in Indian immigration experienced significantly faster

growth in per-capita patenting during the 1990s. The estimates also point to positive effects



beyond Indian-origin inventors. Non-Indian patenting rises in more-exposed states, consistent
with spillovers operating through knowledge networks and labor-market complementarities,
though this estimate is less robust than the total and Indian-origin results. There is similarly
suggestive evidence that the share of medical-sector patents increased in states with greater
Indian immigrant growth, consistent with the occupational specialization of the Indian diaspora

already in the U.S. before the reform.



Chapter 1: Occupational Upgrading: Evidence from a Very
Permanent Temporary Immigration Status

Immigrants' labor market outcomes depend not only on their human capital but also on
the institutional constraints that shape where, how, and for whom they can work. A large
literature documents wage assimilation patterns and the importance of language, schooling, and
experience in the United States and other host nations. Yet for many immigrants their lack of
legal status governs access to formal employment, influences bargaining power, and affects their
outside options, and thus their wages and employment. When work authorization is restricted,
workers who are otherwise qualified can be locked into a narrow less skilled set of occupations
that tolerate informality or require limited screening. The resulting mismatch between skills and
jobs can depress earnings and slow occupational mobility, and potentially affect legal workers,
too.

This chapter studies how legal status affects labor market outcomes. The setting is
Temporary Protected Status (TPS) program, a humanitarian program that provides protection
from deportation and grants employment authorization to eligible citizens of designated
countries who were present in the United States before a cutoff date. TPS is explicitly temporary,
but in practice designations can be renewed for indefinitely, usually every 18 months. This
combination of formal work authorization and prolonged eligibility provides a useful
environment to examine how immigrant legalization or amnesty reshapes the occupational
choices and labor market outcomes of immigrants.

To examine the impact of TPS on the outcomes of immigrants and the channel through
which it impacts immigrants, I employ a difference-in-differences model comparing Venezuelan

and Haitian likely-eligible TPS recipients with similar immigrants from non-eligible countries as



well as with immigrants from the same origin but who migrated to the United States right after
the eligibility cutoff.

This chapter relates to three strands of research. The first studies the labor market effects
of legalization and work authorization. Early work on the Immigration Reform and Control Act
and related policies examines how legalization affects wages and employment, often
emphasizing changes in sectoral allocation and bargaining power. More recent analyses exploit
large-scale programs in Europe and Latin America. For example, Monras, Vazquez-Grenno, and
Elias (2018) study Spain's 2004 regularization, and Ibanez, Rozo, and others (2022) examine a
large legalization for Venezuelan migrants in Colombia. Borjas (2023) analyzes a legalization
episode in France and highlights the role of monopsony power. These studies typically estimate
average wage effects and consider broader equilibrium implications. It is not a controversial but
widely understood conclusion that unauthorized immigrants benefit economically from being
granted legal status. However, the main reason for this benefit is believed to be the increased
bargaining power gained by previously unauthorized workers (Borjas 2023).

The existing literature has not explored much how legalization policies have
heterogeneous effects among immigrants. The main contribution of this chapter is identifying a
new more important mechanism through which unauthorized immigrants who receive legal
status benefit: Occupational upgrading. The second contribution is identifying that more highly
educated unauthorized immigrants are the main beneficiaries of legalization in the labor market,
while less educated unauthorized immigrants benefit from legalization by receiving access to
government welfare programs. This creates a potential contradiction for policymakers seeking to
maximize welfare of the legal or native population, legalizing highly educated unauthorized

immigrants ends the skill mismatch in the labor market, increases their wages and tax payments,



but legalizing less educated unauthorized immigrants increases government spending in welfare
programs without the corresponding labor market efficiency gains.

The remainder of the chapter proceeds as follows. Section 1 describes the TPS program
and the institutional features critical for the chapter. Section 2 describes the data, summary
statistics, and measures of occupation and industry used to illustrate upgrading. Section 3
presents a theoretical model. Section 4 describes the empirical strategy. Section 5 reports results
for Haiti’s TPS designation. Section 6 reports results for Venezuela’s TPS designation. Section 7

concludes and describes extensions.

1.1 Institutional background: Temporary Protected Status

Temporary Protected Status (TPS) is a legal immigration status created by the 1990
Immigration Act to formalize the previous nationality-based humanitarian immigration relief
executive program called Extended Voluntary Departure (EVD)!. The President or Attorney
General would declare EVD for a specific foreign nation to stop the deporting nationals of that
country who were already in the country given the exigent circumstances there. For example,
President Reagan in the 1980s declared EVD for Poland protecting the Polish citizens in the U.S.
from deportation given the oppression of the socialist regime then. Citizens of fifteen countries
were eligible for EVD at some point and five were still eligible by 19862, This program still
exists to this day in a more informal status called Deferred Enforce Departure (DED) but it is not
a proper legal status, just a protection from deportation and work authorization.

Congress formalized the executive authority to grant a proper legal status to citizens of

designated countries amid turmoil, natural disasters, wars, or other crises in the 1990

I Temporary Protected Status and Deferred Enforced Departure | Congress.gov | Library of Congress
2 Extended Voluntary Departure: Limiting the Attorney General's Discretion in Immigration Matters
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https://www.congress.gov/crs-product/RS20844
https://repository.law.umich.edu/cgi/viewcontent.cgi?article=2947&context=mlr

Immigration Act. The TPS program allows the now Secretary of Homeland Security or the
President of the United States himself to provide legal status to citizens of a specific country for
periods of up to 18 months, as long as they had been present in the U.S. by the designation date.
This means that if an immigrant arrives after the date, even if they are from the designated
country, they are not eligible for TPS, but other immigrants from the designated country,
whether they are visa overstays, illegal entrants, or even lucky ones in tourist visa status just
visiting by the designation date, can remain under TPS. TPS can then be renewed indefinitely.

Importantly, TPS is not a direct path to permanent legal status or citizenship. Since 1996,
if an immigrant entered illegally to the United States, he or she cannot obtain a green card or
citizenship, even if they marry a U.S. citizen. They must leave the United States and wait ten
years abroad before even applying for any visa. Visa overstays may eventually obtain citizenship
after overstaying a visa if they marry a U.S. citizen or have a U.S. citizen child that is at least 21
years old to sponsor them. So TPS may, in theory help visa overstays obtain a green card if they
have a child in the United States and then wait 21 years. Employer sponsorship would also be a
path for visa overstays but this is typically only available to those with college degrees and varies
significantly depending on how long they overstayed their visa before applying for TPS.

TPS only became a more viable path to permanent residency for spouses and parents of
adult Americans when during the Biden administration in 2021 to 2024, since they began issuing
travel permits to TPS recipients that allowed them to leave the United States and come back
legally, effectively “curing” their previous illegal entry and allowing them to adjust status to that
of legal permanent resident (LPR) through employment or (most frequently) marriage to a U.S.
citizen. This same strategy was used under both the Obama and Biden administrations to provide

a pathway to permanent status to Deferred Action for Childhood Arrival (DACA) recipients.



However, adjusting to LPR status is not citizenship, that takes another three years if through
marriage to become eligible, and five if through a different pathway. This distinction matters
since the census data used for this analysis only differentiates between citizens and non-citizens,
so if a significant number of TPS recipients became U.S. citizens then we would not be able to
limit the analysis to noncitizens.

Another benefit for TPS recipients who previously had no legal status is that of driver
licenses since 31 states do not issue driver licenses to unauthorized immigrants.® TPS recipients
must be issued licenses by these states since they have a federal legal status, giving TPS
beneficiaries more mobility to move to other states for jobs and those who already live in those
states, access to new jobs. Additionally, most states do not allow the issuance of occupational
licensing for unauthorized immigrants®, with only some allowing them for all, and others only
for DACA recipients. When an immigrant without legal status is granted TPS, they also can be
issued an occupational license in every state since they have full work authorization and are also
issued a social security number if they don’t already have one.

Specifically for this chapter, I analyze the TPS designations of Haiti (2011) and
Venezuela (2021), the two largest in the history of the program. Haiti and Venezuela had other
“re-designations” that made more immigrants eligible after 2021 but those are not being
analyzed here. The first large TPS designation, that of El Salvador in 2001, has been studied by
other authors, finding positive effects on the beneficiaries' labor market outcomes and other
measures of wellbeing, but the Haiti and Venezuela TPS designations remain without deep

analysis.

3 States Offering Driver’s Licenses to Immigrants
4 Professional and Occupational Licenses for Immigrants



https://www.ncsl.org/immigration/states-offering-drivers-licenses-to-immigrants
https://www.ncsl.org/immigration/professional-and-occupational-licenses-for-immigrants#:~:text=Ten%20states%E2%80%94California%2C%20Florida%2C%20Illinois%2C%20Minnesota%2C%20Nebraska%2C%20Nevada%2C%20South,Arrivals%20%28DACA%29%20recipients%2C%20legal%20immigrants%20and%2For%20unauthorized%20immigrants.

TPS for Salvadorans was found to increase employment and earnings among
beneficiaries, with heterogeneity both by sex and education (Orrenius and Zavodny, 2014°;
Aguado, 2025%). Women were more likely to be employed after receiving legal status while men
were just as likely to be employed but earned more. The results were also heterogeneous by
education but in inconsistent ways.

The importance of understanding the heterogeneous critical especially since TPS eligible
nations differ from each other. While Salvadoran TPS recipients mostly did not have a high
school diploma, most Venezuelan TPS recipients had at least some college education and Haitian
TPS recipients were somewhere in between. Location of TPS recipients may also matter for the
impact of the program. If the beneficiaries already live in states that provide them with benefits
like driver licenses then the impact of TPS is more limited than in states where they become
eligible due to the TPS grant. Other authors find that TPS for El Salvador lead to higher home
ownership rates, less self employment (a common necessity among illegal workers) and more
participation in government-licensed occupations (Harris and Jerch, 2023)’

Two institutional features are central for this chapter and analysis of the TPS impact in
general. First, TPS eligibility depends on a cutoff date specifying when an individual must have
been present in the United States. Nationals arriving after the cutoff are not eligible even if their
country remains designated. This feature generates effectively random within-country variation
by arrival cohort that can be exploited in cross-sectional data. Second, TPS selects immigrants
from a specific country of citizenship, not all, allowing also for cross-country variation for

similar arrival cohorts.

5 The Impact of Temporary Protected Status on Immigrants’ Labor Market Outcomes
® Aguado_Isabella_Thesis.pdf
7 Long-Run-Effects-of-Temporary-Protection-from-Deportation-01.pdf
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https://docs.iza.org/dp8744.pdf
file:///C:/Users/DanielDiMartino/Downloads/Aguado_Isabella_Thesis.pdf
https://www.thecgo.org/wp-content/uploads/2023/03/Long-Run-Effects-of-Temporary-Protection-from-Deportation-01.pdf

The TPS program reached its peak at the end of the Biden administration, with nearly 1.3

million people registered and approved as of March 20258, The largest populations under TPS

were Venezuelans at 600,000, Haitians at 330,000, and Salvadorans at 170,000 even 25 years

after their designation. These three groups combined represented 85% of all TPS recipients while

14 other nations comprised the remaining 15%, most of which was Ukrainians (who initially

arrived legally and with work authorization under the Uniting for Ukraine parole process) and

Hondurans.
Table 1-1: Countries eligible for TPS as of March 2025

Country Arrival date cutoff Approved individuals
Afghanistan 9/20/2023 8,105
Burma 3/21/2024 3,670
Cameroon 10/5/2023 4,920
El Salvador 2/13/2001 170,125
Ethiopia 4/11/2024 4,540
Haiti 6/3/2024 330,735
Honduras 12/30/1998 51,225
Lebanon 10/16/2024 140
Nepal 6/24/2015 7,160
Nicaragua 12/30/1998 2,910
Somalia 7/12/2024 705
South Sudan 9/4/2023 210
Sudan 8/16/2023 1,790
Syria 1/25/2024 3,860
Ukraine 8/16/2023 101,150
Venezuela (2021) 3/8/2021 252,825
Venezuela (2023) 7/31/2023 352,190
Yemen 7/2/2024 1,380
Total 1,297,635

The arrival cutoff dates in Table 1-1 and the two Venezuela listings can be confusing

because they obscure the fact that TPS can and has been “redesignated”, meaning the executive

8 Temporary Protected Status and Deferred Enforced Departure | Congress.gov | Library of Congress



https://www.congress.gov/crs-product/RS20844

branch can, when renewing the designation, move the cutoff date and make more immigrants
eligible who arrived after the original cutoff date. The Biden administration did this more than
any other presidency and expanded the TPS population to a level never seen before, representing
likely one tenth of the otherwise unauthorized immigrant population in the U.S. under an
effective temporary amnesty.

It is important to explain the cases of both Haiti and Venezuela since they are studied in
this chapter. Haiti was originally designated for TPS for Haitians present in the United States as
of January 12, 2010? the day of the earthquake and in response to it. Then, the Obama
administration moved the cutoff date to January 12", 2011'°, making the Haitians who arrived in
the subsequent year to the earthquake also eligible for TPS. This TPS designation was extended
for ten years, though the first Trump administration tried to end it and it was stopped by federal
judges. Then, President Biden redesignated TPS for Haitians in 2023 and 2024, making many
more people eligible. This chapter studies only the Haitians from the 2010 and 2011
designations.

Venezuelans were first made eligible for DED on the last day in office of the first Trump
administration, January 19" 2021'!, and then were granted TPS with a cutoff date of March gth
2021 under the Biden administration'?. The Biden administration redesignated Venezuela for
TPS in 2023"3, outside the normal 18-month renewal period, creating a unique “parallel” TPS

designation for two groups of Venezuelans with different expiration dates. Though all

9 Federal Register :: Designation of Haiti for Temporary Protected Status

10 Federal Register :: Extension and Redesignation of Haiti for Temporary Protected Status

I Memorandum on Deferred Enforced Departure for Certain Venezuelans — The White House

12 Federal Register :: Designation of Venezuela for Temporary Protected Status and Implementation of Employment
Authorization for Venezuelans Covered by Deferred Enforced Departure

13 Federal Register :: Extension and Redesignation of Venezuela for Temporary Protected Status
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https://www.federalregister.gov/documents/2010/01/21/2010-1169/designation-of-haiti-for-temporary-protected-status
https://www.federalregister.gov/documents/2011/05/19/2011-12440/extension-and-redesignation-of-haiti-for-temporary-protected-status
https://trumpwhitehouse.archives.gov/presidential-actions/memorandum-deferred-enforced-departure-certain-venezuelans/
https://www.federalregister.gov/documents/2021/03/09/2021-04951/designation-of-venezuela-for-temporary-protected-status-and-implementation-of-employment
https://www.federalregister.gov/documents/2021/03/09/2021-04951/designation-of-venezuela-for-temporary-protected-status-and-implementation-of-employment
https://www.federalregister.gov/documents/2023/10/03/2023-21865/extension-and-redesignation-of-venezuela-for-temporary-protected-status

Venezuelans from the 2021 designation were eligible in theory for the second designation, the
two were separate legal programs with the same effect, just different expiration dates.

Another feature that is useful about both TPS designations is that a large share of
noncitizen immigrants from each country became eligible for TPS, and they were geographically
concentrated in the state of Florida in the case of Haiti and Venezuela. In 2013, there were just
230,000 Haitian non-citizens residing in the United States who had arrived in 2010 or earlier (the
TPS eligible cutoff) according to the American Community Survey, and Haiti’s TPS covered
60,000 “of them with work authorization (more without it). In 2022, there were 336,000
noncitizen Venezuelans who had arrived in 2020 or earlier (before the March 2021 TPS cutoff),
and over 250,000 Venezuelans covered under TPS. For Salvadorans, the coverage rate is even
higher. In 2005, there were 199,000 noncitizen Salvadorans who had arrived in the year 2000 or
earlier, and over 200,000 Salvadorans covered by TPS'?, likely reflecting underreporting in the
census.

One empirical limitation is that TPS designation is not randomly assigned across
countries. Countries receiving TPS are affected by crises, and their emigrants may differ
systematically from other immigrants. Additionally, while the date of designation is quasi
random, the immigrants who arrive from the same country after it may be substantially different
than those before it since TPS designation usually responds to a crisis (at least a sharp one-off
natural disaster in the case of El Salvador and Haiti). The empirical analysis relies both on
within-country comparisons between likely-eligible and ineligible cohorts and on comparisons

across similar countries of origin for robustness.

14 Temporary Protected Status: Current Immigration Policy and Issues
15 http:/fpc.state.gov/documents/.PDF

12
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One major concern about using TPS as an empirical tool for the impact of legalization is
potential selection issues. TPS is declared usually after a major event that could cause more
emigration or change who emigrates and thus the pre and post-TPS comparison groups change.
This is not a concern for the cross-country comparisons since all those immigrants in the pre-
TPS sample are not affected by the event since they left their country of origin before, and those
from other nations were not affected and already in the U.S. as well. However, this may be a
concern for the comparison of pre-TPS and post-TPS Haitians. Specifically, selection could be a
concern since the Haiti TPS designation occurred twice, once in 2010 right after the earthquake
and once again after it, in January 2011, making Haitian immigrants who arrived after the
earthquake in 2010 eligible for TPS in this analysis. However, neither the 2010 Haitians nor the
2011 to 2013 Haitians being substantially different from others should be a concern since they
are not significantly different from each other as the summary statistics show. Furthermore, the
only increase in migration from Haiti post-2010 earthquake was that of adopted orphans which

are not included in the analyzed sample since it only includes adults.

1.2 Data and Measurement

This chapter relies on Census data, specifically the American Community Survey (ACS)
with samples from 2008 (before the Haiti's TPS designation) through 2023 (after the first
Venezuela TPS designation but right before the second. Both the ACS and CPS identify the self-
reported citizenship status and year of immigration of the person, and since the TPS eligibility
dates at stake are January 2011 and March 2021, I assume that all noncitizens who arrived by the
year 2010 or earlier are eligible for Haiti’s TPS, and all those 2020 or earlier become eligible for

Venezuela’s TPS.
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Sample construction follows standard practice in the literature. In the earnings
specifications, I restrict it to working-age individuals 18 to 64 years old who are not
institutionalized in the case of the ACS. The analysis uses the ACS person sampling weights to
obtain nationally representative estimates. Outcomes include real earnings, employment rate, and
occupational and industry scores I built.

A key measurement choice is how to characterize occupational upgrading. To assess this,
I build an occupational and industry prestige score (separate from those available in the ACS).
These scores represent the share of workers in each 1990 occupation and industry classification
who have a college degree in the ACS in the year before each TPS designation. The higher the
share of college-educated workers in each category, the higher the score, going from 0 to 100.

Tables 1-2 through 1-4 include only non-institutionalized adults 18 to 64 years old who
are not citizens of the United States, and report their summary statistics, with the exception of the
share of them with a college degree (which is for those 25 to 64 years old). All of them arrived to
the U.S., at most, ten years before the TPS designation.

Table 1-2: Descriptive statistics for likely TPS eligible groups among 18 to 64 year
olds among the three largest TPS designations

Characteristic El Salvador Haiti Venezuela
(mean) / (sd) (2000) (2010) (2020)
Age 28.59 34.63 37.34
Male 0.57 0.48 0.51
Age at migration 23.79 30.14 33.73
Years in the U.S. 4.80 4.49 3.62
Years of education 8.39 11.37 14.99
Share with college degree 0.05 0.13 0.61
(25 to 64)

Speak English well 0.37 0.58 0.63
Average wage (2025 dollars) $23,810 $15.498 $32,271
Average wage (2025 dollars) $32,624 $28,093 $39,946

(workers only)
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Employment 0.61 0.51 0.79
Married 0.42 0.39 0.62
Observations (18-64) 1,833 730 987

The first thing you can notice from Table 1-2 is that each TPS designation populations
with very different characteristics. While under 5% of Salvadorans adults had a college degree,
13% of Haitians and 61% of Venezuelans had a college degree, making these designations better
suited to study the impact of legal status on more highly educated workers. The average likely
TPS-holder from El Salvador had just over 8 years of formal education, while the average
Haitian TPS-holder had over 11 and the average Venezuelan 15 years of education. The
Salvadoran TPS population was also more likely to be male while the Haitian and Venezuelan
were more evenly split by sex. The Salvadoran TPS population was also less likely to speak
English with 37% reporting speaking English well or very well, relative to 58% and 63% of
Haitians and Venezuelans respectively. Venezuelans the most likely to already have a job at
79%, followed by Salvadorans at 61% and Haitians in third place at 51%.

Both Salvadorans and Haitians who became eligible for TPS had been on average of
about 12 years living in the United States, while Venezuelans were a more recent immigrant
group with an average of under 7 years in the United States. Salvadorans immigrated at the
youngest average age of under 24 years old, while Haitians had an average age at migration of 30
years old, and Venezuelans nearly 34 years old. Venezuelans were also older and more likely to
be married, likely influencing their higher employment rate and earnings alongside their higher

education and English proficiency.
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Table 1-3: Haiti, Dominican Republic, year 2010, among 18 to 64 year olds

Characteristic Haiti Dominican Rep.
(2010) (2010)
Age 34.63 3491
Male 0.48 0.45
Age at migration 30.14 30.51
Years in the U.S. 4.49 4.40
Years of education 11.37 11.41
Share with college degree (25 to 64) 0.13 0.15
Speak English well 0.58 0.37
Average wage (2025 dollars) $15.498 $17,760
Average wage (2025 dollars) (workers only) $28,093 $27,365
Employment 0.51 0.59
Married 0.39 0.40
Observations (18-64) 730 1,111

Table 1-4: Venezuela, Colombia, year 2020, among 18 to 64 year olds

Characteristic Venezuela Colombia
(2020) (2020)
Age 37.34 36.68
Male 0.51 0.44
Age at migration 33.73 32.70
Years in the U.S. 3.62 3.97
Years of education 14.99 13.83
Share with college degree (25 to 64) 0.61 0.45
Speak English well 0.63 0.61
Average wage (2025 dollars) $32,271 $27,498
Average wage (2025 dollars) $39,946 $39,720
(workers only)
Employment 0.79 0.66
Married 0.62 0.58
Observations (18-64) 987 895

Finally, in the tables in Appendix A, I report the regression results of the difference in

each characteristic between the TPS and non-TPS group, with the coefficients representing the
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difference of the TPS group relative to the non-TPS group, and the differences are

overwhelmingly not statistically significant.

Figure 1-1: Haiti and Dominican Republic sample sizes from 2011 to 2019
(unweighted)

Sample size over time of Haitian, and Dominican immigrants
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Interestingly, in the case of Haiti’s TPS designation, Haitians have a higher attrition rate
than Dominicans. This may be due to many more Dominican non-citizens being legal permanent

residents who simply do not become U.S. citizens at higher rates.
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Figure 1-2: Venezuela and Colombia sample sizes from 2021 to 2024 (unweighted)
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In the case of Venezuela and Colombia there is no sample attrition at all in the 2021 to
2024 period, likely because very few deportations were conducted during the COVID-19
pandemic and Biden administration periods for either nationality, and voluntary emigration was
also reduced. This should help with making the samples more comparable.

Next, I compare characteristics and sample attrition over time of likely TPS holders who
arrived in the last three eligible calendar years of the TPS eligibility and immigrants from the
same country who arrived in the subsequent three calendar years after the cutoff date and are
thus not eligible for TPS. I only do this for Haiti since the Venezuela TPS designation was too
recent. These following tables represent the characteristics of sampled immigrants the year after
they arrived using the American Community Survey.

The Haiti TPS-eligible sample arrived in the years 2008 through 2010. The Haiti non-

TPS eligible sample arrived in the years 2011 through 2013.
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Table 1-5: Haiti pre- and post-TPS samples, among 18 to 64 year olds

Characteristic Haiti TPS Haiti non-TPS
(2008-2010) (2011-2013)
Age 35.28 36.49
Male 0.45 0.51
Age at migration 34.28 35.49
Years of education 11.40 11.46
Share with college degree (25 to 64) 0.11 0.14
Speak English well 0.32 0.35
Average wage (2025 dollars) $7,852 $9,085
Average wage (2025 dollars) (workers $25,331 $24,294
only)
Employment 0.28 0.35
Married 0.38 0.38
Observations (18-64) 255 190

Crucially, the Haitian TPS recipients don’t seem significantly different from non-TPS
recipients at the time of arrival, that is, noncitizen Haitians who arrived in time for the TPS
designation had similar education and earned similar wages to Haitians who arrived after the

TPS designation and were thus not eligible for TPS.

1.3 Theoretical Model

Legal status is prima facie beneficial for any worker relative to illegal status. On the one
hand, there is a personal benefit of avoiding risk of deportation, but this is only a preferable
status because immigrants tend to desire to remain in the country, and they do this because they
have something to gain. The United States commands an earnings premium over most other
countries, and certainly for the countries from where most workers without legal status hail from.
But through what channel does legal status benefits workers?

I propose a model where workers can earn higher wages from receiving legal status

through an intensive and an extensive employment margin. The intensive margin is higher wages
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in their current occupations while the extensive margin is the option to enter occupations and
industries that were previously closed-off to them due to their legal status.
(D 1; = a; + 6

Equation (1) showcases this idea where I; is the gain worker i would receive from
obtaining legal status and it is dependent on two factors. ; is the gain from intra-occupational or
intra-job wage gains, resulting from either less discrimination or employer risk due to legal
status, and §; is the gain from occupational mobility due to increased employment options for the
worker.

The problem of identifying how gains are determined by either the intensive or extensive
margin is that they can be confounded, at least theoretically. If workers have more highly paid
outside options, some employers might respond by raising their salaries and workers won’t
change jobs. If this is the case, gains that are driven by the extensive margin appear to be fully
intensive, meaning, within-job. However, this confounding won’t occur if labor markets are
efficient and wages are determined similarly for both legal and illegal workers. For instance,
when many illegal workers drive or deliver food through ride-share companies, their wages are
not dependent on their legal status at all but on delivery trips and tips, and creating an outside
option won'’t raise their wages but only induce occupational mobility. If we think that employers
across the economy work in this way and don’t discriminate against illegal workers then there
will be no confounding.

Importantly, too, legal status creates both income and substitution effects for formerly-
illegal workers. First, income effects if the worker is part of a family and his or her higher

income due to legal status induces other household members not to work. Second, substitution
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effects because as wages rise through either margin, employment becomes more attractive and

less risky for those outside the labor force.

1.4. Empirical Strategy

The empirical goal is to estimate how TPS eligibility affects labor market outcomes and,
secondarily, welfare and tax payments. To do this, I employ two strategies. First is a difference
in differences estimator comparing the treated group with a control immigrant group of similar
characteristics from a different country of origin. This is the most common strategy in the limited
TPS literature, with Salvadorans frequently compared to Guatemalans, and sometimes Mexicans.
I repeat this exercise and select Dominicans immigrants for Haitian TPS recipients, and
Colombians for Venezuelan TPS recipients. The rationale for the choice of these groups will be
clear when comparing their pre-TPS characteristics and is further explained later. The second
strategy is comparing immigrants from the same TPS-designated country, who arrived in the
previous and posterior years to TPS designation, normalizing for year of arrival.

The analysis is limited for Haitians to 2019. The reason for looking at the first eight years
is threefold: First, to avoid using COVID-19 pandemic affected data and economic outcomes;
second is the samples become less comparable over time since the TPS sample is protected from
deportation and non-TPS groups are not, thus becoming more positively selected and changing
interpretation of coefficients to a lower-bound (positive) effect, and, second, some of the sample
are legal immigrants who can become U.S. citizens usually after five years though usually taking
longer, this reduces the likelihood that naturalization is the reason for dropping from the sample.
For the first strategy, the difference in differences model is as follows:

(2) Y; = B.TPSCountry; + B,PreTPS; + BsTPSCountry; x PreTPS; + 6X; + a + ¢;
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Where Y; is the outcome for individual i, TPSCountry; is an indicator equal to one if the
individual is a noncitizen born in a TPS-designated country. PreTPS; is an indicator equal to one
if the individual is a noncitizen who immigrated in the three years right before the TPS eligibility
date. And X; is a vector of demographic, year, and state fixed effects and controls.

The key interpretation of equation (2) is that 8; captures the average difference between
immigrants from the compared nations, while [, captures the average difference between
immigrants by period of immigration. 35 is the coefficient of interest since it estimates the effect
of TPS.

For the second strategy, which compares only immigrants from the same country of
origin, the difference in differences model is as follows:

(3) Y; = B, PreTPS; + 6X; + a + ¢
In this case, since the entire sample is composed of nationals from the same country, the only
indication that matters is whether the immigrant arrived in the period eligible for TPS, and that

effect is measured by [3;.

1.5 Results: Haiti
From equation (2), we get the following results in Table 1-6 on average wages for Haiti
in the period of TPS (2011) to 2019, right before the COVID-19 pandemic. The outcome

variable here is the absolute real wage differential with Dominican noncitizens.

22



Table 1-6: Results for Haiti TPS on average wages relative to Dominicans

Variable 08 2) A3 “4) &) (6)
TPS $2,610*" $2,304" $2,135" $2,217° $1,759 $1,217
(1,316) (1,296) (1,284) (1,284) (1,285) (1,274)
Haiti 23,5477 23,549 32787 3,327 -1,813" -1,442
(993) (980) (970) (970) (1057) (1,049)
TPS-eligible -770 -963 1,229 -1,690 -1,786 -1,769
period (787) (776) (786) (1324) (1,322) (1,310)
Age group X X X X X
Year fixed X X X X
effects
Years in the 1,045 1175™ 1,314™
U.S. (382) (381) (378)
State fixed X X
effects
Education X
group

We see, that before controlling for state of location and educational attainment, Haitians
earned more relative to similar Dominicans who were not eligible for TPS. Once we include
education and state of residence locations, the TPS benefit becomes not statistically significant.
The problem, though, with controlling for these two variables is that they aren’t really
independent since immigrants tend to invest more in their education when they obtain legal
status and also move to states where they can now obtain drivers licenses and not fear
deportation any longer. Furthermore, part of the goal is to estimate the differential impact of TPS
on immigrants of different educational attainments. To this end, I repeat the same regression of

Table 1-7 but with employment as an outcome variable.
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Table 1-7: Results for Haiti TPS on employment relative to Dominicans

Variable (1) 2) 3) “4) 5) (6)
TPS 0.0661°*°  0.0620**  0.0580"**  0.0596"*  0.0509"** 0.0444**
(0.0203)  (0.0200) (0.0197)  (0.0197) (0.0197) (0.0197)
Haiti -0.0685™  -0.0672""  -0.0615"" -0.0625""  -0.0393"" -0.0438"™"
(0.0153)  (0.0151) (0.0149)  (0.0148) (0.0162) (0.0162)
TPS-eligible ~ 0.0009 -0.0013 0.0444™  -0.0122 -0.0097 -0.0094
period (0.0121)  (0.0120) (0.0120)  (0.0203) (0.0203) (0.0202)
Age group X X X X X
Year fixed X X X X
effects
Years in the 0.0203"  0.0211™ 0.0218™
U.S. (0.0058) (0.0059) (0.0059)
State fixed X X
effects
Education X
group

In the case of employment, the effect of TPS is clearer for Haitians. The impact without

state and education controls finds about a statistically significant 6 percentage point higher

employment rate among 18 to 64 year olds as a consequence TPS for Haitians. With state and

education controls, the employment rate is still about 4.4% higher for Haitians with TPS relative

to the Dominican control group.

Next, [ present the same regression results in equation (2) but controlling for either the

occupational and industry education scores (which go from 0 to 100), in addition to some other

controls shown.
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Table 1-8: Results for Haiti TPS on average wages with occupation and industry
controls relative to Dominicans

Variable (0)) 2 (R)) 4 Q) (6)
TPS $71 $491 -$46 $414" -$542 -$344
(1,562) (1,590) (1,536) (1,565) (1,536) (1,557)
Haiti -1,340 -1,528 -1,859 -2,000* -202 -178
(1,197) (1,218) (1,177) (1,199) (1,270) (1,289)
TPS-eligible -899 -1,132 -1,390 1,814 -1,442 -1,846
period (910) (926) (1,564) (1,593) (1,560) (1,580)
Occupation $656"" $668™ $568""
score (40) (40) 43)
Industry score $289" $263" $173"
(44) “43) (44)
Age group X X X X
Year fixed X X X X
effects
Years in the 676 789" 872" 1,038"™
U.S. (450) (459) (450) (456)
State fixed X X
effects
Education group X X

Table 1-9: Results for Haiti TPS on employment with occupation and industry
controls relative to Dominicans

Variable 0)) ?2) 3 4
TPS 0.0056 0.0040 0.0033 0.0017
(0.0175) (0.0176) (0.0174) (0.0175)
Haiti 0.0097 0.0093 0.0074 0.0070
(0.0134) (0.0135) (0.0134) (0.0134)
TPS-eligible period -0.0069 -0.0062 -0.0020 -0.0022
(0.0102) (0.0102) (0.0102) (0.0178)
Occupation score -0.00117 -0.0013"
(0.0004) (0.0005)
Industry score 0.0005 -0.0007
(0.0005) (0.0005)
Age group X X
Year fixed effects X X
Years in the U.S. 0.0059 0.0061
(0.0051) (0.0051)
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The result of controlling for either industry or occupational score is that the effect of TPS
is null, not just statistically insignificant but also small in direction or near zero. When the
outcome variable is the occupational and industry scores as it is on Tables 1-10 and 1-11
respectively, then the impact of TPS becomes clear. TPS raises wages, but it is not that TPS
raises wages of workers in every occupation or industry but that it allows previously
unauthorized workers to switch occupations and industries that pay more.

Table 1-10: Results for Haiti TPS on occupational scores relative to Dominicans

Variable 1) 2) 3) 4) 5) (6)
TPS 1.299*" 1.298"" 1.295* 1.296" 1.180" 0.753"
(0.452) (0.449) (0.449) (0.449) (0.449) (0.419)
Haiti -0.354 -0.280 -0.278 -0.280 -0.369 0.440
(0.347) (0.345) (0.345) (0.345) (0.371) (0.346)
TPS-eligible -0.443 -0.413 -0.188 -0.553 -0.561 -0.643
period (0.264) (0.263) (0.270) (0.458) (0.456) (0.425)

Age group X X X X X

Year fixed effects X X X X
Years in the U.S. 0.130 0.132 0.286"
(0.132) (0.131) (0.123)

State fixed effects X X

Education group X

Table 1-11: Results for Haiti TPS on industry scores relative to Dominicans

Variable 1) 2) 3) 4) 5) (6)
TPS 1.501° 1.505™ 1.491™ 1.490™ 1.353* 1.162**
(0.424) (0.423) (0.424) (0.424) (0.420) (0.411)
Haiti -0.200 -0.202 -0.219 -0.217 1.356"" 13577
(0.325) (0.325) (0.325) (0.325) (0.347) (0.340)

TPS-eligible -0.344 -0.341 -0.205 0.131 0.076 0.025

period (0.247) (0.263) (0.255) (0.431) (0.426) (0.417)

Age group X X X X X

Year fixed effects X X X X
Years in the U.S. -0.120 -0.110 -0.0253
(0.124) (0.123) (0.120)

State fixed effects X X

Education group X
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Tables 1-10 and 1-11 show that TPS is associated with an increase in 0.75 to 1.3
occupational education score points and 1.2 to 1.5 industry education score points, out of a score
of 100.

Next, I compare TPS-eligible Haitians with non-TPS eligible Haitians as described in
equation (3). Comparing Haitians who arrived between 2008 and 2010 with those who did
between 2011 and 2013. First with wages in table 1-12.

Table 1-12: Results for Haiti TPS on average wages relative to non-TPS Haitians

Variable (1) 2) A3) “4) 5)
TPS $1,840" $1,495 $4,219°* $3,838" $3,531°
(981) (965) 971) 974) (960)
Age group X X X X
Year fixed effects X X X
State fixed effects X X
Education group X

What we observe is that Haitians who arrived right before the TPS eligibility deadline are
earning several thousand dollars more per year, some $3,500 after controlling for age, year, state
location (partly endogenous), and education (also endogenous but less so than state probably).
The impact on employment is what is driving most of the increase in wages as shown in table 1-
13, since TPS-eligible Haitians are over 11 percentage points more likely to be employed and
that is from a baseline of 60% employment rate of non-TPS Haitians.

Table 1-13: Results for Haiti TPS on employment relative to non-TPS Haitians

Variable (1) 2) 3) 4) 5)
TPS 0.067°" 0.062"*" 0.120° 0.119"" 0.113"
(0.017) (0.016) (0.016) (0.016) (0.016)

Age group X X X X

Year fixed effects X X X

State fixed effects X X
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Education group

X

Yet, as shown in tables 1-14 and 1-15, when we control for occupational or industry

educational scores, the entire TPS effect disappears for both wages and employment and the

occupational and industry prestige score of the likely TPS Haitian sample rises relative to the

non-TPS sample (Tables 1-16 and 1-17).

Table 1-14: Results for Haiti TPS on average wages with occupation and industry
controls relative to non-TPS Haitians

Variable (1) ?2) k)] 4 Q) (6)
TPS -$682 -$595 $1,320 $1,583 $946 $1,144
(1,195) (1,212) (1,204) (1,224) (1,206) (1,220)
Occupation $485™ $519* $402°
score (62) (61) (66)
Industry score $249™ $231™ $106
(67) (66) (70)
Age group X X X X
Year fixed X X X X
effects
State fixed X X
effects
Education group X X

Table 1-15: Results for Haiti TPS on employment with occupation and industry
controls relative to non-TPS Haitians

Variable 1) Q) 3) @)
TPS -0.0003 0.0016 0.020 0.0019
(0.0140) (0.0141) (0.015) (0.0146)
Occupation score -0.0022°" -0.0025""
(0.0007) (0.0008)
Industry score -0.0011 -0.0016"
(0.0008) (0.0008)
Age group X X
Year fixed effects X X
State fixed effects X X
Education group X X
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Table 1-16: Results for Haiti TPS on occupational scores relative to non-TPS

Haitians

Variable 1) 2) 3) 5) (6)
TPS 0.856" 0.905™ 1.217° 1.124™ 0.972"*
(0.382) (0.379) (0.391) (0.387) (0.364)

Age group X X X X

Year fixed effects X X X

State fixed effects X X

Education group X

Table 1-17: Results for Haiti TPS on industry scores relative to non-TPS Haitians

Variable 1) 2) 3) 5) 6)
TPS 1.157" 1.186" 14217 1.212" 1.146"
(0.358) (0.357) (0.369) (0.355) (0.349)

Age group X X X X

Year fixed effects X X X

State fixed effects X X

Education group X

1.6 Results: Venezuela

For the case of Venezuela’s TPS designation, it made all Venezuelans who had arrived
by early March 2021 for TPS and it became effective immediately. However, a second TPS
designation came in October 2023, making Venezuelans who arrived from March 2021 to July
2023 also eligible for TPS. Therefore, to exclude the impact of the second TPS designation from
this analysis, I limit my regression to the 2018 to 2023 ACS. From equation (2), we get the
following results in table 1-18 on average wages for Venezuelans. The outcome variable here is

the absolute real wage differential with Colombian noncitizens.
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Table 1-18: Results for Venezuela TPS on average wages relative to Colombians

Variable

(€)) 2 3 (C)) ) (6
TPS $4,1677°  $4,308"  $4,613"  $4,358" $4,281 $3,115™
(1,468) (1,460) (1,456) (1,450) (1,285) (1,440)
Venezuela -1,778"  -1,810™ 2,119 2,353 -1,813" -1,375
(859) (853) (852) (848) (1057) (886)
TPS-eligible 9,177 8,489™  10,106™"  -2,895™ -1,786 -2,087
period (1,106) (1,100) (1,151) (1,704) (1,322) (1,693)
Age group X X X X X
Year fixed X X X X
effects
Years in the 4416 4,407 4,105
U.S. (428) (430) (428)
State fixed X X
effects
Education X
group

We see that before controlling for state of location and educational attainment,

Venezuelans eligible for TPS earned over $4,000 more relative to Dominicans who were not

eligible for TPS. Once we include education and state of residence locations, the TPS gain

remains, unlike with Haitians.

Table 1-19: Results for Venezuela TPS on employment relative to Colombians

Variable 1) () 3) 4) 5) (6)
TPS 0.0924°*  0.0951°**  0.1005"*  0.0959°*  0.0928"** 0.0900"**
(0.0178)  (0.0177) (0.0175)  (0.0173) (0.0174) (0.0174)
Venezuela  -0.0249™  -0.0238™  -0.0295"" -0.0337""  -0.0241"  -0.0256"""
(0.0104)  (0.0103) (0.0102)  (0.0101) (0.0107) (0.0107)
TPS-eligible 0.09217*  -0.0872""  0.1126™ -0.1216™" -0.12117""  -0.1175""
period (0.0134)  (0.0133) (0.0138)  (0.0204) (0.0204) (0.0204)
Age group X X X X X
Year fixed X X X X
effects
Years in the 0.0796™*" 0.0789™" 0.0768™"
U.S. (0.0051) (0.0052) (0.0052)
State fixed X X
effects
Education X
group
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Similarly to Haitians, the effect of TPS on incomes is driven by higher employment rates,
except that it is even more pronounced for Venezuelans with a 9 percentage point increase in
employment rates among Venezuelan adults relative to Colombian adults of similar
characteristics. Venezuelan adults saw a highly significant 9.6 percentage point increase in
employment rate after receiving TPS relative to Colombians. With state and education controls,
the employment rate is still about 9 points higher for Venezuelan adults with TPS relative to the
Colombian control group.

Table 1-20: Results for Venezuela TPS on average wages with occupation and
industry controls relative to Colombians

Variable (1) 2 k)] 6)) Q) (6)
TPS $1,605 $1,775 $1,904 $2,164" $1,539 $1,471
(1,650) (1,663) (1,639) (1,653) (1,643) (1,651)
Venezuela -381 -840 -1,238 -1,671" -203 -646
(999) (1,006) (992) (1,000) (1,051) (1,054)
TPS-eligible ~ -8,413™"  -8,528" -616 -329 297 104
period (1,245) (1,255) (1,948) (1,965) (1,952) (1,963)
Occupation $616" $619™ $521™
score 31) 31) (34)
Industry score $634™" $619"" $489""
42) (41) (43)
Age group X X X X
Year fixed X X X X
effects
Years in the 3,380 3,281 3,311 3,154
U.S. (494) (499) (499) (501)
State fixed X X
effects
Education group X X
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Table 1-21: Results for Venezuela TPS on employment with occupation and

industry controls relative to Colombians

Variable 1) () 3) 4) 5) (6)
TPS 0.0616™  0.0624*  0.0619**  0.0626*  0.0581"*°  0.0558"*"
(0.0157) (0.0157) (0.0156)  (0.0156)  (0.0156)  (0.0156)
Venezuela -0.0165" -0.0144 -0.0242™  -0.0227"  -0.0206™  -0.0231""
(0.0095) (0.0095) (0.0094)  (0.0094)  (0.0100)  (0.0100)
TPS-eligible ~ 0.0497""  0.0490™"  -0.0730"" -0.0777"" -0.0746"" -0.0686"""
period (0.0003) (0.0118) (0.0185)  (0.0185)  (0.0186)  (0.0186)
Occupation  -0.0046""" -0.0045™
score (0.0003) (0.0003)
Industry 0.0059*** -0.0060***  -0.0064"*  -0.0052"*"*
score (0.0004) (0.0003)  (0.0004)  (0.0003)
Age group X X X X
Year fixed X X X X
effects
Years in the 0.0477"  0.0494™"  0.0476™"  0.0453™"
U.S. (0.0047)  (0.0047)  (0.0047)  (0.0047)
State fixed X X
effects
Education X X
group

Unlike for Haitians, controlling for either industry or occupational score does not

eliminate the effect of the TPS designation on employment, though it does for average wages. In

other words, more Venezuelans were able to work, regardless of industry or occupation prestige

relative to Colombians after the TPS designation.

This does not mean that TPS does not have heterogeneous effects by occupation or

industry, or that it doesn’t help match the skills of immigrants with appropriate jobs, just that the

TPS designation was potentially beneficial in a more widespread way for Venezuelans than it

was for Haitians. This is especially important since a much greater number of Venezuelan non-

citizens were eligible for the 2021 TPS designation than Haitians for the 2010 and 2011 TPS

designations for Haiti.
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Still, TPS was associated with occupational and industrial upgrading for Venezuelan
immigrants in the United States as shown in tables 1-22 and 1-23 below. In fact, Venezuela’s

TPS designation was associated with more occupational upgrading than Haiti’s, likely reflecting

Venezuelans’ greater educational attainment.

Table 1-22: Results for Venezuela TPS on occupational scores relative to

Colombians
Variable 0)) 2 )] 4 Q) (6)
TPS 2.083" 2.308" 2.173™ 2.145™ 2.065™ 0.874"
(0.525) (0.525) (0.524) (0.524) (0.522) (0.477)
Venezuela -1.8247 185177 <1733 2177677 22,1997 22,0427
(0.318) (0.317) (0.317) (0.317) (0.333) (0.305)
TPS-eligible 0.407 0.323 0.200 -1.282"  -1.323" -0.503
period (0.397) (0.397) (0.416) (0.623) (0.621) (0.567)
Age group X X X X X
Year fixed X X X X
effects
Years in the 0.504™"  0.508™"" 0.144
U.S. (0.158) (0.158) (0.145)
State fixed X X
effects
Education group X

Table 1-23: Results for Venezuela TPS on industry scores relative to Colombians

Variable 6)) () 3) 4) 5) (6)
TPS 1.756"  1.832*** 1.762*** 1.724** 1.719*** 1.070***
(0.397) (0.397) (0.397) (0.397) (0.397) (0.380)
Venezuela -1.048™  -1.077"  -1.019"  -1.076""  -1.374™"  -1.281™
(0.240) (0.240) (0.240) (0.240) (0.253) (0.243)
TPS-eligible 0.214 0.142 0.202 -1.7477 1799 -1.356™
period (0.300) (0.300) (0.315) (0.472) (0. 472) (0.452)
Age group X X X X X
Year fixed X X X X
effects
Years in the 0.663" 0.668"" 0.474™
U.S. (0.120) (0.120) (0.116)
State fixed X X
effects
Education group X
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TPS for Venezuelans is associated with an increase of over 2 occupational education
score points before adjusting for education and 0.87 when adjusting for education, and with 1 to
1.8 industry education score points. In fact, when we split the sample by education, even while
adjusting for state of residence, we see that college-educated Venezuelan workers are more likely
to move into higher education occupations after the TPS designation than Venezuelan workers
without a college degree. All of this relative to college-educated and not college-educated similar
Colombian workers.

Table 1-24: Results for Venezuela TPS on occupation scores relative to Colombians

Variable College-educated Non-College
TPS 2.087 1.332*
(0.397) (0.520)
Venezuela -5.45™" -0.282
(0.602) (0.320)
TPS-eligible period -0.574 -0.433
(1.086) (0.609)
Age group X X
Year fixed effects X X
Years in the U.S. X X
State fixed effects X X

What table 1-24 seems to indicate is that college-educated non-citizen Venezuelans were
much more likely to be employed in lower education occupations than college-educated non-
citizen Colombians. This was not the situation of Venezuelans without college degrees, who
worked in similar occupations to Colombians without a college degree before the TPS
designation. After TPS was designated, Venezuelans with college degrees moved into
occupations on average with 2 percentage points more college-educated workers than
Colombians, while non-college Venezuelans moved into occupations 1.3 points more college

educated than Colombians.
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1.7. Conclusion

This chapter studies how legal work authorization affects occupational allocation among
immigrants. Using Temporary Protected Status as a setting where work authorization is granted
without a direct path to permanent residence, I provide evidence that TPS eligibility is associated
with occupational upgrading and that this channel explains much of the earnings association.
Case studies for Haiti and Venezuela show positive net associations of TPS eligibility with
earnings, and heterogeneity patterns suggest that education amplifies the benefits of
authorization and occupational change is the main channel through which TPS benefits
recipients.

The findings have two broader implications. First, the economic value of legal status may
oprate primarily through reallocation and improved skills matching rather than through within-
job wage changes. Policies that grant work authorization can therefore increase efficiency by
reducing skill misallocation and are more impactful when the beneficiaries are more highly
educated. Second, the effects of authorization are likely to be heterogeneous. Workers with more
education and better language skills experience larger gains because they have access to a
broader set of occupations once legal constraints are relaxed. This heterogeneity has
distributional consequences for natives and immigrants alike.

More generally, TPS provides an opportunity to study the labor market consequences of a
policy that is temporary in law but persistent in practice and thus can inform us of the potential

impact of a widespread legalization policy and who could be made eligible.
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Chapter 2: The Fiscal Impact of Immigration

In the world’s richest democracies, where immigrants represent a record share of the
population and an aging population strains national budgets with larger pension obligations,
there is a long-running debate over the impact of immigrants on government finances.
Proponents of immigration often argue that immigrants are necessary to rescue pension programs
like Social Security because they contribute through payroll taxes. Critics of immigration
contend that most immigrants—especially those with less education, those from poor nations, or
those who enter unlawfully—consume more government benefits than they pay in taxes, thus
straining government budgets even further.

In September 2024, I published a report, “The Lifetime Fiscal Impact of Immigrants,” in
which I found that, over the course of their entire lives, immigrants in the U.S. tend to contribute
slightly more in taxes than they receive in benefits from the federal government. That report
updated a comprehensive National Academy of Sciences (NAS) study,' which pioneered a new
fiscal impact calculation by estimating the lifetime net fiscal impacts of immigrants
differentiated by education level and age. In this new chapter, I contribute to the literature on the
economic impact of immigrants by publishing the most granular and updated estimate of the
fiscal and economic impact of immigrants in the United States by age at arrival, educational
attainment, and legal status. I also contribute to the literature by simulating the economic and
fiscal effect of dozens of immigration policy proposals and comprehensive reforms, and making
my methodology comparable with the 10- and 30-year scoring of the Congressional Budget
Office (CBO), making the findings directly applicable to the fiscal scoring system of federal

legislation.
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Literature in this area is extensive, but methodologies vary. Proximate to the Clinton
administration’s welfare reform, the National Research Council’s James Smith and Barry
Edmonston published a report in 1997 titled “The New Americans: Economic, Demographic,
and Fiscal Effects of Immigration.” This report pioneered a comprehensive “lifetime” accounting
of immigrants, finding that fiscal impacts vary greatly by education and age at arrival. Over their
lifetimes, immigrants with low educational attainment imposed a net fiscal cost, estimated at a
net present value of about —$89,000 for a typical immigrant without a high school education.
When accounting for children and future generations, nearly all immigrants broke even: the NRC
calculated that including descendants turned the —$89,000 burden into roughly —$13,000, and
after 1996 welfare reforms the calculation turned a +$5,000 net benefit. The NRC also noted
differences across government levels—immigrants (and their families) were net contributors
federally but often a net cost at the state and local level, largely due to education expenses borne
by states. Overall, the 1997 report concluded that younger, better-educated immigrants are net
fiscal positives, whereas older or less-educated immigrants can be net drains, emphasizing the
role of age and education in fiscal outcomes.

Alan Auerbach and Philip Oreopoulos’s 2000 Journal of Economic Perspectives report
“The Fiscal Effect of U.S. Immigration” applied generational accounting methods to guage
immigration’s impact on long-term fiscal balance. This report incorporated immigrants’ life-
cycle tax payments and benefit usage, including future descendants, showing immigration’s
fiscal impact is quite small in magnitude. If the U.S. addresses its fiscal imbalances by radically
increasing taxes on future generations, immigrants would slightly reduce the future tax burden on
native-born Americans, as immigrants themselves help shoulder those future taxes. Under a

fiscally responsible policy, whether immigrants are a net positive depends on how public
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spending scales with population. Crucially, they conclude that immigration is “neither a major
source of the fiscal imbalance, nor a potential solution to it.”

In the Journal of Political Economy, Kjetil Storesletten’s 2000 report uses a calibrated
overlapping-generations model of the U.S. fiscal system, examining how immigrants of different
ages and skill levels affect public coffers in present-value terms. He found that high-skilled,
working-age immigrants yield substantial fiscal benefits: the estimated net present value to the
government of a high-skilled immigrant was about +$96,000, whereas a medium-skilled
immigrant (high school education) was roughly fiscal break-even (= —$2,000), and a low-skilled
immigrant had a significant net cost around —$36,000. (For context, the NPV of a U.S.-born
native newborn was about —$88,000, reflecting the heavy public costs of childhood and
education before they start paying taxes.) Storesletten’s model also highlighted the role of age at
arrival: immigrants arriving in their early 40s produced the highest net contributions (up to
~$177k for a high-skilled 40-year-old in his simulation), whereas very elderly immigrants were
costly. These results reinforced that selectively admitting younger, highly educated immigrants
can help public finances, while unskilled or older entrants tend to be a fiscal burden.

The National Academy of Sciences’ 2017 study provided a nuanced fiscal estimate for
the recent decades of American immigration. It estimated that first-generation immigrants (the
foreign-born themselves) on average are a net fiscal cost to government—primarily at state/local
levels for schooling and welfare—but their U.S.-born children (second generation) are among the
strongest net fiscal contributors in the population. In aggregate, the second generation
contributed significantly more in taxes than they received, outperforming even third-generation
natives on fiscal measures. This reflects upward mobility and higher education levels among

many immigrants’ children. The overall net effect of immigration, when projecting the future,

38



was slightly positive for the federal budget and economy in the long run. The NAS noted that
impacts vary by education: immigrants with higher education have positive lifetime fiscal
impacts, while those with low education may not fully repay public costs. They also broke out
scenarios by immigrant age-of-entry and state and local vs. federal costs. A key insight was that
over the long horizon, the fiscal contributions of immigrants and especially their descendants
tend to offset initial costs, making immigration’s net fiscal effect roughly neutral or positive at
the national level, albeit with distributional differences across regions and levels of government.

Internationally, Christian Dustmann and Tommaso Frattini’s 2014 “The Fiscal Effects of
Immigration to the UK” examined 18 years of United Kingdom data (1995-2011), distinguished
immigrants by origin. The authors found a stark contrast between European and non-European
immigrants in fiscal terms. Immigrants from the European Economic Area (EEA) consistently
made net positive fiscal contributions—even during years when the UK ran overall budget
deficits.

In other words, EEA immigrants paid more in taxes than they received in benefits, on
average. In contrast, non-EEA immigrants (and similarly, the average native-born Briton during
that period) had a net negative contribution, using more in public spending than they paid in.
Notably, immigrants who arrived after 2000 were fiscal contributors overall, especially those
from EU countries, including Eastern European states that joined the EU in 2004, contributed
substantially more than they took out. The positive contribution of recent EU immigrants was
“strong” in the 2000s, partly due to their high labor participation and lower use of welfare.
However, the study also observed that fiscal contributions trended downward after the 2008
recession, and by the end of the period even some recent immigrant groups had small deficits.

Overall, this study illustrates that in a country with a generous welfare state like the UK,
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immigrants’ net fiscal impact can be positive or negative depending on their integration and
origins, with high-employment groups (such as EU free-movement migrants) contributing
notably to public finances.

Thomas Leibig and Joakim Mo published a study in the OECD’s 2013 International
Migration Outlook on the fiscal impact of immigration in OECD countries. This large
comparative analysis across 27 OECD countries provided one of the first cross-national
assessments of immigrants’ fiscal balance. The key finding was that in most advanced economies
immigrants’ net fiscal impacts are very small relative to GDP—typically “hovering around plus
or minus 0% of GDP”. In other words, immigrants generally contribute roughly as much in taxes
as they consume in public expenditures, resulting in a net effect that is usually slightly positive in
some countries and slightly negative in others, but usually within £1% of GDP. The OECD study
found no evidence of immigrants being a major fiscal drain in aggregate; in many countries they
were modest net contributors or essentially neutral. Differences across countries were often
explained by demographics—countries where immigrants were younger and more working-aged
saw more positive impacts, whereas countries with older immigrant populations had more costs.

Focusing on Canada, Peter Dungan, Tony Fang, and Morley Gunderson's 2013
“Macroeconomic Impacts of Canadian Immigration: Results from a Macro-Model" in the British
Journal of International Relations took a more macroeconomic simulation approach. The
researchers used a forecasting model to simulate a scenario with higher immigration and traced
effects on GDP and government budgets. They found that increasing immigration had a positive
fiscal impact for Canada. Specifically, a higher inflow of immigrants was projected to raise
government revenues more than costs, leading to improved net government balances at both the

federal and provincial levels. In their results, immigration boosted economic growth and labor
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force size (immigrants in Canada are highly educated on average), which in turn increased tax
receipts. While public expenditures also rose (due to larger population), those were offset by the
contributions immigrants made. The authors note that this aligns with prior Canadian studies and
that immigrants’ fiscal benefit is reinforced when immigrants integrate well. They did caution
that the personal outcomes for immigrants themselves needed attention—recent immigrants in
Canada had higher poverty rates, suggesting integration challenges, even as they were bolstering
public finances.

Joakim Ruist took a more target approach in his 2015 study “The Fiscal Cost of Refugee
Immigration: The Example of Sweden,” in the Population and Development Review. Ruist’s
study zoomed in on refugees, a specific immigrant subgroup often presumed to be costly. It
estimated the net fiscal burden of refugees in Sweden, which by the 2000s had a large refugee
intake. The paper found that, as of 2007, the fiscal redistribution from the non-refugee
population to the refugee population was equivalent to about 1.0% of Sweden’s GDP. This
represents the net tax transfers to support the refugee community (who made up roughly 5% of
the population). About four-fifths of this cost was due to lower tax revenues from refugees
(many of whom had lower employment and earnings), and one-fifth due to higher public
spending directed to refugees (integration programs, social assistance). While a 1% of GDP
fiscal cost is “fairly sizeable,” Ruist points out it was not catastrophic for Sweden’s finances. The
study’s takeaway is that refugee-heavy countries do incur noticeable public costs in the short-to-
medium term because refugees often take time to integrate into labor markets. However,
countries with much smaller refugee shares (most of Western Europe) could increase their

refugee intakes substantially “without endangering their welfare systems,” the author argues.
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Finally, Katy Hennessey and Jessica Hagen-Zanker's 2020 ODI Working Paper “The
Fiscal Impact of Immigration: A Review of the Evidence” synthesizes dozens of studies in both
developed and developing nations, finding no clear answer to whether immigrants are net
contributors or burdens. The overarching conclusion is that most migrants’ fiscal impacts are
small and roughly balanced. Across many countries, immigrants typically contribute about as
much in taxes as they consume in services, with net effects usually very close to zero (within a
few tenths of a percent of GDP). The ODI review echoes that migrant characteristics determine
fiscal outcomes: young, working-age, and highly skilled immigrants are often considerable net
gains for public finances. In contrast, migrants who are older, have low education, or face
barriers to work can be net fiscal costs. Importantly, the authors note that public discourse often
overestimates fiscal costs, whereas the best evidence shows immigrants generally are not a strain
on public budgets.

While findings vary across studies and geographies, a consistent theme across these
studies is that immigration tends to have little national-level fiscal impact in either direction.
This chapter contributes substantially to the current literature by modeling policy solutions that
go beyond the “net-neutral” conclusion and substantially affect the U.S. federal debt through
immigration reform.

While both the NAS study and my 2024 report considered the entire lifetime of
immigrants to measure their fiscal impact, this chapter considers only the next 10 and 30 years,
since these are the legislative fiscal windows considered by Congress. Unlike earlier literature,
this chapter deals only with nominal dollars, not real or time-discounted ones. Thus, the
interpretation of the results of this chapter should be adjusted to understand that they represent

the expected impact on the nominal federal budget, regardless of time or inflation considerations.
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This is similar to how the impact of tax and spending legislation is measured by CBO.
Additionally, since only the next three decades are accounted for, most of the future tax
payments by young immigrants are not taken into consideration; the entitlement benefits
received by middle-aged immigrants are likewise disregarded.

Unlike other studies in the literature, this chapter accounts for the economic impact of
immigrants on Gross Domestic Product, the capital stock, and the resulting additional tax
revenue and subdivides immigrants into legal visa and unlawful entry categories, and more
granular education and age groups. It also accounts for the fiscal and economic impact of the
children and grandchildren of immigrants, similar to the NAS study but with more recent and
accurate fertility projections. I estimate how the resulting change in debt and economic growth
affects the key metric of debt as a share of GDP. This chapter also contributes to the literature by
using more recent data from the Current Population Survey and adjusting life expectancy by
education and nativity since immigrants in the United States live longer than the native born and
college graduates live longer than those with less education. The estimates of fiscal impact are
also made more accurate by adjusting health spending by educational attainment since two of the
largest sources of federal spending are Medicaid and Medicare, and both programs spend less on
more educated enrollees than on less educated ones.

This chapter is organized into five parts. Section 1 lists the methods and data used to
estimate fiscal and economic impact of immigrants as well as their characteristics, including
assumptions and summarizing differences in methods and assumptions among various studies.
Section 2 illustrates the important role of age at entry and education in the fiscal impact of
immigrants. Section 3 presents the detailed results of the accounting of immigrant fiscal impact

by age at arrival and educational attainment. Section 4 uses those estimates to project the impacts
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of various immigration policy changes. Section 5 describes an immigration reform proposal that
would significantly reduce the debt burden of the United States and compares it with other major

comprehensive reforms drafted by members of Congress and think tanks. Section 6 concludes.

2.1 Methodology

This chapter evaluates the impact on tax revenue and spending of new immigrants over
the next 30 years. Specifically, it focuses on the cumulative fiscal impact by the 10th and 30th
year because these are the two years that Congress directed the Congressional Budget Office to
focus on when rating budget legislation. There are many drawbacks to analyzing immigration
over this short period, especially because immigration policy decides who lives in the country
and who will be born into it. Nevertheless, this timeline is the one that Congress reviews and thus
is most useful to public policy proposals. I do not adjust figures for inflation, nor do I discount
future real dollars for the time-value of money.

The first methodological choice is whether to analyze the tax payments and benefits
received by immigrants as households or as individuals. This chapter treats immigrants as
individuals in order to avoid treating households of married native-born and immigrant residents
as half-immigrant and half-native. This chapter considers the tax payments and benefit use of the
children and grandchildren of immigrants as part of the fiscal impact of immigrants themselves,
while still treating them as individuals and not households.

The economic literature is divided on this matter, partly because the U.S. tax unit is
households, not individuals. When someone files taxes, one pays as a single, married, or head-of-
household filer, and the incomes of all members of the household are combined on the tax return.

This makes the household a reasonable unit of analysis but does not resolve how to treat mixed
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households of native-born and immigrant individuals—specifically, married couples in which
one spouse is foreign-born and the other is native-born.

The greatest advantage of choosing individuals as the unit of analysis is that households
suffer compositional changes over time that individuals do not suffer. Children are born and then
leave the household, older family members are cared for and die, and couples join and
sometimes separate. The main estimate for this chapter is the lifetime fiscal impact of an
immigrant. Therefore, it makes more intuitive sense to treat immigrants as individuals rather than
to combine them with their potentially native-born spouses or children. This chapter uses the
allocation of household tax payments to individuals computed by the Current Population Survey
(CPS).?

I use recent CPS and American Community Survey (ACS)* data. The CPS data, which
are the source for nearly all individual tax and spending indicators, are taken from the 2023 and
2024 CPS samples. The 2023 sample is included to enlarge the sample size and thus increase its
accuracy. The ACS samples used are the 2022 and 2023 samples; the 2024 sample is
unpublished at the time of this writing. The ACS was used only to measure institutionalization:
whether immigrants and their descendants are in prison or in a nursing home.

Since the CPS samples used in this chapter are entirely preceding the passage of the Tax
Cuts and Jobs Act of 2017, the tax and spending numbers used here assume the extension of
present tax rates into the future, which was recodified into law by Congress in the 2025 “Big
Beautiful Bill.” Unlike the older NAS study, this model accounts for the passage of new benefit
programs like the Affordable Care Act (ACA) subsidies and Medicare Part D, which altered

immigrants’ fiscal impact significantly.
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Future projections used in this analysis are not of the lifetime of the immigrant
(potentially a century) but the next 30 years, specifically the 2025-54 period for which CBO
reported economic and budgetary projections when this chapter was first written. The advantage
of limiting the analysis period is increased certainty in economic growth and budget
assumptions. The drawback is underestimating the future contribution of young immigrants
during their peak earning years and overestimating those of middle-aged immigrants by
excluding their retirement.

While no inflation or time discounting is done for future figures, the 2023 and 2024
dollars in the CPS sample are adjusted to January 2025 dollars. This is the chapter’s only
inflation adjustment, and all figures should be interpreted as nominal dollars beginning in 2025.
Similar to the previous MI study, this one categorizes immigrants into a total of 35 groups—five
education levels and seven age groupings. Immigrants are classified by the age at which they
report first coming to the U.S. as follows:

e Under 18 years old (10 years old)
e 18 to 24 years old (20 years old)
e 25 to 34 years old (30 years old)
e 35 to 44 years old (40 years old)
e 45 to 54 years old (50 years old)
e 55 to 64 years old (60 years old)

e Over 65 years old (70 years old)

For simplicity and clarity in this chapter, I will assume that the actual ages at migration of

these groups are those in parentheses, and they represent the average of the group. The

46



classification of each age group by education is by education at the time they first immigrated to
the U.S., in five groups:

e Less than high school

e High school diploma

e Some college (an associate’s degree or an incomplete bachelor’s)

e Bachelor’s degree

e Advanced or graduate degrees (master’s, PhDs, and professional degrees)

Life expectancy has significant implications for fiscal-impact calculations because it
determines how long someone pays taxes and collects old-age entitlement benefits. Immigrants
live longer than native-born Americans, and new evidence shows that the gap is widening. A
2021 paper using data from the National Center for Health Statistics with all deaths in the U.S.
from 1990 to 2017 found that the life-expectancy edge of immigrants has grown over time.12 By
2017, a one-year-old immigrant boy was likely to live past age 81, while an average one-year old
U.S.-born boy was not expected to reach the age of 75—a 6.5-year age gap, or an 8.7% longer
life expectancy for immigrant men. The life-expectancy edge of immigrants is smaller among
women, with immigrant women expected to survive past age 85 and native women expected to
reach almost exactly 80 years old—a 5.5-year age gap, or a 7.1% edge for immigrant women.
Almost all the immigrant life-expectancy edge is due to mortality differences among prime-age
individuals, i.e., after they reach their teens and before they reach their sixties.

One 2016 study found that after age 65, immigrants still lived longer than native-born
adults but to a lesser extent than was expected one year after birth. Higher survival rates during
prime-age years could be due to a less sedentary lifestyle among immigrants and better diets or

lower homicide rates (immigrants constitute about 15% of the U.S. population but just 8% of
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homicide victims). Other factors, including “deaths of despair” (i.e., suicides and drug
overdoses) and accidental deaths from car accidents, could be major contributors as well. A 2021
study by Arun S. Hendi (Princeton University) and Jessica Y. Ho (University of Southern
California) found that the mortality gap peaks around age 35, with more than 2.5 times higher
risk of death for natives than immigrants and then falls back but never converges completely.

While one may be concerned that the large gap between immigrant and native mortality
is explained by selective emigration from the U.S. (i.e., perhaps unhealthy immigrants return
home), the authors found no increase in old-age emigration in the period of study, despite the
growing life-expectancy gap. The gap may be due to positive selection of immigrants entering
the U.S., but because it is not due to selective emigration once in the country, the life-expectancy
gap does not affect this model’s assumptions on emigration and mortality.

Life expectancy is an area where this chapter makes an important departure from NAS.
The NAS study assumed equal life expectancy for immigrants and native-born Americans, while
this chapter adjusts for differences in life expectancy. Specifically, I use the Centers for Disease
Control and Prevention’s (CDC) 2019 age-specific mortality estimates and correct for the native-
immigrant mortality differential in Hendi and Ho (2021) with decade-specific multipliers until
age 70. I assume that, after age 70, native and immigrant death rates converge linearly until the
age group of 90-100, the age after which CDC mortality data assume death risk is 100% due to
the small number of living centenarians.

This chapter also adjusts for life expectancy disparities among immigrants with differing
education levels. Life expectancy by education among immigrants is based on the overall
differences of the U.S. population. Critics might worry that this overestimates differences in life

expectancy by education among immigrants, but the overall life expectancy of all immigrants is
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already adjusted upward, and acknowledging differences in life expectancy by education is a
positive step toward accuracy, even if it overcompensates. Furthermore, the differences are not
large enough over the 10- and 30-year budget windows to make much difference in fiscal impact

for any group but the elderly.

I maintain the same emigration assumption of the NAS study, with the probabilities of
emigration by the time since arrival noted in Table 2-1:

Table 2-1: Assumed Probability of Emigration

Years since arrival Probability of Emigration
10 years 24%
30 years 29%
50 years 31%

To apply these rates by year, I constructed the following function, which
matches the cumulative probabilities of emigration at 10 and 50 years since arrival:
Ec=Axt*B
Where E(t) is the probability of emigrating just at year ¢ since arriving in the U.S., such

that the cumulative probability of emigration at year ¢ is equal to:

t t
Z E,=A Z t8
0 0
I solve for the parameters such that Y1°E, = 0.24 and sigma Y3° E, = 0.31and the
function is monotonically increasing. Thus, A= 0.102498884 and B=—-1.267738271.
This creates a smooth and reasonable probability-of-emigration function with new
immigrants having a high probability of leaving within the first year (10%) that quickly falls

over time and approaches, but never reaches, zero. Figure 2-1 illustrates the emigration rate until

year 30 because this analysis looks only at the 30-year impact of immigrants.
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Figure 2-1: Cumulative Emigration and Annual Emigration Rate over 30 Years
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Most public education spending occurs at the state and local levels, but the federal
government contributes a substantial portion of funding, too, which must be considered for
immigrants who arrive as minors. The average federal contribution to revenue per pupil among
all U.S. public schools between the academic years 2014—15 and 201819 (prior to the
pandemic-related temporary aid) was $1,442.33 in adjusted 2024 dollars. I assume that all
immigrants, despite their different geographical distribution, derive this same level of federal
support. I also assume that all immigrant and native children who are enrolled in school attend a
public school. This is not perfectly accurate, yet it aligns with the NAS assumption and avoids
requiring differential enrollment estimates without survey evidence to substantiate them.

The cost assigned to educating immigrant children and their descendants reflects the
marginal federal cost of public schooling rather than the broader average expenditure.
Expenditures related to English as a second language instruction are fully allocated to immigrant

students and their descendants, consistent with the population receiving the service. Free lunch
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and other school-related welfare programs are treated on the basis of reported or assigned receipt
using census data.

Children who will ultimately obtain higher levels of education may be more likely to
enroll in private schools because they may come from wealthier households. However, children
from wealthier households are also more likely to attend higher-quality and more generously
funded public schools, which may impose higher federal costs. In light of these counteracting
factors, it is reasonable to assume equal federal educational costs across education groups.
Most of the tax data used for this analysis come directly from the self-reported information in the
Census’s Current Population Survey, which directly reports what people say that they paid in
income and payroll taxes (which I adjust to include the employer share). However, I make
several assumptions that differ from those of the NAS study. Like the NAS study, I assume that
payroll taxes (both the employer and employee share) are paid entirely by workers, just as with
the federal income tax. I also add unemployment-insurance tax to each worker, in the same way
as the NAS model. Empirical evidence indicates that the true share of payroll taxes borne by
workers is high but not quite 100%.

However, unlike NAS, I do not allocate corporate tax revenue in this analysis at all, for
three reasons. First, it would be inconsistent to assume that the payroll tax burden is entirely
borne by workers but the corporate tax burden is not entirely borne by capital owners. Second,
people are both workers and capital-owners, so allocating corporate tax revenue accurately
would require knowing what share of immigrants, natives, and foreign-based investors own C-
corp assets. Third, and most important, corporate taxes are paid regardless of the location of the
investor, so whether an immigrant who owns shares in a C-corp lives in the U.S. or elsewhere

does not affect his corporate tax liability, as the corporation is headquartered domestically.
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Finally, I allocate excise tax revenue based on a different and more complete regression
of the 2019 Consumer Expenditure Survey (CES) by education and age groups. This chapter
separates income tax liability from tax credits, growing the former by both productivity and
inflation and the latter by inflation alone. The NAS study relied on data only from tobacco,
alcohol, and gas expenditure and then extrapolated the rest of excise tax revenue based on those
three categories of taxed goods. To make the excise tax analysis more complete, I added a fourth
category: “public and other transport” spending in order to approximate airline excise tax
revenue, which is as large as tobacco excise tax revenue. This category includes spending on
airline tickets but also subway and bus fares. Still, the public and other transport spending
category is a good proxy because it includes airline ticket spending and is positively correlated
with income, since wealthier and more highly educated people tend to live in more urban areas
with better public transportation systems, in addition to purchasing flight tickets more often.

The three major nondefense spending programs in the U.S. are Social Security, Medicare,
and Medicaid. Social Security benefits are determined by a formula that depends on wages
earned. The program’s benefits grow with wages (and therefore productivity). In this chapter, I
adjust upward current Social Security benefits by productivity growth for future retirees. But
unlike Social Security benefits, Medicare and Medicaid are not proportional to current or past
wages. Since high earners pay higher Medicare premiums and poverty declines with economic
growth, these programs should become less generous with higher productivity growth.
Therefore, I assume that Medicare and Medicaid spending per enrollee does not grow with
productivity.

The Kaiser Family Foundation (KFF) found that per-enrollee Medicare spending in the

last 10 years of available data grew by just 2.4% annually, right around the rate of Personal
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Consumption Expenditures inflation over that time of 2.1% This per-enrollee growth does not
take into account that the average Medicare enrollee is growing older, so part of this increase in
per-enrollee spending reflects aging rather than rising costs. This is why I assume that the current
costs per Medicare enrollee by age will remain constant in real terms, growing about 2%
annually with inflation.

Similarly, for Medicaid, I assume that the current cost by age of beneficiaries will remain
constant in real terms. Rising productivity should result in a smaller share of Americans eligible
for Medicaid, but I assume constant enrollment, which should offset any potential increase in
Medicaid costs that [ am not considering. Additionally, for simplicity, I assume that the federal
government pays 71.3% of Medicaid in all cases, although different states, population groups,
and different categories of spending have different federal matching rates, and these matching
rates even vary from year to year.

Medicare and Medicaid enrollment rates are reported by CPS respondents and imputed
by the Census Bureau in the survey, based on household characteristics. Spending per enrollee
and by age are reported by KFF and adjusted by the education level of recipients proportionally,
based on the latest available educational breakdown of the Centers for Medicare & Medicaid
Services (CMS) from 2009. This is another improvement over NAS methodology, which does
not account for different health costs of individuals by their educational attainment. Therefore, I
assume that college-educated Medicaid and Medicare recipients cost less than enrollees without
a high school diploma.

This chapter’s model treats immigrants who arrive in the U.S. as minors differently from
the NAS model. The NAS study assumed that children of parents with a certain level of

education will behave similarly to the children of other immigrant parents of the same level of
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education, regardless of the education level reached by the children themselves. The NAS
approach is useful because it intuitively makes sense and it might be the best approach if the
government is selecting independent immigrant children, or considering children to decide the
admission of the parent. However, it is not common for unaccompanied minors to enter the U.S.,
unless they are entering unlawfully.

An example is the best way to explain the disadvantage of the NAS approach. Imagine
two pairs of immigrant parents. Imagine the children of each pair were born outside the U.S. and
all the parents have bachelor’s degrees—but 20 years later, one of the kids earns a college degree
and the other does not. In this case, the NAS study assumes that there is a chance that each child
will end up as a college graduate, or that each child will not earn a college degree at all. The
NAS model assumes that a college graduate and a non-college graduate would behave the same
way because all the immigrants in the parents’ generation have the same education. But if one
child earned a degree and the other did not, is it likely that both immigrant children will have
behaved the same by the time they are 21? Likely not. Instead, one child will likely have worked
more than the other, they may have earned different grades, and they may even have different
criminal records.

My model assumes that each of these hypothetical immigrants who entered the U.S. as
minors behaved as the level of education that they ultimately reached suggests, rather than the
education predicted by their parents’ education. In this way, we should have a more accurate
reflection of their past.

To calculate this, all values of taxes and benefits are averaged for those younger than 18
and then adjusted by the differences between education groups at their prime ages (25-54). For

example, if college-educated immigrants pay 50% more in payroll taxes between the ages of 25
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and 54 than immigrants who did not complete high school, I assume that these higher-educated
immigrants also pay 50% more in payroll taxes before they turned 18. This exercise is repeated
for all non-directly observed or parent-dependent benefits for immigrants aged 18—24 with some
college education and higher. Every child, both native and immigrant, is assumed to pay no taxes
until reaching age 15.

The only two benefits not based on the ratios among adults of the same education level
are the Free or Reduced-Priced Lunch (FRPL) program and the Children’s Health Insurance
Program (CHIP) since only children receive both. To account for this, I assume that children
who never graduate high school receive greater FRPL and CHIP benefits in the same ratio that
they receive more cash welfare benefits in adulthood, relative to other education groups. For
example, if the combined value of Supplemental Security Income (SSI), welfare such as
Temporary Assistance for Needy Families (TANF), Supplemental Nutrition Assistance Program
(SNAP), Women, Infants, and Children (WIC) nutrition program, and heating subsidy benefits
are 10 times larger among immigrants aged 25—-54 without a high school diploma than among
similar-aged immigrants with a college degree, I also assume that the former received 10 times
more FRPL and CHIP benefits than the latter when they were under 18.

All other government spending that is not directly received by people is considered a
public good in this chapter. The major categories of spending included in this group are military
spending, government investment in roads, research, and spending on services such as
international representation or government corporations, such as the post office. The NAS study
considered two scenarios regarding the impact of immigration on public goods: one in which
immigrants do not consume public goods; and one in which immigrants consume public goods at

the same rate as native-born citizens. It would be reasonable to assume that one additional
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immigrant would not strain or increase public goods spending, but if immigration grows the
population by, for example, 10% over one century, then transportation, military, research, and
other forms of spending that are not a direct benefit will likely grow.

For the purposes of simulating different scenarios, this chapter separates public goods
spending into two categories: direct public goods; and indirect (or “pure”) public goods. Direct
public goods are those likely to be congestible, meaning that as more people consume a good, it
eventually becomes more difficult for others to consume it as well. Direct public goods include
highway trust-fund spending, labor training programs, community development grants, and even
the administration of justice such as federal judges. Indirect public goods are those not likely to
be congestible, such as national security provided by the U.S. Department of Defense and
diplomatic representation abroad.

In all my scenarios that include public goods spending, immigrants consume direct public
goods at the same rate or average rate of natives. However, when it comes to indirect public
goods, immigrants in some scenarios consume indirect goods at half the rate of natives; in other
scenarios, immigrants consume all public goods at the same rate as natives. The revenue and cost
resulting from the children and grandchildren of immigrants born in the United States are both
accounted for in this chapter’s fiscal calculations. Since the children of immigrants do not begin
paying taxes until at least 16 years after immigrant parents first give birth, and all descendants of
immigrants are a net fiscal burden until at least age 18, the fiscal impact of all immigrants is
more negative in every year of the 30-year budget window, compared with the first study as a
result of accounting for their descendants.

This chapter accounts for children (second generation) and grandchildren (third

generation) of immigrants (first generation). Fertility of the first generation by age is obtained
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from CBO demographic projections, which assume a current 1.8 children per female immigrant.
I assume that half the immigrant flow is female. Additionally, CBO projects that fertility will
decline among immigrant mothers to 1.6 children per woman by 2054. Accounting for the third
generation does not change the budget picture much because very few grandchildren are born in
the 30 years after an immigrant’s admission, except for the group of immigrants who arrive in
their late teens and early twenties. Furthermore, the fertility of the second generation is assumed
to be equal to other native-born Americans, which is approximately 1.6 children per woman
now, falling to 1.4 in 30 years.’

The children of immigrants are assumed to be more educated, on average, than their
parents, except in the case of immigrants with advanced degrees, as there is some reversion to
the educational mean. The parent—child education matrix used in this chapter (Table 2-2) is the

same one as the 2017 NAS study.

Table 2-2: Predicted Education of the Second Generation of Immigrants by Parent

Education
Parent education <HS HS SC BA BA+
<HS 17.1% 44.1% 32.4% 6.2% 0.2%
HS 4.3% 27.2% 46.2% 20.3% 2.0%
SC 0.7% 11.9% 40.2% 38.0% 9.2%
BA 0.1% 2.2% 21.7% 46.5% 29.5%
BA+ 0.0% 0.6% 8.8% 37.7% 52.9%

Source: “The Economic and Fiscal Consequences of immigration,” National Academies of
Science (NAS), 2017

While the third generation (Table 2-3) is assumed to transition upward in educational
attainment as the children of any other native-born parent would, there is not as much

improvement as between the first and second generations.
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Table 2-3: Predicted Education of the Third Generation of Immigrants by Parent

Education
Parent education <HS HS SC BA BA+
<HS 29.4% 50.9% 18.4% 1.3% 0.0%
HS 7.6% 42.2% 42.2% 7.8% 0.2%
SC 1.0% 16.9% 50.1% 28.8% 3.2%
BA 0.0% 2.3% 26.0% 51.8% 19.9%
BA+ 0.0% 0.3% 7.0% 40.3% 52.4%

Source: “The Economic and Fiscal Consequences of immigration,” National Academies of
Science (NAS), 2017

Additionally, fertility is adjusted for both the first and second generation by their
education using census estimates, an improvement over the NAS methodology, resulting in more
children from high school dropouts than college-educated immigrants. Interestingly, native-born
Americans and immigrants with advanced degrees tend to have more children than those with
just an undergraduate degree. This is especially true among highly educated immigrant women
who tend to work much less and have more children during peak childbearing years than native-
born highly educated women.

Figure 2-2 shows the expected number of children and grandchildren of representative
20-yearold immigrants with differing educational levels over the next 30 years. Some 30% of
immigrants leave the country over 30 years; therefore, realized fertility among immigrants in the
U.S. does not match the full fertility rate resulting from adding an additional mother to the

population because many of them leave before having children.
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Figure 2-2: Likely Number of Descendants of a 20-Year-Old Immigrant Woman over 30
Years, by Educational Attainment
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Figure 2-3 shows the fertility differences by education relative to the average, where high
school dropout immigrants have over 60% more children than the average immigrant and college

graduate immigrants have 25% fewer children than the mean.
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Figure 2-3: Relative Fertility of Immigrants, by Educational Attainment
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The fiscal impact of the second and third generations of immigrants is assumed to be the
same as other similarly educated native-born Americans. Critics may argue that the second
generation tends to be even more fiscally positive than the first, which is generally true, but that
can be accounted for by their higher education level. Additionally, the third generation tends to
have a more negative fiscal impact than the average native-born American, tamping down on the
criticism that I am underestimating the benefit of the second generation. Within the 30-year
window, most years of life for the second- and third-generation immigrants are as children, and
their tax contributions are small. Therefore, these differences among generations will not
meaningfully alter the final estimate.

Accounting for the descendants of immigrants only affects four of the seven age groups’
fiscal impact—the census assumes that no one has children beginning at 50 years of age. Figure

2-4 illustrates the estimated number of descendants of one 20-year-old immigrant of each of the
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five educational groups by the end of the 30-year period, and the educational attainment of these

descendants.

Figure 2-4: Total Descendants of a 20-year old Immigrant, by Parental and Descendant
Education after 30 years
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A different way of looking at the impact of an immigrant’s education level on that of
their descendants is examining the share of their descendants who reach each educational level
(See Appendix B). For immigrants who do not complete high school, just 7% of their children
earn a college degree. For immigrants with an advanced degree, 90% of their descendants earn at
least a bachelor’s degree. Despite having half the number of total children, immigrants with an
advanced degree are likely to produce over six times as many descendants who are college-
educated as immigrants who did not finish high school.
Proponents of a more open immigration policy criticized my first report on the lifetime
fiscal impact of immigrants for assuming that immigrants increase spending on public goods,

especially defense spending. This was generally a misunderstanding of the study’s calculation
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methods. It is reasonable to assume that public-goods spending rises with population, but it is
less clear that defense spending does, as well. In this chapter, I soften the public-goods
assumption by excluding defense and other pure public-goods spending completely. I also
change the catch-up period of five years to 10 years. For “direct” public goods, such as
transportation, agriculture, and law enforcement, I assume that government spending increases
gradually over the first 10 years from immigrant arrival or birth of a descendant at 10% of the
full rate annually. However, public-goods spending falls immediately upon the death or
emigration of an immigrant or his/her descendants. This is a change in both restricting the public
goods considered and lengthening the catch-up rate. These changes reduce the importance of
public goods but still account for negative externalities on publicly provided transportation,
energy, the justice system, and other government services.

The spending categorized as public-goods spending in this chapter is not necessarily a
“public good” under the proper economic definition; rather, it represents the following OMB’s
budget codes’ detailed below:

e 270 Energy

e 300 Natural resources and environment

e 350 Agriculture

e 370 Commerce and housing credit

e 400 Transportation

e 450 Community and regional development
e 504 Training and employment

e 505 Other labor services

e 554 Consumer and occupational health and safety
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e 750 Administration of justice

Pooling these categories of government spending gives us an annual per-capita federal
government public-goods spending of $1,375 per person in 2025, rising to $2,742 over 30 years.
For the first 10 years, immigrants do not increase public-goods spending nearly as much because
they are still catching up by 10% annually toward the full rate, and then never reach the full
$2,742 spending rate because 30% of immigrants leave the country within the 30-year period,
and some also die. For example, Figure 2-5 shows that admitting one 30-year-old immigrant
with some college education results in an increase of public-goods spending over the next 30
years of less than $38,000, or less than $1,300 annually, due to deaths and emigration.

Figure 2-5: Annual Public-Goods Spending from Admitting a 30-Year-Old Immigrant with
Some College Education
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Additionally, despite what critics would argue, public-goods spending does not drive
differences between immigrants of various levels of education or ages; in fact, it reduces them.

Highly educated immigrants are less likely to die and thus use public goods at a higher rate than
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less educated immigrants. Young immigrants also have lower short-term mortality than older
immigrants, increasing their public-goods use. As Figure 2-6 shows, the differences in total
public-goods spending by education are minimal, with high-skilled immigrants inducing slightly
more spending due to longer life expectancy.

Figure 2-6: Cumulative Public-Good Spending from Admitting 30-Year-Old Immigrants of
Various Education Levels over 30 Years
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Excluding public-goods spending from the fiscal impact estimates only strengthens the
case for shifting immigration policy to favor younger and more highly educated immigrants, as
both absolute and relative fiscal gains would be greater.

A fair criticism of the first MI study was that interest accrued or saved from the fiscal
impact of immigrants was miscalculated because it allocated new interest on the debt of the
entire nation proportionally to immigrants based on their final primary fiscal impact. This
method was an improvement over the NAS approach, which allocated all interest on the debt to

immigrants, regardless of their primary fiscal impact; but it is still incorrect from an accounting
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standpoint. I acknowledge this and fix the issue by calculating the nominal interest accrued or
saved every year based on the cumulative fiscal impact of each immigrant and his/her
descendants. The interest rate used is projected by CBO, and that accounts for the resulting
higher interest rates from the extension of the 2017 tax cuts.'”

This chapter uses the 2024—54 economic and demographic projections of CBO'! as a
baseline for future projections and ACS data to measure institutionalization due to imprisonment
or nursing-home use. For a summary and more detailed explanation of all assumptions, see the
first MI study’s methodology section.

Most values are adjusted downward or upward, based on the institutionalization rate of
the population, because the CPS surveys only the noninstitutionalized population for its data.
The institutionalized population is assumed to be those in a health facility if they are under the
age of 15 and a nursing home if they are over 60, while those institutionalized between the ages
of 15 and 59 are assumed to be imprisoned. Therefore, the average taxes paid must be adjusted
downward by 1%, for example, if 1% of the population is institutionalized; I assume that
institutionalized individuals do not pay taxes (or receive most benefits, unless they are retired
and receive entitlements). Other benefits, such as Medicare, are adjusted upward by the
institutionalization rate over the age of 60 but downward under 60, as nursing-home residents
receive Medicare while prisoners do not.

To illustrate the importance of accounting for institutionalization, Figure 2-7 shows the
average institutionalization rate of a 20-year-old immigrant, depending on his/her ultimate
educational attainment over 30 years. In any given year, nearly 1% of immigrants without a high

school diploma are likely to be imprisoned, while a nearly statistically insignificant 0.02% of
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immigrants with an advanced degree are likely to be imprisoned, a staggering 50 times

difference.

Figure 2-7: Average Institutionalization Rate of 20- to 50-Year-Old Immigrants, by

Education
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Unlike the previous MI study, this improved version accounts for the economic impact of
immigrants and thus their indirect impact on capital and corporate tax revenues. I assume that
there is neither labor substitution nor complementation: GDP and the capital stock grow
proportionally to the labor income of immigrants based on the labor share of GDP. The labor
share of GDP is approximately 57%,!? according to the U.S. Department of Labor, and wages
represent approximately 75% of total labor compensation. Thus, the GDP impact predicted by

any salary will equal 42.6%:"3

_ Salary
~ Labor share of GDP * Salary share of compensation

GDP

Salary

GDP impact = 0426
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Consequently, highly paid immigrants grow the economy more than those who earn less
because, on average, labor compensation reflects productivity. While there is an argument that
low-skilled workers complement the labor of high-skilled ones, thus raising the tax payments of
high-skilled workers,'* it may also be true that low-skilled immigrants substitute against other
low-skilled workers, reducing their tax payments and increasing their welfare benefits.!> The
economic literature shows that these effects are small in either direction, only in the short run;
and they offset each other, so I will avoid this debate and assume that there is neither labor
complementation nor substitution and that the economy has constant returns to scale.

Immigration-prompted economic growth enables me to account for higher capital gains
and corporate taxation by assuming that the larger capital stock pays the average effective
marginal tax rate on capital reported by CBO (10.7%).'® The projected capital stock growth is
simply the capital share of GDP estimated by DOL (43%; 1—labor share) multiplied by the
increase in GDP from adding an additional immigrant of specific characteristics. Therefore, the
increased capital tax revenue from the larger stock is the average marginal tax rate on capital
returns times the CBO-estimated return on that stock of capital (8.2% annual after inflation; I
adjust it to nominal terms by scaling it for projected inflation).!’

Capital tax = GDP growth * Capital share of GDP *
rate of return on capital assets * marginal tax
Capital tax = GDP impact * 0.43 * 0.104 * 0.107

An immigrant group that earns, on average, $50,000 in salary after adjusting for
institutionalization, employment, death, and emigration would produce an annual GDP impact
and capital tax revenue as follows (assuming inflation of 2% for the purposes of this example):

GDP i t = $50,000 $117,371
MMPACt =026

67



Annual capital tax revenue = 117,371 * 0.43 * 0.104 * 0.107 = $562

Most growth in the capital stock goes untaxed because taxation is deferred until gains are
realized, and many of these gains are accumulated in tax-free investment vehicles or erased by
policies such as step-up basis at death. Therefore, this estimate of capital tax revenues is likely
an overestimate, but one should think of it as capturing the indirect growth impact of a larger
workforce on industries that lead to higher individual and corporate tax revenues.

To illustrate the relative importance of adding economic growth to the fiscal impact
estimates, I show in Figures 2-8 and 2-9 how much representative immigrants of varying ages
and education levels add to GDP by the 10th year and capital tax revenues over 30 years.

Figure 2-1: GDP Impact by 10th Year from Admitting an Immigrant, by Education and
Age
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Figure 2-9: Capital Tax Revenue over 30 Years from Admitting an Immigrant, by

Education and Age
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Table 2-4 shows a summary of assumptions among various studies of the fiscal impact of

immigration.
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Unit of
analysis
Period
Data period

Time discount
Education
categories
Age at
migration
categories
Life
expectancy

Descendants
of immigrants
Public goods

Interest on
the debt

Young
immigrants

Corporate
taxation

Table 2-4: Summary of Assumptions

MI 2.
NAS (2017) CBO (2024) MI 1.0 (2024) (This ch agter)

Individual

1994-2015
1994-2015

Net present value
5

3

Equal to natives

2nd and 3rd
generation
Different options
from no impact
to full average
cost

Allocates all new
interest to
immigrants
equally

Assumed to
behave as the
children of
immigrants
based on their
parents'
education

Immigrants pay
capital taxes
proportional to
their stock
holdings

Individual

2024-34
2024-34
projection
Nominal dollars
Only looks at
average

Only looks at
average

Equal to natives

2nd generation

No impact

Allocates
nominal interest
savings to the
average
immigrant
Unknown

Immigrants
grow the
economy and
the capital stock
beyond direct
tax payments
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Individual

2024-2124
2015-19

Net present value
5

7

Higher for
immigrants

None

Gradual impact
on all public
goods over 5
years

Allocates new
interest to
immigrants based
on their primary
fiscal impact
Assumed to
behave as their
ultimate
educational
attainment based
on the education
composition of
25-54-year-old
immigrants
Immigrants do
not pay capital
taxes beyond their
own capital-gains
tax payment

Individual

2025-54
2022-24

Nominal dollars
5

7

Higher for
immigrants,
differentiated by
education

2nd and 3rd
generation
Gradual impact
on direct public
goods over 10
years (excludes
defense)
Allocates nominal
interest cost and
savings to each
category of
immigrants
Assumed to
behave as their
ultimate
educational
attainment based
on the education
composition of
25-54-year-old
immigrants
Immigrants grow
the economy and
the capital stock
beyond direct tax
payments



2.2 Illustrative Example

The main model used for the illustrative examples is one that includes the direct and
indirect fiscal impact of immigrants and their descendants. Calculations for both policies
recommended below and the illustrative examples include the costs and taxes paid by the
children and grandchildren of immigrants, as well as the capital taxation raised from their impact
on gross domestic product and the capital stock.

First, I consider two typical immigrant categories: immigrants with a bachelor’s degree
who came to the U.S. at 30 years old; and immigrants without a high school diploma of the same
age. These immigrants represent all immigrants who arrived in the U.S. between the ages of 25
and 34 and met that education criteria.

The college-educated group is typical among employer-sponsored immigrants, for
permanent EB visas or for H-1B, O-1, L-1, J-1, and other work visa holders. These immigrants
are at the start of their careers, so they have many years left to pay taxes before they begin
collecting entitlements.'® Many of them emigrate before retirement; therefore, they receive no
Medicare but pay some payroll taxes into the system. The group with less than a high school
education is typical among family-sponsored immigrants from Latin America and unlawful
immigrants. These immigrants are also at the start of their careers, and unlawful immigrants earn
less income but also collect fewer government benefits. Table 2-5 shows the detailed sources of
tax revenue paid by each group and the specific government benefits that they receive over a 10-

year period.
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Table 2-5: Expected Tax Revenue and Spending Generated by a 30-Year-Old
Immigrant with College Degree vs. No High School Diploma, over 10 Years

Bachelor’s degree Less than high school
Tax
Income tax $83,717 $7,117
Payroll tax $96,937 $36,332
Excise tax $10,825 $14,166
Indirect capital tax $7,347 $2,383
Total tax revenue $198,927 $59,998
Spending
Tax credits $3,804 $12,634
Social Security $810 $6,346
Medicare $761 $3,092
Medicaid $11,681 $28,686
Welfare $2,812 $6,238
Government employer benefits $225 $821
Higher education subsidies $1,065 $0
Imprisonment $29 $1,429
Public goods $7,083 $7,077
Total spending $28,274 $66,322

The table in this first example show that the main source of fiscal impact differences
between high- and low-skilled immigrants is tax revenue, where college-educated immigrants
pay 3.3 times more in taxes than those without a high school diploma. This latter group receives
2.3 times more benefits from the government than the college educated. Income-tax liability
alone explains nearly half the fiscal impact gap between immigrants with a college degree and

those without a high school diploma. While difficult to calculate, all immigrants likely below a
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certain age could be a fiscal boon to the federal government if noncitizens are excluded from all
welfare programs and tax credits, without touching the eligibility for Social Security and
Medicare of legal permanent residents.

The cumulative fiscal impact of a 30-year-old immigrant with a college degree is a net
gain for the federal government of nearly $215,000 over 10 years and $1.7 million over 30 years.
Meanwhile, a 30-year-old immigrant without a high school diploma will cost the federal
government about $5,000 over 10 years and gain it $35,000 over 30 years.

One might be tempted to assume that, regardless of education, immigrants are net
contributors if a 30-year-old high school dropout pays more in taxes than he/she receives in
benefits. But that conclusion is incorrect, as it does not account for the descendants’ impact. As
mentioned in the previous section, less educated immigrants have more children, and the
children they do have are less educated and more costly than the descendants of more educated
immigrants.

Accounting for descendants (Figure 2-10), the total fiscal impact of admitting one
immigrant who is 30 years old without a high school diploma is a loss of $20,000 to the federal
government in the 10-year budget window and a loss of over $130,000 over the 30-year budget
window. On the other hand, admitting one college-educated 30-year-old immigrant results in a
net gain of over $200,000 in the 10-year window and a gain of $1.6 million in the 30-year budget

window.
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Figure 2-2: Cumulative Fiscal Impact of Admitting a 30-Year-Old Immigrant, by
Education (Including Descendants)
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A 30-year-old immigrant without a high school diploma represents a net fiscal burden to
the federal government of $20,000 over 10 years and over $130,000 over 30 years. On the other
extreme, an immigrant with an advanced degree who arrives at the age of 30 will save the federal
government $300,000 over 10 years and $3.1 million over 30 years. An immigrant with just a
high school diploma results in little to no gain, while immigrants with some college education
contribute to the federal government more than $50,000 and $500,000 over 10 and 30 years,
respectively, net of benefits that they may receive. Immigrants with only a bachelor’s degree net
the federal government $210,000 and $1.6 million over 10 and 30 years, respectively.

The differences in fiscal impact would be just as staggering if we did not account for the
little public goods spending that is being reasonably allocated, since highly educated immigrants

live longer and thus consume more public goods than immigrants with less education.
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Similarly, for GDP and population growth, different educational levels result in varying
outcomes. The more highly educated immigrants earn more and are more likely to work, so they
grow the capital stock and the economy to a greater extent while also having fewer and more
highly educated children. Having fewer children means that highly educated immigrants increase
the population to a lesser extent over the long run than those with less education, though all
groups show below replacement fertility rates. The lower fertility of college-educated
immigrants means that they have fewer children to work in the future and grow the economy, but
because their children are much more educated than the children of immigrants with less
education, it more than offsets the impact of their lower fertility on GDP. Moreover, even though
highly educated immigrants have fewer children, they live longer lives, further offsetting the
impact of lower fertility on every front.

Figure 2-11 shows the impact on the population of adding one 20-year-old immigrant of
various education levels over 30 years. In this case, | model a 20-year-old immigrant to
encompass the greatest share of a woman’s childbearing years, from 20 to 50 years old.

The population effect of adding one 20-year-old immigrant begins above one in the first
year because some immigrants immediately have children, but then the effect falls for all
because of emigration and death. This holds true until fertility overcomes the dip by the end of
the 30-year period for immigrants without a college education. (However, if we project the
population impact beyond 30 years, which the figure does not illustrate, it will once again fall
below one for all except immigrants without a high school diploma, as every other group has
below-replacement fertility.) Population impact matters because if there is a negative effect on

assimilation and culture from increasing the share of Americans who are foreign-born or their
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children, then shifting the immigration flow from low-skilled to high-skilled will reduce the
immigrant share of the population over time without restricting admission.

Figure 2-11: Population Impact of Adding a 20-Year-Old Immigrant, by Education
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The impact on GDP also differs greatly by immigrant education (Figure 2-12), and the
differences are just as stark as we saw with fiscal impact. Though GDP impact is positive for all
immigrants because they all add to the labor force, an immigrant with an advanced degree
increases GDP five times more over 10 years and four times more over 30 years than an
immigrant who did not complete high school.

The economic-impact differences between the two groups of immigrants shrinks by the
end of the 30-year budget window because of higher fertility among the less educated, which

produces more workers by the end of the 30-year period. This trend likely flips the impact in
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favor of the less educated group beyond the 30-year period, relative to immigrants with some
college and just a high school diploma, but not relative to college graduates.

Figure 2-123: GDP Impact of a 30-Year-Old Immigrant in 10 and 30 Years, by Education
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Next, I consider the differences among similarly educated immigrants who arrive in the
U.S. at different ages. Because this analysis does not account for the entire lifetime of the
immigrant (only 10- and 30-year periods), immigrants who arrive as children are universally
fiscal burdens for the federal government, while some older immigrants without much education
are fiscal assets, although they would not be assets if the analysis looked at the long run. For a
long-run fiscal impact analysis, see the previous Manhattan Institute report on the lifetime fiscal
impact of immigrants. Still, it is worth understanding the role that age plays in the scoring of
immigration legislation under CBO’s 10- and 30-year timeline.

Figures B-6 to B-9 in Appendix B compare the cumulative fiscal impact of immigrants
with some college education, but no bachelor’s degree, who immigrate at ages 10, 30, 50, and 70

years old. Notice that in the 10-year budget window, immigrants who arrive as children represent
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a nearly $59,000 fiscal burden, while 50-year-olds with the same education earn the federal
government a net $90,000. Yet when we look beyond the 10-year budget window to the 30-year
window, young immigrants are now expected to cost the federal government a mere $500, while
the 50-year-old immigrants will cost a net $600,000. If Congress considers only the 10-year
budget window, then 50-year-old immigrants are preferable to children, but if Congress were to
look beyond to the 30-year budget window, children are clearly preferable to 50-year-old adults.
The reason is simple: the 10-year-old immigrant does not pay much in taxes or generate
economic activity until he finishes his education, about 10 years later, while the 50-year-old is
working and paying taxes at least until the age of 60.

Figure 2-13 shows the cumulative fiscal impact of all immigrant age groups who end up
obtaining some college education over the 30-year budget window, while Appendix B shows the

same fact over the 10-year budget window.
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Figure 2-13: 30-Year Fiscal Impact of Immigrants with Some College Education, by Age at
Arrival
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Notice how the fiscal impact of three age groups flips when we look at the 30-year versus
the 10-year impact. While immigrant children are a significant fiscal drag over a 10-year period,
they have little impact in either direction over 30 years. Fifty-year-old immigrants with some
college education net the federal government the most of any age group over the first 10 years,
but they become a significant fiscal burden over a 30-year measurement because they start
collecting Social Security and Medicare.

Moving on to population impact and GDP, immigrant children will not have children for
many years, unlike middle-aged immigrants. And 50-year-old and older immigrants are expected
to have no children at all, according to the census and CBO.!” Figure 2-14 illustrates the
expected population impact of adding one immigrant of each age group from 10 to 70 years old.
Similar to the population impact by educational attainment, the effect starts above one for

immigrants in their childbearing years and falls for all groups over time because of emigration
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and death. While immigrants aged 10-30 add about one person to the population by year 30,
older immigrants add fewer.

Figure 2-14: Population Impact of an Immigrant with Some College Education, by Age
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As for economic impact, immigrant children have no impact until some of them begin
working at the age of 15 (See Appendix B) younger immigrants’ impact rises over time while
older immigrants’ impact falls as they reach retirement. This model is a supply-driven model, not
a demand-driven one. People add to the size of the economy because they work, not because they
consume. Similar to the fiscal impact, economic or GDP impact is most positive for working-age
immigrants, and the immigrant group with the most favorable economic impact changes
significantly between the 10- and 30-year budget windows. While young immigrants provide
little benefit over 10 years (less than immigrants who are 50 or even 60 at arrival), they provide
10 to 20 times more economic activity over 30 years than 50- or 60-year-old immigrants,

highlighting the benefits of young immigrants for the U.S. economy.
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Figure 2-15: GDP Impact of Adding an Immigrant with Some College Education, by Age at
Arrival
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2.3 Full Results

Table 2-6 describes the cumulative net fiscal impact (individual immigrant impact plus
that of their descendants) of adding one immigrant today from every possible age at arrival and
educational attainment group. Tables 2-7 and 2-8 describe an immigrant’s impact on GDP and
the population, respectively, all within the 30-year budget window. In Appendix B, I report the
10-year impact on the debt, GDP, and population.

The impact of a one-time admission of an immigrant differs from a perpetual increase in
immigration. Tables 2-9 through 2-11 show the same impacts on the debt, GDP, and population
over the 30-year time frames of admitting a new immigrant of each education/age-at-arrival

group every single year for 30 years.
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Table 2-6:

30-Year Fiscal Impact of One Immigrant by Age and Education

Education
<HS HS SC BA BA+
10 -$360,977 -$254,877 -$500 $621,956  $1,160,528
20 -$237,585 -$160,243 $328,963  $1,146,549
30 -$133,325 $106,058 $508,226
Zﬁgr‘i*v’:l 40 -$83,297 _$151,246 $255,798 $918,883
50 -$925,847 -$823,630  -$600,142 -$91,517
60 -$896,208  $134,105
70 -$1,098,683  -$998,089

Table 2-7: 30-Year GDP Impact of One Immigrant by Age and Education

Education
<HS HS SC BA BA+
10 $ 137,658 $ 166,783 § 216,516
20 S 156,928 $ 192,739  § 295,048
30 S 170,993 § 208,601 $ 215,567
ﬁfvztl 40 $ 110,761 $ 42363 $ 91,000 $ 156,818
50 § 17,169 $ 24378  § 22,507 $ 43,699 $ 48,722
60 § 17,478  $ 2227 §$ 10,899 § 25,991 § 44,617
70§ - 3 454 $ 3470 $ 10,719  $ 2,858
Table 2-8: 30-Year Population Impact of One Immigrant by Age and Education
Education
<HS HS SC BA BA+
10
20
30
Jea
50
60 0.22 0.28 0.30 0.32 0.32
70 0.00 0.01 0.04 0.08 0.08
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Table 2-9: 30-Year Fiscal Impact of One Immigrant Annually, by Age and Education

Education
<HS HS sC BA BA+
10 -$329,955  -$217,930 $5,748 $568,376  $1,018,024
20 -$251,778  -$159,415 $239,932 $903,772
30 -$175,614 $35,836 $355,403
Age at $165316  -$211,885 $114,527 $623,977

arrival

-$629,054 -$351,739 $943,143

-$148,334

Table 2-10: 30-Year GDP Impact of One Immigrant Annually, by Age and Education

Education
<HS HS SC BA BA+
10 $2,402289  $2,858,612  $3,669,106
20 $3,561,830  $4,196,281  $5,929,588
30 $4,043,112  $5,020,457  $6,420,333
ﬁfvztl 40  $3,735,750  $3,989,732  $5.568,507 $8,024,504
50  $1,885,785  $2,626,657  $3,565,656 $5,480,112
60  $1,322371  $1277,672  $1,377,573 $2,815,235 $3,690,830
70 $131,582 $592,187  $1,110,424 $1,542,835 $2,578,704

Table 2-11: 30-Year Population Impact of One Immigrant Annualy, by Age and Education

Education
<HS HS SC BA BA+
10
20
30
Jea
50 20.72 20.97 21.05 21.15 21.15
60 17.85 18.46 18.63 18.87 18.87
70 12.53 13.69 14.07 14.61 14.62
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These tables allow us to calculate the impact of changing immigration policy with one-
off policies like deportations, amnesty, and green-card recapture; or with perpetual policies such
as changing the number of visas issued or a change in the amount of illegal immigration.

To calculate the impact of various immigration policies, I estimate the share of
immigrants in each legal status category by age and education group using Department of
Homeland Security data on each immigrant category and fiscal year 2022 border crossings data
to estimate the age of new unlawful immigrants.?

Using the fiscal, GDP, and population estimates above, I then estimate the impact on the
debt, GDP, population, and debt-to-GDP ratio of various immigrant groups, beginning with the
average immigrant overall, the average legal immigrant, and the average illegal immigrant.
Figure 2-16 compares the 30-year fiscal impact of the average legal and unlawful immigrant.

Figure 2-16: 30-Year Fiscal Impact by Immigrant Category
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Data confirm the common intuition on legal and unlawful immigration. The average new

legal immigrant will pay $350,000 more in taxes than he/she receives in government benefits,
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while the average new unlawful immigrant will cost the U.S. taxpayer $80,000 more than he/she
will pay in taxes. Unlawful immigrants already living in the U.S. are much worse fiscally than
new ones because they are older and because previous unlawful immigrants have less education
than new ones. Therefore, the average unlawful immigrant residing in the U.S. will cost the
federal government $225,000 more than he/she will pay in taxes over the next 30 years.

Among specific immigrant categories (Figure 2-17), immigrants with a STEM PhD or
master’s degree are expected to benefit the federal treasury the most, by nearly $2.5 million over
30 years, followed by H-1B visa holders, who are expected to net the federal government $2.3
million in savings over 30 years. Interestingly, H-1B visa holders are expected to be more
beneficial than immigrants coming in the EB-1 and EB-2 categories. This is because most EB-1
and EB-2 visa holders were previously on H-1B visas but are now older, so their expected net
contributions hover around $1.9 million and $2.1 million, respectively, over 30 years. No other
immigration category is nearly as beneficial. The next most beneficial group is beneficiaries of
the diversity visa lottery, who are surprisingly well educated and quite young. They pay just over
$900,000 more in taxes than they receive in benefits from the federal government over 30 years.
Immigrants under the less skilled EB-3 immigrant visa net the government only $630,000 over
30 years, somewhat more than an average refugee, who nets the federal government $420,000
over the same period. DACA recipients are expected to cost the government over the short run

(10 years) but net the federal government $100,000 over 30 years.?!
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Figure 2-17: 30-Year Positive Fiscal Impact, by Legal Status Category
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Among the fiscally negative immigrant categories (Figure 2-18), parents of U.S. citizens
are the most notable—each of them is expected to cost taxpayers $850,000 over 30 years, much
more than a less educated unlawful immigrant. Undocumented farmworkers, often the subject of
much attention by lawmakers seeking to grant amnesty, are the second most fiscally negative
group, costing the federal government $360,000 over 30 years. The EB-3 “Other Worker”
subcategory of visas for 10,000 unskilled laborers per year is also a significant fiscal drag, with
each EB-3 OW immigrant costing nearly $270,000 over 30 years. Extended family members of
U.S. citizens and green-card holders—all F-1, F-2, F-3, and F-4 visa categories—cost a net

$24,000 over 30 years.
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Figure 2-18: 30-Year Negative Fiscal Impact, by Legal Status Category
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When it comes to growing the economy (GDP contribution), immigrants who tend to pay
more in taxes than they receive in government benefits also tend to outperform, but not linearly
(Figure 2-19).

EB-1 immigrants—those with extraordinary ability—grow the economy more in the long
run, with each of these visas growing GDP by $500,000 by the 30th year, followed by H-1B
visas at $460,000 and STEM PhDs and master’s degree holders overall at $410,000. EB-2 visas
and diversity visa holders grow GDP by $370,000 and $350,000, respectively, over 30 years. On
the other end of the growth spectrum, parents of U.S. citizens barely affect GDP after 30 years,

boosting the economy by just $26,000 each.
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Figure 2-19: GDP Impact over 30 Years, by Immigrant Category
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For population growth (Figure 2-20), parents of U.S. citizens barely grow the U.S.
population because for every 10 immigrants admitted under the parent of a U.S. citizen category,
only three are still living after 30 years. All other immigrant categories grow the population by
70%—-95% of their original admission, depending on their age profile, which determines their
mortality and fertility. Due to their young age, DACA recipients and unlawful immigrants are
expected to increase the population the most, while employment-based immigrants increase

population the least because of lower fertility among college-educated immigrants.
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Figure 2-20: 30-Year Population Impact from Adding 1 Immigrant Today, by Immigrant
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In Europe, the fiscal impact of immigrants differs greatly by country or region of origin.
Immigrants from Middle Eastern, African, or Muslim-majority countries tend to have a far more
negative fiscal impact than their Western or Asian counterparts.?> However, I find that in the
U.S., the gap between Middle Eastern and Western immigrants is much narrower than in Europe,
and Middle Eastern immigrants tend to have a positive fiscal impact. Middle Easterners are
about average when it comes to their fiscal impact—and much more positive than Latin
American immigrants, especially Mexicans and Central Americans, who are the only national-
origin group that has a negative fiscal impact.

If we subdivide immigrants by self-reported race or ethnicity, based on their education
and age at arrival composition, Hispanic immigrants have the least positive fiscal impact. The
average Hispanic immigrant reduces the national debt by $116,000 over 30 years (Figure 2-21).

The average black immigrant will reduce the national debt by $450,000, the average white
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immigrant will reduce the debt by $810,000, and the average Asian immigrant will reduce the
debt by $1 million, all over 30 years. These findings reflect the fact that, despite similar ages at
time of arrival, Asian immigrants tend to be very highly educated, while most Hispanic
immigrants did not attend college and many entered the U.S. unlawfully.
Figure 2-21: 30-Year Fiscal Impact by Immigrant Race
$1,000,000
$800,000
$600,000

$400,000

$200,000

“ ]

® Hispanic ®Black ™ White = Asian

Looking at the region of origin rather than race, the fiscal picture becomes more
interesting. Race does not equal region of origin, since many black immigrants are from the
Caribbean region rather than Africa, and some immigrants from Africa or Latin America are
white rather than black or Hispanic. Even more difficult is the issue of classifying Middle
Eastern and North African immigrants. The census considers them to be white, but they self-
identify in a multitude of ways and are also culturally different from the rest of Africa and Asia.

I categorize countries of birth by five regions of origin: European and Western offshoots,
Latin America, Sub-Saharan Africa, the Middle East and North Africa, and Asia (See Appendix

B for a map). Figure 2-22 shows the average fiscal impact of immigrants of each group.
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Figure 2-22: 30-Year Fiscal Impact of Immigrants, by Race and Origin
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As far as regions of origin, three main groups emerge when looking at fiscal impact. On
the most positive end, Asian and European immigrants generate about $1 million net positive
impact over 30 years; African and Middle Eastern immigrants generate less than $700,000 net
positive impact; and Latin Americans generate $150,000 net positive impact. Remember that, of
immigrants to Europe, Middle Easterners and Africans have the worst fiscal impact. In the case
of the U.S., that distinction belongs to immigrants from Latin America. This difference
reinforces the idea that it is not the region of origin that determines immigrants’ fiscal impact but
the degree of positive or negative selection among immigrants. Africans and Middle Easterners
can enter Europe by boat or on foot, as Latin Americans can to the United States. But Latin
Americans cannot travel easily to Europe, nor can Africans or Middle Easterners travel easily to
the United States. Therefore, immigrants from Africa and the Middle East face higher barriers to
entry to the U.S. and more vetting by the U.S. government and thus are more positively selected

than Africans and Middle Easterners in Europe, while the opposite is true of Latin Americans.?’
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To further explore the idea of selection by region of origin, I subdivide the world into
more detailed regions (See Appendix B for a map) and show the fiscal impact of an average
immigrant from each subregion (Figure 2-23).

Figure 2-23: 30-Year Fiscal Impact by Subregion of Origin
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The positive fiscal impact of immigrants from both Asia and Europe is driven specifically
by South Asians—predominantly Indian immigrants—and Western Europeans, rather than East
Asian and Eastern European immigrants. Meanwhile, the muted fiscal impact of Latin American
immigrants is driven by Mexican and Central American immigrants, while South American and
Caribbean immigrants have a fiscal impact that is similar to Southeast Asians like Filipinos.

I look at the fiscal impact of the average immigrant from each of the 11 major countries of origin

of the last 10 years, according to the U.S. census.?*

show the fiscal impact among the national
origin groups that have a positive fiscal impact (Figure 2-24) separately from those with a

negative or low fiscal impact (Figure 2-25), in order to illustrate them more easily.?
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Figure 2-24: Positive 30-Year Fiscal Impact by Selected Countries of Origin

$1,800,000
$1,600,000
$1,400,000
$1,200,000
$1,000,000

$800,000

$600,000
$400,000
, R

H Cuba ®Dominican Republic B Venezuela ® Colombia ™ Philippines © China © India

Figure 2-25: Poor or Negative 30-Year Fiscal Impact by Selected Countries of Origin
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Looking at specific national origin fiscal impact estimates, it becomes clear that among

large immigrant groups, Indian immigrants are the most economically beneficial immigrant
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group in the U.S., with an average Indian immigrant reducing the national debt by over $1.6
million over 30 years and increasing GDP more than immigrants from any other country. Behind
Indian immigrants are the Chinese, who reduce the debt by over $800,000 over 30 years. Next,
Filipinos reduce the debt by over $600,000. Colombians and Venezuelans reduce the debt by
$500,000 and $400,000, respectively. The most fiscally burdensome immigrants are
Salvadorans, who increase the national debt by over $50,000 over 30 years, followed by the
largest immigrant group, Mexicans, who, on average, increase the national debt by $10,000 each

over 30 years.

2.4 Policy Simulations

In this part, I present the fiscal, economic, and population impact of major immigration
reform proposals. Since we know the impact on the deficit, GDP, and population, I also calculate
the impact on the debt as a share of GDP and GDP-per-capita impact of each proposal in the 10-
and 30-year budget windows. I first consider policies that change the immigrant flow, such as
changing immigration quotas or requiring certain conditions to immigrate. Then I consider
policies that are a one-time occurrence, such as mass deportations, amnesty, or clearing green-
card backlogs. Within each of these divisions, I divide policies into three categories: those that
reduce or restrict immigration; those that expand or facilitate immigration; and those that make
reforms that neither restrict nor expand immigration. The end of this part includes a table
summarizing the impact of each of these policies.

After each individual policy is considered, I evaluate several major comprehensive

t,”6 Representative

immigration reform proposals. These are Senator Tom Cotton’s RAISE Ac
Maria Elvira Salazar’s Dignity Act,?’ the Democratic immigration reform proposal called the

U.S. Citizenship Act,?® the immigration reform proposal by the libertarian Cato Institute,?® and
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the reform proposal by the progressive Center for American Progress.*® In 2.5, I showcase my

own proposed immigration reform framework that I call the “Manhattan Institute Immigration

Reform.” I model the impact of the following policies, which decrease legal immigration every

year:

1.
2.

Ending the diversity visa lottery, resulting in 55,000 fewer diversity visas annually
Ending the green-card category for parents of U.S. citizens, reducing immigration by about
150,000 people annually for those in their fifties and sixties

Ending “chain migration,” which I define as all nonimmediate relative visas, capped at
226,000 annually, which includes visas for adult children of U.S. citizens, siblings of U.S.
citizens, and children and spouses of green-card holders

Capping refugee resettlement at 50,000 annually versus the historical average of 75,000
per year, reducing the net number of refugees by 25,000 annually

Requiring a high school diploma and minimum English proficiency to receive a green card
for the extended family of U.S. citizens who are not minor children

Ending the H-1B visa program

Implementing a full moratorium of all legal immigration, reducing net migration by about

one million annually
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Table 2-12: 30-Year Impact of Various Permanent Immigration Restrictions

Fiscal

GDP Pop. Pop. GDP per

Policy ‘mpa“) (billions) | (%) | (millions) | (%) | capita (%)

(billions

End the diversity visa

lottery -$679 -$509 0 6‘7: -1.43 -0.4% —0.21% 1.7%

End green cards for - o o o

parents of U.S. citizens $1,530 —$437 0.5% -2.76 -0.7% 0.23% -1.0%

f;‘md;ltzfym‘gm“’“ S1452  -$1,602 | o, 849 2.3% 0.42%  1.2%
. (1]

Cap refugee 3

resettlement at 50,000 -$149 -$180 0.2% -0.62  —0.2% -0.04%  0.5%

annually e

Require a high school

diploma and some $2,399 $820 1.0% 0.14  0.0% 0.92% -4.2%

English to immigrate

End the H-1B visa -$4,024 -$55 0 I‘V_ —0.10  0.0% —0.04% 4.8%
. (1]

fg‘gtggﬁﬂzf -$6,625 86866 ., 2579 -6.9%  -118% 21.9%
. ()

When it comes to major, permanent legal immigration restrictions, requiring a high
school diploma and some English to immigrate and ending green cards for parents of U.S.
citizens will reduce the debt-to-GDP ratio over 30 years. Minimum education and English
requirements for immigrants would not affect refugees who come for humanitarian reasons or
employment-based immigrants who already speak English and are overwhelmingly college-
educated. This targeted policy would affect more than 200,000 legal immigrants annually and
delay immigration for family members of Americans who do not meet the requirements. It would
accelerate immigrants in the visa queue who are more educated and speak better English. This
policy would reduce the debt by $80 billion over the first 10 years and by a whopping $2.4
trillion over 30 years. As the benefits compound, it would also expand the economy by $85
billion within 10 years and then by $820 billion by the 30th year of policy implementation. This
combined deficit reduction and economic expansion would lead to a debt-to-GDP ratio 0.4%

smaller in 10 years and 4.2% smaller in 30 years. The tremendous benefits from the policy are a
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result of the fact that this policy does not change immigration levels but that immigrants are
more highly educated. Therefore, the total population is barely affected while the economy
grows and the deficit shrinks.

Another immigration restriction that would reduce the size of the debt relative to GDP is
ending the green-card category for parents of U.S. citizens. Even though this policy would
reduce immigrant admissions by an estimated 150,000 per year, these are mostly 60-year-olds
without college degrees, so the debt would increase by $30 billion in the first 10 years of the
policy and then fall by $1.5 trillion by the 30th year of implementation. Even though this policy
would reduce the size of the economy by some $437 billion by the 30th year, the even larger
deficit reduction would result in a 1% smaller debt-to-GDP ratio.

Ending chain migration would also reduce the nominal size of the debt over the long run
while increasing it in the short run, but the initial economic contraction would be so large that the
$1.45 trillion debt reduction over 30 years would be offset by a $1.6 trillion smaller economy,
resulting in a 1.2% larger debt-to-GDP ratio. Similarly, ending the diversity visa lottery without
replacing it with another policy would expand the absolute size of the debt and reduce the size of
the economy under every scenario, while capping refugee admissions would be slightly negative
economically but not have much impact overall.

Another immigration restriction that has been recently suggested has been ending the H-
1B visa program, which allows employers to sponsor up to 85,000 college-educated immigrants
for up to six years, extendable if they are approved for a green card. This program exempts
colleges and research institutions from this cap and results in approximately 120,000 new visas
issued annually. Ending the H-1B visa program would expand the debt by $185 billion over 10

years while shrinking the economy by $26 billion, and it would grow the national debt by $4
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trillion over 30 years and shrink the economy by $55 billion. Overall, ending the H-1B visa
program would have a negligible effect on the size of the U.S. population because of the high
emigration rate and low fertility among these groups of immigrants, but it would increase the
debt-to-GDP ratio of the U.S. by 0.5% over 10 years and 4.8% over 30 years. This policy has the
most negative consequence of any single immigration restriction because the U.S. would lose the
tax revenue paid by these immigrants.

The worst immigration restriction is the most radical: a complete legal immigration
moratorium. This policy would result in a U.S. with 6.1 million fewer residents by 2035 and
nearly 26 million fewer people by 2055. A legal immigration moratorium would increase the
national debt by $567 billion over 10 years and by over $6.6 trillion over 30 years, all while
causing an 8% economic contraction, increasing the debt-to-GDP ratio by approximately 22
percentage points. An immigration moratorium would also significantly reduce GDP per capita
by about 0.7% over 10 years and 1.2% over 30 years.

This section models the impact of the following policies that increase legal immigration
every year:

1. Classify spouses and minor children of permanent residents as immediate relatives,
therefore uncapping the F2A visa category that includes more than 40,000 people waiting
abroad.

2. Double the H-1B visa cap from 85,000 to 170,000.

3. End the cap on H-1B visas such that all employers could freely sponsor qualified
immigrants, resulting in 254,000 additional H-1B visas annually.

4. End the EB-1 visa cap for immigrants with extraordinary ability, which would result in
about 38,000 additional legal immigrants annually and clear the backlog of green cards for
75,000 people.

5. End the cap for both the EB-1 visa category for immigrants with extraordinary ability and
the EB-2 National Interest Waiver (NIW) visa category for exceptionally qualified
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10.

11.

12.

immigrants with projects determined to be in the national interest. This would result in
nearly 150,000 new immigrants annually and clear the backlog of green cards for 145,000
people. * End the EB-5 visa category for immigrant investors who have invested over $1.1
million in a business and created at least 10 jobs for U.S. workers. This policy would
expand investor immigration by about 2,000 people annually and clear the green-card
backlog for some 30,000 investors, including their family members.

Exempt foreign graduates of U.S. STEM PhD programs from green-card caps, resulting in
some 15,000 additional green cards per year.

Admit 100,000 more refugees annually.

Create a new work visa for citizens from OECD nations under the age of 35, similar to the
existing E-3 visa for Australians, assuming that some 10,000 immigrants qualify annually.
End all green-card caps for all permanent visa categories, increasing immigration by
230,000 people annually and clearing the green-card backlog for more than 5 million
immigrants, 4 million of whom are extended family members of U.S. citizens waiting
abroad.

Implement Senator Todd Young’s Heartland Visa Act,’! which creates a new work visa for
50,000 college-educated professionals in underpopulated or depressed counties.
Implement the STAPLE Act,*® which exempts foreign graduates of U.S. STEM PhD
programs from both green-card and H-1B visa caps, increasing H-1B visa issuance by
about 2,600 and EB-1 and EB-2 green-card issuance by nearly 15,000 annually, and grant
green cards to more than 4,000 backlogged immigrants in the EB-1 and EB-2 categories.
Implement the Keep STEM Talent Act®* by Senators Mike Rounds (R-SD) and Richard
Durbin (D-IL), which would exempt foreign graduates of U.S. STEM PhD and master’s
degree programs from both the H-1B and green-card caps. This policy would increase H-
1B visa issuance by about 27,000 and EB-1 and EB-2 green-card issuance by nearly 70,000
annually, and would grant green cards to more than 40,000 backlogged immigrants in the

EB-1 and EB-2 categories.
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Table 2-13: 30-Year Impact of Various Permanent Immigration Expansions

Policy il;::;aclt GDP GDP | Population | Population Gclz)lii:):r De(l;t as
" D f— (
(billions) (billions) | (%) (millions) (%) of GDP
Classi
imﬁzl;iyafji ;; stives $1 $35  0.0% 0.17 0.0%  0.00% —0.1%
Double H-1B visas $2,850 $39  0.0% 0.07 0.0%  0.03% -3.4%
Uncap H-1B $8,518 $116  0.1% 0.20 0.1%  0.08% —10.2%
Uncap EB-1 visas $1,096 $520  0.6% 0.94 03%  035% —2.2%
g;clig EB-land EB- ¢ 2cc  s2038  2.4% 3.54 1.0%  142%  -9.1%
Uncap EB-5 $87 $32 0.0% 0.05 0.0%  0.02% —0.2%
End green-card caps $6,072 $3,655 4.3% 9.20 2.5% 1.76% -13.1%
Admit 1
re‘;::g'etesﬂeo‘jgg}? ;e'g;e $508  $719  0.8% 250 07%  0.17%  -2.0%
E
fr’;i:ln;’ltl iil;fl:;;sh])s $577 $231  0.3% 0.36 01%  0.17% —1.1%
vaZ?l‘(tiizg OECD $335 $5 0.0% 0.01 0.0%  0.00% —0.4%
Heartland Visa Act $1,670 $694  0.8% 1.20 03%  0.49% -3.2%
STAPLE Act $494 $188  0.2% 0.33 01%  0.13% —0.9%
Rounds-Durbin Bill $2,265 $984  1.2% 1.73 0.5%  0.68% —4.4%
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All legal immigration-flow expansions would reduce the debt, expand the economy, and
reduce the debt-to-GDP ratio, though some would, in the short run, reduce GDP per capita due to
the composition of the population. But not all legal immigration expansions are created equal.
Although doubling the H-1B visa cap would increase the U.S. population by only 70,000 over 10
years and reduce the debt by $130 billion, admitting 100,000 more refugees annually would
increase the U.S. population by 860,000 people and reduce the debt by just $32 billion. One
more H-1B visa annually reduces the debt by $1.8 million over 10 years, while each additional
refugee per year reduces the debt by $37,000 over the same period.

Now I will look at policies that do not increase or decrease the number of legal
immigrants or impose new requirements on existing visas. These reforms mostly consist of
shifting visa numbers from one category to another or reforming how they are granted. These
policies include:

1. Ending per-country caps on employment-based visas: This policy would grant more
green cards to backlogged immigrants from India, which would also limit visa issuances
to immigrants from countries other than India for at least 10 years. The consequence is that
green-card wait times for the EB-2 and EB-3 categories for new Indian applicants would
fall from over 100 years to over 30 years, and they would rise from two years to 30 years
for immigrants from all other countries, according to the Congressional Research Service.*
This policy would partially clear the green-card backlog but result in fewer new
employment-based immigrants every year for a net 17,000 in each of the EB-1, EB-2, and
EB-3 categories, while having little effect on the EB-5 category.

2. H-4 work authorization: Currently, only the spouses of H-1B workers with an approved
immigrant petition (form I-140)—but who are still waiting for their green card due to the
backlog and who are on an H-4 visa—can apply for work authorization. This leaves the
spouses of other H-1B workers and children aged 15-21 of all H-1B visa holders without
work permission. This policy would grant work authorization to some 80,000 people who

are overwhelmingly college-educated and often have an advanced degree.
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3. Grant work authorization to H-4, O-3, and TD dependent visa holders: This policy
would further expand work authorization to include spouses and children of high-skilled
visa holders, such as O-1 visa holders and Canadians and Mexicans with college degrees
and job offers under the TN visa (TN visas are nonimmigrant work visas for citizens of
Canada and Mexico to work in the United States). Approximately 110,400 H-4 and TD
dependents and 8,000 O-3 dependents would receive work authorization.

4. Grant work authorization to all work visa dependents as well as F-1 international
students and F-2 dependents: This policy would grant work authorization to work visa
dependents, as does the previous policy, but also to international students to work off-
campus on a part-time basis during the school year and full-time during breaks. Currently,
F-1 students can work only on campus and must request special permission to work off-
campus. Furthermore, this policy would grant full work authorization to the spouses of F-
1 students under the F-2 visa, of which there are very few because most international
students are unmarried undergraduate and graduate students. But some graduate students
do have F-2 spouses who are currently unable to work. This policy would result in nearly
120,000 work visa dependents being able to work and nearly 800,000 international students
and dependents being able to work legally.

5. Auction EB-5 green cards: Instead of reviewing investor applications with a minimum
$1.1 million investment threshold, this policy would auction the 9,940 EB-5 visas to the
highest bidders and use the proceeds to reduce the budget deficit. Since the EB-5 program
is oversubscribed and the invested dollars are not usually lost but just gain little to no
income for several years, I assume that the ultimate price point from this auction would be
$500,000, raising approximately $5 billion annually and doubling the positive fiscal impact
of those who receive the visas, since they would be allocated to the wealthiest investors,
not to those who apply first.

6. Allocate H-1B visas based on wage offers: Instead of randomly allocating the 85,000
available H-1B visas to for-profit companies every year, this policy would grant them to
employers based on the salaries they offer, adjusting for the local cost of living and age of
the applicant such that the applicants with the highest location-adjusted wage for their age
bracket would receive the visa. Consequently, the median salary of a new H-1B applicant

would double from about $100,000 to $200,000, since the current new H-1B median salary
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10.

1.

12.

is $97,000 and the 75th percentile is $130,000, whereas under the wage-ranking model
only the top 25% of earners will be selected and the minimum salary would be $130,000.
This policy is assumed to double the positive fiscal impact of the H-1B program.

Change the green-card spillover formula as proposed by the Manhattan Institute:
This policy would ensure that unused employment-based visas are available for next year’s
quota and that overused visas in any category are subtracted from next year’s family-based
quota, resulting in 3,100 fewer family visas and 4,500 more employment visas annually.
Shift all diversity lottery visas to the highest-skilled visa categories: This policy would
eliminate the 55,000 diversity lottery visas and divide them equally to increase the EB-1
and EB-2 visa quotas from 40,040 each to 67,540.

Shift all EB-3 visas to the EB-1 and EB-2 visa categories: This policy would eliminate
all 40,040 EB-3 visas for workers with an undergraduate degree or no college degree in
order to give them to the EB-1 extraordinary ability and EB-2 exceptional ability and
advanced degree categories. The result would be zero EB-3 visas and an increase in the
EB-1 and EB-2 visa quotas from 40,040 to 60,060.

Shift only the EB-3 Other Worker visas to the EB-1 category: This is a more targeted
policy that eliminates the “other worker” category within the EB-3 visa for up to 10,000
workers without any education and uses them to increase the EB-1 visa cap by 10,000.
Shift all sibling of U.S. citizen visas to the EB-1 and EB-2 visa categories: This policy
would end all 65,000 visas for siblings of U.S. citizens and use them to increase the EB-1
and EB-2 visa quotas equally by 32,500 visas each, annually.

Award all family-based visas based on merit: This policy would pool all family visas
other than those for spouses and minor children of green-card holders and award them
every year to immigrants who score the highest in a system that awards points based on
education, age, English ability, and salary offer from a U.S. employer, as well as giving
additional points for having extended family who are American citizens. This would result
in 138,000 fewer family visas annually but would effectively increase high-skilled
immigration equivalent to those in the EB-1, EB-2, and EB-3 visa categories in equal
numbers. Since these visas would be available regardless of the per-country quotas, I
assume that half would go toward reducing the backlog of Indian employment-based

applicants every year.
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13. Wage-rank all EB-2 and EB-3 petitions: Rather than shifting visas between categories,
this policy would switch the way new EB-2 and EB-3 petitions are granted and gives the
green card to the highest paid 80,080 applicants each year. This policy is assumed to shift
all EB-3 visas to the EB-2 category.

Table 2-14: 30-Year Impact of Various Permanent Immigration Reforms

. .Flscal GDP GDP | Population | Population GDP.per De(l)) tas
Policy impact |, oions) | (%) | (millions) (%) capita %
billions) ° ° (% of GDP

End per-country

-$1,135 -$587  -0.7% -1.25 -0.3% -0.35% 2.4%
caps
Work authorization
for F-1, F-2, H-4, O- $369 $275  0.3% 0.23 0.1% 0.26% —0.9%
3, and TD visas
Work authorization
for H-4, O-3, and TD $118 $25  0.0% 0.01 0.0% 0.03% —0.2%
visas
H-4 work $80 $16  0.0% 0.01 0.0%  0.02% —0.1%
authorization
Auction EB-5 visas $299 $5 1 0.0% 0.00 0.0% 0.01% —0.4%
Wage-rank H-1Bs $2,850 $39  0.0% 0.07 0.0% 0.03% -3.4%
Cl}ange green-card $103 $37  0.0% 0.03 0.0% 0.04% -0.2%
spillover formula
Shift 55,000 DV to
570 52 0.1% -0.43 —0.1% 0.18% —0.8%
EB-1 and EB-2 s s
Shift 40,040 EB-3 to
955 248 0.3% -0.03 0.0% 0.30% -1.6%
EB-1 and EB-2 s s
Shift 10,000 EB-3
. 236 65  0.1% —-0.08 0.0% 0.10% —0.4%
OW visas to EB-1 s s ° ° ° °
Shift 65,000 FB-4
visas to EB-1 and $1,453 $328 0.4% -0.46 -0.1% 0.51% -2.3%
EB-2
Award FB green
cards lfased on $1,566 $114  0.1% -1.81 -0.5% 0.62% -2.0%
education, age, and
English ability
Wage-ranking for
$1,081 $259 0.3% -0.05 0.0% 0.32% -1.7%

EB-2 and EB-3
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The most fiscally negative green-card category shift would be the elimination of per-
country caps on employment-based green cards. This idea would have green cards granted in
order of approval, regardless of country of birth, by eliminating the current provision in the law
that ensures that no more than 7% of green cards go to immigrants born in any single country.
The practical consequence of the current law is that Indian immigrants must wait decades for a
green card while those from other countries can receive one in two years. Eliminating this
provision would give more green cards to Indian immigrants, but the immigrants who would
receive them are almost entirely already in the U.S., and new Indian immigrants would still have
to wait over 30 years for a green card. Meanwhile, immigrants from other countries would go
from waiting two years to 30 years, reducing net high-skilled immigration significantly. Overall,
ending per-country caps would expand the national debt by over $1.1 trillion over 30 years and
result in an economy 0.7% smaller with a debt-to-GDP ratio 2.4% larger.

On the other end of the spectrum, introducing wage-ranking for H-1B visas would be the
most positive single immigration reform that does not change the flow of immigrants, reducing
the federal debt by nearly $2.9 trillion over 30 years and reducing the debt-to-GDP ratio by
3.4%. This is encouraging because awarding the limited 85,000 H-1B visas by wage offer—
whether pure wage-ranking or adjusted by age and/or location—has bipartisan support. After
wage-ranking for H-1B visas, other solutions that introduce market incentives for green-card
grants would also result in significant economic and fiscal gains for the U.S. as well as all
proposals that shift family or diversity visas into the employment-based categories.

One idea that I model in this section is Trump’s “Gold Card” reform,*’ but instead of
requiring a $5 million payment to receive a green card, I propose that the gold cards be created

out of the EB-5 green card category for investors; these visas would be auctioned to the highest
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bidder. Currently, 9,940 investors and their family members can immigrate to the U.S. each year
by investing (not paying directly to the government) over $1.1 million and creating at least 10
jobs. This program’s main issue is that it takes years to review applications and grant visas—a
lot of administrative burden with little government revenue. If these 9,940 visas were auctioned,
I estimate that immigrants would be willing to pay approximately $500,000 for each of them,
resulting in about $5 billion in direct auction revenue annually and ensuring that those admitted
are those with the highest willingness and ability to pay, and are therefore even richer than those
who already immigrate. This modified “Gold Card” immigration program would reduce the
national debt by $20 billion over 10 years and $300 billion over 30 years.

Other ideas that do not increase immigration that would raise substantial tax revenue are those
that expand work authorization for legal visa holders in the country, such as spouses and children
of high-skilled immigrants. If almost all non-tourist visa holders are allowed to work, the
national debt will be some $370 billion smaller over 30 years, and the economy $275 billion
larger.

Some policies do not change the immigration flow but only grant green cards in one year,
such as clearing the backlog of people waiting for green cards. For example, more than 1 million
people, mostly from India, are waiting for an employment-based green card in the EB-2 and EB-
3 categories, and more than 4 million people from all over the world are waiting for a family-
based green card. The difference between evaluating these two categories is substantial—not
because of the characteristics of the immigrants but because of their location.

Immigrants waiting for an employment visa are overwhelmingly on H-1B visas in the
U.S., and most of them will remain here regardless of whether they receive their green card now

or in 30 years. On the other hand, prospective family immigrants must wait abroad, so granting

106



employment based visas reduces emigration only of the group already here, while granting
family visas brings new people into the country who are not yet here. Specifically, I evaluate the
following policies:

1. The Healthcare Workforce Resilience Act: This bill would “recapture” 40,000
employment based green cards for physicians and nurses, 15,000 for physicians, and
25,000 for nurses in the EB-2 and EB-3 categories, respectively. Recapturing green cards
is simply issuing green cards today that went unissued in past years, despite being legally
authorized due to administrative inefficiency or the legislative language error in the green-
card spillover formula.

2. Administrative green-card recapture: Many experts argue that the executive branch has
the legal authority to issue green cards that have gone unused in past years, exclusively due
to executive-branch errors. The number of green cards that could be administratively
recaptured is 107,741 family visas and 21,159 employment visas.

3. AC21 recapture: This policy refers to the concept of amending the American
Competitiveness Act of 2021 to recapture unused employment-based green cards, since
this act was passed at the turn of the 21st century. The estimated number of green cards
that would be issued is nearly 62,000.

4. Full EB recapture: This option would recapture all unused EB visas since the last
immigration act was passed in 1990, which I calculate at 793,861 green cards by
subtracting each year’s issued EB visas from that year’s cap from FY 1991 to FY2023. This
policy would clear the entire employment-based green-card backlog as long as the visas
are issued, regardless of country of birth.

5. Clearing the entire family visa backlog: This policy would allow approximately 4
million approved extended family members of U.S. citizens to make appointments at U.S.

consulates to receive their visas and travel to live and work in the United States.

107



Table 2-15: Employment-Based Green-Card Waste

T -

1991 59,525 140,000 80,475
1992 116,198 140,000 23,802
1993 147,012 393,690 246,678
1994 123,291 143,213 19,922
1995 85,336 146,503 61,167
1996 117,499 140,000 22,501
1997 90,607 140,000 49,393
1998 77,517 140,000 62,483
1999 56,817 160,906 104,089
2000 106,642 142,299 35,657
2001 178,702 192,074 13,372
2002 173,814 142,632 -31,182
2003 81,727 171,532 89,805
2004 155,330 204,422 49,092
2005 246,865 148,449 -98,416
2006 159,075 143,949 -15,126
2007 161,733 147,148 -14,585
2008 164,741 162,704 -2,037
2009 140,903 140,000 -903
2010 148,343 150,662 2,319
2011 139,339 140,000 661
2012 143,998 144,958 960
2013 161,110 158,465 -2,645
2014 151,596 150,247 -1,349
2015 144,047 144,807 760
2016 137,893 140,338 2,445
2017 137,855 140,000 2,145
2018 138,171 140,292 2,121
2019 139,460 141,918 2,458
2020 148,960 156,253 7,293
2021 193,340 262,288 68,948
2022 270,280 281,507 11,227
2023 196,760 197,091 331
Total unused 793,861
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I evaluate the economic impact of the previous four policies that clear some or all of the
green card backlogs in Table 2-16. To estimate the impact of granting green cards to
employment based immigrants already in the U.S. waiting for them, I assume that the policy
reduces their emigration rate and is equivalent to admitting half an immigrant of their
characteristics. I also assume that granting family visas brings new family immigrants but only in

the first year of the policy, rather than changing the flow of immigrants permanently.

Table 2-16: 30-Year Impact of Clearing Some or All of the Green-Card Backlog

. .Flscal GDP GDP | Population | Population GDP.per De(l)) tas
Policy impact | oions) | (%) | (millions) (%) capita 0
billions) ° ¢ % of GDP

Healthcare

Workforce Resilience $23 $11 | 0.0% 0.01 0.0% 0.01% 0.0%
Act

Administrative $14 $27  0.0% 0.09 0.0%  0.01% —0.1%
green-card recapture

AC21 recapture $46 $18  0.0% 0.01 0.0%  0.02% —0.1%
Full EB green-card $592 $208  0.2% 0.11 0.0%  021% -1.1%
recapture

Clear family visa _$52 $760  0.9% 3.41 0.9%  —0.03% -1.3%
backlog

It becomes clear that the policy that would reduce the debt the most without increasing
the population significantly is that of recapturing employment-based green cards. Fully
recapturing all EB visas and clearing the backlog of high-skilled immigrants waiting for a green
card would reduce the national debt by $172 billion over 10 years and nearly $600 billion over
30 years. It would also expand GDP by over $200 billion, increase GDP per capita by 0.21%,
and reduce the debt-to-GDP ratio by over 1 percentage point in the same 30-year time frame. On
the other hand, clearing the family visa backlog would actually grow the national debt over the
long run because such immigrants do not tend to be highly educated and their large numbers

would increase the population.
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To estimate the impact of deportations, I first estimate the cost of deporting one person.
For this estimate, we will assume that “mass deportations” result in 10 million unlawful
immigrants being directly deported. Deporting one unlawful immigrant would cost $12,606 per
person. This includes $4,300 for arrest and apprehension, $4,828 for detention (based on an
average 34-day stay at a cost of $142 per day), $1,500 for legal processing (covering
immigration court proceedings, interpreters, government attorneys, and document handling), and
$1,978 for physical removal. Mass deportation, in this case, would cost the federal government
$126 billion over 10 years. For the sake of fiscal evaluation, I will assume that each deportation
costs $12,600, and this cost is added to the net tax revenue lost, minus the net spending saved, in
order to estimate the interest cost or savings from deporting an immigrant.*®

To illustrate the fiscal impact of deporting an average illegal immigrant, I show the
primary fiscal impact alongside the costs of a deportation over a 30-year period in Table 2-17.
While in the first 10 years, it looks as though deportations will impose a net cost on the federal
government of $8,400 per immigrant, deporting an average unlawful immigrant will save the
federal government over $164,000 over 30 years, even after accounting for the costs of
deportation. However, deporting an average unlawful immigrant would result in a smaller GDP
by approximately $150,000 after 30 years. This GDP loss means that, despite the fiscal savings,
the debt-to-GDP ratio would grow as a result of each regular deportation at least over the next 30

years. Beyond the 30-year period, there would be permanent savings, and the GDP loss would

subside. Therefore, GDP losses are temporary while fiscal savings are permanent.
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Table 2-17: Impact of Deportations

Deportation Savn.lgs (?osts) Primary Interest | Net fiscal
Year from immigrant . . GDP loss
cost resence fiscal impact rate impact

2025 -$12,600 —$479 -$12,121 4.52% -$12,669 = —$40,163
2026 $0 -$639 $639  4.75% -$12,601 = —$37,547
2027 $0 —$883 $883  4.18% -$12,208 | —$36,998
2028 $0 -$1,050 $1,050  3.90% -$11,594  —§37,213
2029 $0 -$1,332 $1,332 4.00% -$10,672 | —$37,723
2030 $0 -$111 $111 4.14% -$10,999 = —§$54,628
2031 $0 —-$894 $894  4.28% -$10,537 | —$55,596
2032 $0 -$664 $664  4.42% -$10,309 | —$57,243
2033 $0 -$1,429 $1,429  4.52% -$9,282 | —$61,641
2034 $0 -$1,261 $1,261 4.58% -$8,388 | —$63,271
2035 $0 —-$2,992 $2,992  4.63% -$5,646 | —-$61,014
2036 $0 —-$3,237 $3,237  4.69% -$2,522 | -$62,710
2037 $0 —$3,456 $3,456  4.74% $979 | 564,541
2038 $0 —-$3,711 $3,711 4.80% $4915 566,462
2039 $0 —$3,942 $3,942  4.86% $9,288 568,469
2040 $0 —-$2,985 $2,985  4.92% $12,877 —$87,821
2041 $0 —-$3,229 $3,229  4.98% $16,908 —$90,630
2042 $0 -$3,521 $3,521 5.05% $21,460 —$93,590
2043 $0 —-$3,717 $3,717  5.11% $26,464 596,854
2044 $0 —$3,888 $3,888 5.18% $31,924 -$100,488
2045 $0 —-$5,161 $5,161 5.24% $39,028 -$107,475
2046 $0 —-$5,349 $5,349 5.26% $46,712 —$111,839
2047 $0 —$5,436 $5,436 5.28% $54,902 -$116,456
2048 $0 —-$5,592 $5,592 5.29% $63,694 —$121,523
2049 $0 —$5,697 $5,697  531% $73,075 —$127,220
2050 $0 -$11,299 $11,299 5.33% $88,872 —§$121,232
2051 $0 -$11,515 $11,515 5.35% $105,758 —$128,018
2052 $0 -$11,878 $11,878 5.37% $123,952 —§135,015
2053 $0 -$12,160 $12,160  5.39% $143,449 —5$142,239
2054 $0 -$12,447 $12,447  5.43% $164,362 —-5149,695

111



The economic consequences of deporting the average unlawful immigrant imply that
mass deportations reduce the national debt over 30 years but at the cost of shrinking the economy
and thus slightly raising the debt-to-GDP ratio. Over a 10-year period, deporting 5 million
unlawful immigrants increases the debt by $42 billion and results in a GDP loss of $316 billion,
increasing the debt-to-GDP ratio by 1%. But as more years pass and the savings from removing
fiscally burdensome unlawful immigrants accumulate, a deportation program for 5 million
unlawful immigrants results in a net debt reduction of $822 billion and raises the debt-to-GDP
ratio by only 0.4%. If the time horizon is extended beyond 30 years to 50 years, deportations
result in a lower debt-to-GDP ratio. On the other hand, if deportations go beyond 5 million and
instead target 10 million unlawful residents—our definition of “mass deportation”—the national
debt would be $1.6 trillion smaller after 30 years, while the debt-to-GDP ratio would rise by
0.8% due to a $1.5 trillion smaller economy.

If instead of looking at deporting the average illegal immigrant, the federal government
revokes the Deferred Action for Children Arrivals (DACA) program and deports all 550,000 of
the program’s enrollees, there would be a substantial cost to the federal government. Deporting
all DACA recipients would increase the national debt by $29 billion over 30 years and shrink the
economy by $55 billion. This is because of the higher level of education and younger age of

DACA recipients, relative to other immigrants who were unlawfully present in the United States.
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Table 2-18: 30-Year Impact of Deportations

. .Flscal GDP GDP | Population | Pop. GDP.per De(l)) tas
Policy mpact | inions) | (%) | (millions) | (%) | CcPita 5
billions) ° ¢ % of GDP

Deport all 500,000 o ° ° °
DACA recipients -$29 -$55  —0.1% 0.25  —0.1% 0.00% 0.1%

Deport 5 million

illegal immigrants $822 -$748 -0.9% —4.55 -1.2% 0.35% 0.4%
now

Deport 10 million

unlawful immigrants $1,644 -$1,497 -1.8% -9.10  -2.4% 0.71% 0.8%
now

Amnesty, like deportation, is always at the forefront of the policy debate. We know the
likely age and education distribution of unlawful immigrants from private estimates and surveys,
rather than from government data. Official data document only how much all immigrants without
legal status pay in taxes and receive in benefits by education and age. This presents a
methodological challenge, since a similarly educated legal immigrant of the same age is eligible
for more government benefits but also earns more income because he can access better jobs by
virtue of his legal status. This means that he can pay more in taxes and becomes ineligible for
some means-tested welfare. The consequence is that using the data on all immigrants for illegal
immigrants overstates their receipt of government benefits but also overstates their tax payments,
leading to an ambiguous effect. Unlawful immigrants also obscure the true impact of other low-
education legal immigrants such as family-based immigrants.

For purposes of this analysis, I assume that the overstated costs of unlawful immigrants
are offset by their overstated tax payments, so we should assume that the estimates are roughly
accurate. Therefore, legalization increases the earnings of unlawful immigrants and thus their
payments but also makes them eligible for Social Security and Medicare, increasing government

spending later in life. I assume that legalization truly leads to only half the legalized population

remaining in the U.S., since many of them would never have been deported under current policy.
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In this subsection, I estimate the impact of the following policies.

. Legalization for farmworkers: This policy would create a pathway to citizenship for the
approximately 283,000 illegal immigrants working in farms across the United States. To
estimate this policy’s fiscal impact, I assume that they have the same age distribution as all
unlawful immigrants but that none of them has any college education, unlike the rest of the
unlawful population.

. Full amnesty for 15 million people: I assume that the final number of approved legalized
illegal immigrants is 15 million, which is slightly higher than the latest estimate of the
unauthorized immigrant population as of 2023.’

. Legalization for 10 million people: I assume that only 10 million people ultimately
qualify for an amnesty.

. Path to citizenship for DACA: In this case, the 500,000 DACA recipients would be
allowed to apply for green cards and then citizenship, or immediately citizenship.

. Legalization for a fee: I estimate the economic impact of legalizing 5 million, 8 million,
or 10 million illegal immigrants in exchange for a $5,000 annual fee for 10 years, for a

total of $50,000 in additional revenue per legalized alien.

114



Table 2-19: 30-Year Impact of Various Reforms

Polic il;:scaaclt GDP GDP | Population | Population Gclz)‘Pi:):r De(l;t as
y mp (billions) | (%) | (millions) (%) P o

(billions %) of GDP

E:;’gnzlli’lvzoerkel‘s —$43 $19  0.0% 0.13 0.0% -0.01% 0.0%

Ell;::i(z:lllnneSty for 15 -$1,233 $1,123 1.3% 6.83 1.8% -0.51% —0.6%

%Vftgl:i;:lltealgeznlllmn —$822 $748 0.9% 4.55 1.2% -0.34%  —0.4%

gﬁ;ﬁsﬁi}:h to $29 $55  0.1% 0.25 0.1% 0.00% -0.1%
Legalize 5 million for

a $5,000 flat annual $451 $374 0.4% 2.28 0.6% —-0.17% -1.2%

fee for 10 years

Legalize 8 million for

a $5,000 flat annual $722 $599  0.7% 3.64 1.0%  -0.28% -1.9%
fee for 10 years
Legalize 10 million
for a $5,000 flat
annual fee for 10
years

$902 $748  0.9% 4.55 1.2% —0.34%  -2.4%

Interestingly, amnesty barely affects the national debt over the next decade, but it would
increase the U.S. population by 6.5 million people, and consequently expand GDP by half a
trillion dollars. This leads to a temporarily lower debt-to-GDP ratio despite growing the nominal
size of the debt. Over 30 years, full amnesty for all unlawful immigrants would grow the national
debt by $1.3 trillion but also expand the economy, reducing the debt-to-GDP ratio by 0.6%
relative to the baseline. This reduction in the debt-to-GDP ratio should become positive after 30
years, since the costs of amnesty keep growing over time because of the fiscally burdensome and
unlawful immigrants remaining, and the GDP boost becomes smaller over time as the initial
population ages. Legalizing 10 million illegal immigrants has the same impact as a full amnesty
but proportionally smaller. Given the much larger population of low-income immigrants, full

amnesty would reduce GDP per capita by over half a percentage point.

115



On the other hand, legalizing the DACA population would be more beneficial in the long
run, reducing the national debt by $29 billion over 30 years and having little impact in the short
run. The other popular segment of the illegal immigrant population—farmworkers—would be
the most economically negative, with farmworker legalization leading to a $43 billion increase in
the national debt for less than half the GDP boost.

Legalizing illegal immigrants in exchange for a substantial $50,000 fee over 10 years
would raise large amounts of revenue and reduce the national debt. If 10 million illegal
immigrants are given the option to pay $5,000 annually over a decade to remain in the U.S.
legally, the national debt would shrink by $674 billion after a decade and $889 billion after 30
years, all while expanding the size of the economy, ultimately leading to a debt-to-GDP ratio

2.4% lower.

2.5 Proposed Reform

In this part, I describe a proposed immigration reform that maintains the projected
population of the U.S. but shifts the composition of the immigrant flow toward younger and
highly skilled immigrants, substantially reducing the national debt and expanding the size of the
economy by more than any other previous legislation. I then compare this proposal with other
comprehensive reforms proposed by legislators and think tanks across the political spectrum.
The Manhattan Institute’s immigration reform includes the following:

1. Ends the green-card category for parents of U.S. citizens

2. Caps refugee resettlement at 50,000 annually, reducing the average refugee admissions to
40,000 annually relative to the historical average of 75,000

3. Classifies spouses and minor children of green-card holders as immediate relatives and
ends the cap on their entry

4. Uncaps EB-1 visas and EB-2 visas in the national interest waiver category

5. Exempts graduates of U.S. colleges with a PhD in a designated STEM area from visa caps
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10.

11

14.
15.
16.

17.

Creates an OECD work visa for up to 10,000 college-educated workers under 35

Grants work authorization to long-term visa holders in the H-4, O-3, and TD visa categories
while allowing international students and their spouses to work off-campus part-time
Auctions all 9,940 EB-5 green cards every year

Implements wage-ranking for the 85,000 cap-subject H-1B visas

Ends the diversity visa lottery and shifts those 55,000 green cards to the EB-2 category

. Ends the EB-3 category and shifts those 40,040 visas to the EB-2 category
12.
13.

Grants 135,000 EB-2 visas in order of salary offer rather than first-come first-serve
Converts the remaining 138,000 extended family visas into a points-based system that
grants visas to those with the highest education, youngest age, and best English proficiency
and prefers those with some family ties in the United States

Recaptures all unused employment-based visas to clear the existing backlog of visas
Creates a pathway to citizenship for DACA recipients

Grants a new permanent legal status without a pathway to citizenship for up to 10 million
illegal immigrants in exchange for a $5,000 annual fee for 10 years

Deports the remaining 5 million illegal immigrants who do not qualify, either because they

have a criminal record or lack the means to pay the legalization fee in full and on time.

Table 2-20 and Figure 2-26 describe the change in the legal immigrant flow by category

from this reform; Tables 2-21 and 2-22 describe the change in the educational composition and

the age composition of the immigrant flow, respectively.
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Family-
Based
Immigrants

Employment
or
Skills-Based
Immigrants

Table 2-20: Status Quo vs. MI Reform

Manhattan Manhattan
Status Status . .
Category Subcategory Institute Institute
quo quo
reform reform

Spouses of U.S.
citizens

Minor children of
U.S. citizens
Parents of U.S.
citizens

Spouses and minor
children of green-
card holders
Extended family of
U.S. citizens and
green-card holders
EB-1

EB-2

STEM PhDs cap
exempt

EB-3

EB-4

EB-5

New points-based
system

OECD visa

Diversity lottery

Refugees, asylees,

and abandoned

juveniles
Others
Total

304,000 304,000
61,000 61,000
140,000 731,000 0 455,000
88,000 90,000
138,000 0
40,040 78,000
40,040 135,080
0 15,000
40,040 134,500 0 391,000
4,440 4,980
9,940 9,940
0 138,000
0 10,000
55,000 55,000 0 0
110,000 110,000 72,000 72,000
32,000 32,000 32,000 32,000
1,062,500 950,000
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Figure 2-26: Status Quo Immigration Policy vs Proposed Reform

Panel A

= Family-Based Immigrants

% = Employment or Skils-Based
Immigrants

= Diversity lottery

= Refugees, asylees, and
abandoned juveniles

= Others

Panel B

= Family-Based Immigrants

= Employment or Skils-Based
Immigrants

= Refugees, asylees, and
abandoned juveniles

m Others

Under the proposed reform, the permanent immigrant flow would go from 69% family-
based immigration to 48%, while the share of employment-based and skills-based immigrants

would jump from 13% to 41% of new immigrants, all while slightly reducing the flow of new
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immigrants from more than 1 million to 950,000 annually, approximately a 10% reduction. This
reduction in future immigration would occur after a temporary jump from green-card recapture
for employment-based immigrants waiting for a green card, as well as the legalization under a
new visa without a path to permanent residency for some illegal immigrants.

Still, showing the share of immigrants in each legal category does not fully reflect how
the characteristics of the immigrant flow would change. Now, nearly 45% of new immigrants
hold a high school diploma or less education, and just over 40% have a college degree. Under
the Manhattan Institute reform, those shares would change to under 30% with just a high school
diploma or less and nearly 60% with a college degree or higher.

Regarding the age composition, the Manhattan Institute reform would significantly
reduce the average age of new immigrants. As Table 2-22 shows, the number of immigrants
aged 60 and older would decline by 70% under this proposal from over 13% of new immigrants
to under 4%. On the other hand, the share of new immigrants in their thirties and forties would
rise from under 25% and 20% to 30% and over 27%, respectively. This will mean more working
age and fertile immigrants, who will live longer and pay more in taxes before collecting old-age

entitlements.
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Table 2-21: Educational composition of the Immigrant Flow

<HS 19.03% 12.25%
HS 25.49% 15.88%
SC 13.56% 12.93%
BA 23.76% 30.78%

BA+ 18.16% 28.16%

Table 2-22: Age Composition of the Immigrant Flow

Category Status quo Proposed reform

<18 17.42% 18.05%
18-24 11.06% 10.38%
25-34 24.52% 29.29%
3544 19.79% 27.54%
45-54 13.78% 10.76%
55-64 8.06% 2.70%
65+ 5.37% 1.29%

Table 2-23 summarizes the impact of the proposed Manhattan Institute immigration
reform on the economy, national debt, and population of the United States. Under this
comprehensive immigration reform, the U.S. population would barely change—0.18% over 30
years above existing projections—but GDP would be 4.6% larger and the federal debt would be
nearly $20 trillion smaller than currently projected, reducing the debt-to-GDP ratio by almost 29
percentage points. This immigration reform proposal would stabilize the debt-to-GDP ratio of
the U.S. around 125% of GDP by the mid-21st century, all without cutting government spending
or increasing taxes. This analysis proves that an aggressive immigration reform that rebalances
the immigration flow from old to young and less educated to more educated can essentially fix
American budgetary issues over the long run without expanding the size of the U.S. population

or creating assimilation concerns.

121



In fact, this reform would alleviate immigrant assimilation concerns because a greater

share of new immigrants would speak English, and fewer of them would be in poverty or go on

to commit crimes, just by virtue of their higher educational attainment, some of the foremost

concerns of Americans regarding immigration.®

Table 2-23: Summarized Impact of Manhattan Institute Reform

GDP (nominal) +$720 billion +$3.9 trillion
GDP (%) +1.70% +4.60%
Debt (nominal) —$1.82 trillion —$19.8 trillion
Debt as a share of GDP -6.20% —28.90%
GDP per capita +1.45% +4.37%
Population +900,000 +660,000
Population (%) +0.25% +0.18%

Next, I compare the MI plan (as far as how it affects the economy and population) with

other comprehensive immigration reform proposals, specifically:

Representative Maria Elvira Salazar’s and Veronica Escobar’s Dignity Act*”
The Democrats’ U.S. Citizenship Act of 20214

Senator Tom Cotton’s RAISE Act?!

Cato Institute*?

Center for American Progress* ¢ Center for Immigration Studies

The Dignity Act would allow illegal immigrants present in the U.S. in January 2021 or earlier to

apply for legal status as long as they pay $1,000 annually for seven years and do not have a

criminal record. It would also create a pathway to citizenship for all illegal immigrants brought

to the U.S. as children. This means that about 7.5 million unlawfully present immigrants obtain

legal status and 2.5 million immigrants illegally brought as children obtain a pathway to

citizenship.
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The Dignity Act would also cap the number of years to wait for an approved immigrant
petition through family or employment at 10 years. This would halve the family-based backlog
and allow 2 million people waiting abroad with an approved family petition to immigrate. This
provision, alongside the exemption of dependents and STEM graduate holders from the cap of
employment based petitions, would clear the entire employment-based backlog in a short time,
by more than 1 million people. Additionally, by excluding dependents from the EB cap, the
Dignity Act would effectively double employment-based immigration, raising overall
immigration levels by approximately 135,000 people annually, or 13%.

The U.S. Citizenship Act of 2021 (USCA) was President Joe Biden’s and congressional
Democrats’ comprehensive immigration proposal introduced at the beginning of his presidency.
This reform would give legal status to an even greater number of unlawful and temporarily
lawful immigrants with temporary protected status than the Dignity Act, as well as an expanded
population of “Dreamers,” legalizing approximately 10 million illegal immigrants and 2.5
million Dreamers. The USCA would increase refugee numbers by expanding capacity abroad,
which, I assume, would double the average annual refugee flow, resulting in an additional
75,000 refugees per year. USCA would recapture all unused green cards, clearing the entire legal
immigration backlog for both family and employment petitions, allowing 4 million relatives of
U.S. citizens and legal permanent residents to immigrate to the U.S. and permitting more than 1
million work visa holders already in the U.S. to receive green cards. This bill would expand
family and diversity immigration quotas by increasing family migration from 226,000 annually
to 480,000 and by increasing the slots in the diversity visa lottery from 55,000 to 80,000. USCA
would exempt immigrants with STEM PhDs from a U.S. university from immigration quotas,

add 30,000 visas for employment-sponsored immigrants with low levels of education, and end

123



the H-1B visa lottery in favor of a wage-ranked allocation. Overall, the U.S. Citizenship Act
would increase permanent immigration by almost 400,000 people annually.

The RAISE Act was the framework supported by Trump in his first term as a starting
point to negotiate immigration reform. This bill would have ended the green-card category for
parents of U.S. citizens, capped refugee admissions, and ended all family-based immigration
except for spouses and children of permanent residents. The bill would have then pooled the
140,000 employment based green cards into a points-based system and ended the diversity visa
lottery. I assume that this points-based system effectively ends the EB-1 category backlog and
the EB-3 category visas, which would then be received by immigrants with characteristics
similar to those in the more highly skilled EB-1 and EB-2 visa categories. The RAISE Act would
reduce legal immigration by nearly 360,000 people annually.

Then we have the Cato Institute’s immigration reform plan, the greatest expansion in
immigration proposed. The main provision suggested by the Cato Institute is a new low-skilled
work visa similar to the H-2A and H-2B programs. This plan would like to allow unlimited
seasonal labor and uncapped visas in both the H-2A and H-2B visa categories, create a new
unlimited year-round visa category, create a new state-based visa, and a new points-based
immigration system on top of the current one. I assume that this proposal would ultimately draw
1 million workers—overwhelmingly without a college education—into the U.S. annually. They
would impose a floor of 95,000 for refugee admissions, 20,000 higher than the current historical
average of 75,000. Therefore, I assume that average admissions would rise to 100,000 per year.
The plan would exempt spouses and children of permanent residents, cap the visa wait time at 10
years, and increase the family visa cap by population growth. I estimate that these provisions

would increase annual family visa issuance by 10,000 annually, on average, in the near term, and
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clear most of the visa backlog, similar to the Dignity Act. Furthermore, the Cato immigration
plan would effectively uncap all employment based immigration, clearing the backlog of EB
petitions, and recapture unused green cards. This would fully clear both the family and
employment visa backlogs. The plan would raise the cap on H-1B visas to 275,000 annually, up
from 85,000 today, and would provide legal status to all unlawful immigrants in the United
States. Overall, the Cato Institute’s immigration reform plan would increase total annual
immigration by more than 1.4 million, or more than double the current immigration level, of
which nearly 1.3 million people would be permanent immigrants.

The Center for American Progress released its immigration reform proposal this year;
while it was mostly a border security plan, it described several major immigration changes.
Among the changes that CAP advocates are increasing refugee admissions and increasing legal
immigration overall. While its plan lacks details, I assume that, as with the Dignity Act, it would
cap green-card wait times at 10 years. The plan does state that it would exempt spouses and
children of permanent residents from green-card caps, which would increase family immigration
by 5,000 annually. CAP states that it wants to increase employment-based immigration without
offering more detail, so I assume that it would issue 100,000 more EB-2 visas annually. CAP’s
immigration plan would increase immigration by 130,000 people annually.

The Center for Immigration Studies plan** is a rough approximation of the policies
advocated for by the think tank when it comes to permanent and some temporary migration. This
plan would more than cut in half legal immigration, ending the diversity visa lottery, and end the
parents of U.S. citizens and extended relatives of Americans with green-card categories. Unlike
the MI plan, the CIS plan does not replace these visas with other paths to select immigrants, and

unlike the RAISE Act, the CIS plan goes further and eliminates the EB-2 and EB-3 employment

125



categories, keeping only the EB-1 category for the most extraordinary and established
immigrants. The CIS plan would cap refugee resettlement and reduce the average annual intake
from 75,000 to 25,000, and it would end the H-1B visa program. Altogether, the CIS plan would
reduce immigration by more than 670,000 people annually.

The numerical effect of each immigration plan is summarized in Table 2-24 in detail and
the immigrant flow change illustrated in Figure 2-27. The creation of new points-based systems
and other high-skilled visas is modeled as an increase in current employment-based categories;

low-skilled visas are modeled as an increase in H-2B visas.
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Category

Unlawful
population

Legal
immigrant
flow

Visa
backlog
reduction

Provision

Amnesty
DACA
Deport

Refugees

Parents of
U.S.
citizens
Family of
Americans
and LPRs

EB-1
EB-2
EB-3
EB-3 OW

EB-5

Diversity
lottery
H-1B
visas
H-2B
visas
STEM
graduates
EB-1
backlog
EB-2
backlog
EB-3
backlog
EB-3 OW
backlog
EB-5
backlog
Backlog
of family
petitions

Table 2-24: Change in Immigration by Plan

Dignity

Act

7.5
million
2.5
million

0

0

37,686
40,040
30,040
10,000

2,000
0

0

0
15,000
75,194

794,206

323,014
62,914
30,338

2
million

U.S.C.
Act of
2021

10
million
2.5
million

0

75,000

254,000

30,000

25,000
0

0
15,000
75,194
794,206
323,014
62,914
30,338

4
million

RAISE
Act

0

25,000

—-140,000

—-138,000

20,020
20,020
-30,040
—-10,000
0

-55,000
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Institute
Reform

15
million

525,210
0

25,000

10,000

37,686
108,344
54,416
15,905
2,000

0

190,000

1
million

0
83,194
904,606
323,014
62,914
30,338

4
million

Center for
American
Progress
Reform

10

million

525,210
0

25,000

5,000

0
100,000
0

0

0
75,194
397,103
161,507
31,457

15,169

2,046,379

Manhattan
Institute
Reform

10 million
525,210
5 million

-50,000

—-140,000

—-138,000

37,686
349,384
~30,040
~10,000
0
~55,000
0

0
15,000
158,388
585,320

1,008,244

30,338

46,379

Center for
Immigration
Studies

0

-50,000

—-140,000

—226,000

—40,040
-30,040

—-10,000

—-55,000
—-120,000
0

0



Figure 2-27: Change in Legal Immigration Flow, by Plan
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Each of these plans would have different effects on the size of the population of the U.S.
in 10 and 30 years. As Figures 2-27 and 2-28 shows, the Manhattan Institute’s immigration plan
would have the least meaningful impact on the trajectory of the U.S. population, slightly
increasing it by 900,000 over 10 years and increasing it by 660,000 after 30 years. The CIS plan
would reduce the U.S. population significantly, by more than 13 million after 30 years, and the
Cato Institute’s reform proposal would increase the size of the U.S. population by nearly 45
million people after 30 years. The change in the U.S. population would be so large under the
Cato Institute’s immigration reform proposal that over 25% of residents of the U.S. would be

foreign-born in less than 30 years, relative to the baseline census projection of about 17%.
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Figure 2-28: Population Effect of Immigration Reform Plans
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Next, I compare the fiscal effects of these plans in Figure 2-29. All the plans would reduce
the debt over the long run, except for the Center for Immigration Studies proposal, which would
increase the national debt in the first 10 years of implementation by $370 billion and by nearly
$5.5 trillion over 30 years. The RAISE Act would increase the deficit in the first 10 years and
reduce it over 30 years. The Manhattan Institute plan would reduce the debt the most of any of the
proposed reforms in both the 10- and 30-year periods, with a national debt $1.8 trillion smaller in
10 years and nearly $20 trillion smaller in 30 years. The Cato Institute’s plan would reduce the

national debt by about $1 trillion in 10 years and $11 trillion in 30 years.
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Figure 2-29: 30-Year Change in U.S. Debt, by Plan
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While the Manhattan Institute plan would, by far, reduce the national debt the most of
any other proposal, the Cato Institute’s immigration plan would expand the economy more than
any other because it also expands the size of the U.S. population by over 10% (Figure 2-30).
GDP in the 10th year of the Cato plan would be $2 trillion greater and over $9 trillion greater
after 30 years. The Manhattan Institute plan, despite not increasing immigration levels, would
increase the size of the economy more than the Dignity Act, CAP’s plan, and the U.S.
Citizenship Act, expanding GDP by $720 billion after 10 years and $3.9 trillion after 30 years.
Only the RAISE Act and the Center for Immigration Studies plan would reduce the size of the
U.S. economy because of drastic cuts to legal immigration. The RAISE Act would shrink the
economy by $1.5 trillion after 30 years while the immigration proposal of the Center for
Immigration Studies would shrink the size of the U.S. economy by over $3.3 trillion while

adding nearly $5.5 trillion to the debt over 30 years.
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Figure 2-30: GDP Impact of Comprehensive immigration Reforms, by Plans
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Since we know the impact on both GDP and the national debt, I can easily calculate the
impact of each immigration plan on the size of the debt relative to the economy. Only the plan
proposed by the Center for Immigration Studies would substantially raise the debt-to-GDP ratio
among all the immigration plans analyzed. Specifically, the debt would be 2.3% larger relative to
the size of the economy in 10 years and 12.8% larger in 30 years if the CIS immigration cuts are
implemented. And the debt-to-GDP ratio would grow to almost 167% in 2054 instead of the
projected 154%. The RAISE Act would also increase the burden of the national debt, only by
1.1% over 30 years, because it does not cut the highly skilled immigration pathways but only just
so-called chain migration. The U.S. Citizenship Act, the Dignity Act, and the Center for
American Progress plans would all reduce the debt-to-GDP ratio by 3.1%—4.1% in 10 years and
9%—12.6% over 30 years. Despite massively increasing the size of the U.S. population, the Cato
Institute’s plan would not reduce the size of the debt relative to the economy more than the

Manhattan Institute plan over the long run. The Cato Institute’s immigration plan would reduce
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debt to GDP ratio by 7.4% in 10 years and 26.7% over 30 years. The Manhattan Institute’s
immigration plan would reduce the debt by 5.4% in 10 years and by 27.9% in 30 years.

Figure 2-31 suggests an important trend: if the analysis is extended beyond 30 years, the
Manhattan Institute’s immigration reform proposal would stabilize the size of the debt relative to
the economy in the long run, as fewer low-skilled immigrants consume government benefits and
more high-skilled immigrants pay large sums in taxes and grow the size of the economy.

Figure 2-31: Change in Debt-to-GDP Ratio, by Plan
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2.6 Conclusion

This chapter demonstrates that the fiscal and economic effects of immigration depend
heavily on the age, education, and legal status of immigrants admitted to the United States. By
employing a CBO-like framework that measures the 10- and 30-year impacts on tax revenues,

federal spending, GDP, and population, I reveal that immigration policy can be a powerful lever
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to influence the federal budget trajectory—positively or negatively—without altering spending
programs or changing tax policy.

The results confirm that younger, highly educated immigrants are consistent net fiscal
contributors over both budget windows, with larger positive spillovers on economic growth and
capital formation. In contrast, less educated immigrants—particularly those without a high
school diploma—tend to impose a net fiscal burden, especially after the costs of their typically
more numerous and less educated children are considered. Age at arrival is equally important:
older immigrants may appear fiscally positive in the short run because they contribute payroll
taxes without drawing on entitlements; but over 30 years, they often become net burdens as
Social Security and Medicare eligibility set in.

Legal status and visa category matter greatly because each visa category selects
immigrants of different characteristics. Employment-based immigrants, especially those with
STEM graduate degrees and on H-1B visas, yield the largest fiscal surpluses, of several million
dollars each, while extended family and parents of U.S. citizens, along with some low-skilled
permanent workers, tend to increase the budget deficit. Differences also emerge by region of
origin, largely explained by variation in educational attainment rather than geography per se,
with South Asian immigrants, especially Indians, the most fiscally positive group, and Latin
Americans, especially Mexicans and Central Americans, the most fiscally burdensome
immigrants.

Policy simulations show that targeted reforms—such as requiring minimum education
and English proficiency, reallocating visas toward high-skilled categories, wage-ranking H-1B
visas, and recapturing unused employment-based green cards—can dramatically improve the

American fiscal picture. Conversely, broad restrictions on high-skilled immigration, such as
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ending the H-1B program or a complete immigration moratorium, would increase deficits and
shrink GDP significantly. A full immigration amnesty would worsen the fiscal picture in the
U.S., given the low education and high costs of this population, but legalization of most illegal
immigrants can reduce the deficit significantly and grow the economy if these immigrants pay a
substantial fee to remain in the country. Indeed, while drastic cuts to legal immigration like those
proposed by the Center for Immigration Studies would likely lead to a debt crisis in the next
three decades, drastic increases in immigration as proposed by the Cato Institute would likely
harm assimilation and erode the social fabric. Only shifting the immigrant flow from old to
young and less educated to more educated is guaranteed to maintain social cohesion and reduce
the national debt in the long run.

Ultimately, while fiscal outcomes should not be the sole criterion for immigration policy,
they are a crucial and quantifiable measure of long-term national interest. A well-designed policy
mix can simultaneously strengthen the federal balance sheet, boost economic growth, and ease
assimilation pressures—achieving a sustainable immigration system that aligns demographic,

economic, and budgetary goals.
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Chapter 3: The 1990 Immigration Act, Indian High-Skilled
Immigration, and U.S. Innovation!®

Immigration policy does not merely determine how many people enter a country, it even
more importantly determines who lives in the country and who will be born in the future.
Immigration shapes the composition of skills, occupations, networks, and potentially even the
sectors in which economic activity develops. For that reason, immigration policy can function as
a form of industrial policy. The 1990 Immigration and Nationality Act (1990 INA) is a
particularly useful case. By expanding employment-based permanent immigration, creating or
expanding temporary high-skilled visas, and raising overall admissions, the law changed not only
the volume of immigration but also the types of immigrants who could more easily enter and
remain in the United States. In the decade that followed, the immigrant flow tilted more strongly
toward highly educated Asian immigrants, and especially toward Indians. In 2000, Congress
passed the American Competitiveness in the 21 Century Act (AC21), making it easier for H-1B
visa holders to remain in the country while they waited for their permanent residency, as well as
temporarily expanding the number of visas. After 1990, Indian-origin inventors became
increasingly visible in the U.S. patent system and in computer-related occupations. The central
question of this chapter is whether these developments were connected.

The argument of this chapter is straightforward: The 1990 INA increased access to the
United States for college-educated immigrants, whose supply mostly came from India and China
and made it easier for employers to recruit and retain these workers in occupations requiring a
college degree, all in the middle of the internet boom. The immigrant groups that benefited most

were not random draws from the world skill distribution. Among the largest immigrant groups

16 Coauthors: Jon Hartley, Stanford University; Christian Kontz, Stanford University
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present in the United States in 1990, Indians had the highest rate of college degrees, and by 2000
India had become the single largest source country of new immigrants other than Mexico, and
the largest source of college-educated immigrants to the United States. The chapter asks whether
that shift in the national-origin composition of high-skilled immigration contributed to state-level
innovation, measured by patents per capita, and whether any such effect was concentrated within
Indian invention, spilled over to non-Indian invention, or differed by sector. The evidence
indicates that Indian immigration increased patenting, with especially strong effects for Indian-
origin patenting and suggestive, less robust evidence of positive effects on non-Indian and on the
share of patents from the medical sector where Indians were heavily concentrated.

This chapter is motivated by a broader literature showing that immigrants contribute
disproportionately to innovation and entrepreneurship in the United States. Hunt and Gauthier-
Loiselle (2010) document that immigrant college graduates raise patenting per capita. Kerr and
Lincoln (2010) show that expansions in H-1B admissions increased immigrant science and
engineering employment and Indian and Chinese patenting. Akcigit, Grigsby, and Nicholas
(2017) argue that immigrant scientists and inventors were central to U.S. technological
leadership. Bernstein et al. (2022) provide new evidence on the large contribution of high-skilled
immigrants to patented invention in the contemporary United States. More generally, work by
Kerr (2008), Foley and Kerr (2013), Peri, Shih, and Sparber (2015), and Kerr et al. (2017)
emphasizes the importance of ethnic scientific communities, agglomeration, and the productivity
consequences of high-skilled migration. This chapter adds to the literature by analyzing an
earlier positive shock that increased high-skilled immigrant inflows in a durable way, and by
finding both that the main channel of increased innovation is ethnic networks and that there are

positive spillovers on other inventors.
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Second, the focus of this chapter is not only whether immigration raises innovation, but
whether the national-origin composition of immigration changes the sectoral composition of
innovation. That distinction matters because immigrants do not sort randomly across occupations
and industries. Hanson and Liu (2023) show that immigrant occupational specialization is
strongly related to origin-country comparative advantage. If immigration policy changes the
origin composition of inflows, not just the skill, then it may also reallocate innovation across
fields.

The chapter makes three contributions. First, it documents that the 1990 INA changed the
national-origin composition of immigration towards Indians with unusually high educational
attainment and unusually strong specialization in innovative occupations. Second, it shows that
state-level exposure to this compositional shift is associated with higher patenting in
instrumental-variables specifications that condition on state and time effects and additional
controls. Third, it develops a mechanism argument that connects the aggregate innovation results
to occupational specialization. The descriptive evidence suggests that Indian immigrants became
extraordinarily concentrated in software and developer occupations, which is consistent with the
strong patenting response in the period following the 1990 INA. By contrast, the evidence on
medicine is weaker and depends on the children of the post 1990 immigrants who studied
medicine at higher rates.

The final section discusses a later policy period. The 1990 Act created a framework that
greatly expanded the role of high-skilled immigrants in the U.S. economy, but by the mid-2000s
the interaction of per-country caps, green-card backlogs, dependence on employer sponsorship,
and other mobility restrictions began to create especially severe constraints for Indian and

Chinese skilled immigrants. A growing literature argues that such restrictions reduce
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entrepreneurship, job-switching, delays life decisions, and increases emigration. If the 1990 Act
increased innovation by allowing more highly educated Indians to enter and settle in the United
States, then the tightening mobility later may be reducing those gains now.

The remainder of the chapter proceeds as follows. Section 1 describes the institutional
changes introduced by the 1990 INA and documents the shift in immigrant composition. Section
2 presents a conceptual framework linking immigration policy, occupational specialization,
ethnic networks, and innovation. Section 3 describes the data. Section 4 outlines the empirical
strategy. Section 5 presents the main results. Section 6 discusses identification, robustness, and

interpretation. Section 7 concludes.

3.1 Institutional Background: The 1990 Immigration and Nationality Act and Indian
Immigration

The Immigration and Nationality Act of 1990 represented the largest restructuring of
legal immigration since the 1965 INA. While the 1965 INA expanded immigration from Asia,
Africa, and Southern and Eastern Europe, it restricted immigration from Latin America for the
first time and effectively reduced immigration from Western Europe. The 1990 INA simply
expanded immigration quotas for all “preference” categories, but even more so among
employment-based immigrants, and created a new category for the diversity visa lottery, and
other subcategories. In Table 3-1, I summarize the different overall quotas for preference
categories and non-quota immigrants across the post-World War II INA systems While in Table
3-2 I look specifically at how each law affected Asian immigration, of particular concern for

Indian immigrants.
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Table 3-1: Comparison of the main changes of each immigration system after WWII

Category of
immigrant

1952 INA
(1953-1967)

1965 INA
(1968-1991)

1990 INA
(1992-Present)

Western Hemisphere

immigrants (Canada Unlimited Capped Capped
& Latin America)
Spouses and children . - .
of U.S. Citizens Unlimited Unlimited Unlimited
Parents of U.S. 46,283 Unlimited Unlimited
Citizens
Employment &
Skills-Based 77,139 58,000 140,000
Immigrants
At least 226,000 (and
Extended Relatives more if immediate
of U.S. Citizens 30,855 214,600 relative admissions
fell under 195,000)
Refugees NseI;Zr(;glngcrtzzsefl‘; t?d 17,400 None (Set by
y y ’ President since 1980)
case)
D1vers1.ty/0ther None None 55,000
Immigrants
Quota Immigrants 154,277 290,000 At least 421,000
Total

Table 3-2: How immigrant admissions were limited, especially from Asia, in each
immigrations system after WWII

Category of
immigrant

1952 INA
(1953-1967)

1965 INA
(1968-1991)

1990 INA
(1992-Present)

Western Hemisphere

120,000 until 1978

immigrants (Canada Unlimited then equal treatment Equal treatment
& Latin America) d
Eastern Hemisphere 154,277 170,000 until 1978, Equal treatment
then equal treatment
Per-country limit Varied by nationality 20,000 7% of quota
Per-country limit for 100 20,000 29,470
Asian countries
Per-country limit for
Asian country high- 50 4,000 9,800

skilled immigrants

Both the 1965 and 1990 INAs expanded immigration but the 1965 law actually restricted

highly-skilled immigration relative to the national-quota origin system prevalent before with
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employment-based visas falling from over 77,000 to 58,000 per year, while family visas rose
from under 31,000 to over 214,000, and the category of parents of U.S. citizens became
uncapped. High-skilled immigration only increased after the 1990 INA was enacted, going from
58,000 to 140,000. Additionally, effective high-skilled immigration was higher since unused
family visas frequently “spilled over” to the employment categories, at least during the 1990s.

The 1990 INA also expanded temporary high-skilled immigration, and thus the stock of
high-skilled immigrants, by clarifying the requirements to obtain the decades-old H-1 visa, and
renaming it H-1B, and creating the O visa categories.

But where high-skilled immigrants came from also changed due to the 1990 law. Before
1990, there was a hard per-country limit of 20,000 quota-subject immigrants by country of birth,
and after 1990 that limit rose to 29,470. Combined with the relative increase in high-skilled
immigration, this meant that the effective cap on Indian high-skilled immigration more than
doubled from 4,000 to nearly 10,000 per year.

However, the annual limits do not tell us what actual Indian immigration changed by
period. For illustrative purposes I use a year in the middle of each of the law’s effective periods,
1960, 1980, and 2000, to show how inflows of Indian immigrants of different classes changed. In
Table 3-3 I show the number of total Indian immigrants who received permanent residency, how
many were employment-based. how college-educated work visa inflows changed by law in the
same years, and how many temporary work visas were received by Indians. The H-1B visa,
which is the main work visa for college-educated workers and it was preceded by the H-1 visa.
While the H-1 visa was issued in unlimited numbers and the H-1B was capped, effective visa
issuances increased due to more demand and clearer rules for obtaining the visa after the 1990

INA became effective.
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Table 3-3: Annual admissions from India by category and by immigration system

Category of 1952 INA 1965 INA 1990 INA
immigrant (1960) (1980) (2000)
Indian Immigrants 391 22,607 42,046
Employment or
SKkills-Based Indian 97 3,285 15,381
Immigrants
Share of Total 24.8% 14.5% 36.6%
Total New H-1 or H-1B 2,687 10,800 136,500
Workers
Indian Workers 24 1,543 61,100
Share of Total 0.9% 14.3% 44.8%

In practice, even more than 9,800 high-skilled Indian immigrants were selected due to the
larger demand for employment visas than family visas and the subsequent visa spillover.
Additionally, the increased share of Indian immigrants who became legal residents through their
jobs, going from under 15% to over 36%, meant that more of their relatives (spouses, siblings,
parents, and children) who were later sponsored through the family-based immigration system
were also more likely to be highly educated.

Notably, the number of new high-skilled work visas increased more than tenfold after the
1990 INA, but the number of Indian workers accounted for the largest share of this increase,
going up forty-fold from about 1,500 annually in 1980 to over 61,000 annually in 2000, and
accounting for nearly 45% of all new work visas, up from under 15% before the 1990 law.

A useful way to think about the reform is that it changed both the size of the flow and the
composition. It increased the number of immigrants who could enter through employment-based
channels but this change did not affect all source countries equally. If skill-based immigration
expands in a setting where source countries differ substantially in the education and occupational
structure of their potential emigrants, then the reform will change the national-origin

composition of immigrant inflows. That is exactly what the descriptive evidence shows.
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Among all immigrant groups in the United States in 1990 (with a sample of at least 100
individuals), Indians had the highest college attainment. Over two-thirds of 25 to 64 year old
Indian immigrants had completed college and received a Bachelor’s degree in 1990 right before
the enactment of the 1990 INA. Among the largest immigrant groups in 1990, only Taiwanese
immigrants had a similar educational attainment with 65% of Taiwanese adults having a college
degree competed to 68% of Indians. The next most-educated immigrant origin country was
Philippines at 47% followed by Korea and Japan, both at 37%.

If we look at the share of immigrants with a graduate degree, that is a masters, PhD or
professional degree, Indians also come out on top with 40% of adults having received one,
similar also to the Taiwanese at 38%. While Filipinos had the third highest college attainment
overall, they had a much lower rate of graduate degree attainment than Japanese, Koreans,
Chinese, and several other immigrant groups since their college educated workers were mostly

nurses and caretakers.
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Figure 3-1: College attainment in 1990 among immigrants 25 years and older by country of
birth (among 20 largest origin groups)

Educational attainment of immigrants (25 to 64 years old) in 1990
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The education gap between immigrant groups mattered because an expansion of college-
educated permanent and temporary immigration would naturally favor groups with high baseline
educational attainment and a large, educated population seeking to emigrate. By 1990, few
highly educated Taiwanese were seeking to emigrate due to the economic boom that nation was
experiencing and their population was also just 20,000,000 total'” while India’s was
846,000,000'® and growing in size and education at a much faster rate, facing worse economic
prospects.

The consequence of the 1990 INA was clear by the year 2000. India rose from the
seventh country of origin in the 1980s immigrant flow to second place in the 1990s, only behind
Mexico due to the large family-based Mexican immigration. The number of new immigrants

from India more than doubled from nearly 250,000 in the decade of the 1980s to over 561,000 in

17 National Statistics, Republic of China (Taiwan). “Population Status.” 1990 Statistical Tables
18 Indian Census, 1991. India Population Growth History 1951-2026 - Census Trends
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the 1990s according to Census data, going from 2.8 to 4.3% of new immigrants. This census data
is among all people living in the U.S. so it includes temporary immigrants, permanent

immigrants, naturalized and noncitizen alike.
Figure 3-2: Top sources of new immigrants during the 1980s, in the 1990 Census

Top 19 sources of new immigrants from 1980 to 1990 other than Mexico
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Figure 3-3: Top sources of new immigrants during the 1990s, in the 2000 Census

Top 19 sources of new immigrants from 1990 to 2000 other than Mexico
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When we look at the immigrant flow of college-educated workers, the rise of India is clearer.
While in the decade of the 1980s, Indian’s represented under 11% of new college-educated
immigrant adults, that share jumped to 14% in the 1990s, 20% in the 2000s, and 21% in the
2010s. Among new immigrant adults with a graduate degree, the Indian share jumped from
under 12% in the 1980s to over 16% in the 1990s and nearly 27% by the 2010s. The absolute
number of new college-educated Indian immigrants in the decade of the 1980s was under

134,000, over 300,000 in the 1990s, over 560,000 in the 2000s, and over 800,000 in the 2010s.
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Figure 3-4: Share of new college-educated immigrant adults by decade who are from India

Indian share of new immigrant adults by education
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The ethnically Indian share of college educated and adults with graduate degrees thus
jumped, both because more highly-educated Indians immigrated and because their children
tended to attain high levels of education. The ethnically Indian share of the adult population in
1990 stood at just 0.36%, and it nearly doubled in the next decade to 0.67%. But the share of
college-educated adults who were ethnically Indian stood at 0.94% in 1990 and it rose to 1.68%
in ten years. Among adults with graduate degrees, Indian overrepresentation was even greater
with 1.5% of adults with graduate degrees reporting Indian ethnicity in 1990 and growing to
2.53% in the following decade. By the 2024 ACS, the ethnic Indian share of the U.S. adult
population stood at nearly 1.8% and the share of college-educated and graduate degree holding

adults rose to 3.8% and 5.8% respectively.
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Figure 3-5: Ethnically Indian share of the U.S. adult population (25 to 64 years old) with a
college degree and with a graduate degree
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The increase in the share of immigrants who are Indian, driven by college-educated
Indians, and the resulting increase in the ethnically Indian share of adults and highly-educated
adults, is consistent with the interpretation that the 1990 INA had a particularly strong effect on

highly educated Indian immigrants.

But this increase in Indian immigration was also not homogeneous across industries, even
when adjusting by education, it was concentrated in the industries and occupations where highly-
educated Indians already worked before the 1990 INA.

Before the 1990 INA became fully effective (Fiscal year 1992 which starts on October
1991), already in the 1990 Census, Indians were overrepresented in a handful of industries and
occupations. Among 25 to 64 year old workers, while only 4.82% of non-Indian U.S. workers
who were not of Indian descent worked at hospitals, 10.88% of Indian-born workers did in 1990
and 5.21% of U.S. born ethnically-Indian workers did as well. And though 2% of non-Indian
U.S. workers worked at colleges and universities, 7.35% of Indian immigrant workers and 11.3%
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of ethnically Indian U.S. born workers did. Finally, while only 0.47% of non-Indian U.S.
workers labored in “research, development, and testing service” industries in 1990, 2.09% of
Indian immigrant workers did. Figure 55 describes the industry concentration comparison of

Indian immigrants, U.S. born ethnically Indian workers, and all other U.S. workers.
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Figure 3-6: Top 10 industries among U.S. workers born in India, born in the U.S. of Indian
ethnicity, and all other U.S. workers in the 1990 Census
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Figure 3-7: Industry distribution among U.S. workers born in India, born in the U.S. of
Indian ethnicity, and all other U.S. workers in the 1990 Census
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Several detailed industries are related to each other such as hospitals and health services
so grouping them into sectors can allow us to visualize how more immigration from workers
who tend to work in specific sectors can affect them differently. When we divide industries in
larger subgroups rather than the detailed 1990 industry codes, as in Figure 56, the picture is
clearer. Indian workers, both foreign-born and U.S.-born are overrepresented in the computer,
healthcare, higher education industries.

In occupational data, similar patterns are obvious among Indian and non-Indian workers.
The most common occupation for Indian-born workers in 1990 was physician, with nearly 7.9%
of employed Indian-born workers between the ages of 25 and 64 years old being a medical
doctor. This is compared to merely 0.054% of the non-Indian workforce of the same age. The
U.S. born children of Indian immigrants, also reported being physicians at much higher rates
than the general population with 2.37% being physicians.

Figure 57 shows that among the top ten occupations of Indian immigrants and non-Indian
workers, the six occupations where Indians were most concentrated relative to non-Indians were
physicians followed by college and high school instructors, electrical engineers, computer
system analysts, and software developers. In all these occupations, Indians were at least roughly
four times as likely to work in them than non-Indians, and physicians topped the list with Indians

being nearly 15 times as likely to be a physician than a non-Indian worker.

151



Figure 3-8: Highest relative share by occupation among top Indian occupations
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However, as Figure 58 shows, among the top occupations, in many Indians were much
less likely to work than non-Indian workers. Indians were 90% less likely to be waiters, truck
drivers, secretaries and janitors than non-Indian workers, and 70% less likely to be primary

school teachers.
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Figure 3-9: Lowest relative share by occupation among top Indian occupations
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Figure 3-10: Concentration of Indians in Health, STEM, and Higher Education sectors in
1990
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Indians concentrated in 1990 in what we consider high-innovation occupations, that is
those in the health sector (16.7%), STEM areas (20.2%) and higher education (4.1%) for a total
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of 41% working in these sectors. The U.S. born children of Indian immigrants remained
concentrated in these sectors with nearly 30% of them having one such occupation, while the
general population excluding Indians had only 12.4% of workers in a high innovation
occupation.

This background therefore motivates two empirical expectations. First, places more
exposed to Indian immigrant growth after the 1990 Act should experience faster growth in
innovation as measured by patenting. Second, the effect should be especially visible in industries
and occupations where Indian inventors were concentrated already before the act was enacted,
such as software and healthcare innovation. The empirical analysis below evaluates both

predictions.

3.2 Conceptual Framework

Immigration policy affects innovation through the size and composition of inventor
supply. The inventor supply and its composition in turn affect innovation through both their
direct work and through network spillovers. Consider a place that welcomes more high-skilled
immigrants from an origin group that is disproportionately concentrated in innovative
occupations. The direct effect is mechanical: more potential inventors, engineers, researchers,
and technical workers are available to firms and institutions located in that area. This inflow of
high-skilled immigrants mechanically increases per-capita innovation among residents but not
necessarily per inventor unless they are more innovative than the existing inventor network.

However, there are also three potential positive indirect effects on innovation from a
high-skilled immigrant inflow. The first indirect effect operates through ethnic networks. A

substantial literature shows that ethnic communities facilitate knowledge transfers and job
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matching. If we see a positive shock in innovator supply, they should first create innovation
spillovers within their friend networks which tend to be coethnic.

The second indirect effect operates through occupational specialization. If immigrants
sort into fields in which they have high comparative advantage, then immigration policy can
change the sectoral composition of innovation. Hanson and Liu (2023) provide a useful
framework for interpreting this mechanism. Origin-specific human capital, information, and
relative returns can generate durable differences in occupational sorting across immigrant
groups.

The 1990 INA did not simply admit more people; it admitted more people from groups
that were likely to specialize in certain occupations. If Indians were especially likely to work as
software developers, then a policy-induced increase in Indian immigration would tend to shift
invention toward software developer occupations.

The third indirect effect is intergenerational. New immigrants aren’t just workers, they
are people, who in turn have children who are future workers and inventors. Parents affect
children’s occupations through genetics, education, expectations, networks, and location. If the
immigrants admitted after the 1990 INA had children who were more likely to enter medicine
and research-intensive professions, then the long-run innovative consequences of the 1990 INA

may extend well beyond the first-generation occupational distribution.

3.3 Data
The analysis combines three types of data summarized in the presentation and draft
materials: Census-based measures of immigrant composition, and patent data from the U.S.

Patent and Trademark Office (USPTO).
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The first input is Census information on the national-origin composition of immigration
and on the geographic distribution of immigrants by state. The descriptive statistics in the
presentation use the 1990 Census, the 2000 Census, and later ACS tabulations. These sources
identify place of birth, educational attainment, industry, occupation, and other individual
characteristics. They are used in two ways. First, they document the aggregate shift in immigrant
composition from the 1980s to the 2000s and the especially rapid growth of immigration from
India. Second, they provide state-level measures of Indian immigrant share that serve as the main
regressor in the patenting specifications. The unit of analysis in the main regressions is state-by-
year.

The second input is patent data from the USPTO. The files include patent identifying
numbers, classifications by sector, inventor names, and inventor location. Patent transfers are
excluded. One key feature of this patent data is the use of William Kerr’s ethnicity name-
matching algorithm, which uses inventor names to assign likely ethnic origin with reported
accuracy above 90 percent. This makes it possible to distinguish Indian-origin inventors and non-

Indian origin inventors.

3.4 Empirical Strategy

The main empirical challenge in any immigration applied microeconomic quasi-natural
experiment is that immigrant settlement is endogenous. States that attract more highly educated
Indian immigrants are also likely to be the states with strongest universities, more dynamic firms,
more venture capital, or faster-growing technology sectors. A naive OLS regression of patenting
on Indian immigrant share may therefore confound the effect of immigration with the effect of

preexisting innovative capacity.
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To address this concern, this chapter uses an instrumental variable based on the initial
distribution of Indian immigrants across states in 1990, a strategy called “Bartik instrument” or a
“shift-share instrument”. What the Bartik instrument relies on is the assumption that states with a
larger Indian immigrant population will be more exposed to the post-1990 nation-wide expansion
in Indian immigration. The identifying assumption is that initial Indian settlement pattern
partially predicts subsequent Indian immigrant growth induced by the policy shock, but does not
independently predict later changes in patenting except through immigration exposure.

The Bartik instrument specification is written conceptually as follows in equation (1):

(1) B; = Indian Shares 1979 * National Change, 2000-1990
Where B is the Bartik instrument, Indian Share; 1979 denote the share of Indian immigrants in
state s in 1970, and National Change,, ;0001990 denotes the national change in the Indian
immigrant share of the population from 1990 to 2000.

The first and second stage regression of the outcome variable against the Bartik
instrument is described in equations (2) and (3):

(2) AIndianShares = a + nBg + B,College,oo0-1990 + Bzlmmigrant,ggo—1990 + Xs + 8¢ + €
(3) logY; = a + B;AlndianShares + B,Collegesgpo—1990 + Bz Immigrant,oeo—1990 + Xs + 8¢ + &

Here, logY; is the logarithm of the change in patenting per capita in state s from 1990 to
2000, and X, is a vector of state fixed effects and &, represents time fixed effects.
College,no0-1990 represents the change in the share of the workforce that is college educated
from 1990 to 2000, while Immigrant,yoo—1990 represents the change in the share of the
workforce that is foreign-born from 1990 to 2000.

The empirical outcomes are fourfold: total patenting per capita, Indian-only patenting per

capita (where the denominator is the ethnically Indian population in that state), non-Indian

157



patenting (where the denominator is the non-ethnically Indian population in that state), and the
share of patents that are filed from the medical sector. This decomposition is important because it
helps distinguish direct inventor-supply effects from broader spillovers. If only Indian-origin
patenting rises, the results are consistent with a narrow ethnic-inventor channel. If non-Indian
patenting also rises, then complementarity, agglomeration, or local spillovers are more plausible.
The medical patenting outcome provides a further test of whether the innovation response was
concentrated in the sectors most closely aligned with Indian immigrant occupational
specialization.

The main threat to the Bartik strategy is that there is a correlation between where Indians
settled by 1970 and industries that were already on a different innovation path at the time that
continued into the 1990s. Specifically, it would be a threat to identification if Indian immigrant
locations were correlated with the distribution of the medical and tech industries in the United
States given the conclusions of this chapter. However, as shown in tables 3-4 and 3-5, there is no
significant correlation between the location of Indian-born workers (aged 18 to 64) in the 1970
Census and the share of workers who work in either the tech or medical sectors with or without
controlling for the share of college educated workers and immigrants in each state. In fact, there
is a negative but not significant correlation between tech industry employment in a state and
Indian immigrants once we control for education.

Table 3-4: Ordinary Least Squares regression for share of workers 18 to 64 that are
Indian-born and share of workers in each state that work in the medical sector

Variable (1) (2) 3)
Indian share 3.55 2.26 2.65
(5.42) (5.93) (6.05)

College share 0.03 0.04
(0.06) (0.07)

Immigrant share -0.02
(0.05)
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Table 3-5: Ordinary Least Squares regression for share of workers 18 to 64 that are
Indian-born and share of workers in each state that work in the tech sector

Variable (0)) 2) 3)

Indian share 2.60 -2.12 -1.84

(4.25) (4.27) (4.35)
College share 0.137 0.13"

(0.05) (0.05)

Immigrant share -0.02

(0.04)

3.5 Results

3.5.1 Descriptive Change in Immigration Composition

The first result is descriptive but essential and described in the introduction. The 1990
INA led to a major shift in the national-origin composition of high-skilled immigration toward
India. In the 1980s, India accounted for roughly 245,000 new immigrants in the previous decade
according to the 1990 Census presented in the introduction. India ranked behind the Philippines,
Vietnam, South Korea, El Salvador, China, and Mexico as top source countries of new
immigrants. In the 1990s, roughly 561,000 new Indian immigrants moved to America, and India
became the largest non-Mexican source country in that decade according to the 2000 Census.
The Indian share of new immigrants increased substantially in both the Census and green-card
series. This shift is consistent with the hypothesis that the skill-oriented expansion of admissions
disproportionately benefited Indians.

Education and occupational evidence are also key. Indian-born adults were already much
more likely than U.S.-born workers to have a college diploma, with 70% of college attainment
among 25- to 64-year-old Indian immigrants in 1990. Indian immigrants rose from just under
11% of new college educated immigrants in the 1980s to over 20% in the 21* century; and
Indian immigrants rose from under 12% of new immigrants with graduate degrees in the 1980s

to over one quarter in the 21% century.
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Indians were nearly 15 times more likely to be physicians than non-Indian workers in
1990 and were overwhelmingly concentrated in health care, STEM, and higher education sectors

and occupations.

3.5.2 Native OLS

The baseline OLS specification regresses log patenting per capita in state s and year ¢
against the share of Indian immigrants in the state. Then, we add controls for the share of
college-educated residents, the overall immigrant share, decade effects, and state fixed effects

shown in Table 3-6.

Table 3-6: Ordinary Least Squares regression for patenting and Indian immigrant share of
the population (all variables in logs) from 1990 to 2000

Variable (1) (2) 3) 4) (5)
Indian share 1.079™" 0.644™" 0.677°"" 0.676"" 0.089
(0.102) (0.122) (0.122) (0.126) (0.107)
College share 2.001° 24417 2.445™ 3.162™"
(0.369) (0.440) (0.520) (0.340)
Immigrant share -0.233" -0.236° 0.349"
(0.129) (0.141) (0.156)
Decade fixed No No No Yes No
effects
State fixed effects No No No No Yes

The OLS regression makes clear that patenting is heavily correlated with the share of
college-educated residents in the state. This pattern is informative for two reasons. First, it
confirms that states with larger Indian populations tend also to be states with high patenting,
which is the descriptive fact motivating the chapter. Second, it shows that the raw relationship is

heavily contaminated by time-invariant state characteristics.
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3.5.3 Instrumental Variables: Per-Capita Patenting

Table 3-7: Bartik instrumental variable regression for per-capita patenting and Indian
immigrant share of the population (all variables in logs) from 1990 to 2000

Variable 1) 2) 3)
Indian share 1.091° 0.488" 0.509™
(0.091) (0.252) (0.241)
College share 235 2.707°
(0.882) (0.885)
Immigrant share -0.184"
(0.167)

Decade fixed effects Yes Yes Yes

State fixed effects Yes Yes Yes

The IV results for total patenting per capita are positive and statistically significant. In the
first IV specification, the coefficient on Indian immigrant share is 1.091. With additional controls
for the college-educated share of the population, it declines to 0.488 but remains significant at
the 10% significance level. But when we add controls for the share of immigrants in the
population, the Indian immigrant correlation rises to 0.509 and is significant at the 5%
significance level. In other words, controlling for the share of college-educated workers and
immigrants in a state, an increase in the share of the population that is an Indian immigrant of
1% predicts a 0.5% increase in per-capita patenting in that state.

The reduction in the coefficient after controlling for the college-educated share is
important. It suggests that part of the correlation operates through the education composition of
states and through broader immigrant concentration. But the persistence of a positive coefficient

after those controls is consistent with a meaningful independent role for Indian immigration.

3.5.4 Indian-Only Patenting
The next question to analyze is how much of the increase in per-capita patenting is driven
by the mechanic increase in Indian patenting? It is possible that Indian inventors are more

productive and thus increasing their numbers will increase in per-capita patenting simply because
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of compositional effects. To answer this, we regress patenting per capita for Indian inventors
alone against the Indian immigrant share of the population and the same controls as the previous

regression.

Table 3-8: Bartik instrumental variable regression for per-capita patenting among just
Indian inventors and Indian immigrant share of the population (all variables in logs) from

1990 to 2000

Variable (1) (2) 3)
Indian share 1.640™" 0.833™" 0.849™"
(0.131) (0.233) (0.234)
College share 3.146™ 3.356™"
(0.979) (0.973)

Immigrant share -0.111

(0.156)

Decade fixed effects Yes Yes Yes

State fixed effects Yes Yes Yes

Table 3-8 shows that the impact of an increase in Indian immigrants results in a much
stronger increase in per-capita patenting among Indian inventors than among the general
population. This reinforces the notion that innovation can spread through ethnic networks.
Specifically, after controlling for the college-educated and immigrant share of the population, a
state sees an 0.85% increase in per-Indian inventor patenting when the share of the population
that is an Indian immigrant increases by 1%.

This result also shows that the increase in patenting per capita is not merely mechanic but

that other inventors, at least Indian inventors, become more productive when more inventors

move to their state.
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3.5.5 Non-Indian Patenting

Table 3-9: Bartik instrumental variable regression for per-capita patenting among non-
Indian inventors and Indian immigrant share of the population (all variables in logs) from

1990 to 2000

Variable (€)) 2) A3
Indian share 1.074™ 0.469° 0.490™
(0.092) (0.253) (0.244)
College share 2.358"™ 2.712™
(0.884) (0.884)
Immigrant share -0.183
(0.170)

Decade fixed effects Yes Yes Yes

State fixed effects Yes Yes Yes

The Bartik IV regression also points to positive effects on non-Indian inventor per-capita
patenting, though the estimate is less robust than the total and Indian-origin results. In the
preferred specification, patenting among non-Indian inventors rises by 0.49% when the share of
the population that is an Indian immigrant increases by 1%, an estimate that is significant at the
5% level but sensitive to sample composition and insignificant when California is excluded from
the sample (see Appendix C).

To the extent that non-Indian patenting rises alongside Indian patenting, this pattern is
suggestive of spillovers beyond Indian inventors themselves. Therefore, the effect of Indian
immigration may not be purely compositional. This interpretation should be treated as tentative

given the sensitivity of the non-Indian estimate to sample composition.

3.5.6 Medical Patenting
Given that Indian immigrants were heavily concentrated in the medical sector in 1990,
specifically nearly 17% of them working in health occupations and they were nearly 15 times

more likely to be physicians than native-born Americans not of Indian origin, then we can
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reasonably expect medical patenting to be positively affected by an increase in Indian
immigration.

Table 3-10: Bartik instrumental variable regression the share of patents in the medical
sector and Indian immigrant share of the population (all variables in logs) from 1990 to

2000

Variable (€3) 2) A3)
Indian share 0.4617" 0.352" 0.3617
(0.063) (0.142) (0.153)
College share 0.424 0.582
(0.504) (0.505)
Immigrant share -0.081
(0.141)

Decade fixed effects Yes Yes Yes

State fixed effects Yes Yes Yes

The medical patenting results are more modest and less robust than the total and Indian-
origin estimates. As Table 3-10 shows, in the preferred specification, a 1% increase in the Indian
immigrant share is associated with a 0.361% increase in the medical share of patents after
controlling for the college-educated and immigrant shares of the population (0.461% without
controls). As discussed in the robustness section and Appendix C, the point estimate moves
meaningfully across samples, so this result should be read as suggestive rather than definitive.

The direction of the medical patenting estimate is consistent with the mechanism
evidence presented earlier in the chapter, that innovation effects of an origin group is

concentrated in the few occupations and industries where they tend to work.

3.6 Identification, Robustness, and Interpretation

The descriptive data show a sharp compositional shift toward Indian immigration after
the 1990 Act. The occupational evidence shows that Indians were heavily concentrated in health
care and research-intensive occupations. The IV results show positive effects on total and Indian-

origin patenting, and suggestive positive effects on non-Indian and medical patenting. Taken
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together, these facts support the interpretation that the 1990 INA increased U.S. innovation by
both increasing high-skilled immigration, changing who came to the United States in favor of
Indian immigrants, and thus privileged innovation in the industries and occupations where
immigrants from India were concentrated in before the policy was enacted.

The main weakness of the approach in this chapter is identification despite the shift-share
instrument. The instrument is based on the initial Indian immigrant distribution across states in
1970, much before the 1990 act to avoid any potential confounding. That design is intuitive and
widely used, but even then, states with historically larger Indian communities may have had
universities, firms, or industrial structures that made them especially attractive both to Indian
immigrants and to future innovative activity. State fixed effects absorb time-invariant
differences, but they do not remove the possibility that those states were on different innovation
trajectories for other reasons and coincidentally that benefitted Indian immigrants. Goldsmith-
Pinkham, Sorkin, and Swift (2020) show the problems of the Bartik instrument strategy.

Two considerations, however, make the results presented here persuasive. First, the
decomposition across inventor origins produces a coherent pattern: the largest and most robust
response appears in Indian-origin and total patenting, with weaker but directionally consistent
evidence of positive effects on non-Indian patenting and on the medical share of patenting. That
ranking is consistent with what the mechanism, occupational, and industry evidence would
predict. Second, the chapter does not lean on a single broad claim about immigration. It studies a
specific legislative reform that expanded high-skilled legal immigration and a specific immigrant
group that appears especially central to the resulting innovation response and that other authors

have found is highly innovative (Kerr, 2017).
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An additional concern is that the chapter does not separately identify the effects of
permanent employment-based immigration, temporary H-1B admissions, and expanded family
migration. The 1990 INA changed all of these policies simultaneously. The aggregate estimates
should still be interpreted as the effect of the policy package on Indian immigrant growth that
was caused by all those policies rather than as the effect of any single visa category in isolation.

A further limitation is that patents are an imperfect measure of innovation. They capture
legally protected invention but not all productivity-enhancing activity, and patent propensity
differs across industries. This limitation is especially relevant when comparing medical patenting
with broader technological invention.

Finally, when California, the largest state in the United States, in which over 10% of
Americans and about 20% of Indian immigrants lived during the period studied is excluded from
the sample, the effects described here weaken significantly. Patenting per capita by Indian
immigrants still rises but non-Indian patenting effects are not significant. However, this should
not be interpreted as the effects of Indian immigration being meaningless for non-Indians since
the full specification already accounts for state fixed effects, rather it likely means the instrument
loses power when the sample is reduced. All the results of the regressions in this chapter but
excluding California from the sample are reported in Appendix C.

Taken together, the evidence supports the following measured conclusion. The 1990
Immigration Act changed the national-origin composition of high-skilled immigration toward
India. More Indian immigrants led to faster per-capita patenting growth through the most
plausible short-run mechanism: the direct contribution of Indian workers, especially in health

care occupations.
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3.7 Conclusion

This chapter studies the 1990 Immigration and Nationality Act as a policy shock that
changed the flow and composition of high-skilled immigration and, through that channel, the
size and composition of U.S. innovation.

First, the 1990 INA increased legal immigration, and especially highly-educated legal
immigration from source countries whose U.S. diasporas were already highly educated,
especially India. Second, Indian immigrants were unusually concentrated in health care, STEM,
and innovative occupations and industries, making them a particularly important margin through
which immigration policy could affect innovation. Third, state-level instrumental-variables
estimates show strong evidence of positive effects of Indian immigrant exposure on total
patenting and Indian-origin patenting and weaker but still suggestive evidence of positive
impacts on non-Indian patenting and medical patenting.

The chapter’s central substantive implication is that immigration policy can influence not
just the amount of innovation, but also potentially its sectoral composition through the national
origin of immigrants. When policy changes favor immigrant groups with distinctive occupational
specialization, the resulting innovation gains need are not uniform across fields but concentrated

in the fields where those immigrants already work before the reform.
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Conclusion

This dissertation argues that immigration policy should be understood as a powerful
instrument of economic and industrial policy. The evidence presented here demonstrates that the
specific design of immigration rules has a large, measurable, and heterogeneous effects on labor
markets, public finances, and innovation.

Chapter 1 established that legal work authorization is valuable, consistent with the rest of
the literature, but also that the economic value of legal status in the United States is primarily
derived from access to occupations closed-off to illegal workers. Since only highly-skilled
occupations are closed off to workers without legal status, then granting legal status to otherwise
illegal immigrants benefits particularly those with higher levels of education who can move into
occupations and industries that better match their skills.

Chapter 2 quantified the fiscal heterogeneity between immigrants and described the
composition of the immigrant flow, contributing to the existing literature by using more recent
data and improving the methodology that measures life expectancy, fertility, and national debt
interest allocation, among other improvements. The gap between the most fiscally beneficial and
most fiscally costly immigrant categories spans several million dollars per person over 30 years.

Chapter 3 extended the analysis to the role of country of origin in the composition of
American innovation by documenting that the 1990 Immigration and Nationality Act, by
expanding high-skilled immigration channels in ways that disproportionately benefited Indian
immigrants, expanded not only the volume of innovation but the sectoral composition of U.S.
patenting. Indian immigration led to faster growth in per-capita patenting, with the largest and
most robust effects concentrated among Indian-origin inventors and suggestive evidence of

spillovers to non-Indian inventors and to the medical sector's share of patenting. The results
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suggest that high-skilled immigration can increase innovation among immigrant inventors, with
plausible spillovers to native inventors, and that the country of origin of high-skilled immigrants
can influence which sectors benefit the most from innovation gains.

Several implications follow from these findings. First, governments have several tools at
their disposal when designing immigration policy. One controversial question is what to do about
the immigrants who arrived and remain unlawfully within the country, this dissertation quantifies
both the direct benefits and costs of deportation and legalization, and estimates the
heterogeneous wage gains and occupational choices of immigrants when they receive legal
status. Second, at the margin of current U.S. immigration policy, the choice of which immigrants
to admit is even more important than the choice of how many since the gap in fiscal impact
between different immigrants is so wide and country of origin shapes the sectoral composition of
innovation. Third, immigration policy interacts with other policy domains in ways that are often
underappreciated. The fiscal impact of immigrants depends on the structure of the tax and
transfer system. And fourth, immigration policy can also affect citizens since high-skilled
immigrants in one field potentially raises native-born inventor productivity and those of other
immigrant inventors, and the occupational choices of immigrants, induced by their legal status,
potentially impact the outcomes of native workers as well.

Immigration policy is not merely a question of security or values but also a question of

what economic future a nation wishes to build.
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Appendix A

Table A-1: . Haiti, Dominican Republic, year 2010, among 18 to 64 year olds

Characteristic Haiti vs Dominican Rep.
(2010)
Age -0.282
(0.579)
Male 0.028
(0.024)
Age at migration -0.369
(0.593)
Years in the U.S. 0.088
(0.135)
Years of education -0.039
(0.176)
Share with college degree (25 to 64) -0.018
(0.020)
Speak English well 0.216™"
(0.023)
Average wage (2025 dollars) $2,262%
(1,061)
Average wage (2025 dollars) (workers only) $728
(1,501)
Employment -0.081""
(0.024)
Married -0.012
(0.023)
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Table A-2: Venezuela, Colombia, year 2020, among 18 to 64 year olds

Characteristic Venezuela vs Colombia
(2020)
Age 0.667
(0.525)
Male 0.073"*
(0.023)
Age at migration 1.024"
(0.531)
Years in the U.S. -0.356™""
(0.104)
Years of education 1.156™
(0.178)
Share with college degree (25 to 64) 0.162""
(0.025)
Speak English well 0.023
(0.023)
Average wage (2025 dollars) $4,773"
(2,230)
Average wage (2025 dollars) (workers only) $225
(2,924)
Employment 0.1277
(0.020)
Married 0.038"
(0.023)
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Table A-3: Haiti pre- and post-TPS regression, among 18 to 64 year olds

Characteristic Haiti TPS vs non-TPS
Age -1.209
(1.133)
Male -0.058
(0.048)
Age at migration -1.210
(1.133)
Years of education -0.065
(0.382)
Share with college degree (25 to 64) -0.035
(0.036)
Speak English well -0.027
(0.046)
Average wage (2025 dollars) -$1,233
(2,090)
Average wage (2025 dollars) (workers only) $1,037
(5,701)
Employment -0.067
(0.045)
Married 0.000
(0.047)
Observations (18-64) 445
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Figure A-1: Haiti and Dominican Republic sample sizes from 2011 to 2019 (normalized)

Sample attrition over time of Haitian and Dominican
immigrants
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Appendix B

Figure B-1: Life Expectancy at Birth, by Education and Nativity

Life Expectancy at Birth, by Education and Nativity
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Figure B-2: Share of Education Attainment of Descendants, by the Educational Attainment
of Immigrant Parent
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Figure B-3: Tax Revenue from a 30-Year-Old Immigrant with College Degree vs. No High
school Diploma, over 10 Years
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Figure B-4: Benefits Received by a 30-Year-Old Immigrant with College Degree vs. No
High School Diploma, over 10 Years
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Figure B-5: Cumulative Fiscal Impact of a 30-Year-Old Immigrant with a College Degree
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Figure B-6: 30-Year Fiscal Impact of Admitting a 30-Year-Old Immigrant, by Education
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Figure B-7: Cumulative Fiscal Impact of Immigrants with Some College Education, by Age
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Figure B-7: 10-Year Fiscal Impact of Immigrants with Some College Education, by Age at
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Figure B-10: Educational Attainment of Legal Immigrants, Status Quo vs. Proposed
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Figure B-11: Age Distribution of Legal Immigrants, Status Quo vs. Proposed
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Figure B-12: 10-Year Change in U.S. Debt, by Plan
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Figure B-13: Debt-to-GDP Ratio, by Plan
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Table B-1: 10-Year Fiscal Impact of One Immigrant, by Age and Education

Education
<HS HS SC BA BA+
10 $81,818 -$67,939 -$58,570 -$27,040 -$13,076
20 $18,306 $31,338 $1,545 $81,354 $205,191
30 -$19,855 $11,425 $52,770 $210,305
i’c’r"i*vztl 40 $34.917 $29.018 $65,751 $199,954
50 $47.542 $38,752 $89,660 $154,410
60 $112,765  -S118,835 $42,145 $59,105

7o [NSR7M01 284046 S241969  SIs2gse $135855

Table B-2: 10-Year GDP Impact of One Immigrant, by Age and Education

Education
<HS HS SC BA BA+

10 $ 18,684 $ 22,875 $ 30,330 $ 49255 $ 81,707
20§ 84212 $ 57,889 $ 80,457
30 $ 47,476 S 76,687 $ 91,725

Age at

. 40 S 87,732  $ 82,318 $ 95,680 $ 145,781

arrival
50 §$ 45,978 $ 80,154 $ 66,715 $ 120,698
60 $ 22,137 $ 31,158  §$ 31,104 $ 29,371 $ 61,047
70§ 4,836 $ 15,511  $ 22,909 $ 26,592 $ 95,183

Table B-3: 10-Year Population Impact of One Immigrant by Age and Education

Education
<HS HS SC BA BA+

10 0.78 0.78 0.77 0.77 0.77
20
30

:‘rgrfvitl 40 0.79 0.78 0.77 0.77 0.77
50 0.76 0.74 0.74 0.74 0.74
60 0.70 0.71 0.71 0.71 0.71
70 0.61 0.63 0.64 0.65 0.65
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Table B-4: 10-Year Fiscal Impact of One Immigrant Annually, by Age and Education

Education
<HS HS SC BA BA+
10 -$77.818 -$64,286 -$55.,096 -$18,685 -$10,878
20 $15,141 -$30,331 $5 $75,981 $192,073
30 -$22.803 $8.515 $46,998 $195,560
Ageat $30,268 $25.726 $59,852 $184,965
arrival
50 $39,209 $33,988 $81,355 $142,619

-$111,458 -$115,287 -$42,684 $48,755

70 -$157,491

Table B-5: 10-Year GDP Impact of One Immigrant Annually, by Age and Education

Education
<HS HS SC BA BA+
10 $46,385 $56,820 $75,384 $123,294 $203,258

20 $536,806 $426,471 $584,541
30 $587,056 $748,015 $968,954

$1,044,832

Ageat $717,727  $810,171 $893,435

arrival
50 $530,874  $753.881  $901,335
60 $406,437  $395366  $496,357 $964,769 $1,227.484
70 $59.834  $188.119  $276,354 $318,468 $1,139,663

Table B-6: 10-Year Population Impact of One Immigrant Annually, by Age and Education

Education
<HS HS SC BA BA+

10 8.32 8.32 8.31 8.31 831
20 8.95 8.83 8.91
30

:‘rgrfvitl 40 8.52 8.46 8.41 8.39 8.41
50 8.18 8.19 8.20 8.20 8.20
60 7.99 8.03 8.04 8.05 8.05
70 7.60 7.69 7.71 7.75 775
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Table B-7: 10-Year Impact of Various Permanent Immigration Restrictions

Policy in::)aclt P- P- capita 0/t i
o o, o
billions) (bllllons) (%) | (millions) | (%) %) f GDP

End the diversity visa

— — | | o, (1)
lottery $29 $59 1% 0.48 1% 0.01% 0.2%
End green cards for B B - _ - ° °
parents of U.S. citizens 330 $123 0.3% 1.20 0.3% 0.04% 0.4%
End chain migration B B - B - o o
completely $57 $272 0.6% 3.15 0.9% 0.23% 0.9%
Cap refugee - - o o
resettlement at 50,000 58 S22 gy 02 gge  001% 0.1%
Require a high school
diploma and some $80 $85 0.2% 0.03 0.0% 0.19% —0.4%
English
End the H-1B visa -$184 -$26 0 1_% —0.10 0.0% -0.03% 0.5%
Immigration - - o °
moratorium -$567 -$1,017 2.4% —6.12 1.7% —0.73% 4.3%
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Table B-8: 10-Year Impact of Various Permanent Immigration Expansions

Policy

Classify F2A as
immediate relatives

Double H-1B visas
Uncap H-1B

Uncap EB-1 visas

Uncap EB-1 and
EB-2 NIW

Uncap EB-5

End green-card
caps

Admit 100,000
more refugees
every year
Exempt STEM
PhDs from all visa
caps

Create an OECD
work visa

Heartland Visa Act
STAPLE Act

Rounds-Durbin Bill

Fiscal

impact
(billions)

$2

$130

$389

$52

$246

$34

$584

$32

$28

$15

$85

$24

$113

GDP
(billions)

$7

$18

$55

$71

$323

$3

$786

$89

$37

$2

$113

$29

$151

GDP
(%0)

0.0%

0.0%

0.1%

0.2%

0.8%

0.0%

1.9%

0.2%

0.1%

0.0%

0.3%

0.1%

0.4%
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Population

(millions)

0.08

0.07

0.22

0.35

1.31

0.03

5.72

0.86

0.13

0.01

0.43

0.12

0.63

Population
(%)

0.0%

0.0%

0.1%

0.1%

0.4%

0.0%

1.6%

0.2%

0.0%

0.0%

0.1%

0.0%

0.2%

GDP
per
capita
(%)
—0.01%
0.02%
0.07%
0.07%
0.40%

0.00%

0.28%

—0.03%

0.05%

0.00%

0.15%

0.04%

0.18%

0.0%

—0.4%

-1.1%

-0.3%

-1.5%

-0.1%

-3.5%

—0.3%

-0.2%

0.0%

-0.5%

-0.1%

-0.7%



Table B-9: 10-Year Impact of Various Permanent Immigration Reforms

End per-country
caps
Work authorization

for F-1, F-2, H-4, O-

3, and TD visas
Work authorization

for H-4, O-3, and TD

visas
H-4 work
authorization

Auction EB-5 visas

Wage-rank H-1Bs

Change green-card
spillover formula
Shift 55,000 DV to
EB-1 and EB-2
Shift 40,040 EB-3 to
EB-1 and EB-2
Shift 10,000 EB-3
OW visas to EB-1
Shift 65,000 FB-4
visas to EB-1 and
EB-2

Award FB green
cards based on
education, age, and
English ability
Wage-ranking for
EB-2 and EB-3

Fiscal
impact
billions

-$54

$266

$16

$11

$19

$130

$5

$30

$43

$10

$62

$60

$54

GDP GDP | Population | Population
(billions) | (%) (millions) (%)

—$82

$56

$12

$8

$2

$18

$5

$22

$45

$8

$54

$23

$56

-0.2%

0.1%

0.0%

0.0%

0.0%

0.0%

0.0%

0.1%

0.1%

0.0%

0.1%

0.1%

0.1%
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~0.44

0.34

0.04

0.03

0.00

0.07

0.01

—0.13

0.00

—-0.02

-0.14

—0.60

0.00

-0.1%

0.1%

0.0%

0.0%

0.0%

0.0%

0.0%

0.0%

0.0%

0.0%

0.0%

—0.2%

0.0%

GDP per
capita
)

—0.07%

0.04%

0.02%

0.01%

0.000%

0.02%

0.01%

0.09%

0.11%

0.03%

0.17%

0.22%

0.13%

Debt as
%

of GDP
0.4%

—0.8%

—0.1%

0.0%
0.0%
—0.4%
0.0%
—0.1%
—0.2%

0.0%

—0.3%

—0.2%

—0.3%



Table B-10: 10-Year Impact of Clearing Some or All of the Green-Card Backlog

Fiscal GDP per | Debt as
Policy impact (bi ll ons) GOI/) P lz(:]fl]l]l?)t[i:)n Popl‘l)}atlon aplta %
billions) | 0) i ) of GDP
Healthcare
Workforce Resilience $10 $3  0.0% 0.01 0.0% 0.00% 0.0%
Act
Administrative $7 $10 0.0% 0.10 0.0%  0.00%  0.0%
green-card recapture
AC21 recapture $15 $5  0.0% 0.02 0.0% 0.01% 0.0%
Full EB green-card $172 $65  0.2% 0.26 0.1%  0.08% —0.6%
recapture
Clear family visa
$88 $296 0.7% 3.29 0.9% -0.20% -1.0%
backlog
Table B-11: 10-Year Impact of Deportations
Fiscal GDP per Debt as
. . GDP | Population | Pop.
_ (billions) iions (millions) | (%) | (o,) | ofGDP
Deport all 550,000 2 -S17 0.0% 022 —0.1%  0.02%  0.0%
DACA recipients
Deport 5 million
illegal immigrants -$42 -$316  —-0.7% -4.38 -1.2% 0.46% 1.0%
now
Deport 10 million
unlawful immigrants -$84 -$633 -1.5% -8.76  -2.4% 0.94% 2.0%

now
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Legalize
farmworkers

Full amnesty for 15
million

Legalize 10 million
without a fee

DACA path to
citizenship

Legalize 5 million for
a $5,000 flat annual
fee for 10 years
Legalize 8 million for
a $5,000 flat annual
fee for 10 years
Legalize 10 million
for a $5,000 flat
annual fee for 10
years

Table B-12: 10-Year Impact of Various Reforms

GDP | Population | Population
(bllllOIlS) (%) (millions) (%)

Fiscal
impact
billions

-$1
$63

$42

$339

$542

$678

$475

$316

$17

$158

$253

$316

0.0%

1.1%

0.7%

0.0%

0.4%

0.6%

0.7%
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6.57

4.38

0.22

2.19

3.50

4.38

0.0%

1.8%

1.2%

0.1%

0.6%

1.0%

1.2%

GDP per
aplta

—0.02%

—0.68%

—0.45%

-0.02%

-0.23%

-0.36%

-0.45%

Debt as
%

of GDP

0.0%

-1.4%

-1.0%

0.0%

-1.2%

-2.0%

-2.5%



Appendix C

The following tables replicate the methodology outlined in Chapter 3 but excluding the state of
California which represents approximately 20% of Indian immigrants.

Table C-1: Ordinary Least Squares regression for patenting and Indian immigrant share

of the population (all variables in logs) from 1990 to 2000

Variable [6)) () 3) 4) (5)
Indian share 0.748™ 0.239 0.337 0.323 0.030
(0.129) (0.252) (0.285) (0.310) (0.189)
College share 2.293" 2.657" 2.627° 1.888""
(0.992) (1.180) (1.253) (0.846)
Immigrant share -0.233 -0.199 0.350°
(0.197) (0.144) (0.159)

Decade fixed No No No Yes No

effects
State fixed effects No No No No Yes

Table C-2: Bartik instrumental variable regression for per-capita patenting and Indian
immigrant share of the population (all variables in logs) from 1990 to 2000

Variable (1) (2) 3)
Indian share 0.345 0.228 0.062
(0.215) (0.197) (0.243)
College share 2.482° 2.8007""
(0.848) (0.897)
Immigrant share -0.187
(0.168)
Decade fixed effects Yes Yes Yes
State fixed effects Yes Yes Yes

Table C-3: Bartik instrumental variable regression for per-capita patenting among just
Indian inventors and Indian immigrant share of the population (all variables in logs) from

1990 to 2000

Variable 1) 2) 3)
Indian share 1.545™ 1.444™ 1.240™
(0.252) (0.235) (0.262)
College share 2.135™ 2.529™
(0.890) (0.933)

Immigrant share -0.231

(0.170)

Decade fixed effects Yes Yes Yes

State fixed effects Yes Yes Yes
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Table C-4: Bartik instrumental variable regression for per-capita patenting among non-
Indian inventors and Indian immigrant share of the population (all variables in logs) from

1990 to 2000
Variable 1) 2) 3)
Indian share 0.330 0.212 0.046
(0.215) (0.198) (0.251)
College share 2.5057 2.8237
(0.851) (0.899)
Immigrant share -0.187
(0.171)
Decade fixed effects Yes Yes Yes
State fixed effects Yes Yes Yes

Table C-51: Bartik instrumental variable regression the share of patents in the medical
sector and Indian immigrant share of the population (all variables in logs) from 1990 to

2000
Variable (1) (2) 3)
Indian share 0.496™ 0.487" 0.250
(0.212) (0.280) (0.355)
College share 0.194 0.649
(0.671) (0.663)
Immigrant share -0.267
(0.202)
Decade fixed effects Yes Yes Yes
State fixed effects Yes Yes Yes
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